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GLOSSARY OF KEY TERMS

customer’s emotional response to interaction with a
digital service, reflective positive affective states such
as feeling good, optimism, and enthusiasm generated
during service use (adapted from Barbu et al., 2021).

a customer’s emotional attachment to and preference
for a service provider, reflected in positive feelings and
liking that exceed those toward competing providers.

services delivered and obtained electronically between
organizations through digital channels, primarily
via the internet, where service provision and benefit
exchange occur without physical ownership and are
characterized by intangibility, technology-mediated
interactions, and scalable service delivery.

a customer’s actual repeat purchasing behavior from a
service provider, reflected in a higher share of spend-
ing, frequency of use, and volume of services purchased
compared to alternative providers.

customer’s subjective evaluation of a company’s offer-
ing beyond objectively measured value and either adds
or detracts from perceived value (Aaker, 1996; Verhoef
& Lemon, 2013).

customer’s cognitive response to interaction with a
digital service, reflecting the perceived usefulness of
information, facilitated learning, and cognitive engage-
ment through the generation of new ideas or perspec-
tives (adapted from Barbu et al., 2021).

a customer’s belief-based evaluation that a service pro-
vider offers superior service quality and benefits com-
pared to alternative providers within the same category.

a customer’s intentional commitment to maintain
and continue the relationship with a service provider,
expressed through repurchase intentions, provider
preference, and willingness to recommend the provider
to others.



Customer experience

Customer journey

Customer knowledge
sharing

Customer loyalty

Customer satisfaction

Emotional attachment to
a brand

Habits

Interaction experience

Organizational agility

customer’s subjective interpretation of verbal and non-
verbal, direct, and indirect interactions with people,
objects, and the environment, within a network of
service actors, throughout the entire length of service
provision, inducing customer’s cognitive, affective, and
physical responses (adapted from Homburg et al., 2017;
Jain et al., 2017; McColl-Kennedy et al.,, 2015; Vargo &
Lusch, 2016).

the sequence of touchpoints through which a customer
moves to access and use a particular service (adapted
from Jaakkola & Terho, 2021).

customer feedback and suggestions regarding a service
to the service provider and other customers (Kumar &
Pansari, 2016).

customer’s cognitive, affective, and conative commit-
ment to the brand, service, or a company, leading to
behavioral outcomes such as repeated patronage, posi-
tive word of mouth, and resistance to switching service
providers regardless of the competitive offerings from
other companies (Morgan & Hunt, 1994; Oliver, 1999).

a customer’s reflection of how service meets or exceeds
their expectations, e.g., in terms of quality, reliability
or attitude towards a company and its offerings post
receiving a service (Oliver, 1977).

the bond that forms between a customer and a specific
brand, including feelings of affection, passion, and a
sense of connection (Thomson et al., 2005).

“learned sequences of acts that have become automatic
responses to specific cues, and are functional in obtain-
ing certain goals or end-states” (Verplanken & Aarts,
1999, p. 104).

customer’s subjective experience arising from a single
interaction with a service provider, occurring before,
during, or after service use, and contributing to both
service and customer experience (Voorhees et al,
2017).

organization’s ability to quickly respond and adapt
to unexpected market changes (Sambamurthy et al.,
2003).
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Perceived value

Repeat purchase outcomes

Service experience

Switching costs

Touchpoint

Trust

Value-in-use

Word-of-mouth
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customer’s assessment of the sacrifices made and ben-
efits received from using a service (Flint et al., 2002).

an umbrella term for intentional and behavioral
manifestations of repeat purchasing, encompassing
repurchase intentions (customer’s stated likelihood to
continue purchasing) and repurchase behavior (actual
repeated buying from the same provider).

customer’s subjective experience emerging from all
interactions related to the delivery of one specific
service, occurring before, during, and after its use,
and contributing to the overall customer’s experience
(Voorhees et al., 2017).

monetary and nonmonetary expenses such as time
and psychological effort, incurred by a customer when
changing from one service provider to another (Dick &
Basu, 1994; Heide & Weiss, 1995).

an interaction of any form (verbal, physical, digital,
visual) between the customer and the service provider
(Homburg et al., 2017).

customer’s willingness to rely on a company’s ability,
benevolence and integrity to provide services that sat-
isfy customer’s important needs, even without the abil-
ity to monitor or control the company’s actions, while
recognizing the associated risks (Mayer et al., 1995).

customer’s cognitive evaluation of the actual ben-
efits derived from a service, across the dimensions of
experience, personalization, and relationship (Ranjan
& Read, 2016; Sandstrom et al., 2008; Vargo & Lusch,
2004, 2008).

non-commercial communication between individu-
als, pertaining to a company, brand or a service, often
oriented towards sharing either positive or negative
attitudes or referrals (Buttle, 1998).



INTRODUCTION

Relevance of the topic. Since the introduction of the experience economy idea
(Pine & Gilmore, 1998), scholars have consistently positioned customer experience
as an antecedent of the customer’ attitudinal and behavioral outcomes which im-
pacts company’s financial performance. Evidence in research and practice shows that
customer experience is one of the main components in the pursuit of attracting re-
peat customers (D. R. Sharma & Singh, 2023), increasing customer loyalty (Wiguna
& Wang, 2021), as well as growth of business profits (Sari & Padmantyo, 2023). For
example, positive customer experience enhances customer satisfaction (Brakus et al.,
2009), which is a driver of customer retention and repurchase intentions (E. W. Ander-
son & Sullivan, 1993). Customer experience also fosters both attitudinal and behav-
ioral loyalty dimensions (Dick & Basu, 1994; Oliver, 1999). By incorporating service
features that support these intermediary mechanisms, companies can use customer
experience to strengthen their differentiation, competitive advantage, increase mar-
ket share and financial performance (Grenholdt et al., 2015; Homburg et al., 2017).
The underlying mechanisms of such causal logic, where customer experience acts as
a driver that translates through intermediating constructs (such as satisfaction) into
loyalty and repeat purchases are what this dissertation aims to model and empirically
test. Customer experience is a complex, subjective phenomenon arising from custom-
ers’ responses to direct and indirect interactions with firms and other market actors (L.
Becker & Jaakkola, 2020; Meyer & Schwager, 2007), and researchers continue to high-
light the need for greater conceptual clarity, integration, and empirical refinement in
customer experience research (L. Becker & Jaakkola, 2020; Wagqas et al., 2021; Hoodi &
Hasangholi Pouryasouri, 2023; Kuppelwieser & Klaus, 2021a; Purmonen et al., 2023).
Therefore, understanding the drivers that generate positive customer experience and
the pathways through which it shapes loyalty and repeat purchase is both a theoretical
and a managerial priority.

Businesses increasingly shift their offerings from goods to services and toward
their digital provision. This is reflected in the rise of servitization and product-ser-
vice systems (Agostino et al., 2021; Taylor et al., 2020; K. Zhang et al., 2023), as well
as the expansion of the digital economy (Limna et al., 2023). Several of the global
events also acted as catalysts for such transition. For example, the 2000s saw the rise
of cloud computing, which enabled businesses to offer subscription-based digital ser-
vices (e.g., based on a software-as-a-service model), without depending on locally de-
ployed physical infrastructure for service delivery (B. Li & Kumar, 2022; Weinhardt
et al,, 2009; Yang et al., 2015). Later, the rapid growth of the internet-of-things in the
2010s allowed physical assets (such as manufacturing machines, medical equipment,
and IT infrastructure) to be monitored and diagnosed remotely, reducing the need for
physical intervention (Gubbi et al., 2013; Nunes et al., 2023; Zonta et al., 2020). The
covid-19 pandemic also acted as one important catalyst of this broad shift from goods
to digital services. As physical supply chains were disrupted, businesses actively sought
opportunities in offering digital services and accelerated their move toward digital
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environments (Amankwah-Amoah et al.,, 2021; Barbosa et al., 2022; Moosavi et al.,
2022; Santos et al., 2023). In addition to the business offerings, the global shift towards
conducting many office-based and client-facing business towards online environments
revealed opportunities in reducing costs, such as in office space rental (Gupta et al.,
2026). More recently, the rapid rise and development of artificial intelligence (AI) ser-
vices allowed businesses operating in business-to-business (B2B) settings to improve
customer experience by improving responsiveness and offering highly personalized,
digital service delivery (Chatterjee et al., 2021; Chen & Prentice, 2024; Kushwaha et al.,
2021; Moradi & Dass, 2022; Rusthollkarhu et al., 2022; Weidig et al., 2024). Together,
these global developments with the trend of moving business towards digital environ-
ments have reinforced the relevance of research on customer experience in the digital
service domain.

Within this expanding digital service domain, B2B services play a particularly sig-
nificant role. The European Commission’s Digital Decade Policy Programme (Torre-
cillas Jodar et al., 2023) focuses on Europe’s digital transformation, in which by the year
2030, it aims to reach 100% of key public services to be provided digitally, and reach a
goal of 75% of companies to use Cloud, Al or Big Data technologies, all three of which
are in the realm of B2B digital services. Considering such anticipated high adoption
rates of B2B digital services in businesses, the demand for research that contributes to
the improvement of B2B digital service provision is set to grow steadily, since manage-
ment approaches developed for business-to-consumer (B2C) companies do not al-
ways address the challenges faced by B2B companies, where multiple decision-makers,
longer-lasting relationships, and a higher degree of resource integration make custom-
er experience more complex to manage (Rusthollkarhu et al., 2020; Witell et al., 2020).
While customer experience management is an innovation-intensive area of organiza-
tional management and one of the most promising strategies for improving business
performance (Heshmati et al., 2019; Klink et al., 2020), it remains under-researched
in the context of B2B services (Lecoeuvre et al., 2021; Ulaga, 2018; Wirtz et al., 2025).
The modelling of customer experience in particular is repeatedly described as under-
developed and highly relevant (Homburg et al., 2017; Lecoeuvre et al., 2021; Lemon &
Verhoef, 2016), since most research focuses on the B2C environment, while the major-
ity of organizations work within the B2B environment (Kuppelwieser & Klaus, 2021a).
Given the importance of customer experience for an organization’s sustainability and
competitive advantage in the market (Sheth et al., 2023), limited knowledge of how
to manage customer experience in B2B digital services creates practical challenges
for businesses in designing and differentiating their services, retaining customers, as
well as complicating business development and impeding the digital transformation
organizations increasingly pursue.

Problem of the research. The form and delivery of services differ considerably.
Some are predominantly contact-based and require a substantial amount of attention
and customer service, whereas others are delivered through digital channels and pri-
oritize client autonomy and decision-making. Consequently, such diversity highlights
the need to model and manage customer experience within particular categories of
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services, such as digital services within B2B contexts, where the customer experience
may vary significantly from that in B2C or face-to-face settings.

Although customer experience research has evolved significantly since the intro-
duction of the experience economy idea, its conceptual and empirical contribution
largely remains within the boundaries of B2C settings (Witell et al., 2020). Early con-
tributions of the field shifted the focus from purely functional value, proposing that
the consumption of a product or service forms an experience that involves cognition,
emotions, senses, and actions of the consumer (Gentile et al., 2007; Schmitt, 1999).
Later, based on these foundational works, Verhoef et al. (2009) and Lemon & Verhoef
(2016) contributed to the formation of a multidimensional, journey-based conceptu-
alization of customer experience, emphasizing that experience forms through custom-
ers’ responses to multiple touchpoints before, during, and after a purchase. Meanwhile,
Homburg et al. (2017) made an impactful contribution in describing how organiza-
tions can design and manage customer experiences. The research field was further
refined through process-based and stimulus-based frameworks (L. Becker & Jaakkola,
2020), operationalized through measurement scales such as EXQ for measuring ser-
vice experience quality (Klaus & Maklan, 2012; Kuppelwieser & Klaus, 2021b) and the
SJQ scale for measuring service customer journey quality (Jaakkola & Terho, 2021).
In B2B settings, a smaller but growing body of work began to adapt these ideas to
organizational, multi-actor service contexts (Cepeda-Carridn et al., 2023; Gounaris &
Almoraish, 2024; Witell et al., 2020; Zolkiewski et al., 2017).

It is less clear how the distinct dimensions of customer experience combine, and
through which mechanisms they translate into behavioral outcomes, particularly in the
digital B2B context. Therefore, the limitations of the existing models account for this
uncertainty. First, customer experience is often modelled as an aggregated construct,
which obscures the contribution of each dimension towards customer outcomes. Sec-
ond, its influence on outcomes is frequently modelled as direct effects, leaving the
mediating pathways under-researched. Finally, the consequences of customer experi-
ence are addressed in a fragmented manner, often focusing on service-specific out-
comes, leaving the possible attitudinal and behavioral consequences underexplored.
Since most models were developed in B2C settings, their applicability in B2B digital
services remains uncertain. In addition, the dimensions of customer experience, the
intermediary mechanisms linking them to outcomes, and both intended and actual
repeat purchase have rarely been examined together within a single model.

Closing these gaps is complicated by the nature of customer experience formation
itself. While customer experience formation was traditionally viewed as provider-con-
trolled, research increasingly acknowledges the factors that are out of the provider’s
control (Lipkin, 2016). Customer experience in B2B digital services exhibits heteroge-
neity, as it is influenced by numerous elements stemming from both the service pro-
vider and the customer (Vargo & Lusch, 2016). By taking those elements into consid-
eration, digital service providers might contribute to the transactional process, which
ultimately fosters customer loyalty and encourages repeat purchase.

According to Klaus (2022), there is a deficiency in customer experience research
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that provides guidance and support for management approaches. This observation is
evident within the Lithuanian research context as well, where customer experience has
predominantly been investigated indirectly through closely related constructs, includ-
ing service quality, perceived value, satisfaction, trust, commitment, switching costs,
and loyalty (Dik¢ius et al., 2019; Meiduté-Kavaliauskiené et al., 2020; Skackauskiené
et al,, 2015; Zikiené et al., 2024). Customer experience itself has also received some
attention (Davidavi¢iené et al., 2020; Kaunaité & Liorancaite-Sukieneé, 2023; Zikiené
& Gagiskyté, 2021). Nevertheless, studies explicitly addressing customer experience in
B2B contexts remain scarce.

Another aspect that distinguishes customer experience between B2B and B2C as
a phenomenon is that organizations themselves do not possess an inherent customer
experience. It is rather the individuals responsible for accepting and co-creating the
service with the service provider, and ultimately, evaluating their experience through-
out the whole service encounter (Witell et al., 2020). This further underlines the mul-
ti-actor nature of the customer experience in a B2B context. Therefore, the research
problem addressed in this dissertation is how business customer experience in B2B
digital services can be modelled to explain its effects on customer loyalty and repeat
purchase outcomes.

The research subject of this dissertation is customer experience in B2B digital ser-
vices and its effects on customer loyalty and repeat purchase outcomes.

The aim of the dissertation is to develop and empirically validate a model explain-
ing how customer experience in B2B digital services affects loyalty and repeat pur-
chase outcomes.

To achieve the aim of the dissertation, the research objectives were determined as
follows:

1. To conceptualize the phenomenon of customer experience in B2B digital service
context based on scientific literature analysis.

2. To critically analyze and synthesize the literature on customer experience in B2B
services and identify conceptual and empirical research gaps.

3. To identify and theoretically synthesize the antecedents, components, and conse-
quences of customer experience in B2B services.

4. To design an empirical research framework for examining relationships between
customer experience, customer loyalty, and repeat purchase behavior and inten-
tions in B2B digital services.

5. To empirically assess the relationships between customer experience dimensions
and customer loyalty dimensions, as well as repeat purchase behavior and inten-
tions, through underlying mediating and moderating mechanisms in B2B digital
services.

6. To prepare an empirically validated model of customer experience in B2B digi-
tal services and present theoretical and managerial insights for modelling and
managing customer experience in pursuit of strengthening customer loyalty and
fostering repeat purchase outcomes.
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Defended statements:
In the context of B2B digital services, where customer-provider interactions are
predominantly technologically mediated, customer experience is empirically and
conceptually distinguishable into cognitive and affective dimensions. These di-
mensions conceptually encompass the intellectual, emotional, social, and rela-
tional aspects through which customer experience is formed, while behavioral
responses are empirically positioned as consequences of these experiential di-
mensions rather than as constituent elements of customer experience itself. It is
argued that other experience dimensions frequently discussed in the literature
tend to conceptually overlap with these core dimensions and treating them as
separate masks the differentiated mechanisms through which customer experi-
ence influences customer loyalty and repurchase.
In the tested model, the influence of customer experience on customer loyalty
and repurchase outcomes operates primarily through value-based, emotional,
and relationship-oriented mechanisms. This positions customer experience as an
upstream driver rather than an isolated determinant of loyalty and repurchase
outcomes and emphasizes the processual nature of the impact of customer experi-
ence in a B2B digital service context.
The relationships of cognitive customer experience with loyalty and repurchase
intentions were not significantly moderated by the examined contextual condi-
tions (switching costs, firm’s organizational agility, and customer knowledge shar-
ing).
The rapid growth of customer experience research has led to conceptual over-
lap and fragmented modelling practices. This has generated uncertainty regard-
ing how customer experience should be positioned and modelled, particularly
in relation to its mediating mechanisms and outcomes in B2B digital services.
By separating customer experience dimensions from mediating mechanisms and
outcomes and integrating them into a coherent structure, this dissertation pro-
vides a structured modelling logic that supports consistent theorizing and em-
pirical research on customer experience and offers a basis for its integration into
future explanatory models.
Trust and habit act as necessary conditions for achieving a higher level of repeat
purchases. Without at least minimal levels of trust and habit, higher levels of re-
purchase were not observed, regardless of the strength or existence of the other
mechanisms in the model. Thus, a construct may have a relatively small impact on
purchasing behavior, as in the case of trust, but at the same time remain a neces-
sary condition for achieving higher levels of repurchase.

Methodological and theoretical contribution of this research lies in the devel-

opment and empirical validation of an integrative model of customer experience in
B2B digital services, as well as its relevance for managerial decision-making. From a
theoretical perspective, this dissertation advances the field by mapping the fragment-
ed insights on antecedents, components, and consequences of customer experience.
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This research identifies previously underexplored relationships and conceptual over-
laps between constructs surrounding customer experience, and provides a coherent,
structured foundation for understanding customer experience in complex B2B service
environments. In particular, the final model in this dissertation is built using a mech-
anism-based approach to demonstrate the translation of customer experience into be-
havioral outcomes through key mediating constructs. This moves beyond dominant
approaches focused on customer experience’s direct effects and offers a more nuanced
explanation of how customer loyalty and repeat purchase behavior are formed in B2B
service contexts.

From a methodological perspective, the dissertation applies partial least squares
structural equation modelling (PLS-SEM) to test a comprehensive, multi-layered
model that integrates multiple constructs and mediation paths within a single con-
ceptual model. Customer experience and related constructs are operationalized using
validated measurement scales by adapting them to the B2B digital service context. The
empirical testing of mediation mechanisms provides evidence that within the tested
model, effects of positive customer experience on behavioral outcomes are primarily
indirect and driven by underlying relational and value-based factors. The dissertation
contributes to the management research field’s empirical data pool from the perspec-
tive of the underexplored domain of B2B digital services, demonstrating the appli-
cability of customer experience models in scalable, technology-driven environments.

Importantly, the dissertation offers clear managerial practice implications. The
proposed empirical model enables managers to identify and prioritize the key mecha-
nisms through which customer experience influences business outcomes, thus sup-
porting the decision-making, resource allocation, service design activities, and cus-
tomer relationship management practices. Rather than focusing on isolated service
attributes, the model adopts a more holistic perspective. In turn, the model can be
used by practitioners as a diagnostic and planning tool within B2B digital service set-
tings. By highlighting which aspects of the customer experience most strongly drive
the behavioral outcomes, this research fosters the development of more effective and
scalable service strategies, ultimately offering a contribution to the long-term business
performance.

Keywords: customer experience, B2B, digital services, loyalty, repeat purchase.
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I. THEORETICAL FOUNDATIONS OF CUSTOMER EXPERIENCE IN
B2B DIGITAL SERVICE RESEARCH

1.1. Conceptualization of customer experience in B2B service research

Customer experience is a phenomenon that is studied for a few decades now, yet it
remains a complex concept (Lipkin, 2016) to definitively identify the factors that in-
fluence it in various business areas. The experience phenomenon is studied in various
fields, such as retail (Disse & Olsson, 2023), education (Dropuli¢ et al., 2021), e-com-
merce (Dhaigude & Mohan, 2023), digital services (Kacprzak & Hensel, 2023), health-
care (Kurtulus & Cengiz, 2022), tourism (Veloso & Gomez-Suarez, 2023), etc. Cus-
tomer experience is largely studied in B2C context, albeit different definitions emerge
depending on the domain in which it is studied (Petermans et al., 2013; Quifiones &
Rojas, 2023). The definition of customer experience in scientific literature is often not
differentiated between B2C and B2B contexts. However, in B2B domain, the inter-
pretation of customer experience as a phenomena exhibits more heterogeneity, as the
influence of numerous factors stemming both from the customer and the provider
is more strongly reinforced (Lipkin, 2016). To establish how customer experience in
B2B digital services is defined and perceived in this dissertation, in the following sub-
sections: 1) definitions of customer experience found in the academic literature are
collected and analyzed, and a concluding definition of B2B digital service customer
experience is provided; 2) the academic approaches to customer experience formation
are discussed, analyzed, and the scientific approach that is adopted in this dissertation
is identified; 3) the characteristics of digital services and how they shape B2B customer
experience are examined; and 4) customer experience modelling and empirical testing
approaches are reviewed.

Although the empirical part of this dissertation focuses on the context of B2B digi-
tal services, the theoretical analysis presented in this chapter deliberately draws on a
broader body of research on customer experience in the field of B2B services. This de-
cision reflects the present state of the research field, which is characterized by a lack of
studies examining customer experience specifically in digital B2B services. The exist-
ing literature indicates that customer experience in digital services is understood in a
similar way to that in the context of non-digital services (see Section 1.1.1.). Therefore,
limiting the theoretical analysis to digital B2B studies alone would not provide a suf-
ficient conceptual foundation for model development. Similarly, the systematic litera-
ture review presented in Section 1.2.2. covers B2B service research more broadly. The
concepts, relationships, and mechanisms identified in the broader literature on B2B
services are examined first, while the specific characteristics of digital service delivery
and their significance in shaping the customer experience are discussed separately in
Section 1.1.3. and are subsequently reflected in the operationalization of constructs
and the design of the empirical study.
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1.1.1. Concept of customer experience

Since most of the customer experience literature focuses on B2C domain, its in-
terpretation in B2B context derives from B2C literature (Cepeda-Carrién et al., 2023).
In English language, the term “experience” can both be described as a process (noun)
and as an outcome (verb) (Jain et al., 2017). In service research, both forms of the term
are used, depending on the context (Palmer, 2010). However, considering the defini-
tion of customer experience in service research, often “experience” is defined as a verb
(Lipkin, 2016), underlining the intentionality of human mind to the external stimuli.

According to Becker & Jaakkola (2020), there is no common, definitive under-
standing of customer experience, as some researchers define the scope of customer
experience based on the context of their research, such as service encounters or re-
tail settings, and others describe the customer experience in such broad terms that
encompass customers’ lifeworlds. As seen in Table 1, various researchers of different
disciplines defined the customer experience phenomenon, and these definitions are
used in various studies to base the understanding of customer experience to this day
(e.g., Rageh Ismail et al., 2011; Roy, 2018; Klaus, 2022).
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Table 1. Synthesis of common conceptualizations of customer experience in scientific

literature.
Experience description Stimulus origin Representative
articles
Customer experience is a Experience stimuli stem from | (Chen & Prentice,

consumption-based emotional
phenomena that holds symbolic,
hedonic, and esthetic meanings.

customer’s use of products

or services in conjunction
with interactions with their
environment and other people.

2024; Holbrook &
Hirschman, 1982; Jiang
etal., 2023)

The sum of the impressions
formed by the customer when
they learn about, shop for, use,
and sometimes when part ways
with the product or service.

Experience stimuli stem from
the use of products or services
that a company offers.

(Akoijam et al., 2023;
Amoroso et al., 2021;
Carbone & Haeckel,
1994)

Experience involves activities
that have a direct impact on
individuals.

Experience stimuli stem

from the use of products or
services of a company, and act
as a distinctive offering to the
customer.

(Gu et al., 2023; Guan
et al., 2024; Pine &
Gilmore, 1998)

Experiences are the result of
participation or observation

of an object or an event. These
encounters stimulate senses,
emotions, thoughts, behaviors,
and relationships, contributing
to person’s overall understanding
and growth.

Experience stimuli are caused
by actions of a company and
related to the brand, starting
prior to the consumption of
company’s offerings.

(Lianopoulos et al.,
2024; Schmitt, 1999;
Weidig et al., 2024)

Customer experience is a personal,
intellectual, emotional, sensory,
physical, and spiritual response

of a customer that derives from
their contact with a product or a
company.

Experience stimuli stem from
the use of company’s products
or the contact with the
company itself.

(Gentile et al., 2007;
Izquierdo-Yusta et al.,
2021; Weidig et al.,
2024)

Customer experience is a

complex construct influenced by
aspects that are both inside and
outside the retailer’s influence. It
encompasses cognitive, emotional,
social, and physical reactions to
the retail setting and interactions.

Experience stimuli stem from
customer’s contact with the
company or other customers.

(Ameen et al., 2021;
Amoroso et al., 2021;
Verhoef et al., 2009)

Experience is a subjective
phenomenon, caused by multi-
actor co-creation of services.

Experience stimuli are caused
by all the actors involved in the
service ecosystem.

(J.-S. Lee & Park, 2023;
Nguyen et al., 2024;
Vargo & Lusch, 2004,
2008, 2016)

Source: based on Becker & Jaakkola (2020); Roy (2018), elaborated by the author.
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All descriptions of customer experience phenomenon presented in Table 1 have
two things in common. First, the customer experience as a phenomenon is described
in all the descriptions as subjective, one person’s experience. In the understanding of
customer experience, experience is not shared, but each customer forms their own
experience. Hence, the smallest unit where customer experience manifests and where
research might be conducted, is at the personal level. The second thing in common
between the descriptions is that customer experience is a response to the stimuli, ini-
tially instigated by the service provider, whether they are intended, unintended, direct,
or indirect.

The difference between the descriptions of experience in Table 1 lie in the specifics
of what kind of responses customer has to the stimuli and where stimuli stem from.
For example, according to Holbrook & Hirschman (1982), customer experience has
symbolic, hedonic and esthetic meanings, which suggests that since each customer
is different, each one’s response to the given meanings of the experience might mani-
fest in different ways. According to Holbrook & Hirschman (1982), experience stimuli
stem from the use of products or services, in conjunction with interactions with other
people. Further, Pine & Gilmore (1998) do not identify any particular ways a customer
is affected by the stimuli, nor specify the properties through which the experience
might find meanings in customer’s mind. However, they specify that the experience
is a distinctive offering that a company provides. On the other hand, Schmitt (1999)
distinguishes senses, emotions, thoughts, behaviors and relationships as affected at-
tributes of a customer. In this case, the stimuli for the experience start prior to the con-
sumption of the product or receiving a service. Gentile et al. (2007) also add an intel-
lectual dimension to the description given by Schmitt (1999). According to Gentile et
al. (2007), the experience is formed using products or services, or by contact with the
providing company. In all the discussed cases up to this point, scholars positioned ex-
perience stimuli as stemming from the service or product-providing company towards
the customer, either directly or via service or product. However, Verhoef et al. (2009)
and Vargo & Lusch (2004, 2008, 2016) suggest that customer experience is not only
shaped by the actions of the service provider or the use of products or services, but is
also influenced by others involved in the service delivery ecosystem (e.g., by other cus-
tomers or the provider’s employees who do not directly influence the process of service
provision). Overall, the descriptions of customer experience share common features,
but at the same time differ considerably, either by the ways experience is evidenced by
the customer, or the origins of stimuli which form the experience. These differences
are reflected in other research when scholars define customer experience. Researchers
apply the understanding of experience in a way that is most appropriate for their study.

According to Jain et al. (2017), customer experience is the aggregate of feelings,
perceptions and attitudes that are an internal and subjective customer’s interpreta-
tion to the interaction with components that comprise a service encounter, such as
people, objects, processes and environment. McColl-Kennedy et al. (2015) similar
understanding of the definition by adding that customer experience is holistic, in-
volving customer’s cognitive, affective, emotional, and physical responses to the direct
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and indirect contact with service provider, outlining that experience can also be influ-
enced by more than just provider-controlled elements. Homburg et al. (2017) define
customer experience as the evolvement of customers’ sensorial, affective, cognitive,
relational, and behavioral responses via verbal or nonverbal contact throughout the
entirety of the transactional process with the service or product provider. In contrast,
Kandampully et al. (2018) suggest that customers not only react to the product or ser-
vice provider, but also to the whole network of actors, such as stakeholders, customers,
suppliers, managers, frontline employees and brands.

Definitions of customer experience vary little between B2C and B2B contexts, as
they stem from the same foundational literature. The differences of definitions be-
tween B2C and B2B are of the same extent as those found across B2C or B2B studies
themselves. The key difference between extant B2C and B2B customer experience re-
search is the dimensional focus. Historically, B2C studies focused more on the affec-
tive responses and hedonic values, while B2B focused more on cognitive responses
and utilitarian values (S. Andersson et al., 2018; Ferguson & Mohan, 2020; Lim, 2014;
Rejikumar & Asokan-Ajitha, 2022). However, studies increasingly explore the role of
affective responses and hedonic values in B2B customer experience (e.g., T. Andersson
etal., 2017; Candi & Kahn, 2016; Pandey & Mookerjee, 2018; Roy et al., 2019). Table 2
contrasts how customer experience is manifested in B2C and B2B settings across the
dimensions most frequently emphasized in the literature.

Table 2. Differences and shared foundations of customer experience in B2C and B2B
settings.

acknowledge affective

Dimension B2C customer B2B customer experience Sources
experience

Decision- Individual Multiple individuals with (Witell et al., 2020;

makers consumer deciding | distinct goals within Zolkiewski et al.,
autonomously organization 2017)

Relationship | Irregular Long-term, contractually (Homburg et al.,

characteristics | transactional bound relationships spanning | 2017; Zolkiewski et
encounters repeated interactions al,, 2017)

Experience Emphasis on Emphasis on cognitive (S. Andersson et al.,

evaluation affective responses responses and utilitarian 2018; Ferguson &

focus and hedonic value value, with increasingly Mohan, 2020; Lim,

2014)

responses
Positioning of | Individual Distributed across several (McColl-Kennedy et
experience experience individuals within the client | al.,, 2019; Witell et al.,

organization 2020)
Customization | Largely standardized | Highly customized, co-created | (McColl-Kennedy et
and co- offerings with solutions between provider al., 2019; Zolkiewski
creation limited co-creation |and customer etal., 2017)
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Dimension B2C customer B2B customer experience Sources

experience
Perceived risk | Comparatively low | High risk and switching costs | (Jang et al., 2022;
and switching | risk, easy switching | due to contractual lock-in Zolkiewski et al.,
costs and service embeddedness in | 2017)

client’s business processes

Customer Largely single Multi-actor, multi-level (Lemon & Verhoef,
journey sided, provider- ecosystem of touchpoints 2016; McColl-
touchpoints | to-consumer Kennedy et al., 2019)

touchpoints

Source: compiled by the author.

What sets the B2B digital service context apart is not a different nature of the con-
struct, but the accumulation of the distinctive conditions (i.e., collective decision-mak-
ing, long-term contractual relationships, emphasis on utilitarian evaluation), which
together justify examining customer experience in B2B settings separately rather than
directly transferring B2C findings.

The variety of customer experience definitions is caused by the variation of dif-
ferent domains that customer experience is analyzed in. In their research, Becker &
Jaakkola (2020) revealed that approaches to customer experience as a phenomenon
depend on the literature field, and can vary from narrow to wide scope (see Figure 1).

Figure 1. Customer experience phenomenon scope based on the literature field.

Source: L. Becker & Jaakkola (2020), adapted by author.

In experiential marketing, for example, customer experience is positioned as an
isolated, company-created economic offering that is presented to the customers in or-
der to reach a further customer involvement with the company or brand (e.g., Carmo
et al,, 2022; Rather, 2020), i.e., company’s efforts to create favorable customer experi-
ence triggers customers to act favorably to the company. On the other end of the phe-
nomenon’s scope spectrum, service research studies which adopt Service-Dominant
Logic highlight similar customer experience management intentions in terms of pro-
voking the customer to act in economic favor to the company in the future. However,
literature based on Service-Dominant Logic also outlines that stimuli which fosters
customer’s experience stem from within the service ecosystem and are not limited to
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the company providing a service (e.g., Katsifaraki & Theodosiou, 2023).

In the digital service research literature, customer experience is understood in a
very similar way to non-digital service research. Customer experience is generally
considered to be shaped through the customer’s interaction with the service provider
and through the use of a service. Customers make personal interpretations of the in-
formation they receive through this interaction with the provider and use of service,
which results in a positive or negative experience. For example, Méndez-Aparicio et
al. (2020) in their study of digital services in private insurance, combine the different
authors’ descriptions of customer experience to define it as meeting the needs of a
customer in a way that is memorable, i.e., creating a unique experience for the cus-
tomer through interaction with the company. In the case of insurance services, since
the service manifests through an interaction with the service provider, this interaction
can be considered as the use of the service. Thus, this interpretation tends towards the
approach of viewing experience as a customer’s response to the service consumption
process. Similar approach is observed in a study by Susanto et al. (2023) on digital
banking services, where customer experience is interpreted as customers’ cognitive
and emotional responses to interactions with service provider and to the use of the
service (e.g., use of digital banking applications). It is observed that customer experi-
ence is interpreted in a similar way in studies of other digital services, such as chatbots
(Trivedi, 2019), online universities (Izquierdo-Yusta et al., 2021), music streaming
(Tronvoll, 2019), online retailing (Jaiswal & Singh, 2020), artificial intelligence services
(Gao et al., 2022), etc. Since digital services are delivered electronically and just as
with standard services, are for the most part intangible (Williams et al., 2008), objects
and environment are not interpreted in digital services research the same way as in
standard services.

In general, researchers base their understanding of customer experience on differ-
ent literature, which results in slightly different descriptions of what customer experi-
ence entails (L. Becker & Jaakkola, 2020). For example, some researchers distinguish
between dimensions of experience in a particularly granular, potentially overlapping
manner, e.g., the specifics of intellectual dimension might fall within the cognitive di-
mension, while the specifics of social and relational dimensions might fall within the
affective dimension. Therefore, to operationalize customer experience without dilut-
ing the concept through excessive dimensional fragmentation, customer experience
can be captured through two main dimensions: cognitive and affective (e.g., Gounaris
& Almoraish, 2024; Reinares-Lara et al., 2019). These dimensions reflect how custom-
ers process information and experience emotions, while the actions customers engage
in are treated as behavioral manifestations arising from these dimensions rather than
as a dimension of experience itself.

Based on the definitions given in the literature, and considering the B2B-specific
conditions summarized above, the following definition of B2B digital service customer
experience is adopted:

Customer experience in B2B digital services is the customer’ subjective interpretation
of verbal and nonverbal, direct, and indirect interactions with people, objects, and the
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environment, within a network of service actors, throughout the entire length of service
provision, inducing customer’s cognitive, affective, and physical responses.

This definition is adopted throughout this dissertation. The following subsections
shift the focus from the conceptualization of customer experience to the mechanisms
through which it is formed.

1.1.2. Customer experience formation and the role of the service provider

Delving deeper into the understanding of how customer experience forms, ex-
amples of different perspectives on the phenomenon emerge. Lipkin (2016) outlines
three main perspectives of customer experience formation found in the literature: a)
stimulus-based perspective; b) interaction-based perspective; and c) sense-making-
based perspective.

Through the lens of the stimulus-based perspective, the customer is portrayed as
a passive participant in the service interaction, who only reacts to the stimuli that are
created by the service provider (Mahr et al., 2019). This viewpoint originates from the
Stimulus-Organism-Response paradigm (Mehrabian & Russell, 1974), which suggests
that stimuli have an influence on the perceptions of customers, which in turn results
in specific customer behaviors. According to this point of view, the service provider
is in charge of the creation and application managerial stimuli to provoke the desired
affective, cognitive, or physical responses from the consumer (L. Becker & Jaakkola,
2020). In customer experience research, stimulus-based perspective is actively used by
many researchers (e.g., Hsu et al., 2024; Bonfanti et al., 2023; Chakraborty et al., 2023;
Guo & Tocquer, 2023; Lien & Tang, 2023).

Meanwhile, the interaction-based perspective extends the stimulus-based per-
spective (Lipkin, 2016), by placing a greater emphasis on social interactions and indi-
vidual processes. In contrast to stimulus-based research, interaction-based customer
experience studies view customers as active participants in service transaction, who
contribute to their experience by proactively engaging with the organization (K. Li et
al., 2023). Interaction-based perspective resonates with dyadic business relationship
view, suggesting that the effectiveness in exchange (product or service) relationships
depend both on the customer and the provider (Wren & Simpson, 1996). Based on
dyadic view, researchers treat customer-supplier interaction as an individual unit of
analysis rather than examining the actions of the supplier and the customer in isola-
tion (Sahhar et al., 2021). However, researchers increasingly adopt Service-Dominant
Logic (Vargo & Lusch, 2004, 2008, 2016) over the dyadic business relationship po-
sition. Based on Service-Dominant Logic, networked actors are connected through
service transactions, forming service ecosystems. These ecosystems serve as an envi-
ronment for customers and providers to work together to co-create value that benefits
both (Karahasanovi¢ & Culén, 2022). Partially similar to dyadic business relationship
position, Service-Dominant Logic fosters the idea that service-for-service exchange is
central to any transaction (Vargo & Lusch, 2008). Based on Service-Dominant Logic,
customer experience is influenced not only by the relationship between the primary
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service provider and the customer, but by overlapping service ecosystems that form
constellation of actors related to the co-creation of a particular service.

Finally, sense-making-based perspective, approaches the formation of customer
experience more holistically and dynamically. In contrast to both stimulus-based and
interaction-based approaches, this approach views customer experience as a phenom-
enon that is embedded in customer’s worldview (McColl-Kennedy et al.,, 2015). Ac-
cording to this point of view, the customer is engaged and in charge of making sense of
their experience with a service by actively, subjectively, and dynamically interpreting
service-related events that occur during the whole service transaction with the service
provider (Dube & Helkkula, 2015). The sense-making-based perspective is linked with
customer ecosystem lens (Lipkin, 2016), which are based on Customer-Dominant
Logic. Table 3 summarizes perspectives of customer experience formation.

Table 3. Summarization of perspectives of customer experience formation.

Perspective Framework Experience formation Root publications
origins
Stimulus- Stimulus-Organism- | Dyadic: experience forms by | Mehrabian & Russell
based Response reaction to managerial stimuli | (1974)
introduced by service provider
Interaction- Service-Dominant | Systemic: experience forms Vargo & Lusch (2004,
based Logic through interactions with 2008, 2016)

service provider and other
networked service-ecosystem

actors
Sense-making- | Customer-Dominant | Systemic: experience is Heinonen et al.
based Logic formed and influenced by (2010)

customers’ active, subjective,
and dynamic interpretation of
service-related events, context,
and past experiences

Source: based on Lipkin, (2016), elaborated by the author.

The comparison between Service-Dominant Logic and Customer-Dominant Log-
ic reveals both shared and contrasting characteristics of the mindsets. According to
Heinonen et al. (2010, p. 534), Customer-Dominant Logic differs from other mindsets
on provider-service-customer connections by shifting the emphasis from company
efforts to provide services that align with customer preferences, to a focus on under-
standing how customers use services and help them accomplish their objectives. Based
on this mindset, customer experience is driven by customers, influenced by not only
direct or indirect involvement with the service or its provider, but also by customers’
previous experiences and their reactions to the environment (Heinonen & Strandvik,
2018).
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Both theories see value co-creation as an integrative part of a service. According to
Hansen (2019, p. 77), based on Customer-Dominant Logic, value co-creation is inter-
preted as an ongoing process of value formation (i.e., not only created by the provider,
but also dynamically formed from the customers’ perspective) that is embedded in
time, context, and is influenced both collectively and intersubjectively. Similarly, ac-
cording to Service-Dominant Logic, value is determined by the end user of services
and interprets the output of co-creation as value-in-use and value-in-context (Hansen,
2019, p. 77).

While Lipkin (2016, p. 20) suggested that sense-making based perspective might
be most suitable approach to study customer experience formation due to complexity
of the phenomenon, Li et al. (2023, p. 491) found that most of customer experience re-
search is based on stimulus-based and interaction-based perspectives. Since Custom-
er-Dominant Logic is linked to sense-making-based perspective, and Service-Domi-
nant Logic is linked to stimulus-based and interaction-based perspectives, it therefore
can be reasoned that in isolated comparison between the two Logics, or mindsets,
Service-Dominant Logic is adopted more widely in customer experience research than
Customer-Dominant Logic.

Initially, Dominant Logic was introduced as a collection of insights and schemas,
intended to guide decision-making in organizations (Prahalad & Bettis, 1986, p. 491).
According to Prahalad (2004), when a company makes certain successful decisions,
a particular way of thinking about how the business environment works eventually
settles down, forming the Dominant Logic in the business. For more than two dec-
ades, the Dominant Logic has been actively used both in the scientific literature and in
practice (Franke & zu Knyphausen-Aufsess, 2014). However, Vargo & Lusch (2004, p.
1) noted in their seminal work that the academic community studying provider-cus-
tomer exchanges has increasingly emphasized “intangible resources, the co-creation
of value, and relationships”. Upon this and other related observations, they proposed a
novel Service-Dominant Logic.

Service-Dominant Logic is a mindset (Vargo, 2007, p. 105) for determining and
analyzing the constituents of value exchange between the provider and the customer.
The original article on the mindset emphasized and analyzed the shift from goods-
dominant to service-dominant view in marketing, elaborating that (Vargo & Lusch,
2004, p. 15) “the focus is shifting away from tangibles and toward intangibles, such
as skills, information, and knowledge, and toward interactivity and connectivity and
ongoing relationships”. The pioneering authors of Service-Dominant Logic Stephen L.
Vargo and Robert F. Lusch have explicitly outlined that they do not claim sole owner-
ship of the mindset and invite scientists on its further elaboration, stating that (Vargo
& Lusch, 2008, p. 1) it evolved as an “open-source evolution that we tried to identify,
punctuate, and advance in our initial article and then elaborate and refine through
subsequent work, while encouraging other scholars to do the same”. Therefore, while
Service-Dominant Logic originated in the field of marketing, it was later applied and
elaborated by other researchers in a variety of other scientific fields and areas.

Originally, there were eight foundational premises of Service-Dominant Logic
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(Vargo & Lusch, 2004). Based on the latest update from its pioneering authors (Vargo
& Lusch, 2016), those eight foundational premises were expanded, resulting in eleven
foundational premises that form the mindset that the Service-Dominant Logic cur-
rently is. The foundational premises are listed in Table 4.

Table 4. Foundational premises of Service-Dominant Logic.

No. | Foundational premise Ontological
status

FP1 | “Service is the fundamental basis of exchange” Axiom

FP2 | “Indirect exchange masks the fundamental basis of exchange” Proposition

FP3 | “Goods are distribution mechanisms for service provision” Proposition

FP4 | “Operant resources are the fundamental source of strategic benefit” | Proposition

FP5 | “All economies are service economies” Proposition

FP6 | “Value is cocreated by multiple actors, always including the Axiom

beneficiary”

FP7 | “Actors cannot deliver value but can participate in the creation and | Proposition
offering of value propositions”

FP8 | “A service-centered view is inherently beneficiary oriented and Proposition
relational”

FP9 | “All social and economic actors are resource integrators” Axiom

FP10 | “Value is always uniquely and phenomenologically determined by the | Axiom
beneficiary”

FP11 | “Value co-creation is coordinated through actor-generated Axiom

institutions and institutional arrangements”

Source: Vargo & Lusch (2016, p. 8).

As shown in Table 4, some foundational premises ontologically are axiomatic or
propositional. According to Williams (2012), premises being axiomatic mean that
these statements act as starting points of the mindset, on which the provider-customer
transaction is further analyzed. Propositions, on the other hand, are opinions, or di-
rections of thought which expand the understanding of the mindset and derive from
axiomatic premises.

For an explanation of Service-Dominant Logic, various scholars’ interpretations
of foundational premises are further be analyzed. The interpretations of foundational
premises proposed by Vargo and Lusch do not significantly differ in the scientific lit-
erature.

FP1 is an axiom which suggests that both the customer and the supplier expect a
certain intangible value from each other, i.e., exchange is done in service-for-service
fashion. Customers approach providers because they have a need that providers can
fulfil, and providers present their offerings to be serviced by (benefit from) the cus-
tomer in return. Vargo & Lusch (2008, p. 6) define service (noun) as “the “application
of skills and knowledge” (operant resources) for the benefit of another party”. This
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axiomatic premise is elaborated by subsequent foundational premises FP2-FP5 (Hunt,
2020; Williams, 2012).

FP2 is a proposition derived from FP1, which suggests that if many stakeholders
who are not in direct contact with the customer are involved in the process of devel-
oping the final value proposition for the customer, then the exchanges that take place
between these stakeholders do not necessarily reflect (in turn, they mask) the service
for an end user (Vespestad & Clancy, 2018). In other words, the exchange of money
and goods between the company and the customer masks the true basis of exchange —
service-for-service (Silva-Lacerda et al., 2018).

FP3 derives from FP1, highlighting that tangible objects do not have intrinsic val-
ue, but rather they are a means for the end user to obtain value when the objects are
used, also known as value-in-use (Skalén et al., 2018; Uzoka, 2020). In this way, the
provider delivers a intangible value through a tangible object for the customer and vice
versa (Manurung et al., 2023).

To understand the meaning of FP4, it is first helpful to refer to the article by Vargo
and Lusch, in which they distinguish between operant and operand resources. Ac-
cording to Vargo & Lusch (2004), operant resources refer to invisible and intangible
resources such as knowledge, skills, and other tools that can be applied to operand
resources. In contrast, operand resources can be tangible, such as products through
which a service is provided to a customer. Thus, the product through which the ser-
vice is provided to the customer requires the application of intangible resources such
as knowledge and skills to create it. Therefore, FP4 derives from FP1 and suggests that
operant resources (knowledge and skills) are the drivers of strategic benefit creation
(Vespestad & Clancy, 2018), since both the customer and the provider receive services
in the exchange (Vargo & Lusch, 2016, p. 7).

FP5 builds on FP1 with the idea that all economic exchanges are based on the
application of competences in a variety of domains, so that even in the development
of products, people are essentially exchanging services that embody their skills and
knowledge (Vargo & Lusch, 2004).

FP6 suggests that all networked actors in the ecosystem of a service work together
to create value that the service brings to the customer (Kohtamiki & Rajala, 2016). It
highlights an essential participation of the final beneficiary in the value co-creation,
which means that value is manifested through the customer’s active use of the oper-
ands or services. This axiomatic premise is further elaborated through premises FP7
and FP8 (Hunt, 2020).

FP7 elaborates on the FP6. It is interpreted that the end-value for the customer is
not created by actors in the service ecosystem, but rather they develop the value prop-
osition (or an offering) of what might be valuable for the customer (e.g., Dziewanow-
ska, 2017; Liu et al., 2020). Axiomatic premise FP10 takes this idea further by explicitly
stating that it is up to the customer to determine whether a service is valuable.

FP8 is a proposition derived from FP6, interpreted by academics as the need for a
service provider to approach value creation by always analyzing, reflecting and relating
to the interests of the customer (e.g., Festa et al., 2019; Ng & Wood, 2018). It should be
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noted that in the latest update of the Service-Dominant Logic by Vargo & Lusch (2016,
p. 10), FP8 formulation was changed by replacing the word “customer” with “benefi-
ciary” to better outline that the companies themselves are also recipients of benefits.

FP9 is an axiomatic premise, which specifies that all actors (individuals, institu-
tions, households, etc.) in a service ecosystem integrate their resources (operand and
operant) into the co-creation process to be able to create and benefit from each other’s
value offerings (Festa et al., 2019; Singaraju et al., 2016).

FP11 is the latest addition to the list of foundational premises (Vargo & Lusch,
2016), which is an axiom that focuses on the role of institutions and institutional ar-
rangements in service ecosystems (Sudbury-Riley & Hunter-Jones, 2021; Tregua et
al,, 2022). According to Vargo & Lusch (2016, p. 11), institutions in the context of a
service ecosystem are not organizations, but are a set of “rules, norms and beliefs”, for
example, informal relationships between people, communities of certain schools of
thought, etc. Institutional arrangements, in this case, are how value is co-created, such
as through the same informal relationships’ determined agreements or through the
rules that the community of schools of thought uses in the co-creation of value.

Based on the foundational premises, the applicability of Service-Dominant Logic
mindset in a B2B context emerges. Although mindset’s applicability in the B2B context
is supported by the publication of Vargo & Lusch (2016), the applicability evidently
unfolds through the axioms: businesses, which are institutions made up of actors con-
nected by established arrangements (FP11), co-create services with other businesses
(FP6) for the mutual purpose of benefiting from (getting serviced by) each other (FP1),
by applying tangible and intangible resources (FP9) to achieve a result that they each
consider valuable (FP10). The application of Service-Dominant Logic in B2B context
is further evidenced by articles applying this mindset in B2B: marketing (Kovalchuk et
al.,, 2023), logistics (Lindsey Hall et al., 2022), information technology (Sun & Gregor,
2023), agriculture (Utami & Alamanda, 2021), etc. Furthermore, it is also observed
that Service-Dominant Logic is used in digital service research (e.g., Blaschke et al.,
2019; Stoll et al., 2020; C.-Y. Li et al., 2023; Mija¢ et al., 2023) and customer experience
research (e.g., Alimamy & Al-Imamy, 2022; Dieck & Han, 2022; Helkkula et al., 2023;
Rather et al., 2022; Wani et al., 2021).

In conclusion, building on the definitions and approaches to customer experience
discussed in this chapter, this dissertation adopts an interaction-based approach to
customer experience formation. Moreover, the interaction-based approach is aligned
with the Service-Dominant Logic mindset, which has its roots in service research and
is observed to be effective in B2B context. Thus, this dissertation adopts Service-Dom-
inant Logic mindset for understanding of B2B service exchange.

The role of the service provider. Customer experience management (CEM) high-
lights the importance for businesses to design and measure their customers’ experi-
ence with services. It encompasses the management of a wide range of customer ex-
perience aspects, in relation to various concepts such as service quality, customer loy-
alty, customer engagement, customer satisfaction (Jaakkola & Terho, 2021; Waqas et
al,, 2021), etc. A variety of methods (e. g. omnichannel management, personalization
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and customization), metrics (e. g., net promoter score, customer satisfaction score)
and tools (e. g., customer relationship management systems) are used by businesses
to capture and design the overall experience of their customers. The B2B conditions
summarized in Table 2 make this task more demanding than in B2C settings, since ex-
perience management has to accommodate multiple decision-makers and longer last-
ing business relationships between the parties (Witell et al., 2020), as well as a higher
degree of resource integration and value co-creation from each of the parties involved
(Rusthollkarhu et al., 2020).

Up until recently, customer experience management (CEM) research was in its
infancy phase and scholars’ understanding of the construct itself was strongly frag-
mented (Homburg et al.,, 2017; Hoodi & Hasangholi Pouryasouri, 2023; Kéninger
& Gouthier, 2024). Schmitt (2003, p. 17) defines CEM as a “process of strategically
managing a customer’s entire experience with a product or company”. Verhoef et al.
(2009) explain CEM as a strategy to design such customer experience that would ben-
efit both customer and the provider. Homburg et al. (2017) argue that CEM is a higher
order resource which involves organizations cultural perspectives, strategic planning
and organizational capabilities aimed at building customer loyalty over time. Based
on interaction-based approach to B2B customer experience formation and Service-
Dominant Logic, the question arises as to what the role and capabilities of the service
provider are in inﬂuencing the customer experience, according to CEM research.

As observed earlier, customers’ experiences are formed not only through interac-
tions with service providers (both through social interactions and the use of services),
but through interactions with other networked actors, and based on customers’ past
experiences as well. Therefore, CEM research turned from provider-centric view to-
wards a perspective of interactions among networked actors. As a result, CEM scholars
highlight co-creation of value, and in turn, experience (Chathoth et al., 2016; H.-Y. Lee
et al,, 2023). Nevertheless, service provider’s role in CEM remains significant, as their
actions continue to contribute to the formation of a positive customer experience.
Researchers identify opportunities for service providers to manage the customer ex-
perience through, e. g., building long-term relationships (Homburg et al., 2017), con-
sistent and reliable service provisioning (Voorhees et al., 2017), mapping the customer
journey (Lemon & Verhoef, 2016), etc. However, in practice, managing customer ex-
perience remains challenging due to holistic, multifaceted nature of customer experi-
ence (Wetzels et al., 2023) and service-provider centricity of experience management
approaches (Jaakkola et al., 2015), seldom utilizing management methods along the
perspective of networked actors’ co-creation of experience.

Although theory and practice sometimes exhibit a “dichotomy”, examples of cus-
tomer experience co-creation do appear in empirical research. Often, such studies are
not dealing with business in general, but with a narrow, specialized part of business
such as tourist check-in, chatbots, grocery stores’ self-service, etc. Therefore, general-
izing and applying the findings from one part of business to another becomes compli-
cated or does not even fit at all. This limits the transferability of findings across service
settings and points to the need to examine customer experience at the level of services
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in general rather than focusing on an individual service encounter. The extent to which
such broader evidence exists in B2B service research is examined in Section 1.2.

1.1.3. Digital service context of B2B customer experience

In B2B digital services, the channel through which the interactions between the
actors involved in the service ecosystem occur redefines how the experience is formed.
Physical services rely largely on interpersonal encounters between service provider and
customer representatives, but in digital services, the interactions are mediated through
technological interfaces, platforms, and self-service functionalities (Schumann et al.,
2012). Since this dissertation focuses specifically on the B2B digital services sector, this
section examines how the characteristics of digital service delivery shape the customer
experience, thereby establishing a conceptual basis for further analysis.

The conditions of the B2B context presented in Table 2 influence how experience
is formed when interactions among the involved actors are mediated by technology. It
can be observed that in a B2B environment, the client is an organization rather than a
single specific individual. Therefore, one could argue that within an organization, ex-
perience is distributed among many individuals who initiate, approve, use, and evalu-
ate the service (Witell et al., 2020). However, despite this decentralized approach, the
client company’s purchasing decisions are often communicated to the service provider
by a single representative of the organization, such as a project or product owner, the
purchasing center manager, or another decision-maker. Since this individual is ex-
posed to other colleagues’ assessments of the service and advice regarding decisions,
evaluating this person’s experience may reflect the broader organizational perspective
rather than just the individual’s personal experience. Therefore, when gathering feed-
back and measuring the customer experience based on a specific decision-maker, it
can be assumed that this person is informed about the experiences of a broader circle
of the organization’s employees with a specific service or provider, and this influences
their own experience.

It is also worth noting that customer experience in a B2B context is traditionally
associated more strongly with cognitive and utilitarian service evaluation, reflecting
the purposeful, results-based nature of organizational service use (S. Andersson et
al., 2018; Ferguson & Mohan, 2020; Lim, 2014). The common view in the literature
is that business customers evaluate services based on functional outcomes, such as
reliability, efficiency, and the tangible benefits derived from using the service, while
hedonic satisfaction remains secondary. However, research is beginning to show that
affective reactions also play an important role in the B2B environment (Candi & Kahn,
2016; Pandey & Mookerjee, 2018; Roy et al,, 2019). The utilitarian evaluation of the
service is more often observed because of the higher level of resource integration and
co-creation of value between the provider and the client than in B2C transactions, as
business clients often actively participate in configuring, integrating, and incorporat-
ing the service’s outcomes or features into their business processes (Rusthollkarhu et
al., 2020).
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Several specific characteristics distinguish the context of digital services from
physical B2B services and B2C digital services. Since B2B digital services are provided
and received electronically between organizations via digital channels, they are char-
acterized by intangibility, technology-mediated interactions, and scalability. Of these
characteristics, intangibility is the feature that often applies to services, regardless
of the medium, whether physical or digital, through which it is delivered. However,
technology, specifically software interfaces, serves as the means through which or-
ganizations exchange value. This way, the use of such interfaces becomes an integrated
part of the experience. For example, video conferencing technology designed for busi-
ness meetings acts as an intermediary in organizational interaction. If the software
works unreliably, the customer’s experience can accordingly worsen. Furthermore,
digital services can be scalable and standardized, allowing providers to serve many
organizational clients simultaneously with limited human involvement, which reduces
the number of interpersonal touchpoints during the customer journey. On the other
hand, due to the aforementioned intensive integration of resources on both sides of
the transaction, the service outcomes can also be unique. In the latter case, unlike B2C
digital services, the frequency of provider-customer interactions can be significantly
higher. Finally, many B2B digital services offer long-term benefits. This is particu-
larly noticeable in the “software as a service” (SaaS) model, where the software, as a
service output, is implemented and maintained over time. In such case, the interac-
tions between the provider and the customer are ongoing for at least as long as the
software is being used, rather than being based on isolated service encounters (Xiao et
al,, 2020). These aspects of digital B2B services highlight the continuous, potentially
even routine, technology-mediated use, in contrast to irregular interactions in B2C
and human-mediated, physical B2B service settings.

The characteristics of B2B digital services influence how the customer experience
is shaped and which aspects of that experience become particularly important. When
the environmental and physical aspects of the experience are limited, the cognitive
and affective reactions that occur during service provision and use become particu-
larly important for understanding the customer experience, while physical component
remains secondary in explaining the formation of the experience in digitally medi-
ated service encounters (Godovykh & Tasci, 2020). The cognitive dimension relates
to how customers interpret and evaluate the service value and their interactions with
the service provider from a utilitarian perspective, while the affective dimension is
associated with emotional reactions experienced in relation to these interactions, as
well as service use. Accordingly, this dissertation adopts the theoretical position that
the customer experience in the context of B2B digital services is primarily interpreted
through customers’ cognitive and affective responses.

Digital nature of service delivery also influences the role of service characteristics
such as convenience, speed, security, and accessibility. In a digital environment, these
attributes are often integrated into the service’s technological interface and infrastruc-
ture, corresponding to established aspects of digital service quality, such as efficiency,
system availability, order fulfillment, and privacy (Parasuraman et al., 2005). From
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a service design perspective, these characteristics form part of the conditions upon
which the service delivery process is organized and experienced (Voss et al., 2008).
These attributes can also be considered as “must-be” attributes, since their absence
leads to dissatisfaction, but their presence, when taken for granted, does not necessar-
ily create a clearly positive experience (Kano et al., 1984). From a theoretical perspec-
tive, this distinction separates the technological conditions that enable a satisfactory
digital service provision from the true cognitive and affective responses to the pro-
vided service itself.

The digital environment also influences how switching costs work. In digital B2B
services, particularly in SaaS models, switching costs are less tied to tangible assets
than in physical B2B services. Instead, they accumulate over time due to investments
in system customization, integration with existing tools, employee training, and align-
ing internal processes with the service. This is consistent with research on SaaS-based
applications, which emphasizes that customer retention and the replacement of de-
ployed Saa$S applications are key issues in this context (Xiao et al., 2020). Such costs
can become a barrier to switching service providers even in the absence of dependence
on the supplier for tangible assets, due to established processes, employee habits, or ex-
isting integrations with other systems. Switching costs can also strengthen the positive
relationship between customer journey management capabilities and customer loyalty
(Homburg & Tischer, 2023). Therefore, in the context of digital services, switching
costs have a clear theoretical link to the formation of loyalty. When competing digital
service providers offer essentially similar functionalities, the impact of competition on
customer decisions may be more limited.

Overall, the characteristics of B2B digital services indicate that the customer expe-
rience is shaped primarily through the continuous, technology-mediated use of ser-
vices. Digital interfaces, continuity of use, and the limited role of physical and inter-
personal touchpoints determine how customers interpret, evaluate, and emotionally
respond to the service and its provision. These characteristics reveal the conditions
under which the experience is shaped in a digital organizational environment.

1.1.4. Modelling approaches in customer experience research

Previous sections established what customer experience is and how it is formed.
This section further examines how the customer experience construct is modelled,
how its constituent elements are organized within broader conceptual frameworks,
and which methods are used to test these models empirically. Building on the aca-
demic literature, in order to discover effective ways to manage (or co-create) the cus-
tomer experience, researchers start by refining the customer experience construct and
examining its constituent parts. For example, Hwang & Seo (2016) in their study re-
viewed CEM research literature in both hospitality-tourism context and business in
general, and constructed a framework of antecedents and consequences of customer
experience. Their framework distinguishes between internal antecedents (such as
customer engagement and familiarity) and external antecedents (such as economic
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factors and service quality). In turn, customer experience leads to subsequent events
and outcomes (consequences), such as loyalty or repeat purchases. The antecedent-
component-consequence composition, following the modelling logic of antecedents-
decisions-outcomes (ADO) framework (Paul et al., 2024), is a leading approach of
customer experience modelling found in academic literature (see, e.g. Jang et al., 2022;
Lecoeuvre et al., 2021; Lemke et al., 2011; Zolkiewski et al., 2017). Notably, customer
experience modelling studies usually incorporate statistical methods such as explora-
tory/confirmatory factor analyses (e.g. Kuppelwieser & Klaus, 2021b; Pecorari & Lima,
2021; Rejikumar & Asokan-Ajitha, 2022), structural equation modelling (e.g. Garcia-
Pascual et al., 2023; Mansoor et al., 2020; Park et al., 2024) or Anova (e.g. Gomez-
Suarez & Veloso, 2024; Mou et al., 2023; Wenli Zou et al., 2022) to build, analyze, and
validate the interaction between customer experience constituents and their responses
to management approaches.

The identification of antecedents and components of customer experience tends
to depend on the domain under study. Studies in tourism (Godovykh & Tasci, 2020),
fintech (Barbu et al., 2021), and omnichannel retail (X. Zhang et al., 2024) identify
different antecedents and experience dimensions that reflect the specific settings they
examine. Thus, depending on the domain under investigation, the antecedents and
components of the customer experience might be different. On the other hand, even
though the studies in given examples have different compositions of customer expe-
rience’s construct, the resulting consequences of positive customer experience stay
highly similar, including customer loyalty, service use, and repeat purchases (Barbu et
al., 2021; Godovykh & Tasci, 2020; X. Zhang et al., 2024). This is likely because, regard-
less of the business area, context or focus, the objectives of for-profit organizations are
usually to expand and make a profit. Consequently, the findings established in B2C
settings cannot be assumed to be directly applicable in B2B settings.

The same distinction between modelling architecture and its content is also re-
flected in Lithuanian research, where multiple studies examine the antecedents, com-
ponents, and consequences that can be attributed to the construct of customer ex-
perience, albeit mostly in different contexts, such as B2C, business-to-government,
consumer-to-consumer, or non—digital contexts. For example, Gaulé & Jovarauskiené
(2022) analyzed the relationships between customer experience, customer value co-
creation, co-design, and co-production in public services. In B2B context, Dik¢ius et
al. (2019) examined perceived quality, satisfaction, trust, commitment, and switching
costs as determinants of loyalty, while RaiSiené & Raiys (2022) investigated service
quality criteria for business customer satisfaction with B2B consulting services. Cus-
tomer experience in digital services was addressed more directly in Raisys & Raigiené
(2023), who examined the theoretical foundations and development of digital service
customer experience modelling.

Lithuanian researchers also investigated the antecedents and outcomes often
represented in customer experience models. For example, Kyguoliené & Aliukonis
(2021) proposed a conceptual framework linking brand communication, customer
expectations, emotional states during consumption, service or product performance,
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customers’ emotional states, satisfaction, and customer experience. Dikéius et al.
(2024) investigated cognitive, affective, conative, and behavioral loyalty in online re-
tailing, while Zikiené et al. (2024) assessed how loyalty programs influenced differ-
ent dimensions of customer loyalty, based on engagement, personalization, gamifica-
tion, and experience. In customer-to-customer digital commerce context, Usas et al.
(2025) modelled the relationships between website quality, customer satisfaction, and
loyalty. The most direct study identified investigating antecedents, components, and
consequences of customer experience in B2B services is a systematic review by Raisys
(2026).

Overall, Lithuanian scholars investigated customer experience both directly and
indirectly through CEM, customer journeys, customer value, service quality, satisfac-
tion, trust, switching costs, digital interactions, and different dimensions of loyalty.
However, similar to the international context, these related elements have often been
investigated separately from customer experience or within narrowly defined, ser-
vice-specific contexts. Apart from the integrative theoretical map provided by Raisys
(2026), no comparable Lithuanian study was identified that treats customer experi-
ence as a multidimensional B2B construct and examines its cognitive and affective
dimensions, mediating and moderating mechanisms, loyalty dimensions, and repeat
purchase outcomes in digital services. Thus, the Lithuanian research context contains
many related constructs and relationships, but they remain dispersed across different
contexts and models. This dissertation addresses this gap by developing and empiri-
cally testing an integrated model that differentiates cognitive and affective customer
experience and evaluates their direct and indirect relationships with loyalty and repur-
chase outcomes in B2B digital services.

1.2. Literature landscape of customer experience research in services

Given the evidence on what customer experience is, how it is formed, and how it is
modelled, this section turns to the research field itself and synthesizes what has been
empirically established about customer experience in B2B services. Two complemen-
tary approaches of literature analysis are further employed, each serving a distinct
function and presented according to their analytical scope. The bibliometric analysis
is presented first as a general field-level overview of customer experience in services.
This allows for a broad, quantitative mapping of the customer experience research
field, describing its scale, thematic structure, and intellectual foundations. Meanwhile,
the further presented systematic literature review offers a focused, qualitative synthesis
that establishes the conceptual foundation for the model which is tested in empiri-
cal investigation. For transparency, the final search and dataset updates are reported
separately for each analysis, which are March 2026 for the bibliometric analysis and
November 2025 for the systematic literature review. These dates indicate when the
respective datasets were finalized. The bibliometric analysis was initiated first, with
its earlier stage published in Rai$ys & Raisiené (2023), and the database search was
subsequently updated in March 2026.
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1.2.1. Bibliometric analysis of service customer experience research

As previously discussed, scientific literature contains multiple definitions of cus-
tomer experience, as well as various approaches to its formation, management, and
measurement. To gain insights into the state of the literature on customer experience,
bibliometric analysis is further employed. The analysis requires a large number of
studies to depict a detailed overview of the scientific field (Donthu et al., 2021; van
Nunen et al., 2018).

The bibliometric analysis adopted a four stage procedure, following Donthu et al.
(2021) and Zupic & Cater (2015): 1) defining the aim and scope of the analysis and se-
lecting the appropriate techniques; 2) systematically collecting bibliographic data from
the selected databases; 3) merging and deduplicating the retrieved records; and 4) ana-
lyzing and visualizing the data, followed by the interpretation of the results. In line
with this procedure, two types of techniques are applied, performance analysis and
science mapping. Performance analysis describes the productivity and development
of the field through the temporal distribution of publications, while science mapping
reveals its conceptual and intellectual structure. Within science mapping, keyword co-
occurrence analysis is employed to identify the field’s conceptual structure, the tem-
poral keyword overlay is used to reveal a thematic evolution of the field, and author
co-citation analysis is applied to uncover its intellectual base (Small, 1973). Clarivate
Web of Science (WoS) and Elsevier Scopus (Scopus) were selected as source databases
because together they provide broad and complementary coverage of peer-reviewed
journals, enabling comprehensive insights of the selected field. All mapping and clus-
tering procedures were performed in VOSviewer software using the full counting
method (van Eck & Waltman, 2010).

Minimum thresholds were applied in the science mapping analyses to keep the
maps interpretable and to focus on items that were sufficiently represented in the data-
set. Since bibliometric data usually includes many low-occurrence items, thresholds
are used to reduce visual noise and support the interpretation of the main conceptual
and intellectual structures of the field (Donthu et al., 2021; van Eck & Waltman, 2010).
The thresholds were selected based on the specific dataset of this bibliometric analy-
sis, with attention to the size of the study pool, the number of items retained, and the
readability of the maps (Zupic & Cater, 2015). Threshold selection was also guided
by the general logic of uneven frequency distributions in bibliometric data, including
Zipf’s patterns in term occurrences and Lotka’s concentration in author-related indi-
cators (Lotka, 1926; Zipf, 1949). These principles were used as methodological guid-
ance rather than full statistical tests. The specific thresholds applied and the number of
items retained are reported in the corresponding keyword co-occurrence and author
co-citation analyses presented further.

This bibliometric analysis captures the overall breadth of research on customer
experience in service domain, explores main subtopics studied in B2B and B2C con-
texts, and presents quantitative bibliometric indicators that allow the analysis to be
conducted objectively. The inclusion of both B2B and B2C contexts is justified by the
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limited number of studies identified when focusing exclusively on B2B customer ex-
perience in digital service settings. Initial database search within WoS and Scopus was
conducted using narrowly defined criteria, limiting studies to those focused on cus-
tomer experience in digital B2B services. This yielded a small number of records (14 in
Scopus and 27 in WoS, with possible duplicates between databases). The scarcity of re-
search in this narrow scope was also documented earlier by the author - a WoS search
combining customer experience modelling, digital services and B2B returned only 15
articles (RaiSys & Rai$iené, 2023), which motivated broadening the dataset already at
that stage. Broader search, only including studies on customer experience in B2B ser-
vices resulted in somewhat increased, albeit still small study pool (111 in Scopus and
80 in WoS, with possible duplicates between databases). Datasets of this size provide
a weak basis for bibliometric mapping. Rogers et al. (2020) suggest approximately 200
publications as a possible analytical minimum for bibliometric indicators, while not-
ing that smaller sets may still be suitable for qualitative review. The identified record
counts remain below this indicative level, and the dataset size considered appropriate
also depends on the specific mapping technique applied. Therefore, a broader dataset
covering customer experience in both B2B and B2C service settings was employed to
capture the overall structure of the field, while a more detailed examination of B2B-
specific studies is conducted in the subsequent section of this dissertation using a sys-
tematic literature review. The final update of database search was performed on 14
March 2026. The search strings employed in both databases are presented in Table 5.

Table 5. Database search strings used in Scopus and WoS for bibliometric analysis.

Web of Science (WoS) Scopus

TS=("customer experience" OR "CX") TITLE-ABS-KEY ( "customer experience" OR
AND TS=(service*) "CX") AND TITLE-ABS-KEY ( service* ) AND
AND LA=(English) LANGUAGE ( english ) AND DOCTYPE ( ar )
AND DT=(Article)

Source: created by author.

The search was based on keywords “customer experience” and “CX’, with inclusion
of “service*” where an asterisk marks a wildcard, meaning the search included all end-
ing variations of the word “service” (i.e., services, service-oriented, etc.). Query was
also refined to return scientific articles written in English.

Records retrieved from the two databases were merged and deduplicated using
BiblioMerge software tool, used by the scientific community for merging and dedupli-
cating Scopus and WoS database files (Diez-Junguitu & Pefia-Cerezo, 2026). Between
WoS and Scopus, 5090 records were initially retrieved. After removing 1408 dupli-
cates, 3682 unique records remained in the final sample.

First, the performance of the research field is analyzed by examining publication
growth over time, as well as co-authoring countries, which show the distribution of
research across the world. Second, the conceptual structure is discussed based on
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keyword co-occurrence analysis. Further, the temporal evolution of customer experi-
ence research themes is examined using overlay visualization. Then, the intellectual
structure is explored using author co-citation analysis. The visualizations and clus-
tering calculations were performed using VOSviewer software (van Eck & Waltman,
2010).

The performance of the research field was assessed by analyzing the distribution of
publication count over the span of years 1990-2026, as earlier publications were sparse
and did not represent continuous development of the research domain. As observed
in Figure 2, three stages of research performance can be delineated. The number of
publications remain low during the 1990’s and early 2000s, with steady growth from
2005 to 2016, and an accelerated growth is evidenced from 2017 onwards. Addition-
ally, even though the analysis was performed at the beginning of 2026, 193 publica-
tions have already been published. With a total of 645 publications observed in 2025,
the 193 publications at the start of the year 2026 signifies the continuation of scholars’
interest in the topic.

Figure 2. Annual publication trends in customer experience research.

Source: created by the author.

The three stages of customer experience publication growth depicted in Figure 2
can be explained by observing how customer experience emerged as a distinct re-
search field. During the 1990’s and early 2000’s, customer experience was not a clearly
defined research domain, but rather a part of related concepts, such as service quality,
customer satisfaction, and relationship marketing. The publications during this time
span (e.g., Oliver et al., 1997; Parasuraman et al., 1991) set the foundations for later
research which conceptualized customer experience as a more holistic and multidi-
mensional phenomenon.

The second stage, from around 2005 to 2016, shows a growing number of studies
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recognizing customer experience as a distinct phenomenon, forming a separate field
of study. While there already were publications that highlighted experiential aspects of
consumption (e.g., Schmitt, 1999), the research shifted towards an understanding of
customer experience through multidimensional lens, encompassing cognitive, emo-
tional, and relational dimensions (e.g., Lemon & Verhoef, 2016; Verhoef et al., 2009).
At the same time, the development of Service-Dominant Logic emphasized interac-
tion-based value-co-creation between customers and firms strengthening the role of
experience in service research (Vargo & Lusch, 2004, 2008, 2016).

Finally, the third stage that begun in 2017 has seen a rapid acceleration of publica-
tion output. This growth is particularly pronounced after 2020, indicating increasing
importance of digital technologies in shaping customer experience. Recent studies in-
creasingly focus on artificial intelligence, big data, intelligent chatbots (e.g., Ameen et
al., 2021; Chen & Prentice, 2024; Gao et al., 2022; Kushwaha et al., 2021). These devel-
opments significantly broadened the scope of customer experience research, integrat-
ing marketing, information systems, and service innovation perspectives. Overall, the
sharp increase in publications observed since 2017 reflects accelerating digital trans-
formation of services and highlights the importance of managing digitally enabled
customer experiences.

The structure of the research field is thoroughly described through keyword co-oc-
currence and keyword overlay analyses. The co-occurrence analysis reveals keywords
that appear together in the same articles, analyzes the cited publications’ keywords,
and groups them into thematic clusters, revealing related concepts that are often stud-
ied together. Meanwhile, keyword overlay shows temporal trends in themes across the
research field, showing the evolvement of thematic focus points of the field.
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Figure 3. Keyword co-occurrence in service customer experience publications.

Source: created by the author using VOSviewer software.

Figure 3 shows the keyword co-occurrence network within the study pool. The
settings in VOSviewer were selected to perform full counting of occurrences (without
assigning weights according to the relative number of keywords within the same arti-
cles). As suggested by van Eck & Waltman (2010), a minimum occurrence threshold
needed to be set for the analysis to include only the top keywords. Therefore, a thresh-
old of minimum 15 occurrences within the study pool was selected. This resulted in
113 keywords, which included one non-conceptual keyword, “covid-19” (36 occur-
rences across the pool of 3682 documents), which was removed from the Figure 3 to
provide a clearer representation of the conceptual structure of the research field. This
decision was made as in this analysis, the keyword “covid-19” reflects a temporary,
contextual disruption rather than a stable conceptual development of the field.

As observed in Figure 3, several thematic clusters are distinguished. The central
cluster in blue represents the core customer experience research and is closely related
to value co-creation, customer journey, and service-dominant logic. It illustrates the
shift of transactional relationships towards relational and process-oriented views of
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customer experience, reflecting the principles of service-dominant logic.

The yellow cluster is centered around customer satisfaction, with keywords such
as trust, brand experience, and customer loyalty. The strong interconnections of these
constructs and the customer experience research indicates that the field continues to
build on established constructs, where customer experience is conceptualized as an
antecedent to behavioral outcomes such as loyalty and behavioral intentions. Also in
this cluster, the keyword PLS-SEM indicates the dominance of this structural equa-
tion modelling method as a dominant method for examining complex relationships
between customer experience constructs.

The green cluster with keywords such as artificial intelligence, anthropomorphism,
chatbot, digital transformation, and innovation reflects the aforementioned growing
importance of information technologies in understanding and predicting customer
behavior, as well as catering the needs of customers by successfully aligning with their
expectations. The closely related purple cluster represents data-driven and analytics-
oriented research, with keywords such as machine learning, sentiment analysis, big
data, text mining, and natural language processing. This stream reflects the methodo-
logical and analytical advancement of the research field, where insights on customer
experience are drawn from large-scale data sets for deeper analytical insights.

The cyan cluster captures service process and operational research, including key-
words such as service recovery, service delivery, service operations, and service failure.
This cluster reflects the operational perspective of customer experience, focusing on
how service performance, failures, and recovery mechanisms shape customer percep-
tions. It emphasizes not only the role of service design or technology, but also the
practical aspects of service provisioning in shaping customer outcomes.

Finally, the red cluster contains a broad perspective of customer experience re-
search, encompassing keywords such as value, loyalty, emotions, experience quality,
and revisit intention. This cluster highlights the central role of customer experience
in shaping customers’ cognitive and affective evaluations, as well as subsequent out-
comes. The contextual keywords, such as tourism and hospitality further indicates that
customer experience research is not only conceptual but also grounded in empirical
contexts where value creation plays a critical role in service transactions, particularly
in experience-intensive industries.

Overall, the keyword co-occurrence analysis shows that customer experience re-
search in services has evolved into a multifaceted and multidisciplinary research field,
with a growing focus on managing the outcomes of customer experience in digitally
enabled environments. The findings indicate an integrated perspective where relation-
al and value-based outcomes are examined in the light of technological advancements.
However, the core constructs such as customer satisfaction, loyalty, and value remain
central in the research, indicating their continued importance in explaining customer
behavior.

47



Figure 4. Temporal distribution of keywords within service customer experience research.

Source: created by the author using VOSviewer software.

The keyword overlay analysis shows the temporal distribution of keywords across
the publications. As shown in Figure 4, constructs such as service design, consumer
behavior, and Service-Dominant Logic represent an already established theoretical
foundation of the field. The connection between these constructs and more recent
themes, such as artificial intelligence and text mining suggest that researchers increas-
ingly leverage technological capability advancements to better understand and man-
age customer experience. More recent keywords, such as PLS-SEM, natural language
processing, chatbots, machine learning, and sentiment analysis further reinforce this
trend, indicating reliance on advanced analytical approaches in empirical research.
In addition, digital service-related themes (e.g., digital transformation, digitalization,
user experience) act as a bridging link between traditional customer experience and
the emerging technological solutions.

At the same time, the traditional experience outcome constructs (e.g., customer
satisfaction, loyalty, service quality) remain central to the research field. Character-
ized by strong connections to the most recent technological keywords, these central
constructs are increasingly analyzed within the digital context. Overall, the temporal
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keyword analysis shows that customer experience research in service settings is evolv-
ing though integration of established theoretical foundations (e.g., Service-Dominant
Logic and experiential marketing), use of capabilities provided by advancing technolo-
gies (e.g., PLS-SEM, sentiment analysis, artificial intelligence), and a growing focus on
digital and digitally-enabled services (e.g., self-service, omnichannel, personalization,
chatbots).

To further examine the structural organization of the research field, author co-
citation analysis was conducted, allowing the identification of the field’s influential
researchers based on reference lists of the study pool (see Figure 5).

Figure 5. Author co-citation map within service customer experience research.

Source: created by the author using VOSviewer software.

The author co-citation analysis is performed by analyzing the reference lists of the
studies in the study pool and determining the authors that are often cited together,
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revealing the intellectual base of the field. The analysis was performed using full count-
ing (regardless of number of co-authors for the same publication). A minimum num-
ber of citations of an author set at 7. Out of all 5603 authors in the study pool, 92
met the threshold and were clustered according to thematic relationships between the
authors.

The red cluster depicted in Figure 5 features authors such as Hair, Hofstede, Meh-
rabian, and Oliver. Thus, the cluster represents a broad interdisciplinary foundation of
the field, including behavioral, methodological, and experiential perspectives. Specifi-
cally, the inclusion of Ajzen and Fishbein highlights the role of behavioral intention
theories, while Mehrabian emphasizes the importance of emotions and affective reac-
tions in forming experience. Also, central to customer experience research, Oliver’s
work emphasizes customer satisfaction-loyalty sequence as core outcomes of custom-
er experience. The methodological contributors, such as Hair, Pallant, and Bryman
suggest the research field’s strong reliance on advanced statistical and research design
approaches in studying complex relationships between constructs. In addition to this
complexity, Hofstede’s cultural dimensions further suggest the influence of broader
cultural contexts. Overall, the red cluster reflects the backbone of the field, integrating
insights from psychology, marketing, and research methodology.

The green cluster includes the perspectives of Service-Dominant Logic and value
co-creation. The role of interactions, value-in-use, and co-creation is represented by
authors such as Vargo, Prahalad, Holbrook, Gronroos, and Abbott. This cluster illus-
trates the shift in perspective from company-controlled stimuli shaping customers’
experiences to co-created experiences among actors in the service ecosystem. More-
over, this cluster reflects the systematic view of services, where multiple stakeholders,
touchpoints, and interactions collectively shape the experience. This view is further
extended by authors such as Carbone, Helkkula, and Klaus, who focus more explic-
itly on the design, management, and phenomenological understanding of customer
experience.

The blue cluster, with authors such as Parasuraman, Kumar, Gupta, and Berry, is
focused on service quality and relationship marketing stream of the field. The cluster
reflects foundational efforts to conceptualize and measure service performance, for
example through instruments such as SERVQUAL. In addition, the presence of re-
lationship marketing scholars highlights the importance of long-term relationships,
trust, and commitment between customers and firms.

Together, the yellow, purple, and cyan clusters encompass experiential, psycho-
logical, and managerial aspects of customer experience research. The yellow cluster,
including Oh, Pine, Kotler, and Kandampully, highlights the service-dominant experi-
ential marketing stream, where customer experience is examined in broader contexts,
such as service value creation, hospitality services, and service design. The purple clus-
ter, which includes De Keyser, Schmitt, Gilmore, and Bowen, represents the conceptu-
alization and measurement of customer experience as a distinct construct. This cluster
illustrates the efforts to define, operationalize, and validate customer experience in
a systematic way. In turn, the cyan cluster provides methodological support for the
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research field, including authors such as Cohen, Kline, Hayes, and Keller, whose works
emphasize the importance of scale validation and statistical modelling. These clusters
show that customer experience research has developed not only as a conceptual, but
also as a methodologically mature field, supported by validated empirical approaches.

To sum up, the author co-citation analysis shows that customer experience research
is grounded in an established, multidisciplinary literature, with perspectives from psy-
chology, service quality, relationship marketing, Service-Dominant Logic, and experi-
ential marketing. Methodologically, the analysis suggests that the field features promi-
nent use of rigorous measurement and empirical validation approaches. Therefore,
customer experience is a complex, subjective, value-driven phenomenon, which is
operationalized into a measurable construct and examined using statistical empirical
methods. Drawing on observations from both the keyword co-occurrence and author
co-citation analysis, it is noticed that there is a tension between phenomenological
roots of the customer experience and the applied positivist testing approaches. This
raises empirical challenges for researchers, such as not over-simplifying the customer
experience through standardized measurement scales, but at the same time addressing
discrepancies between subjective perceptions and their quantitative measurements,
while maintaining conceptual consistency across different industry contexts.

1.2.2. Systematic literature review of customer experience in B2B service
research

While research indicates that a positive customer experience provides a competi-
tive advantage for companies (e.g., Bottcher et al., 2023; Srivastava & Kaul, 2016), there
is a sparseness of research on the nature and composition of customer experience in
the B2B context, as well as the mechanisms through which it contributes to business
success. Theory development in this field frequently focuses on specific, narrow as-
pects of customer experience within the service context (see, e.g., Barbu et al., 2021).
Furthermore, there is a notable absence of extant systematic literature reviews on B2B
customer experience that actively develop the construct. Instead, the focus is often on
a limited overview of the research field (see, e.g., Gerea et al., 2021; Waqas et al., 2021).
As Ojansivu (2023) have previously observed, research in the field of B2B marketing
is characterized by fragmentation and an absence of a field-level lens. A systematic
literature review (SLR) is employed in this section to address this gap by systematically
synthesizing prior research and organizing existing insights into an integrative map of
customer experience, capturing the current state of knowledge on the B2B customer
experience construct, outlining its structural relationships with directly related con-
structs, and providing a basis for subsequent empirical model development.

The results of this SLR have been published by the author (Raisys, 2026). The search
strategy, the selection procedure based on PRISMA, the resulting study pool of 21 arti-
cles, and the integrative map presented in this section correspond to those reported in
that publication. In this dissertation, the SLR is presented in extended form and serves
as the conceptual basis for the model developed in Section 1.3.
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This systematic literature review applies the four phases of literature selection for
review based on the PRISMA (Page et al., 2021) guidelines: identification, screening,
eligibility, and included.

Identification. For the identification of articles, two most reputable databases were
selected, WoS and Scopus. These databases together cover a major part of high-quality
journals, which allows for sound observations to be made about the object under re-
view. The search strings for both databases are presented in Table 6.

The queries were set to identify articles published in journals, written in English.
Also, publication year ranges of 1990-2025 in WoS and 2000-2026 in Scopus were
selected to ensure coverage of the most recent literature available as of November 19,
2025. The queries included “customer experience’, “CX”, and variations of “business to
business” in the title, abstract, and keywords sections, and variations of “service” in all
available search fields.

As a result, 431 articles were identified among WoS and Scopus. The records re-
trieved were deduplicated. Overall, 102 articles were removed due to duplication, leav-
ing 329 articles for the further phase of screening.

Table 6. Database search strings used to identify publications in WoS and Scopus.

Web of Science (WoS) Scopus

(((((TS=(customer AND experience OR | ( TITLE-ABS-KEY ( customer AND experience
CX)) AND TS=(B2B OR business-to- OR CX ) AND TITLE-ABS-KEY ( b2b

business OR “business to business”)) OR “business-to-business” OR “business
AND ALL=(servic*)) AND PY=(1990- to business” ) AND ALL ( servic* ) AND
2025)) AND LA=(English)) AND LANGUAGE ( english ) ) AND PUBYEAR >
DT=(Article) 1999 AND PUBYEAR < 2026 AND ( LIMIT-

TO (SRCTYPE, “j”) ) AND ( LIMIT-TO (
DOCTYPE, “ar”))

Source: created by author.

Screening. In the second phase, the abstracts and keywords of the articles were
screened, checking the context of the studies. Articles were included in the subsequent
phase if they were concerned with the B2B context and investigated customer experi-
ence in services. Articles where the abstract or keywords did not unambiguously show
that they met these criteria were still included in a further phase where the full text was
checked to avoid screening errors. In the screening phase, 267 articles were excluded due
to being oft-topic for this systematic literature review — either investigating in other than
B2B context or not investigating customer experience or services. Therefore, 62 articles
were advanced to the eligibility checking phase.

Eligibility. In the third phase, full texts of the 62 articles were screened to assess their
eligibility for this systematic review. Since in the previous phase articles with ambiguous
link to customer experience were included for further screening, after careful inspection
41 articles were removed from further review. Particularly, 31 were excluded due to not
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investigating customer experience factors, 3 because the link between the research object
and customer experience is only implied, and another 3 articles were excluded because
the term “experience” refers to the work experience of employees. Also, 3 articles were
excluded due to investigating goods rather than services, and 1 because it was not con-
cerned with B2B context. After identification, screening, and eligibility checking phases,
a total of 21 articles were advanced to the final phase of included articles’ analysis (see
Figure 6).

Figure 6. PRISMA flow diagram of building study pool.
Source: created by the author; published in RaiSys (2026).

The analysis of publication years shows that only recently a trend of increasing re-
search activity on the topic of customer experience factors in B2B services became no-
ticeable (see Figure 7). Compared to the number of studies in B2C (one of the reasons
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for exclusion in the screening phase), the number of B2B studies is very limited, result-
ing in a small study pool. Also, although the analyzed years reach as far back as 1990,
articles on the topic are only found from 2007 onwards. The yearly publication of the
articles is observed from 2016 to 2024 with no relevant articles identified from 2025,
which indicates a cyclical pattern of scholarly attention to the factors of customer ex-
perience in B2B services.

Figure 7. Number of publications per year with an exponential trendline.

Source: created by the author; published in Raisys (2026).

Out of the 21 articles included in the analysis, there are 2 conceptual studies, 4
qualitative studies, 11 quantitative studies, and 4 studies that incorporated both quali-
tative and quantitative research methods. Table 7 describes focus, context, and output
of the analyzed studies.
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Table 7. Characteristics of the studies in the study pool.

Study type | Publication | Study focus Context | Output
Madaleno et | Impact of customer Cross- Determinants of B2B
al,, 2007 experience on industry | customer satisfaction
customer satisfaction
Biedenbach | Impact of customer Services | Conceptual model of
& Marell, experience on brand customer experience impact
2010 equity on brand equity dimensions
Zhang et al., | Relationship between | Services | Conceptual model of brand
2016 brand orientation and orientation impact on
brand equity overall brand equity
McLean, Website quality Services | Website characteristics
2017 influence on customer influencing customer
experience experience
Woo etal., Service innovation Services | Service innovation impact
2019 influence on long-term on long-term relationship
relationships with with business customers
business customers
Roy et al,, Consequences of Services | Conceptual model of
2019 customer experience service experience impact
on service outcomes
Quantitative | Zeeshan et | Value co-creation Services | Theoretical framework of
al,, 2019 influence on customer value co-creation facets
experience influencing experience
value
Human et Consequences of Cross- Conceptual model of
al,, 2020 customer experience industry | customer experience impact
on loyalty
Jang et al., Service experience Cross- Conceptual model of
2022 influence on repeat industry | customer experience impact
purchase intentions on repurchase intention
Weiger, 2023 | Influence of cultural Cross- | Moderating role of cultural
differences to online industry | factors on the relationship
customer experience between customer
experiences (cognitive and
social) and psychological
customer engagement
Cepeda- Customer experience | Services | Model of customer
Carrién et dimensions experience dimensions as
al,, 2023 antecedents of customer

satisfaction
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Study type | Publication | Study focus Context | Output
Hsieh & Formation of service | Services | Theoretical framework
Yuan, 2021 | experience of service experience
interpretation
Kushwaha et | Customer experience | Services | Model of customer
o al., 2021 in computer-mediated experience with chatbots
Qualitative .
& environment
quantitative Homburg & | Customer journey Cross- B2B customer journey
Tischer, 2023 | management industry | management capability
(CJMC) measurement scale
Gounaris & | Measurement of Services | Multidimensional
Almoraish, | customer experience customer experience scale
2024 dimensions
Lemke et al., | Components of Cross- | Conceptual model of
2011 customer experience industry | customer experience
quality
Pandey & Impact of emotions Cross- B2B customer experience
Mookerjee, |on decision-makingin |industry | model
2018 services
Qualitative | Lecoeuvre et | Age related prejudice | Services | Age-related impressions
al,, 2021 influence on customer that influence customer
experience experience
Tuunanen et | Value co-creation Services | Model of service value co-
al., 2023 mechanisms to creation mechanisms
improve service
experience
Still et al,, Layers of service Services | Conceptual framework
2018 experience of service experience
contextual layers
Conceptual - — -
Witell et al.,, | Characterization of Cross- B2B customer experience
2020 customer experience | industry | management framework

management

Source: compiled by the author; published in Raisys (2026).

As can be seen in Table 7, more than half of the studies examine the B2B customer
experience in the context of the service industry, while the remaining third are cross-
industry studies that either carry out separate goods- and services-related research
or apply the findings to both goods and services. Studies investigate the construct of
customer experience (e.g., its dimensions, interactions between its components), the
impact of a positive experience on business performance (e.g., customer satisfaction,
repeat purchase), and the impact of specific factors on the formation of customer ex-
perience (e.g., cultural factors, influence of co-creation). The output of most studies is
a model, framework, or a scale for measuring customer experience.

To build an integrative map of the customer experience construct in B2B services,
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the customer experience factors found in the selected pool of studies are further an-
alyzed. The synthesis of the included studies applies the antecedents-decisions-out-
comes (ADO) logic (Paul et al., 2024), which was identified as the prevailing model-
ling architecture in the field (see Section 1.1.4.). Applied to the customer experience
construct at the holistic level, the antecedents stage captures the factors that precede
and shape the experience, the central stage is examined through the components that
constitute the experience itself, and the outcomes stage captures its consequences. Be-
cause the aim of this review is not only to establish what precedes and follows customer
experience but also to explain how and under what conditions it translates into these
outcomes, mediators and moderators are additionally distinguished as refinements of
the antecedent-outcome pathways. Thus, to understand how customer experience fac-
tors are interconnected, they are examined according to their roles and positions at the
holistic level of the customer experience phenomenon and categorized as antecedents,
components, consequences, mediators, and moderators. This categorization is based
on the roles and positions of the factors explicitly identified in the study pool, as well
as the models presented.

Treatment of customer experience and related concepts. While Section 1.1.1.
established the conceptualization of customer experience based on broad scope of
literature, here it is further investigated how the construct is actually treated within
the B2B service study pool. The reviewed studies investigate different variations of
customer experience concept but treat them similarly. The studies investigate concepts
such as customer experience, service experience, experience value, and interaction
experience. However, the definitions of such concepts found in the studies hardly dif-
fer (see Table 8). Most of the studies adopt definitions provided by Klaus & Maklan
(2013), Lemon & Verhoef (2016), Meyer & Schwager (2007), and Verhoef et al. (2009),
regardless of the investigated concept. For example, McLean (2017) investigates cus-
tomer experience, and Jang et al. (2022) investigate service experience. However, both
studies refer to the definition of customer experience offered by Meyer & Schwager
(2007), defining it as a subjective and internal response of the customer to direct and
indirect contacts with a company. On a similar note, Cepeda-Carrion et al. (2023) re-
fer to Klaus & Maklan (2012) and Roy et al. (2019), while Roy et al. (2019) themselves
refer to Meyer & Schwager (2007), defining customer experience as a subjective cogni-
tive, emotional, and behavioral responses to interactions with a company or brand.
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Table 8. Experience concepts and their definitions observed in the study pool.

Homburg & Tischer,
2023; Lemke et al.,
2011; Madaleno et
al., 2007; McLean,
2017

Customer experience

Jang et al., 2022;
Zhang et al., 2016

Customer experience/
service experience

Human et al., 2020

Sales interaction
experience/customer
experience

Roy et al., 2019; Still
etal, 2018

Service experience

2010; Frow & Payne,
2007; Klaus & Maklan,
2012; Kranzbiihler et
al., 2018; Lipkin, 2016;
Meyer & Schwager,
2007; Roy et al., 2019;
Sousa & Voss, 2006;
Verhoef et al., 2009

Publications .Conce.p ts Origina.t i'n 8 SOUTCES | Definition
investigated of definition

Biedenbach &

Marell, 2010;

Cepeda-Carrién et

al.,, 2023; Gounaris

& Almoraish, 2024; Biedenbach & Marell,

Subjective cognitive,
emotional, and
behavioral responses
to interactions with a
brand or a company
across the touchpoints
in the customer’s
journey.

Kushwaha et al.,
2021; Lecoeuvre et
al,, 2021; Pandey &
Mookerjee, 2018;
Witell et al., 2020

Customer experience

Woo etal., 2019

Customer experience/
service experience

Hsieh & Yuan, 2021

Service experience

Weiger, 2023

Online customer
experience/customer
experience

Edvardsson et al.,
2005; Jaakkola et
al., 2015; Lemon
& Verhoef, 2016;
Prentice & Nguyen,
2020; Schmitt, 1999

Cognitive, emotional,
behavioral,
sensorial, and
social responses to
company’s offerings,
encompassing the
perceptions, feelings,
thoughts and
relational experiences
during the purchase
or use of a service.

Source: compiled by the author; published in Raisys (2026).

It is observed that the two definitions differ in terms of where the emphasis is
placed regarding the triggers of customer’s responses (cognitive, emotional, behav-
ioral, etc.). One definition emphasizes interactions with a brand or a company, while
the other highlights the same responses to the company’s offerings including during
their purchase and use. It can be argued that the definitions have the same mean-
ing with different wording. The purchase or use of a company’s offerings is indeed an
interaction with a company or a brand, thus closing the gap between the definitions.

Interestingly, both definitions are not only used in the studies investigating the
same concepts, but the concepts themselves are observed to be used interchange-
ably. For example, Human et al. (2020) use both the “sales interaction experience”
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and “customer experience” when discussing the object of their study. Also, Jang et al.
(2022), Woo et al. (2019), and Zhang et al. (2016) use the terms “customer experience”
and “service experience” throughout their studies interchangeably as well. As Still et al.
(2018) suggest, customer experience refers to the perspective of a service beneficiary,
while the concept of service experience refers to a broader perspective, which also
includes the experience of other actors. In contrast, as stated in scholarly literature
outside the study pool, Voorhees et al. (2017) suggest that service experience refers to
the narrower part of the overall customer experience, focusing on the customer’s expe-
riences elicited before, during, and after the provision of a specific service. Further, in
line with Voorhees et al. (2017), interaction experience is even more granular part of
the customer experience, referring to an experience with a specific encounter between
the service provider and the customer (e.g., a phone call, an email, etc.). However,
in this study pool, apart from the study by Still et al. (2018), such differentiation of
concepts is not observed, demonstrating that the concepts of “customer experience”
in services and “service experience” are often used interchangeably by scholars. Such
interchangeability of the terms might be explained by the nature of empirical customer
experience studies, which typically investigate specific service elements (interactions,
specific stages of service provision, etc.) that contribute to the overall customer ex-
perience. As a result, although the investigated aspect may conceptually represent a
specific service experience element or an individual interaction encounter, it is ulti-
mately examined in terms of its impact on the customer’s overall experience. Thus, the
theoretically distinct concepts become used synonymously within empirical research
models.

Antecedents. In the reviewed literature, antecedents are interpreted in different
ways. Some authors study proxies of customer experience as antecedents to positive
customer experience, meaning that meeting certain criteria or fulfilling certain factors
that comprise customer experience consequently results in positive customer experi-
ence (e.g., Biedenbach & Marell, 2010; Jang et al., 2022; Tuunanen et al., 2023). Other
authors build customer experience through certain factors (otherwise called compo-
nents) or measurement scale items, which can be influenced by external factors, e.g.,
antecedents (e.g., Hsieh & Yuan, 2021; Lecoeuvre et al., 2021; McLean, 2017; Woo et
al,, 2019; Zhang et al., 2016).

Considering antecedents as external factors, service innovation is identified as a
precursor to the service’s value-in-use as perceived by the customer (Woo et al., 2019).
Service innovation is expressed through technology innovation and value co-creation,
and value-in-use manifests as experience, personalization, and relationship. Trust
(related to risk) is distinguished as a factor that influences buying behavior and thus
acts as an antecedent to customer experience (Lecoeuvre et al., 2021). Another set of
antecedents are customer expectations and customer emotions. However, customer
emotions are also component of customer experience which can be positively influ-
enced by managing customer expectations (Hsieh & Yuan, 2021). Internal branding
is an antecedent which itself is preceded by brand orientation (J. Zhang et al., 2016).
In the context of website quality influence on customer experience, website credibility
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(meaning accuracy and completeness) and information quality (meaning accuracy,
relevance, and usefulness) are external factors which act as antecedents of customer
experience (McLean, 2017).

In the case of treating proxies of customer experience as antecedents to positive
customer experience, the information factor, namely “access to information” is also
highlighted as an important precursor to the service experience (Tuunanen et al.,
2023). Other proxies include value co-creation, interactions between customer and
brand (Biedenbach & Marell, 2010), and customer journey, which incorporates cus-
tomer relations, personalization, service brand, and post-sale engagement (Jang et al.,
2022).

Opverall, a small number of studies discuss the antecedents of customer experience.
While some discuss antecedents as external factors that precede the customer experi-
ence, others treat customer experience proxies as antecedents of a positive experience
(see Table 9).

Table 9. Antecedents of B2B service customer experience.

Sources Antecedents of Customer Experience Type of
antece-
dents

Woo et al. (2019) | Service innovation (technology innovation, value co-creation) | External

Lecoeuvre et al. | Risk related Trust factors

(2021)

Hsieh & Yuan Customer expectations

(2021) Customer emotions

Zhang et al. Internal branding

(2016)

McLean (2017) | Website credibility (accuracy, completeness)

Information quality (accuracy, relevance, usefulness)

Gounaris & Exchange climate

Almoraish Bonding

(2024) Past experience
Technical quality Proxies
Delivery performance
Price

Tuunanen et al. | Access to information

(2023)

Biedenbach & Value co-creation

Marell (2010) Interactions between customer and brand

Jang et al., (2022) | Customer journey (customer relations, personalization,
service brand, post-sale engagement)

Source: compiled by the author; published in Raisys (2026).
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It is observed that studies consider customer experience and positive customer
experience as separate concepts. Customer experience is a phenomenon arising from
antecedents, while positive customer experience is an outcome of a service transac-
tion. However, only the factors that lead to a positive customer experience are studied,
while those that have a negative impact are not. In turn, the analysis of the antecedents
of customer experience as a phenomenon and as an outcome is intertwined. Studies
use customer experience antecedents as external factors or as proxies depending on
the context and aim of the research.

Components. Components are factors which represent customer experience and
are used to examine how they influence or react to other factors and constructs. In
a similar way to proxies, items from measurement scales are sometimes utilized to
establish the components of customer experience. For example, adapted items from
service experience quality (EXQ) scale (Klaus & Maklan, 2012, 2013) are used, which
include dimensions named Product experience, Outcome focus, Moments-of-truth,
and Peace-of-mind (Cepeda-Carrion et al., 2023; Human et al., 2020; Jang et al., 2022;
Roy et al.,, 2019). In the context of B2B services, EXQ’s dimension “Product experi-
ence” is adapted the most, even being renamed to Core service experience (Jang et al.,
2022; Roy et al., 2019) or Basic service experience (Cepeda-Carrion et al., 2023).

Interestingly, some components are derived from service quality literature, using
service quality assessment instrument SERVQUAL (Parasuraman et al., 1988). Based
on SERVQUAL, some components of customer experience are modelled by directly
applying the model’s items, named Tangibility, Reliability, Responsiveness, Assurance,
and Empathy (J. Zhang et al., 2016). Although service quality is part of the custom-
er experience, a direct equation of service quality and customer experience contra-
dicts the definitions of these constructs. As defined previously, customer experience
involves the subjective responses of the customer to direct and indirect interactions
with a company or a service. Meanwhile, service quality refers to the alignment be-
tween the customer’s expectations and the actual service delivered. Therefore, to ap-
ply SERVQUAL items in measurement of customer experience, modifications of the
model’s items are recommended. For example, in the modified SERVQUALs items
are observed in the study by Lemke et al. (2011), e.g., Accessibility, Caring - attitude,
Caring - procedures, Reliability, Value for time, Atmosphere, Personalization, and Ap-
plication of knowledge.

Components are also observed to be sometimes based on the holistic dimensions
of customer experience phenomenon, offered by Lemon & Verhoef (2016, p. 70), who
describe customer experience as “customer’s cognitive, emotional, sensory, social, and
spiritual responses to all interactions with a firm”. For example, the components Use-
fulness, Helpfulness, and Knowledge Benefit pertain to Cognitive dimension, and Hu-
man Contact, Human Warmth, and Human Sensitivity relate to the Social dimension
(Weiger, 2023). On the other hand, the dimensions themselves are sometimes identi-
fied as components of customer experience, namely Cognitive, Emotional, Behavioral,
Sensory, Social, Relational, and Intellectual dimensions (Lecoeuvre et al., 2021; Pan-
dey & Mookerjee, 2018; Witell et al., 2020).
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In certain cases, the components of customer experience are investigated through
related constructs, layers, or dimensions. For example, the component Customer
Journey derives from the phenomenon of customer journey management capability
(CJMC), and includes four dimensions: Value anchoring of touchpoints, Consistency
of touchpoints, Internal integration of touchpoints, and Individual control of touch-
points (Homburg & Tischer, 2023). Meanwhile, Still et al. (2018) identify the Indi-
vidual, Dyadic relationship, and Institutional environment layers through which cus-
tomer experience is formed. In the individual layer, the customer experience is shaped
through the customer’s subjective perception of the service provided. The dyadic rela-
tionship layer contains factors that arise from interpersonal interactions. Finally, the
institutional environment layer contains environmental factors shaped through the
individual and dyadic layers.

Table 10. Components of B2B service customer experience.

Type of Originatin,
Components of Customer P & 8
Sources . compo- external source
Experience
nents of components

Peace of mind

Cepeda-Carrién
etal., 2023;
Human et al.,
2020; Jang et al.,
2022; Roy et al.,
2019

Focus on results
Moments of truth
Basic/core service experience

Scale-based | Service experience

quality (EXQ)
scale (Klaus &
Maklan, 2013)

Zhang et al.
(2016)

Tangibility
Reliability
Responsiveness
Assurance
Empathy

Lemke et al.
(2011)

Accessibility

Caring - attitude

Caring - procedures
Reliability

Value for time
Atmosphere
Personalization
Application of knowledge

Model-
based

SERVQUAL
instrument
(Parasuraman et
al,, 1988)
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Sources

Components of Customer
Experience

Type of
compo-
nents

Originating
external source
of components

Lemke et al.
(2011)

Communication

Relationship with company
Relationship with other customers
Variety/choice

Value for money

Network quality

Social impact

Woo et al. (2019)

Memorability

Customer’s stimulation of abilities to
solve problems

Opportunities for customer to improve
the process through experimentation

Zeeshan et al.
(2019)

Accessibility
Connectivity

Standalone

Rashid (2015)

Weiger (2023)

Cognitive dimension - usefulness,
helpfulness, knowledge benefit
Social dimension - human contact,
human warmth, human sensitivity

Witell et al.
(2020)

Cognitive
Emotional
Behavioral
Sensory
Social

Lecoeuvre et al.
(2021)

Emotional dimension - empathy

Pandey & Sensorial, Relational, Emotional,
Mookerjee (2018) | Behavioral, Intellectual

Gounaris & Cognitive - factual, sagacious
Almoraish (2024) | Affective - emotional, social

Homburg & Customer journey dimensions - Value
Tischer (2023) anchoring of touchpoints, Consistency

of touchpoints, Internal integration of
touchpoints, and Individual control of
touchpoints

Dimension-

based

Bleier et al. (2019)

Lemon & Verhoef
(2016)

Still et al. (2018)

Individual
Dyadic relationship
Institutional environment

Layer-based

Source: compiled by the author; published in Raisys (2026).

As observed in Table 10, customer experience components are approached in dif-
ferent ways, i.e., utilizing customer experience measurement scales, individual items
from customer experience or other related construct measurement scales, as well as
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dimensions or layers.

In essence, the division of factors into scale-based and model-based component
groups indicates the origin of their constituent factors. Factors derived from mod-
els and measurement scales are of the same nature as standalone factors, except that
their origins are specified. In other words, scale-based, model-based, and standalone
components are composed of both interrelated and unrelated individual factors. On
the other hand, dimension-based components consist of the dimensions themselves,
i.e., Cognitive, Social, Emotional, Behavioral, Sensorial, etc. (see Table 10), in which
certain factors are located. It might be assumed that both scale-based, model-based,
and standalone factors could also fall within the dimensions they are best aligned with.
Meanwhile, the layers in the layer-based component group could serve as the largest
components of the customer experience, where each of the layers (Individual, Dyadic
Relationship, Institutional Environment) would contain the discussed dimensions
with accompanying factors. However, such logical breakdown of component groups
was not found in the study pool and is a prominent research gap to be investigated in
future studies.

Consequences. Operationalization of customer experience components results in
certain consequences referred to as consequential factors. The dominating findings
suggest that a positive customer experience influences customer satisfaction (Cepeda-
Carridn et al,, 2023; Human et al., 2020; Madaleno et al., 2007; Roy et al., 2019), en-
gagement and relationship (Lecoeuvre et al., 2021; Lemke et al., 2011; Madaleno et al.,
2007; Pandey & Mookerjee, 2018; Weiger, 2023), value (Lemke et al., 2011; Pandey
& Mookerjee, 2018; Roy et al., 2019; Tuunanen et al., 2023), and loyalty (Biedenbach
& Marell, 2010; Homburg & Tischer, 2023; Human et al., 2020; Lemke et al., 2011; J.
Zhang et al,, 2016).

When comparing the customer experience’s consequential factors found in the
pool of studies, there is little overlap in terms of wording, but it is nevertheless possible
to identify the key areas covering these factors. Specifically, the key areas are Engage-
ment and Relationships, Satisfaction and Value, Loyalty, and Organizational Benefits.
Table 11 lists consequences of positive customer experience, grouped into key areas.
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Table 11. Consequential factors of B2B service customer experience.

Key areas Consequences of positive Customer Sources
Experience

Engagement | Customer relationship Biedenbach & Marell,

and Brand awareness 2010; Gounaris &

Relationships | Brand associations Almoraish, 2024; Homburg
Psychological customer engagement & Tischer, 2023; Jang et
Behavioral customer engagement al., 2022; Lecoeuvre et al.,
Purchase intention 2021; Lemke et al., 2011;
Purchase Madaleno et al., 2007;
Repurchase intention Pandey & Mookerjee,
Trust 2018; Weiger, 2023; ].
Customer retention Zhang et al., 2016

Satisfaction Customer satisfaction Biedenbach & Marell,

and Value Perceived quality 2010; Cepeda-Carrion et
Perceived value al., 2023; Human et al.,
Experience value (symbolic, functional, cost, 2020; Lemke et al., 2011;
emotional) Madaleno et al., 2007; Roy
Utilitarian, hedonic, relational, cost/sacrifice et al., 2019; Tuunanen et
values and goals al.,, 2023

Loyalty Customer loyalty Biedenbach & Marell,
Brand loyalty 2010; Human et al., 2020;
Word-of-mouth Lembke et al., 2011; J.
Willingness to recommend Zhang et al., 2016
Commitment

Organizational | Customer-related coordination costs Homburg & Tischer, 2023;

Benefits Financial firm performance (ROS) Jang et al., 2022
Firm’s organizational agility

Source: compiled by the author; published in Raisys (2026).

It is also observed that some studies explore not only the immediate consequences
of positive customer experience, but also the subsequent outcomes of these conse-
quences. For example, customer experience’s consequential factors - customer loyalty
and low customer-related coordination costs - influence company’s performance (re-
turn on sales - ROS) (Homburg & Tischer, 2023). Cognitive and social online cus-
tomer experience dimensions influence psychological customer engagement, which
in turn influences behavioral customer engagement (Weiger, 2023). Finally, purchase
intention is identified as a further consequence of the experience value that a positive
customer experience generates (Pandey & Mookerjee, 2018). Notably, the factors that
stand between positive customer experience and further consequences may also be
considered as mediating factors.

Mediators and moderators. Mediators are influenced by independent factors and
explain the relationship between independent and dependent factors. In the context of
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customer experience and its surrounding factors, mediators are influenced by anteced-
ents, components, or consequent factors of customer experience. Mediators can have
a positive or negative impact on their relationship with other subsequent factors. Me-
diators have been identified in almost half of the studies. However, not all mediators
found in the pool of studies had their type of impact specified, i.e., whether they posi-
tively or negatively impact the relationship between the causal and subsequent factors.

For the mediators with unspecified mediation impact, it was found that customer
experience leads to utilitarian, hedonic, relational and cost/sacrifice value-in-use fac-
tors, which mediate between customer experience and relationship outcomes, such as
commitment, purchase, retention and word-of-mouth (Lemke et al., 2011). Word-of-
mouth mediates between customer experience quality and brand association, and cus-
tomer’s brand association mediates between customer experience quality and brand
equity (J. Zhang et al., 2016). Experience value mediates between customer experience
and purchase intention (Pandey & Mookerjee, 2018). Loyalty and customer-related
coordination costs act as mediators between CJMC and provider company’s ROS
(Homburg & Tischer, 2023).

In contrast, several mediators were discovered with the type of mediation impact
specified. For example, positive customer emotions positively impact the relationship
between customer expectations and service experience (Hsieh & Yuan, 2021). All the
studies which specify the type of mediation impact, identify positive mediation. Thus,
no mediators with negative impact were identified (see Table 12).
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Table 12. Mediating factors of B2B service customer experience.

Sources Independent Mediators Mediation | Dependent
factors impact factors
Lemke et al. Custo'rn e . . Relationship
experience Value-in-use Not specified
(2011) . outcomes
quality
Zhang et al. S;S;Sir:;ze Brand association ot specifid Brand equity
(2016) pe Word-of-mouth P Brand association
quality
Pandey & Customer
E i I N ifi Purchase i i
Mookerjee (2018) | experience xperience value | Not specified | Purchase intention
Satisfaction Loyalty
Service Perceived value ) Positive word-of-
Roy et al. (2019) experlence Loyalty Not specified | mouth
Hedonic value . .
. Satisfaction
perceptions
Human et al. Sales interaction . . s Willingness to
. Satisfaction Positive
(2020) experience recommend
Hsieh & Yuan Customer Positive customer . . .
. . Positive Service experience
(2021) expectations emotions
Firm’s
h
Jang et al. (2022) CuStO.m e organizational Positive RepurF ase
experience s intention
agility

Customer journey | Loyalty

Financial firm

Homburg & management Customer-related .
. o . Not specified | performance
Tischer (2023) capability coordination (ROS)
(CIMC) costs

Focus on results

Moments of truth

Cepeda-Carrién | Basic service . Peace of mind
. Not specified
etal. (2023) experience Focus on results Customer
Peace of mind satisfaction

Source: compiled by the author; published in Raisys (2026).

As illustrated in Table 12, some mediators recur through the pool of studies, but in
different forms. For example, the mediators emphasizing value are identified as Value-
in-use, Experience value, Perceived value, and Hedonic value perceptions. Another
finding is that satisfaction mediates between customer experience and positive word-
of-mouth (WOM) (Roy et al,, 2019), while also mediating between sales interaction
experience and willingness to recommend (WTR) (Human et al., 2020). Thus, both
in the context of overall customer experience and the specific stage of the customer’s
interaction with the provider, satisfaction is seen to contribute to brand or compa-
ny advocacy. However, apart from the examples discussed, other mediators are not
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recurring throughout the studies.

In addition to mediators, moderating factors can also be found in several stud-
ies. Moderating factors, or moderators, unlike mediators, are not influenced by an
independent factor. Also, if mediators act as vehicles of the relationship between two
factors, a moderator is an external variable that influences an already existing (posi-
tive or negative) relationship between two factors by strengthening or weakening the
effect of one on the other. For example, as identified by Weiger (2023), Geert Hofst-
ede’s cultural dimensions’ factors such as uncertainty avoidance, power distance, and
individualism weaken the positive relationship between cognitive online customer
experience and psychological customer engagement, while masculinity strengthens
this relationship. It was also found that customer knowledge sharing, i.e., customer
feedback about the experience of the service use, positively moderates the relationship
between service experience and firm’s organizational agility (i.e., quickly responding
to market changes) (Jang et al., 2022). Moreover, customer’s switching costs and num-
ber of provider-controlled touchpoints in the customer journey we found to positively
moderate the relationship between CJMC and customer loyalty, with the number of
provider-controlled touchpoints also positively moderating the relationship of CJMC
and customer-related coordination costs (Homburg & Tischer, 2023).

Table 13. Moderating factors of B2B service customer experience.

Moderati
Sources | Moderator 0€eraling | Moderated relationship
effect
Lemke et | Experience context (Hedonism Not specified | Customer experience and
al. (2011) | of product category, Involvement, Value-in-use

Product complexity, Rationality)

Pandey & | Primacy, Recency, Individual factors | Not specified | Customer experience and

Mookerjee Experience value
(2018) Group dynamics, Power Experience value and
relationships Purchase intention
Kushwaha | Risk (performance, functional, Not specified | Customer satisfaction and
etal financial, physical, social, and Loyalty
(2021) psychological)
Jang et al. | Customer knowledge sharing Positive Service experience and
(2022) Firm’s organizational agility
Homburg | Customer’s switching costs Positive CJMC and Customer
& Tischer | Number of provider-controlled Positive loyalty
(2023) touchpoints CJMC and Customer-
related coordination costs
Weiger Masculinity Positive Cognitive online
(2023) Power distance Negative customer experience and
Individualism Psychological customer
engagement

Uncertainty avoidance

68



Moderating

Sources | Moderator Moderated relationship

effect
Weiger Uncertainty avoidance Positive Social online customer
(2023) experience and
Psychological customer
engagement

Source: compiled by the author; published in Raisys (2026).

As observed in Table 13, only 6 studies have identified factors with moderating
effects. Furthermore, only half of the studies that list moderators specify what moder-
ating effects they have. To identify moderators, selected factors are tested to see if they
have a moderating effect on the existing relationship between certain factors. Since
moderators are not triggered by the factors whose relationship they moderate, that
may be a reason for the limited number of moderators identified.

Integrative map of customer experience in B2B services. Of the 21 studies in the
study pool, the majority (11 studies) are quantitative studies, while the rest are quali-
tative (4 studies), both quantitative and qualitative (4 studies), and only 2 studies are
conceptual papers. Most of the studies (15 studies) present a model, a framework, or
a scale to measure customer experience. A total of 13 studies explores purely service-
related issues, while the remaining 8 explore cross-industry contexts, i.e., aligning or
contrasting goods and service-related insights.

Out of this body of research, 9 studies focus on antecedents of customer experi-
ence, which manifest in two types: as external factors, which occur prior to the forma-
tion of the customer experience, or as proxies of the customer experience, which are
preconditions for the formation of a positive customer experience.

Meanwhile, the components of customer experience are identified by 15 studies,
where they are grouped into a dimension-based, layer-based, scale-based, model-
based, and standalone components of customer experience. The largest portion of
the studies (4 studies) base the components on EXQ scale by Klaus & Maklan (2012,
2013). Notably, 2 studies use the SERVQUAL (Parasuraman et al., 1988) instrument as
the basis for customer experience components — one applies SERVQUAL items direct-
ly, and the other uses modified items. Since SERVQUAL items are designed to measure
service quality and by its definition cannot be directly equated with the construct of
customer experience, only modified items were included in the map.

Regarding the customer experience’s consequential factors identified in 14 studies,
four key areas are identified, ranging from the one with the most factors (10 factors) to
the one with the fewest (3 factors): 1) Engagement and Relationships; 2) Satisfaction
and Value; 3) Loyalty; and 4) Organizational Benefits. All consequences derive from a
positive customer experience. Notably, some studies distinguish not only immediate
consequences but also subsequent consequences that are further influenced by the im-
mediate consequences, which would be similar to mediating factors, but as such these
consequences are not identified or investigated in those studies.

Moreover, mediating factors of customer experience are identified in 9 studies.
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Although mediators can establish a positive or negative link between factors, the me-
diating effects were either identified as positive or were not specified. This observation
is perhaps anticipated given the tendency to investigate positive customer experiences
and to identify their positive consequences. Mediators are examined both between
customer experience and its consequences and between the components within cus-
tomer experience.

Whereas some customer experience components, outcomes, or mediators were re-
current across the studies, moderators are found to be non-recurrent. Overall, moder-
ators were least frequently researched, being addressed in only 6 studies out of the 21.
Moderators may have a positive or negative effect on an existing relationship between
two factors. In the case of moderators, both positive and negative moderating effects
are identified throughout the studies, although moderators with unspecified moderat-
ing effects were identified as well.

By integrating the observations from systematic literature review and the analysis
of antecedents, components, consequences, mediators, and moderators, an integra-
tive map of customer experience in B2B services is presented in Figure 8. To facilitate
interpretation of the integrative map, a simplified conceptual diagram is presented in
Figure 9.
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Figure 8. Integrative map of customer experience in B2B services.

Source: created by the author; published in Raisys (2026).
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Figure 9. Simplified conceptual diagram of customer experience phenomenon in B2B services.

Source: created by the author; published in RaiSys (2026).

Regarding the integrative map presented in Figure 8, it is important to note that the
map is based entirely on the studies from the study pool. The map includes factors with
their relationships explicitly mentioned or depicted in the respective models presented
by the studies from which the grouping of factors into subgroups is synthesized (e.g.,
proxy, layer-based, loyalty, etc.).

As can be seen in the presented map, the antecedent factors are the preconditions
for the formation of the customer experience, i.e., the components. Components, in
turn, create the preconditions for the occurrence of customer experience consequenc-
es. It is worth noting that the antecedent, component, and consequence groups are
arranged in a sequential order, but not all factors are linked. For example, it is not
stated which specific antecedent factors provide the necessary preconditions for the
formation of specific component factors. There are several relationships between com-
ponent and consequence factors. However, there are also several other factors without
clear relationships.

A few concerning observations arise regarding mediators. The logical structuring
of the map revealed that almost all factors with a mediating role belong to one of the
main groups of factors (antecedents or consequences). The only factor, value-in-use,
is a mediator that does not belong to either group. It should therefore be noted that
mediating factors, indicated by rounded corners in the map, are not only found in
the mediator layer, but also in the antecedent and consequence groups. In addition,
the whole subgroup of experience value factors in the consequences group also has
a mediating role, which adds further complexity to the map. In the map, all relation-
ships that have a mediator in their path are color coded to improve visual readability.
Meanwhile, the moderators, which were found to be the least frequently researched in
the study pool, are distinguished by dotted edges in the map. The role of moderators
in the map is most clearly illustrated. They externally influence existing relationships
between certain factors and belong to their own group (i.e., moderators are not found
among the antecedents, components, or consequences).
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However, judging from the presented integrative map, there is a lack of a more
systematic, coherent picture of the investigated phenomenon. When the findings of
studies which investigate the same phenomenon (customer experience in B2B ser-
vices) are carefully integrated, the resulting map is complex, difficult to read and raises
questions. For example, why certain factors are not linked to the factors from further
groups (from antecedents to components, from components to consequences). Also,
how much accuracy is there when relationships between groups are indicated differ-
ently - in some cases the relationship is between specific factors, while in others it is
between clusters of factors and a specific factor (e.g., between the components group
and psychological customer engagement in the consequences group).

The complexity in mapping the phenomenon of customer experience is likely due
to each study in the pool of studies being focused on a narrow, specific subject area.
These areas are where the quantitative and qualitative findings are presented. When
these findings are combined with other validated studies, overlaps or discrepancies
occur. While the presented map integrates scientific knowledge on the phenomenon
of customer experience in B2B services, the question arises how to process this knowl-
edge and prepare it not only for use in science, but also for applicability in practice.

1.3. Relationship of Customer Experience, Loyalty and Repurchase

As evidenced in the integrative map presented in Figure 8, customer experience
leads to many possible outcomes in a transaction between a service provider and their
customer. Since customer experience is modelled by specifying both its internal struc-
ture and its relationships within the system of constructs in which it operates, the
empirical modelling of the construct requires a defined set of outcomes against which
the effects of its dimensions can be established. From among these outcomes, the em-
pirical investigation of this dissertation focuses on two consequences, customer loyalty
and repurchase, based on theoretical prominence, consistent representation across the
SLR’s consequences, and relevance to the research aim. First, loyalty is theoretically
prominent consequence of positive customer experience and is widely regarded as
one of the key objectives of customer-oriented management (Khan et al., 2022; Mas-
carenhas et al., 2006; Oliver, 1999). Second, loyalty and repurchase consistently fig-
ured among the consequences identified in the SLR. Loyalty forms one of the four key
consequence areas, while purchase, repurchase, and customer retention related out-
comes appear within Engagement and Relationships, the most frequently addressed
consequence area (see Table 11). Third, repurchase is the behavioral outcome most
directly linked to business revenue and represents the ultimate behavioral outcome
of the loyalty chain, at which cognitive, affective, and conative loyalty translate into
observable action (Dick & Basu, 1994; Oliver, 1999). Both consequences correspond
directly to the research aim of modelling the effects of customer experience on loyalty
and repurchase in B2B digital services, while the remaining consequences identified in
the integrative map (e.g., organizational benefits such as coordination costs and firm
performance) are conceptually more distant from this focus.
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In addition to these theoretical considerations, a practical constraint reinforces this
focus. To revise and empirically verify the interrelationships between all of the factors
in the map, it would require a significant number of items per each factor, resulting in
hundreds of items for respondents to evaluate. Respondents would then be required
to evaluate their experiences according to hundreds of evaluation items, and calcula-
tions should then be made, all within accepted validity and reliability parameters. This
would require human, time, and monetary resources that exceed those available for
the empirical investigation in this dissertation. Additionally, such investigation’s fea-
sibility is questionable due to the need for respondents to evaluate hundreds of items,
which results in respondent fatigue due to holding focus for an extensive period of
time, impacting consistency throughout given responses. Therefore, on both theoreti-
cal and practical grounds, the further focus of this dissertation is placed on specific
consequences of positive customer experience, particularly customer loyalty and re-
purchase in digital B2B services, while the remaining consequences identified in the
integrative map are left as directions for future research.

1.3.1. Customer experience and loyalty

Achieving customer loyalty is often one of the core business objectives (Khan et
al., 2022; Mascarenhas et al., 2006). As shown in Figure 8, customer experience leads
to loyalty factors, such as word-of-mouth, commitment, brand loyalty, etc. To obtain a
more complete list of factors pertaining to loyalty, the literature should be explored to
see how it is defined, how does it develop, and what intermediaries (mediators, mod-
erators) exist between customer experience and loyalty.

Customer loyalty is defined as customer’s cognitive, affective, and conative com-
mitment to the brand, service, or a company, leading to behavioral outcomes such
as repeated patronage, positive word of mouth, and resistance to switching service
providers regardless of the competitive offerings from other companies (Morgan &
Hunt, 1994; Oliver, 1999). Importantly, however, customer’s repeated purchases do
not necessarily imply loyalty. Since behavioral loyalty is only one of its stages, loyalty
can exist without behavioral outcomes such as repeated purchases. Instead, loyalty
can be rooted in psychological commitment, resulting in feelings of satisfaction and a
sense of perceived value over time (Mittal et al., 2023; Yum & Yoo, 2023). Furthermore,
frequent repurchases do not always stem from psychological commitment (H. Han et
al,, 2011). For this reason, different loyalty stages and repeated purchasing behavior is
preferred to be studied in relation to each other, but as distinct constructs.

According to widely academically accepted conceptualization proposed by Oliver
(1999), the development of customer loyalty goes through stages and starts with cog-
nitive loyalty, developing into affective, conative, and finally, behavioral loyalty. Cogni-
tive loyalty is analytical, utilitarian, based on comparing the costs and benefits of an of-
fering. It is a foundational loyalty stage, nudging customers towards subsequent loyalty
stages. Cognitive loyalty is influenced by customer’s perceived quality and value, brand
trust and brand image (Aydin & Ozer, 2005; Chaudhuri & Holbrook, 2001; Lam et al.,
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2004; Mustofa & Nuvriasari, 2024).

Affective loyalty is rooted in feelings and emotions. While cognitive loyalty initi-
ates the progression through the loyalty stages, affective loyalty builds upon it by fos-
tering customer’s emotional connection to the company or a service. Affective loyalty
is directly influenced by positive customer experience (Brakus et al., 2009; Loureiro &
Sarmento, 2018; Srivastava & Kaul, 2016), as well as brand trust, satisfaction, effective
communication, and word-of-mouth (Delgado-Ballester & Luis Munuera-Alemdn,
2005; Pritjahjono et al., 2023).

Conative loyalty stems from the interplay of both cognitive and affective loyalty
(Back & Parks, 2003; H. Han et al,, 2011; Kim et al., 2013). Conative loyalty is a cus-
tomer’s conscious intention to act in favor of a company, and is a critical stage in the
progression through loyalty stages, acting as a precursor to behavioral loyalty (Kim et
al., 2013). However, conative loyalty does not always transition into behavioral loy-
alty because of situational factors, such as price changes (Oliver, 1999), availability
of a service (Dick & Basu, 1994), or characteristics of the purchase cycle (Pan et al.,
2012). While such constraints are logical and objective, the aforementioned reputable
researchers consider them too context-specific and dependent on the individual cir-
cumstances of the buyer that they are essentially beyond the control of either the buyer
or the service provider.

Behavioral loyalty is expressed in customer’s actions, showcasing their commit-
ment to the company, which can be expressed through positive word-of-mouth or
repeat purchases (Aydin & Ozer, 2005; Pritjahjono et al., 2023). However, while be-
havioral loyalty is often measured through repeat purchases, such equation might
sometimes be misleading without analyzing the underlying motivations. For example,
repeat purchase might happen out of convenience or habit (Liu-Thompkins & Tam,
2013; Saini & Singh, 2020). Therefore, a wider picture around influences on loyalty and
repeat purchasing should be analyzed to avoid such mistake, by analyzing mediators
and moderators in between such interrelationships.

Customer experience and loyalty have a complex relationship with various mod-
erators and mediators playing their role between the two constructs. One such media-
tor is customer satisfaction, which is influenced by customer experience and trust, and
influences customer loyalty in turn (Jeon et al., 2021; Kamath et al., 2020; Ogunnaike
et al, 2022; Roy et al,, 2019). It acts as a bridge between trust, positive customer ex-
perience and loyalty. Similarly, value-in-use, perceived value and brand equity serve
as mediators between customer experience and loyalty as well (Kamath et al., 2020;
Lemke et al., 2011), with perceived value being a mediator between experience qual-
ity and cognitive loyalty (Meitria et al., 2024). Since brand equity relates to customer’s
perceptions and evaluations of the brand, it is linked to cognitive loyalty. Furthermore,
customer experience is connected to loyalty through satisfaction (Kamath et al., 2020;
Roy et al., 2019). Satisfaction also has a positive mediating effect between customer
experience and affective loyalty (Saputra et al., 2023). Emotional engagement mediates
between customer experience and affective loyalty by developing an emotional attach-
ment to a brand (Iglesias et al., 2011). These mediators affect the path that leads the
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customer from their experience with the service towards loyalty to the company. They
either strengthen or weaken loyalty outcomes.

Moderators, affecting the strength and polarity of the relationship between two fac-
tors are also found in the links between customer experience and loyalty. For example,
an organization’s ability to quickly adapt to changing environment and quick decision
making plays a significant role in customer’s intentions of repeat purchases (Jang et
al.,, 2022). Customer knowledge sharing may affect how customer experience is trans-
formed into customer loyalty, since prior research suggests that customer knowledge
can affect loyalty formation and that customer knowledge sharing can moderate rela-
tionships between service experience and its consequences (Chiou et al., 2002; Jang et
al,, 2022). Finally, switching costs play a moderating role in the relationship between
customer experience and cognitive loyalty (Homburg & Tischer, 2023).

Summarizing, positive customer experience results in various outcomes, which
lead to loyalty by influencing customer’s perceptions at different loyalty stages. While
it was found that positive customer experience rarely results in loyalty or repurchase
without intermediary factors in between, it can otherwise be the stated that customer
experience can lead to either or both loyalty and repurchase. Loyalty evolves through
its different stages, ultimately resulting in behavioral outcomes such as word-of-mouth
or repurchase, while also the act of repurchasing itself can be motivated by positive
customer experience without customer’s loyalty in play.

1.3.2. Conceptual model and hypotheses development

The observations made in previous sections of this dissertation enable the model-
ling of the influence of customer experience on loyalty and repurchase outcomes. The
relationships identified in Sections 1.2.2. and 1.3.1. are formulated as hypotheses for
empirical testing. Hypotheses represent the links between constructs and are specified
as direct effects, as well as mediating or moderating relationships between variables.
The 20 formulated hypotheses, labelled as HI-H16, constitute the conceptual model
for empirical testing.

The academic literature widely acknowledges the influence of customer experi-
ence on service-related outcomes, but it rarely distinguishes between its cognitive and
affective dimensions. Thus, the relationships between customer experience and its re-
lated constructs must be explicitly attributed to one of these dimensions. To enhance
conceptual clarity, these relationships are assigned to either the cognitive or affective
dimension of customer experience.

Drawing on service quality theory, customers cognitively evaluate service expe-
riences by comparing their perceptions with prior expectations (Parasuraman et al.,
1988). These cognitive evaluations provide the basis for perceived value, which reflects
customers’ assessment of the benefits received in relation to the costs or sacrifices as-
sociated with the offering. Since cognitive loyalty is an early stage of loyalty, based
on evaluations of a service provider’s superiority among other service providers (Oli-
ver, 1999), perceived value is expected to strengthen cognitive loyalty by reinforcing
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customers’ rational assessment of expected benefits from the service provider. Prior
research presents evidence that perceived value positively influences customer loyalty
(Yang & Peterson, 2004). Therefore, perceived value is hypothesized to mediate the
relationship between cognitive customer experience and cognitive loyalty (H1).

Affective customer experience generates emotional responses and brand-related
meanings. These emotional responses and meanings shape how customers subjective-
ly evaluate a company’s offering beyond its objectively measured value (Aaker, 1996;
Verhoef & Lemon, 2013). In this case, brand equity reflects the additional value that
customers attach or subtract from the offering because of their experiences with the
brand. Therefore, when customers form positive emotional responses and brand-re-
lated meanings from their experience, these responses may strengthen brand equity.
Since cognitive loyalty is based on customers’ belief-based assessment of the provider
(Oliver, 1999), brand equity may further support the formation of cognitive loyalty by
strengthening customers’ evaluation of the service provider and its offering (Kamath
et al,, 2020). Thus, brand equity is hypothesized to mediate the relationship between
affective customer experience and cognitive loyalty (H2).

Value-in-use refers to the cognitive evaluation of the actual benefits derived from
a service, rather than the benefits expected before service use (Sandstrom et al., 2008).
Since cognitive customer experience shapes how customers assess these actual ben-
efits, value-in-use is expected to strengthen customers’ belief that continuing the rela-
tionship with the provider is worthwhile. Accordingly, value-in-use is hypothesized to
mediate between cognitive customer experience and cognitive loyalty (H3).

Positive emotional experiences with a service can lead customers to form an emo-
tional attachment to the brand. Because the customer feels emotionally connected
to the provider and its services, this attachment can strengthen affective loyalty (He,
2023; Iglesias et al., 2011). Also, since habits develop through repeated behavior that
becomes more automatic over time (Verplanken & Aarts, 1999), emotions-driven re-
peated engagement with the provider is expected to form a habit. As a result, emotion-
al attachment to a brand is hypothesized to mediate the relationship between affective
customer experience and habit (H4a), and between affective customer experience and
affective loyalty (H4b).

Customer satisfaction, which reflects how well the service meets or exceeds cus-
tomer’s expectations (Oliver, 1977), and trust mediate the relationship between cus-
tomer experience and loyalty. Since cognitive customer experience influences cus-
tomer’s evaluations, it may affect satisfaction. A satisfied customer is more emotion-
ally committed to the service provider and willing to purchase services again (i.e.,
strengthening affective and conative loyalty dimensions) (Roy et al., 2019; Saputra et
al.,, 2023). Similarly, positive affective experience may make the service provider appear
reliable and well-intentioned (i.e., trusted) (Morgan & Hunt, 1994). As a consequence,
this trust raises the chances for the customer to evaluate the service positively, influ-
encing satisfaction with the service (Jeon et al., 2021). Based on these observations,
customer satisfaction is hypothesized to mediate the relationship between cognitive
customer experience and affective loyalty (H5a), between trust and affective loyalty
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(H5b), and between cognitive customer experience and conative loyalty (H5c). Trust
is hypothesized to mediate the relationship between affective customer experience and
satisfaction (H6).

Positive cognitive evaluations, stemming from the customer’s experience with the
service, increases the chances for the customer to perceive using a particular service
provider to be convenient, meaning spending less time and effort when sourcing a
service (Seiders et al., 2007). In turn, convenience, which makes the decision-making
simpler for the customer, may steer the customer towards repeated purchasing, al-
though such purchasing has also been associated with situational rather than genu-
inely loyal patronage (Saini & Singh, 2020). Therefore, cognitive customer experience
is hypothesized to influence repurchase behavior through convenience as a mediator
(H7). Since conative loyalty influences repurchase intentions (Oliver, 1999), and re-
purchase intentions increase the likelihood of repurchase behavior (Limayem et al.,
2007), it is hypothesized that the relationship between conative loyalty and repurchase
behavior is mediated by repurchase intentions (H8).

Considering the contextual conditions which may affect the strength and direc-
tion of a relationship between two constructs, switching costs, firm’s organizational
agility, and customer knowledge sharing are distinguished as moderators in the path
from positive customer experience towards loyalty and repurchase outcomes. Switch-
ing costs, which put financial, time, and effort constraints on the customer-provider
relationship, may positively or negatively affect customer’s cognitive attitude towards
the provider. Scientific evidence on its role is mixed, as Homburg & Tischer (2023)
found that switching costs strengthen the effect of customer journey management
capability on loyalty in B2B settings, while Yang & Peterson (2004) found no such
interaction, and Aydin & Ozer (2005) identified switching costs as a direct antecedent
of loyalty rather than as a contextual condition. Thus, switching costs are expected
to moderate the relationship between cognitive customer experience and cognitive
loyalty (H9). Organizational agility describes the service provider’s ability to quickly
respond and adapt to market changes (Sambamurthy et al., 2003), signaling to cus-
tomers that the expected service outcomes can be ensured by timely and appropriate
decisions throughout service provision and beyond. Although agility is a provider-side
organizational capability, this dissertation examines it from the customer’s perspec-
tive. Customers can evaluate such capability by observing its consequences, such as
timely responses, rapid adaptation to their needs, continuity of service delivery, etc.
While Jang et al. (2022) position organizational agility as a mediator in the relationship
between customer experience and repurchase intentions, this dissertation examines
whether perceived organizational agility strengthens or weakens this relationship. Ac-
cordingly, firm’s organizational agility is hypothesized to moderate the relationship
between cognitive customer experience and repurchase intentions (H10).

Customer knowledge sharing refers to customers’ feedback about a service to the
provider and other customers. Chiou et al. (2002) demonstrated that the customer’s
level of knowledge about a service shapes how loyalty is formed, while Jang et al. (2022)
found customer knowledge sharing to moderate the relationship between service
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experience and organizational agility. Since active knowledge sharing cognitively in-
volves customers more deeply in the service details, it is hypothesized to moderate the
relationship between cognitive customer experience and conative loyalty (H11).
Finally, the model incorporates Oliver’s perspective on sequential loyalty develop-
ment (Oliver, 1999), according to which, cognitive loyalty influences affective loyalty
(H12), which in turn influences conative loyalty (H13), and subsequently behavioral
loyalty (H14). Word-of-mouth and repeat purchasing are behavioral manifestations
of loyalty (Dick & Basu, 1994; Pritjahjono et al., 2023) and are often combined into a
single, aggregated loyalty measure (Yang & Peterson, 2004). Following Oliver’s (1999)
dimensional view of loyalty adopted in this dissertation, behavioral loyalty is modeled
as a distinct construct, and these manifestations are examined as separate outcomes
rather than as indicators of loyalty itself. It is proposed that behavioral loyalty captures
the customer’s continued behavioral preference for a provider, which include consist-
ent collaboration, substantial share of spending, along with variety of services used,
which is distinct from customer advocacy (word-of-mouth) (Buttle, 1998) and from
repeat purchasing as the actual fact of repeated purchasing over time. Since customers
who consistently do business with a certain provider are more likely both to recom-
mend it and to keep purchasing from it (Pritjahjono et al., 2023), behavioral loyalty is
hypothesized to influence word-of-mouth (H15a) and repurchase behavior (H15b).
In addition, habit can play a role in repurchasing behavior independently from loy-
alty stages, since repurchasing behavior can become more automatic over time (Ver-
planken & Aarts, 1999). Limayem et al. (2007) demonstrated the relevance of habit
for continued usage behavior by modelling it as a condition that reduces the power of
intention. In this dissertation, however, habit is specified as a direct antecedent of re-
purchase to assess its influence alongside, rather than upon, the intention-based path.
Accordingly, repurchase behavior is expected to be influenced by habit (H16).

79



Figure 10. Conceptual model of customer experience effects on loyalty and repurchase in B2B
services.

Source: created by the author.

Combining the hypotheses presented in this section, a conceptual B2B service cus-
tomer experience-loyalty relationship model is developed (see Figure 10) based on
insights from the broader B2B service customer experience literature, encompassing
both digital and non-digital service contexts. The model is subsequently empirically
tested in the context of digital B2B services in accordance with the formulated hypoth-
eses.
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II. EMPIRICAL RESEARCH METHODOLOGY OF CUSTOMER
EXPERIENCE MODELLING IN B2B DIGITAL SERVICES

This chapter describes the research philosophy adopted in the empirical investiga-
tion, and outlines the research methods applied, detailing on how the research instru-
ment was developed and implemented. It describes how theoretical constructs were
transformed into measurable items, how established scales from prior studies were
adapted, and outlines the procedures used for sampling and data collection. This chap-
ter establishes the foundation for the subsequent chapter presenting the results of the
empirical investigation from which the discussion and findings are formed.

As evidenced in the literature review, research on customer experience remains
focused on the B2C context, while the practical evidence shows that the relevance
of insights concerning B2B relationships have significantly increased through the last
three decades. In addition, researchers acknowledge that applying the results of B2C
research to B2B practice is problematic due to the fundamental differences among
the actors within such relationships. Furthermore, the SLR has shown that very few
customer experience studies empirically test differentiated customer experience di-
mensions. In addition, mediating and moderating pathways are rarely examined in
B2B customer experience research (see Section 1.2.2.), even though they may play an
important role alongside the direct effects of experience on customer outcomes.

To address these gaps, this dissertation presents a conceptual model for empirical
testing in which customer experience is differentiated into two dimensions, cogni-
tive and affective. The model treats customer experience as the starting point of the
examined sequence and does not include its antecedents, since the research aim con-
cerns the mechanisms through which customer experience translates into loyalty and
repurchase outcomes, rather than the conditions under which the experience itself is
formed. The behavioral component of customer experience is represented as the mani-
festation of loyalty and repeat purchase outcomes. The pathways between the dimen-
sions of customer experience and customer outcomes are modeled using mediating
pathways and moderating factors, with the goal of comprehensively investigating not
only whether customer experience leads to loyalty and repeat purchases, but rather
how, through which intermediate mechanisms, this effect manifests itself. Such model
cannot be validated based on existing research, as no study has covered the proposed
set of constructs and their relationships in the context of B2B digital services.

Accordingly, the object of the empirical study is the direct and indirect effects of
customer experience on loyalty dimensions and repurchase outcomes through rel-
evant mediating and moderating mechanisms within the context of B2B digital ser-
vices. The aim of the empirical study is to empirically test the hypothesized direct, me-
diating, and moderating effects between customer experience dimensions, mediating
constructs, loyalty dimensions, and repurchase outcomes in B2B digital service set-
tings. To achieve this aim, the following tasks of the empirical study were established:
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1. To select and justify the analytical methods capable of testing the proposed
conceptual model empirically.

2. To operationalize the constructs detailed in the conceptual model into meas-
urement items grounded in prior research and verify their suitability through
expert review.

3. To specify the structural model and to collect the data from individuals who
make or influence decisions within their organizations regarding evaluation
and purchasing of B2B digital services.

4. To assess the measurement and structural models, including the testing of hy-
pothesized direct, mediating, and moderating effects.

5. To identify the necessary conditions for achieving the final goal specified in the
model, repurchase.

The first task is addressed in Sections 2.1. and 2.2.; the second task in Sections
2.3.1. and 2.3.2.; the third task in Sections 2.4. and 2.5.; and fourth and fifth tasks are
addressed in Part III of this dissertation.

2.1. Research philosophy and methodological approach

The philosophy of the empirical study is selected according to the research prob-
lem, objectives, theoretical assumptions, and the nature and characteristics of the re-
search object (Saunders et al., 2019). Customer experience is not directly observable,
as it is a subjective interpretation of the customer-provider relationship. Accordingly,
the empirical study is conducted through a post-positivist lens, which manifests itself
in several features of the research design. First of all, the conceptual model devel-
oped for testing with empirical data reflects a reductionistic approach to construct-
ing a complex phenomenon such as customer experience along with its outcomes in
small, individual variables. Also, all constructs in the conceptual model, such as cogni-
tive and affective customer experience, are considered latent (unobservable) and can
be measured only indirectly through observable indicators (Jarvis et al., 2003). Fur-
thermore, the study design allows for the potential rejection of hypotheses. Together,
these features reflect the philosophy of post-positivism (Creswell & Creswell, 2017).
In addition, complete objectivity is not assumed to be attainable. Instead, obstacles to
objectivity are identified and mitigated through appropriate procedures, including an
expert review of the measurement items (see Section 2.3.2.). The empirical findings are
interpreted within a defined research context of B2B digital services, therefore their
generalizability beyond this context is treated with caution (Bell et al., 2022). Since the
empirical study aims to test the effects among constructs whose structural relation-
ships are derived from the existing literature, deductive logic is applied, by which the
hypotheses developed in Section 1.3.2. are tested with empirical data.

Based on the philosophical approach of the investigation, a quantitative research
approach was chosen. This approach was selected because the aim of the empirical
investigation is to test the hypothesized relationships simultaneously and to compare
their strength, including mediation and moderation effects (Creswell & Creswell,
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2017). The qualitative approach was rejected because it would be more suitable for
analyzing how customer experience is interpreted by customers, rather than for testing
predetermined hypotheses. Meanwhile, a mixed-methods approach, which includes
analysis of bot qualitative and quantitative data, was not adopted because an additional
qualitative phase was not necessary for the empirical aim. The exploratory component
had already been completed during the theoretical stage through bibliometric analysis
and SLR (Sections 1.2.1. and 1.2.2.), while the qualitative validation of the measure-
ment instrument is fulfilled through an expert review.

The collected data is cross-sectional. It allows for testing hypothesized relation-
ships but does not allow insight into how customer experience and its outcomes
change over time, which is acknowledged as a limitation of the empirical research of
this dissertation.

To position the methodological choices of this dissertation’s empirical investiga-
tion within the research field, all 11 quantitative studies included in the SLR study
pool (see Table 7) were reviewed. Table 14 summarizes the methodological decisions
of these studies.
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Table 14. Methodological decisions in previous quantitative studies of customer
experience in B2B context.

Data type

Analytical methods

Cross-sectional

Exploratory factor analysis,
correlation analysis,
multiple regression

Structural equation
modelling

Structural equation
modelling

Structural equation
modelling

Structural equation
modelling

Factor analysis, structural
equation modelling

Exploratory factor analysis,
multiple regression

Partial least squares
structural equation
modelling, multigroup
analysis

Partial least squares
structural equation
modelling

Partial least squares
structural equation
modelling

Publication | Data collection

Madaleno et Questionnaire

al., 2007

Biedenbach

& Marell, Questionnaire

2010

Zhang et al., . . .

2016 Questionnaire of paired firms

McLean, Online experiment with an

2017 accompanying questionnaire

Woo etal, Questionnaire

2019

Roy et al,, Questionnaire from three

2019 separate samples

Zeeshan et Questionnaire

al,, 2019 "

Human et Questionnaire

al., 2020

Jang et al., . .

2022 Questionnaire

Cepeda-

Carrion et Questionnaire

al., 2023
Questionnaire matched with

Weiger, 2023 behavi.oral data from .web
analytics tool and national
culture indicators

Cross-sectional
with behavioral
data captured
one week later

Confirmatory factor
analysis, simultaneous
equation modelling

Source: compiled by the author.

As shown in Table 14, quantitative research on customer experience predominant-
ly relies on questionnaire method of data collection, and the data is in all analyzed
cases cross-sectional. Only McLean (2017) stands out by conducting an online ex-
periment alongside the questionnaire, while Weiger (2023) supplements the question-
naire responses with behavioral data obtained from a web analytics tool. The dominant
analytical method is structural equation modelling, with more recent studies applying
its more recent variant, PLS-SEM. The methodological choices of this dissertation’s
empirical investigation therefore correspond to the established practice of the research
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field, where structural equation modelling is the dominant analytical method.

Based on the properties of the conceptual model for empirical testing, structural
equation modelling was selected as the analytical method for the empirical investiga-
tion. The conceptual model’s constructs are latent and measured through indicators,
and the relationships between them form a system that has to be estimated as a whole,
including several mediating and moderating relationships. Other closely related meth-
ods, such as correlation or regression, are not suitable for such evaluation. The choice
between covariance-based and variance-based variants of structural equation model-
ling is addressed in the following section.

2.2. Empirical analysis methods: Partial Least Squares Structural
Equation Modelling (PLS-SEM) and Necessary Condition Analysis (NCA)

Since the focus of the empirical investigation is on the modelling of customer
experience and its outcomes in digital B2B services, the methodological approach
must be capable of capturing complex, interdependent relationships between multi-
ple constructs. Customer experience and its consequent outcomes related to loyalty
and repurchase behavior cannot be observed directly, as they must be inferred from
underlying observed measures. Thus, analytical approaches based on single-equation
techniques, such as multiple regression or correlation-based analyses were deemed
insufficient, as they do not support the explicit modelling of latent constructs nor the
simultaneous assessment of measurement quality and structural relationships within
a single model.

Structural Equation Modelling (SEM) is a multivariate technique used to inves-
tigate complex relationships among observed and latent variables. It is based on the
principles of factor and multiple regression analyses, enabling researchers to assess
both measurement quality and the hypothesized structural relationships within a sin-
gle framework (Hair et al., 2021). SEM is particularly valuable in social sciences such
as management, where theoretical constructs such as trust, customer experience, or
organizational agility cannot be measured directly and must be inferred from multiple
observed indicators.

The two most common SEM approaches are Covariance-Based SEM (CB-SEM)
and variance-based, Partial Least Squares SEM (PLS-SEM). While they both rely on
similar conceptual foundations, they have different analytical focus. CB-SEM is con-
firmatory in nature, meaning it focuses on reproducing the relationships (covariances)
between variables and assessing how well overall model fits the data (Hair et al., 2019).
In other words, CB-SEM tests whether the collected data fits an already well-estab-
lished theoretical model under the assumption of data normality and large sample siz-
es (Gefen et al., 2000). PLS-SEM, in contrast, allows, to some extent, non-normal data,
smaller sample sizes, is variance-based and primarily prediction-oriented. Its objective
is to maximize the explained variance (R*) of the examined (dependent) constructs,
making it more suitable when the research aims to explore theoretical relationships,
extend existing frameworks, or model complex interactions with both formative and
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reflective constructs (Hair et al., 2021; Sarstedt et al., 2020).

Considering the theory-testing nature and the high complexity of the proposed
model in this dissertation, as well as the inclusion of a formative construct, PLS-SEM
was the appropriate methodological choice. In CB-SEM, the default measurement
logic is reflective, assuming that the indicators of a construct share a common under-
lying cause. Formative constructs follow the opposite logic, as their indicators jointly
form the construct rather than reflect it (Diamantopoulos & Winklhofer, 2001). Such
constructs can also be estimated using a covariance-based framework, but it would
require an additional specification and identification of conditions, while PLS-SEM
estimates formative measurement models without these constraints. PLS-SEM is also
resilient to deviations from normality, making it particularly advantageous for behav-
ioral data gathered through surveys using Likert-type scales.

PLS-SEM features two closely related models: measurement model and structural
model. Measurement model shows how well the measurement indicators, or items,
represent the according latent variables. For reflective constructs, a latent variable
(e.g., cognitive customer experience) is reflected by several interrelated items. In con-
trast, formative constructs are latent variables that are measured using several items
that capture different aspects to form the latent variable. In other words, measurement
model, often referred as the outer model, focuses on observed indicators rather than
on the constructs whose relationships are studied. In contrast, the structural model, or
inner model, is used to assess the hypothesized relationships between the constructs
and focuses on the latent variables representing the theoretical framework of the study.

All model estimations reported in this dissertation were calculated using SmartPLS
4 software (Ringle et al., 2024). PLS-SEM can be performed by a range of software ap-
plications and the choice among them does not impact the estimation logic. Therefore,
SmartPLS 4 was selected because SmartPLS is among the most widely used, compre-
hensive applications for conducting PLS-SEM analyses (Sarstedt & Cheah, 2019) and
supports both PLS-SEM and necessary condition analysis (NCA) calculations. Before
the assessment of measurement and structural models, the risk of common method
bias (CMB) is addressed through procedural remedies applied during data collection
and examined using collinearity statistics at both the indicator and the construct level,
where variance inflation factor (VIF) values below 3,3 indicate no inflated collinearity,
with 5,0 treated as an upper acceptable limit (Hair et al., 2021). If no CMB is found, the
assessment of measurement and structural models can be proceeded.

For reflective constructs, reliability and validity are examined by assessing indica-
tor loadings, internal consistency reliability (using Cronbach’s alpha, Dijkstra-Hense-
ler’s rho and composite reliability), convergent validity (using Average Variance Ex-
tracted, AVE), and discriminant validity (using heterotrait-monotrait ratio, HTMT).
For formative constructs, indicator weights and their significance are evaluated, along
with tests for multicollinearity, using the Variance Inflation Factor (VIF). In forma-
tive measurement assessment, indicators with non-significant weights may still be re-
tained when their loadings indicate a meaningful absolute contribution to construct
formation (Hair et al., 2022). For Type II reflective—formative higher-order constructs

86



without a global reflective measure, convergent validity is inferred from the theoreti-
cal grounding linking the underlying dimensions to the higher-order construct, their
prior empirical validation, and the assessment of multicollinearity together with the
significance and relevance of formative weights (J.-M. Becker et al., 2012; Duarte &
Amaro, 2018).

Indicator loadings show how strongly each observed item reflects its underlying
construct, while indicator weights show how strongly each indicator contributes to
the formation of latent variable, revealing most important items. Cronbach’s alpha and
composite reliability help assess if all indicators are consistent with each other, and VIF
checks if indicators are not too highly correlated with each other, therefore providing
unique and non-overlapping information. AVE shows whether a construct explains
more variance in its indicators than the variance caused by random error, confirming
that the indicators belong to that construct. Finally, HTMT ratio is used to check if all
constructs in the model are distinct from each other, ensuring that they are not over-
lapping. For conceptually similar constructs, HTMT values below 0,90 are considered
indicative of acceptable discriminant validity (Henseler et al., 2015).

During the assessment of measurement model, the model is revised accordingly
to the observed metrics, for example, by removing measurement items to increase the
loadings of other indicators or because the AVE of certain items are below the required
threshold. Once the measurement model demonstrates satisfactory reliability and va-
lidity, the researcher can proceed to the assessment of the structural model.

The structural model is assessed through VIF check among the constructs (check-
ing if the latent variables are unique and not too correlated to each other), evaluating
path coefficients () which indicate the strength and direction of each relationship
between constructs. The statistical significance of the relationships is tested through
the bootstrapping procedure, which uses repeated resampling to generate confidence
intervals and p-values for all estimated paths. This approach does not assume data
normality, making it particularly suitable for PLS-SEM analysis. The coeflicient of de-
termination (R?) is then assessed, to evaluate model’s explanatory power by measuring
how well the exogenous (independent) constructs explain variance in the endogenous
(dependent) constructs. Generally, the R? values of 0,75, 0,50, and 0,25 are interpreted
as substantial, moderate, and weak explanatory power, respectively (Hair et al., 2022).
However, R? values should be interpreted as guidelines rather than strict thresholds,
depending on the complexity of PLS-SEM model (i.e., the number of constructs and
indicators) (Henseler et al., 2009), since models with higher number of constructs and
relationships tend to exhibit generally lowered R? values. To account for the inflation
of explained variance that may result from a larger number of predictors, adjusted R* is
additionally assessed as a more conservative measure, as it adjusts the explained vari-
ance relative to the number of predictors and sample size.

Effect sizes (f*) indicate how much each exogenous construct contributes to the
explanation of an endogenous construct’s variance, while predictive power (Q*predict)
is used to assess the model’s ability to predict values of constructs with new data
compared to the data from observed sample. Out-of-sample predictive power is
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additionally assessed using the PLSpredict procedure. While R? values indicate the
explanatory power of the model within the observed sample, PLSpredict evaluates the
model’s predictive performance for out-of-sample observations. Following the recom-
mendations of Shmueli et al. (2019), the procedure is conducted using 10-fold cross-
validation with 10 repetitions. Since the structural model includes multiple mediating
constructs, predictive assessment is performed using the Direct Antecedents (DA) pre-
diction mode, which incorporates both antecedents and mediators as predictors when
generating model predictions. The procedure produces Q*predict values for indicators
of endogenous constructs, as well as prediction errors for the PLS-SEM model. To as-
sess predictive performance, PLS-SEM prediction errors are compared against those
generated by a linear model benchmark. When the distribution of prediction errors
is sufficiently symmetrical, root-mean-square error (RMSE) is used as the primary
evaluation criterion. Lower prediction errors for the PLS-SEM model relative to the
benchmark indicate predictive relevance and allow predictive power to be interpreted
as none, low, medium, or high.

Unlike in the refinement of the measurement model, where low-loading indicators
may be removed to improve measurement quality, structural paths represent theoreti-
cally derived hypotheses and are therefore retained even when individual relationships
are statistically non-significant. This ensures a comprehensive empirical assessment
of all proposed direct, mediating, and moderating mechanisms within the conceptual
model (Hair et al., 2022; Nitzl et al., 2016).

Once the measurement and structural models have been validated, the testing
of indirect (mediation) and conditional (moderation) effects is carried out. Media-
tion analysis shows whether the effect of one construct on another operates through
an intervening variable (mediator). The analysis of Specific indirect effects and To-
tal indirect effects quantify how much of the relationship between two constructs is
transmitted through one or several mediators. Following the framework offered by
Zhao et al. (2010), each mediating path is further classified according to the mediation
type: Complementary (both direct and mediated effects point to the same direction),
Competitive (direct and mediated effects point to opposite directions), Indirect-only
(mediated effect exists, but not the direct effect), Direct-only (direct effect exists, but
not the indirect effect), and No-effect (neither mediated, nor direct effects exist). Serial
mediation extends this logic by including more than one mediator in sequence, allow-
ing the researcher to capture multi-step mediation effects (e.g., cognitive customer
experience influencing conative loyalty through trust and customer satisfaction).

Moderation analysis, on the other hand, explores whether the strength or direc-
tion of a relationship between constructs changes depending on the level of another
construct, i.e., the moderator. Given that interaction effects in PLS-SEM are typically
small, lower threshold values are applied for interpretation, with 0,005 for small, 0,01
for medium, and 0,025 for large effects (Hair et al., 2022). When both mediation and
moderation effects are in the same path between two constructs, the framework is
referred to as moderated mediation, showing whether an indirect effect varies across
moderator levels (Baron & Kenny, 1986).
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The analytical framework applied in this empirical study follows the methodologi-
cal principles established in recent PLS-SEM literature (e.g., Hair et al., 2021; Nitzl et
al,, 2016). PLS-SEM is especially appropriate for management research contexts that
involve theory development rather than strict model confirmation, has non-normal
data, and includes of both formative and reflective constructs. Moreover, its emphasis
on variance explanation and predictive accuracy aligns with the practical nature of
customer experience research, as PLS-SEM helps to uncover how and through which
mechanisms customer experience drives loyalty and behavioral intentions, rather than
(in case of CB-SEM) testing whether the collected data perfectly confirm an existing
theoretical model.

In addition to sufficiency-based logic of PLS-SEM, a necessary condition analysis
(NCA) is employed as a complementary analytical technique to assess whether specific
conditions are required for achieving higher levels of the focus construct of the empiri-
cal study, i.e., repurchase. While PLS-SEM explains structural relationships between
constructs and identifies explanatory mechanisms, NCA presents a necessity logic by
identifying which constructs act as constraints for the achievement of a desired out-
come.

Since repurchase is the primary ultimate behavioral outcome in this dissertation’s
empirical study, NCA is applied specifically for repurchase construct. The analysis is
conducted by using latent variable scores from the final PLS-SEM model (after the
assessment of both measurement and structural models). In line with NCA methodol-
ogy (Dul, 2016), to estimate the necessity effects, the Ceiling Envelopment-Free Dis-
posal Hull (CE-FDH) technique is used to estimate necessity effects, while statistical
significance is assessed through permutation testing.

Necessity effects are evaluated using effect size (d), with values below 0,10 indicat-
ing weak effects, values between 0,10 and 0,30 indicating moderate effects, and values
above 0,30 indicating large effects (Dul, 2016). While the full NCA results are retained
in dissertation’s annexes for completeness, the main interpretation emphasizes at least
medium effects due to their greater practical relevance. For further interpretation of
statistically significant necessity effects, bottleneck analysis is conducted to determine
minimum levels of necessary conditions to achieve different levels of the outcome (re-
purchase).

In summary, PLS-SEM was selected because it provides a framework that accom-
modates complex causal structures and multiple construct measurement types, and
allows for reliable estimation and testing of direct, indirect, and moderating effects.
Therefore, this method offers a rigorous yet adaptable foundation for empirically test-
ing the proposed conceptual model of customer experience and its impact on loyal-
ty-related outcomes in a B2B digital service context. To complement the sufficiency-
based logic of PLS-SEM, additionally employed NCA was used to identify minimum
enabling conditions associated with higher repurchase outcomes.
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2.3. Survey instrument development

2.3.1. Construct measurement items

Based on thorough literature review, a questionnaire was developed using items
that measure the constructs in the structural model. Each of the constructs in the
structural model was measured through items which reflect or form a measured con-
struct. The choice of reflective or formative measurement mode for constructs follows
decision rules by Jarvis et al. (2003). It is accepted that if prior research does not offer
measurement for a construct, a researcher should create their own measurement of the
construct (Hair et al., 2006). Thus, most measurement items from scientific literature
were either adapted to fit the context of digital B2B services or, if items were already fit
for use, were directly applied in empirical research of this dissertation. New measure-
ment items were developed for constructs with limited research on existing measures.
The sources and adaptations of the items for each construct are described below. The
final wording of the items was established only after the expert review procedure. The
complete set of measurement items is presented in Section 2.3.2. (see Table 16).

To measure cognitive and affective dimensions of customer experience, items that
correspond to the definition of customer experience as it is defined in this dissertation
were selected. Cognitive dimension refers to customers’ cognitive responses to a ser-
vice, shaping their perception of its value, usefulness, learning experience, and quality
aspects, while the affective dimension involves the feelings and emotions experienced
during service delivery, which translate into affective assessment of the service. Thus,
items from Barbu et al. (2021) were used for the measurement of cognitive and affec-
tive customer experience.

While it is common in research to combine conative and behavioral loyalty dimen-
sions into a single construct and to measure it through the lens of intentionality (Yang
& Peterson, 2004), this dissertation puts an important focus on analyzing the inter-
relationships between different dimensions of both customer experience and loyalty.
Therefore, it was chosen to measure behavioral loyalty using adapted items from X.
Han et al. (2008), which measure not only the intentions of loyal behavior, but evaluate
whether the customer’s behavior itself shows signs of loyalty (for example, consciously
spending more or using particular services more often than those offered by com-
petitors). As discussed in Section 1.3.1. of this dissertation, cognitive loyalty manifests
through customer’s cognitive evaluation of costs and benefits, including the assess-
ment of quality, value, etc. Affective loyalty involves customer’s feelings and emotional
connection with a company, brand or a service. Finally, conative loyalty stems from
conscious intentions of the customer to start or continue using certain services. There-
fore, grounded in this logic, for the measurement of Cognitive, Affective, and Conative
Loyalty, items were adapted from A. Lee et al. (2017) and X. Han et al. (2008). Since
the items in A. Lee et al. (2017) are oriented towards restaurant businesses and those
in X. Han et al. (2008) towards hotels, the items were adapted to fit B2B digital services
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by rewording the statements, but maintaining the same meaning and sentiment. For
example, “The XYZ restaurant provides me superior service quality as compared to
other restaurant brands” was reworded to “The XYZ provides superior service qual-
ity as compared to other firms’, or the item “Compared with other hotels in this city,
I have stayed more at this hotel” was reworded to “Compared with other providers in
this service category, we have done business mostly with XYZ”. The same logic was ap-
plied to all of the items across loyalty dimensions.

Items by Roy et al. (2019) were used to measure Perceived Value, Customer Sat-
isfaction, and Word-of-mouth. The only change made was replacing “Firm X” with
“XYZ” for consistency throughout the questionnaire. As Flint et al. (2002) argues,
perceived value refers to customer’s assessment of a service’s cost and benefits ratio.
In line with the definition of perceived value, items offered by Roy et al. (2019) focus
on comparing the value of the service in terms of price and quality with other service
providers. Based on expectation confirmation theory (Oliver, 1977), customer satis-
faction reflects how service meets or exceeds customer’s expectations, e.g., in terms of
quality, reliability or attitude towards a company and its offerings post receiving a ser-
vice. Therefore, items that are measured relative to the extent to which services meet
the customer’s expectations (e.g. “services of Firm X are excellent”) are suitable for
measuring customer satisfaction. As Buttle (1998) argues, Word-of-mouth is a non-
commercial communication between individuals, pertaining to a company, brand or a
service, often oriented towards sharing either positive or negative attitudes or referrals.
Therefore, items for measurement of Word-of-Mouth fit its definition, as they measure
customer’s determination to spread positive message about a company and its services.

Trust was measured using the items adapted from Gurviez & Korchia (2002), since
they correspond to the widely accepted understanding of what trust is and what are
the attributes of a trustworthy company. As argued by Mayer et al. (1995), trust is a
customer’s willingness to rely on a company to provide services that satisfy important
needs, even without the ability to monitor or control the company’s actions, while
recognizing the associated risks. To be seen as trustworthy, service provider should
show ability (having the skillset and competence to provide the service), benevolence
(company’s employees’ favorable intentions towards the customer), and integrity
(company’s honesty and reliability). Measurement items offered by Gurviez & Korchia
(2002) capture the customer’s assessment of service provider’s ability, benevolence,
and integrity, therefore the items were deemed fit for the measurement of Trust, with
the change of wording from “products” to “services” and “brand” to “XYZ” to ensure
wording consistency with other items in the questionnaire. In addition, “The terms of
buying products from this brand is a guarantee” was adapted to “XYZ is committed to
providing services on agreed conditions” for easier readability by using more explana-
tory wording.

Brand Equity measurement items were adapted from Yoo & Donthu (2001). Based
on widely accepted conceptualizations of brand equity proposed by Aaker (1996) and
Keller (1993), Yoo & Donthu (2001) developed two scales to measure brand equity.
First one, “multidimensional brand equity” scale (or MBE) is, as the name implies,
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multidimensional ten-item scale which incorporates constructs such as brand loyalty,
perceived quality, brand awareness, and brand associations. The second one, “overall
brand equity” (or OBE) is a four-item scale, measuring brand equity more holistically.
Nevertheless, both scales are highly correlated, converging on the same construct,
which is brand equity. Because of this, researchers are free to choose which scale to use
according to their goals of using these scales. To capture specific influences between
constructs where high granularity is required, i.e., focusing on brand equity as one of
the main constructs of a study and where the influence on its dimensions needs to be
detected, MBE scale is better suited. However, when brand equity is not the main focus
of a study but participates as one of the contributory constructs in a larger model, a
unidimensional OBE scale may be more efficient. Thus, since both scales measure the
same construct and the use of unidimensional measurement of brand equity is more
efficient in this empirical study, OBE measurement scale was selected. Only a minor
change was made to the measurement items, which was changing the marking “X” to
“XYZ” for consistency across the questionnaire.

Aligned with the mindset of Service-Dominant Logic discussed in Section 1.1.2. of
this dissertation, Value-in-use was measured using items from Woo et al. (2019). Only
a slight modification to the items were made to ensure consistency across the question-
naire, which was changing of the word “company” to “XYZ”. The items measure three
first-order constructs: experience, personalization, and relationship, which together
form the second-order construct “value-in-use”. All three dimensions are aligned with
Service-Dominant Logic’s foundational premises (see Table 4, Table 16). Experience
dimension highlights the value of experience, use value, benefits, and relates to the
foundational premises FP4, FP6, and FP10. It is measured whether, through the use
of company’s services, the customer’s operant resources (intangibles, such as knowl-
edge or skills) are enriched to solve problems, thus realizing benefits (FP4). Also, the
customer is a co-creator of value, the experience dimension assesses whether the cus-
tomer was able to contribute to the service process during the provision of the ser-
vice, thus contributing to value creation (FP6). In addition, it captures the customer’s
evaluation of their experiences during service provisioning, since the value of the ser-
vice is always determined by the beneficiary (FP10). Further, personalization dimen-
sion underlines customer orientation and relates to foundational premises FP7, FP8,
and FP10. Different customers involve themselves differently in the process of service
provisioning, thus they themselves participate in the creation of value propositions
service providers could offer them (FP7). Also, it is measured if the services in ques-
tion are beneficiary oriented and if they serve individual needs of different customers
(FP8). Lastly, depending on how the user participated, contributed or was otherwise
involved in the realization of value from the service, the benefits, value, or fun are de-
termined by themselves, i.e., by the beneficiary (FP10). Finally, relationship dimension
highlights engagement and interdependence, and relates to foundational premises FP6
and FP8. Value is co-created by multiple actors and manifests through customer’s ac-
tive use of services, therefore customer’s engagement with the service leads to value
enhancement, i.e., realizing increasingly greater benefits over time (FP6), and value

92



enrichment, i.e., provider integrates feedback from the customer’s usage experience
to improve service quality (FP6). Underlining relationship dimension and measur-
ing connectedness of customer with the service provider, it is also assessed whether
the provider truly reflects and relates to the needs of a customer, thus demonstrating
customer-oriented and relational view (FP8).

Emotional Attachment to a Brand was measured using items from Gam et al.
(2023). As Thomson et al. (2005) argue, this attachment is a bond that forms between
a customer and a specific brand, including feelings of affection, passion, and a sense of
connection. Using the aforementioned items, affection is assessed directly (e.g., “I have
a lot of affection for this brand”) and indirectly (e.g., “I find some comfort in buying
or owning this brand”). Passion is addressed through items assessing if customer feels
joy purchasing the brand, and attraction to the brand overall. Sense of connection is
measured through customer’s sense of relatedness to the brand. Based on association
with the definition, the items were found to be appropriate for the measurement of
Emotional Attachment to a Brand.

Items used for measuring Convenience were developed based on dimensions of
service convenience model SERVCON (Seiders et al., 2007). SERVCON can be used
as both a formative, full scale, and a reflective, reduced-item scale to measure service
convenience. Reduced scale offers items along five dimensions: decision, access, trans-
action, benefit, and post-benefit. Full scale further adds several dimensions: satisfac-
tion, shopping enjoyment, product category involvement, and behavioral intentions.
The reduced-item, five-dimension scale should be used in studies where service con-
venience “plays a supporting rather than featured role” (Seiders et al., 2007, p. 154).
The reduced-item scale is also proven to assess the service convenience construct with
the results consistent with the full scale. Therefore, since convenience is a support-
ing construct in this dissertation, the reduced-item, five-dimensional scale of service
convenience was selected. Since the original scale is prepared for use in retail envi-
ronment, the items could not have been applied directly in this dissertation, by their
original wording. Taking the five dimensions and semantic aspects of the original five
items, adapted versions of items that fit the context of digital B2B services were devel-
oped. Decision convenience dimension measures easiness of making buying decision
on the information that is available. Thus, the adapted item measures if the service
provider shares clear information, simplifying decision making process. Access con-
venience dimension in Seiders et al. (2007) offers assessment of convenience to reach
a retail store, including locations and working hours. Since digital services do not have
the attribute of physical location, the corresponding adapted item measures how ac-
cessible is service support when needed. This measure stimulates the respondent to
think about similar accessibility features to the original items — working hours, quick-
ness to reach the support channel or person, point of contact/location (e.g., over the
phone, website, or dedicated service desk, etc.). Benefit convenience dimension meas-
ures the quickness of realized benefits. While the scale focused on retail stores meas-
ures how quickly and effortlessly a customer can find the merchandise, the adapted
item measures how quickly the business customer can see benefits stemming from use
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of a service. Transaction convenience dimension assesses if the payment takes little
time, and the purchase can be concluded quickly. Therefore, the adapted item meas-
ures how convenient it is for a business customer to continue (repurchase), change, or
cancel the service as needed. Finally, the post-benefit dimension addresses the easiness
of interactions with the provider after the purchase. For example, the original scale
assesses how easy and quick can a customer do a product return or exchange. Thus,
the adapted item measures whether it is simple and quick to arrange a modification
of the service after the service is purchased. Together, the adapted five items cover five
dimensions of service convenience and reflect the construct Convenience which is
used in this empirical study.

Items offered by Jang et al. (2022) were used to measure Customer Knowledge
Sharing and Firm’s Organizational Agility. The items assess whether customers give
feedback on their experiences with existing and newly acquired services and whether
they suggest new services. Since customer knowledge is the customer’s feedback and
suggestions about services to the provider and to other customers, items offered by
Jang et al. (2022) did not need major modifications except slight corrections of gram-
mar and changing “the firm” to “XYZ” for questionnaire consistency.

Firm’s Organizational Agility items were adapted from Jang et al. (2022). As Sam-
bamurthy et al. (2003) argue, organizational agility refers to organization’s ability to
quickly respond and adapt to unexpected market changes. To measure this ability,
items from Jang et al. (2022) assess if, in the eyes of the customer, an organization is
able to rapidly respond to changing market and customer needs, implement appropri-
ate decisions, and demonstrate an attitude of treating market changes as opportunities.
The items needed only slight adaptation, for example the inclusion of “XYZ is able
to..” (XYZ being a placeholder code for a company’s name), where appropriate, to
make the items easier to understand. Also, it makes it clearer that the respondent is
asked to evaluate a particular organization rather than any other actor participating in
service provisioning.

For the measurement of Switching Costs, items from Lam et al. (2004) were adapt-
ed. Since switching costs refer to customer’s incurred expenses (such as money, time,
physical and psychological effort) when changing service providers (Dick & Basu,
1994; Heide & Weiss, 1995), items offered by Lam et al. (2004) were deemed fit for use
in this empirical study. The items measure if in case of switching service providers the
customer would incur switching costs related to money, effort and time. In addition, it
is assessed if there would be both decision-making and technological barriers in case
of making the switch. To adapt the items for the empirical study in this dissertation,
slight wording changes were made. Since the original items are referring to switching
“from DPS to another courier firm”, they were changed to read “from XYZ to another
service provider”, where XYZ marks a company’s name.

Items for the measurement of Habit regarding decision automaticity and integra-
tion in an organization’s decision-making were slightly adapted from Limayem et al.
(2007) to include the words “XYZ services” (XYZ marking a company’s name) instead
of original “WWW” (World Wide Web). As (Verplanken & Aarts, 1999, p. 104) argue,
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habits are “learned sequences of acts that have become automatic responses to specific
cues, and are functional in obtaining certain goals or end-states” That is, for example,
through continued/repetitive use of a certain company’s services, it is possible to de-
velop a habit in the organization, making the decision to continue to use it automatic
(i.e. “it's the way things are done in the organization”), without much consideration
during the decision-making. In B2B service research, studying habit formation is a
complicated task due to the complexity of decision-making and focus on rationality
(Gomes et al., 2016). In addition, longitudinal data is preferred to capture habit devel-
opment over time (Gardner et al., 2022). However, since the presence and strength of
a construct are the parameters sought to be measured in this empirical investigation,
respondents’ self-reports were sufficient to capture relevant data.

Similar to Habit measurement, measuring Repurchase behavior (in contrast to
Repurchase Intentions) is also challenging due to most studies focusing on inten-
tions rather than observed behaviors. Since this empirical investigation is focused
on the presence of Repurchase behavior to be able to link it with other constructs
rather than on repurchase metrics (such as frequency, spending increase over time,
etc.), self-reports are sufficient to obtain relevant data. However, no established scale
to measure Repurchase as self-reported behavior was found in scientific literature
due to aforementioned focus of the scholars on repurchase intentions. Hence, items
for the measurement of Repurchase were offered by the author of this dissertation by
adapting the items from Molinari et al. (2008) in such way that they would measure
actual behavior rather than intentions. For consistency in the measurement of both
repurchase intentions and behavior, the same items from Molinari et al. (2008) indeed
were also adapted for measurement of Repurchase Intentions, as they were originally
designed to measure intentions. Molinari et al. (2008) proposed four items to measure
repurchase intentions, but only three of them were used in this study when measuring
both repurchase intentions and behavior. The decision was made not to use the item “I
am likely to maintain the percentage-of-business given to this supplier”. This decision
was made because the “percentage-of-business” is specific to financial transactions
and involves quantifiable data that may lead to confounding of intentions with actual
repurchase behavior.

2.3.2. Expert review of construct measurement items

In general, and especially PLS-SEM research, measurement scales play an impor-
tant role in the final outcome of the study;, i.e., the findings based on the information
gathered from respondents. It is therefore crucial that the scales used to measure the
constructs are clearly understandable to the respondents and measure exactly the con-
structs they are supposed to measure. Therefore, in addition to previously discussed
theoretical grounding of measurement items, an expert review was carried out to veri-
fy that the measurement items are suitable for use in a full-scale empirical study.

Three experts in business management were selected using a purposeful sampling
method and anonymously coded as E1, E2, and E3. The experts were chosen based on
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their extensive experience in strategic and governance-related roles within B2B or-
ganizations and their involvement in decision-making related to digital services. This
ensured that the expert review included managerial perspectives from B2B digital ser-
vice contexts, focusing on the practical applicability and contextual relevance of meas-
urement items adapted from the scientific literature. The professional backgrounds of
the experts are presented in Table 15.

Table 15. Professional characteristics of experts.

Expert code Highest Primary area of | Current Years of
academic expertise professional | professional
qualifications role experience
MSc; Executive Corporate ass'et Founder &

E1 management in CEOQ; Board | 20 years
MBA

B2B contexts member
Strategic
. management
E2 Executive MBA in B2B digital CEO 25 years
services
. Corporate Founder:

E3 MSc; Executive governance Board 33 vears

MBA in B2B digital Y
A, member
organizations

Source: created by the author.

The expert review was conducted via an online form, presenting constructs along
with their definitions and measurement items. The form was designed to assess expert
agreement on whether the measurement items accurately reflected the corresponding
constructs. At the end of each section, experts could provide suggestions for refining
the measurement items.

Based on the experts’ suggestions, the survey items were revised and finalized ac-
cordingly. All measurement items for the constructs used in this empirical investiga-
tion are presented in Table 16.
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Table 16. Measurement items for constructs used in PLS-SEM model.

Constructs Item codes Items References
Affective AFFCX1 Using XYZ makes me feel good
Customer AFFCX2 Using XYZ makes me feel optimistic
Experience AFFCX3 Using XYZ makes me feel enthusiastic
. : : ; B
COGCX1 The information obtained from XYZ is (Barbu et
Cognitive useful al., 2021)
Customer COGCX2 I learned a lot from using XYZ
Experience i i i i
p COGCX3 Tl'he 1nf(?rm.elt10n obta{ned from XYZ brings
interesting ideas to mind
COGLOY1 The XYZ provides superior service quality
as compared to other firms
N COGLOY2 No other company provides better services
Cognitive than XYZ
Loyal i i
oyalty COGLOY3 I believe X.YZ proYldes more benefits than
other service providers in the same category
COGLOY4 Overall, service quality of XYZ was
excellent compared to other providers
AFFLOY1 I'love doing business with XYZ AL
Affective AFFLOY2 I feel better when I do business with XYZ ;l ’ 5 (f 1e7e)t
LO lt . . . . s
yalty AFFLOY3 1 hke. XYZ more than other similar service
providers
CONLOY1 I intend to continue doing business with
XYZ
. CONLOY2 I consider the XYZ as my first choice
Conative I am strongly willing to purchase again
Loyalt
ovay CONLOY3 from the XYZ
CONLOY4 I would' like to recommend the XYZ to my
close friends
BEHLOY1 Whetn my company requires this s-pec1ﬁc
service, we consistently partner with XYZ
BEHLOY2 Compared w1tb other providers, we spent
more money with XYZ
Behavioral Compared with other providers in this (X. Han et
Loyalty BEHLOY3 service category, we have done business al,, 2008)
mostly with XYZ
Compared with other providers in this
BEHLOY4 category, we used a larger number of the

services offered by XYZ
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improve its responses to customer needs

Constructs Item codes Items References
REPINTI I will do more business with this provider in
the next few years
Repur.chase REPINT? I expect the re.latlonshlp with this provider
Intentions to last a long time
REPINT3 I wogld contln.ue d.01ng: business with this o
provider even if prices increased somewhat | (Molinari et
REP1 I did business with this provider more than | al., 2008)
once in the last few years
Repurchase REP2 The relgtlonshlp with this provider lasts for
some time now
I repeatedly do business with this provider
REP3 . . .
regardless of service price fluctuations
PERCVALIL Compared to other firms, XYZ provides the
best value
. PERCVAL2 XYZ charges a reasonable price
Perceived Value XYZ des bett - ¢
PERCVAL3 provides better services at a
competitive price
PERCVAL4 XYZ provides better quality for the price
Cust SAT1 Services of XYZ is of superior quality (Roy et al
stomer SAT2 Services of XYZ are excellent oy etals
Satisfaction - - - 2019)
SAT3 Services of XYZ are done right the first time
WOM1 I will highly recommend XYZ to others
WOM?2 I will say positive things about XYZ to
Word-of- others
Mouth i i
ou WOM3 I will encourage others to use services of
XYZ
WOM4 I will refer other companies to XYZ
TRUST1 XYZ’s services give me security
TRUST2 I trust the quality of XYZ’s services
TRUST3 XYZ is comljn}tted to providing services on
agreed conditions
TRUST4 XYZ is sincere with its customers (Gurviez
Trust TRUST5 XYZ is honest with its customers & Korchia,
TRUST6 XYZ shows interest in its customers 2002)
TRUST? I think XYZ renews its services to take into
account advances in research
TRUSTS I believe that XYZ is continually seeking to
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Constructs Item codes Items References
BREQI It makes sense to buy XYZ instead of any
other brand, even if they are the same
BREQ2 Even if another brand has the same features
as XYZ, I would prefer to buy XYZ (Yoo &
Brand Equity BREQ3 If there is another brand as good as XYZ,1 | Donthu,
prefer to buy XYZ 2001)
If another brand is not different from XYZ
BREQ4 in any way, it seems smarter to purchase
XYZ
VIUEXP1 XYZ provides a memorable experience for
me
‘ VIUEXP2 XYZ’s services stimulate my ability to solve
Experience problems
It was possible for a customer to improve
VIUEXP3 the process by experimenting and trying
new things
The benefit, value or fun from the service
9 VIUPERI provisioning process depended on the user
z and the usage scenario (Woo et al
= - T oo etal,
g .Pers.onal- VIUPER2 XYZ trl.es to serve the individual needs of 2019)
= | ization each of its customers
- Different customers, depending on their
VIUPER3 taste, choice or knowledge, can involve
themselves differently in the process
VIURELIL By using the XYZ’s services, I feel connected
to XYZ
Re.lauon- VIUREL2 By using the XYZ’s services, XYZ offers
ship even greater benefits to me
VIUREL3 By using th§ XYZ s'serv1ces, XYZ provides
higher quality services to me
EMATBRI1 I have a lot of affection for this brand
EMATBR2 The purchase of this brand gives me a lot of
Emotional joy, pleasure
: : : (Gam etal,,
Attachment to I find some comfort in buying or owning
EMATBR3 . 2023)
a Brand this brand
EMATBR4 I am very related to this brand
EMATBR5 I am very attracted to this brand
HAB1 Using th.e XYZ services has become
automatic for me (Li .
Habit HAB2 Using the XYZ services is natural to me al lr;gg;;n ¢
HAB3 When faced with a particular task, using the |

XYZ services is an obvious choice for me
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Convenience

CONV1

XYZ provides clear information,
simplifying our decision-making process

CONV2

XYZ provides service support when needed

CONV3

Our company can quickly see intended
benefits from using XYZ services

CONV4

It is convenient for our company to
continue (repurchase), change or cancel the
service as needed

CONV5

After the service is purchased, XYZ allows
for arranging the service modifications
quickly and simply

(Seiders et
al,, 2007)

Customer
Knowledge
Sharing

CKS1

I share my experiences with the services
with XYZ and with other customers

CKS2

I provide feedback to XYZ about their new
services

CKS3

I provide suggestions to XYZ for developing
new services

Firm’s
Organizational
Agility

FOA1

XYZ is able to rapidly respond to market/
customers’ needs

FOA2

XYZ is quick to make and implement
appropriate decisions

FOA3

XYZ treats market-related changes and
apparent chaos as opportunities

(Jang et al.,
2022)

Switching
Costs

SWC1

It would cost my company a lot of money
to switch from XYZ to another service
provider

SwceC2

It would take my company a lot of effort
to switch from XYZ to another service
provider

SWC3

It would take my company a lot of time
to switch from XYZ to another service
provider

SWC4

If my company changed from XYZ to
another company, some new technological
problems would arise

SWC5

My company will feel uncertain if we have
to choose a new service provider

(Lam et al.,
2004)

Source: compiled by the author.

The finalized measurement items were used to operationalize the constructs in-
cluded in the proposed PLS-SEM model and were applied in the empirical investiga-

tion to assess both the measurement and structural aspects of the model.
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2.4. Specification of the PLS-SEM research model

Combining the conceptual model presented in Figure 10, the construct relation-
ship hypotheses presented in Section 1.3.2. and the construct measurement items pre-
sented in Table 16, a PLS-SEM model used for the empirical investigation is presented
in Figure 11.

Figure 11. PLS-SEM model of customer experience-loyalty relationship in B2B services.

Source: created by the author using SmartPLS 4 software.

The PLS-SEM model presented in Figure 11 contains latent constructs which are
marked by blue circles (e.g., Cognitive Customer Experience) and their measurement
items marked by yellow rectangles (e.g., COGCX1, COGCX2, COGCX3). Arrows
pointing from latent constructs to measurement items indicate that the latent con-
struct is measured in reflective mode (e.g., Trust and its measurement items), while
arrows pointing from measurement items to the latent construct indicates a formative
measurement mode (e.g., Value-in-use and its first-order constructs). Arrows point-
ing from one latent construct to another indicates a direction of influence between
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constructs and make up the structural model. When three or more latent constructs
are connected in series, the constructs in between are considered to mediate the rela-
tionship between the constructs they connect. Finally, dashed arrows pointing from a
latent construct to a link itself between two constructs indicate moderating effect on
their relationship.

The presented PLS-SEM model serves as the analytical framework for the empiri-
cal investigation. The analysis is carried out in two-step approach. First, the meas-
urement model is assessed to ensure consistency and accuracy of measurement items
prior to the assessment of structural model. Second, the structural model is assessed
to test the hypothesized relationships. This sequential evaluation allows for a thorough
analysis of the proposed conceptual model and ensures that the relationships between
the mechanisms linking customer experience with its outcomes are based on reliable
and valid measurement items.

2.5. Sampling and data collection

The target population of this investigation consisted of individuals who make or
influence buying decisions in their organizations related to digital or digitally enabled
B2B services in the European Economic Area. The population is defined in profession-
al terms but cannot be counted, as no framework for calculating population for such
sample characteristics is available. The sample size was calculated using the statistical
power method, which was chosen based on the analytical objectives and the purpose-
ful sampling method. Probabilistic population estimation methods are not directly
applicable in such studies, since there is no available sampling framework to rely on,
thus it is not possible to specify sampling probabilities.

In line with the latest methodological recommendations related to PLS-SEM, sam-
ple size was calculated using power criteria rather than the commonly used “10-times
rule”. The 10-times rule is heuristic, as it suggests calculation of sample size by multi-
plying the number of paths to the latent variable that has them most by 10, i.e., in this
empirical investigation, that would be value-in-use or cognitive loyalty, which have 4
direct incoming paths - multiplied by 10 would suggest that a sample size of 40 would
be sufficient for the study. Such calculation ignores other characteristics of the study -
the model’s complexity, the anticipated effect sizes, etc. Thus, the calculation included
an inverse square root method proposed by Kock & Hadaya (2018), which was de-
veloped considering the shortcomings of the 10-times rule. The a priori minimum
theoretically meaningful effect size was set as a standardized path coeflicient p = 0,15.
This threshold reflects a conservative assumption commonly used in the social sci-
ences and is consistent with Cohen’s (1988) discussion of effect sizes close to the lower
limit of practical significance. Assuming a two-tailed significance level of a = 0,05 and
a desired statistical power of at least 0,80, the minimum required sample size using the
inverse square root method is approximately 350 observations.

The empirical study was carried out by collecting the data from n = 386 re-
spondents, exceeding this requirement and providing sufficient power to detect even
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relatively weak structural relationships. The use of purposive sampling ensured the
substantive relevance of the data and did not compromise the validity of the power-
based assessment.

The data were collected between April 14" and September 28" in 2025, using the
Prolific research platform, with the questionnaire administered through Qualtrics sur-
vey platform. The Prolific platform is increasingly used in empirical research in the
social sciences and management, with methodological studies comparing online re-
cruitment platforms indicating that the data obtained from Prolific is of similar quality
to data collected using other recognized online tools, especially in terms of respond-
ent attention and response reliability (Palan & Schitter, 2018; Peer et al., 2017, 2022).
Overall, reviews of research practices indicate a significant shift toward online recruit-
ment platforms, as studies relying exclusively on such platforms increasingly surpass
those using traditional recruitment methods in leading academic journals (Goodman
& Paolacci, 2017; Tomczak et al., 2023). The use of Prolific in this study reflects this
broader methodological shift rather than the advantages of the platform.

The selection was based on a purposive, role-based logic. Eligible respondents had
to reside in the European Economic Area, be fluent in English, and work full-time or
part-time in for-profit B2B or mixed (B2B/B2C) organizations. In addition, and most
importantly, participants had to be responsible for decision-making in at least one
relevant functional area, such as business strategy, finance, operations, marketing, cus-
tomer management, research and development, or supply chain management. These
criteria were necessary to ensure that the respondent profile was consistent with the
study objectives. In B2B studies, where access to decision-makers within organizations
is often limited, selection based on role is a common and methodologically sound ap-
proach (Cabanelas et al., 2025).

To improve data quality, only respondents with a confirmation rate of 99-100%
on the Prolific platform were allowed to participate. The confirmation rate reflects the
proportion of a participant’s previous responses that have been confirmed by research-
ers and is most often used as an indicator of the reliability and attentiveness of respons-
es when collecting data online. Although targeted selection limits the possibilities for
statistical generalization, this limitation follows from the context-specific, purposive
sampling design of the study. Therefore, the results of the study should be considered
analytically informative for the context under investigation, rather than representative
of all B2B decision-makers.

The survey was conducted online using Qualtrics web-based survey platform. Re-
spondents accessed the questionnaire via anonymous link and were first presented
with an introduction presenting details of the study. Respondent eligibility was verified
through screening questions that confirmed the respondents’ involvement in decision-
making regarding an organization’s services and confirming the digital nature of the
relevant services. The questionnaire was divided into thematic blocks corresponding
to the main constructs of the study, including customer experience, loyalty, repurchase
intentions, etc. All measurement items were measured using a 5-point Likert scale. To
encourage respondent engagement, participants were asked to enter the name of the
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company where they make service-related decisions, either real or fictional. This infor-
mation was used only for dynamic question adaptation in the survey interface and was
not treated as analytical data (e.g., replacing the “XYZ” in questions such as “I consider
the XYZ as my first choice”).

In total, the questionnaire consisted of 83 Likert scale questions, excluding screen-
ing and informed consent questions. The full research instrument, including the intro-
ductory statement, informed consent, screening questions and all measurement items,
is provided in Annex 1. The measurement items were presented in six thematic blocks,
with the items of each construct displayed together in a separate matrix question. Pres-
entation of multiple items on the same screen was chosen to reduce the question-
naire completion time (Toepoel et al., 2009). The median questionnaire completion
time was 7 minutes and 39 seconds, with most respondents taking between 6 and 11
minutes to complete the questionnaire. This is in line with generally recommended
limits for online surveys and helps to reduce the risk of respondent fatigue (Revilla &
Ochoa, 2017). Response times were checked for speeding according to guidelines of
Greszki et al. (2015) and no such cases were identified. Overall, the sample size and
survey structure reflect a conscious methodological balance between analytical preci-
sion and practical constraints associated with researching a narrowly defined group of
B2B digital service decision-makers.

2.6. Ethical considerations

The empirical investigation was carried out in accordance with the established
principles of ethics in survey-based research in social sciences, with particular atten-
tion to voluntariness and anonymity. Since the study involved individuals who make
decisions regarding digital B2B services in their organizations, additional precautions
were taken to ensure that participation would not pose personal, professional, or or-
ganizational risks to the respondents. The study was assessed by Research Ethics Com-
pliance Committee of Mykolas Romeris University, which confirmed that the study
complies with the applicable research ethics principles and could be conducted with-
out additional amendments (decision No. 10-563, 23" December 2025).

The survey was asynchronously carried out online via Qualtrics survey platform,
allowing respondents to complete the survey at a time and place convenient for them.
This method of data collection reduced potential pressure associated with time con-
straints or supervised participation and increased respondent autonomy. The online
format also reduced the likelihood of socially desirable bias that can occur in surveys
conducted by an interviewer, particularly when it comes to organizational practices or
decision-making processes.

From the outset, the communication with respondents emphasized the study as
voluntary. Prior to accessing the questionnaire’s questions that gather data for the em-
pirical investigation, the respondents were presented with clear introductory state-
ment outlining academic purpose of the study, voluntariness of participation, and
general conditions of participation. The introductory message clearly stated that the
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participation in the study is voluntary, and that the respondents could withdraw from
the survey at any time and any stage of the survey without any negative consequences.
Also, the details and contacts of the researcher was presented for the respondents to
address any concerns or questions. No questions were included that would allow re-
spondents to be identified directly or indirectly, as no data was collected regarding
respondents’ age, gender, job titles, employment length, organizational size, industry
or other personal parameters that could be combined to infer the exact individual
participating in the study.

The Qualtrics platform offers an option to create a dynamic questionnaire, which
means that the information provided by the respondent in one question can be used
in the next question. Based on this principle, one question was asked, requesting the
name of the company for which the respondent makes decisions regarding its services.
The question clearly stated that the name could be fictional or real, and that it was only
intended to help the respondent engage more fully in completing the questionnaire, as
the generic names “XYZ” or “the company” would be replaced with the word entered
by the respondent (i.e., the name of the company providing the service). It was also
emphasized that this data would not be analyzed or published. The company names
entered by respondents were used solely for the dynamic wording of the questionnaire
items and were not exported into the analytical dataset, which contains no personally
identifiable information or technical metadata.

Summarizing, no misleading methods were used at any stage of the study, as the
purpose of the study, the nature of the questions, and the intended academic use of
the data were presented transparently. Respondents were not subjected to sensitive,
offensive, or psychologically stressful questions, as all survey questions were related
only to professional experience, perceptions, and assessments in the context of an or-
ganization. The results were not interpreted individually, as they are presented only in
summary form and are used exclusively for academic purposes. Overall, the research
procedure was designed to balance methodological rigor and ethical responsibility by
protecting anonymity, minimizing respondent burden, and limiting participation to
relevant professional contexts, thus complying with widely recognized ethical stand-
ards for empirical research in the fields of management and social sciences.
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ITI. EMPIRICAL RESULTS OF CUSTOMER EXPERIENCE
MODELLING IN B2B DIGITAL SERVICES

3.1. Preliminary analysis: descriptive statistics and assessment of common
method bias

Common method bias (CMB) is a systematic error that may occur when data for
multiple variables are collected from the same source or using the same method, con-
sequently increasing the risk of consistently distorting true relationships between vari-
ables either positively or negatively. Since the data in this empirical study was collected
by respondents filling out a questionnaire which includes all examined variables, the
investigation was assessed for CMB risks. Procedural remedies were applied during
data collection — participation was anonymous, no identifying information was col-
lected, the survey was completed without the researcher present, and the items were
distributed across six thematic blocks. In addition, collinearity statistics were exam-
ined. Out of 83 indicators used to measure latent variables, 81 indicators exhibited VIF
values below 3,3, with only two indicators slightly exceeding this threshold (3,42 and
3,56), but still well below the upper acceptable limit of 5,0. At the construct level, the
collinearity assessment of the structural model returned VIF values ranging from 1,00
to 1,992, (see Annex 3), remaining below the 3,3 threshold for all predictor constructs.
These results show no indication of the inflated collinearity that would be expected
if a common method factor dominated the responses. It should be noted that these
statistics are not equivalent to the full collinearity test proposed by Kock (2015), in
which each latent variable is regressed on all remaining latent variables. Accordingly,
the available diagnostics do not indicate common method bias, although it cannot be
tully excluded.

Further, descriptive statistics were calculated for all observed indicators before
conducting the PLS-SEM analysis. The questionnaire item evaluation mean values
ranged from 2,997 to 4,358, showing that respondents generally evaluated the meas-
ured items positively. The standard deviations around the mean varied between 0,654
and 1,198, indicating an adequate spread of responses and sufficient variability in the
dataset. No missing responses were identified, indicating that all questionnaires were
complete and could be used without the listwise data deletion.

To assess the distribution of data, skewness values were observed, which ranged
from —1,661 to 0,02 (within acceptable limits of -2 to 2), and excess kurtosis values
ranged from —1,197 to 4,14 (within acceptable limits of -7 to 7 for PLS-SEM studies).
These values show the data was close to normal, though a few indicators (e.g., REP1,
excess kurtosis = 4,14) displayed slightly more concentrated responses. However, such
deviations were not considered problematic for the selected analytical approach.

In summary, the dataset demonstrated good quality, as the collinearity diagnos-
tics gave no indication of CMB, all responses were complete, the indicators showed
sufficient variability and spread, and the data distribution met the requirements for
PLS-SEM estimation.
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3.2. Measurement model assessment

The evaluation of measurement model ensures that measurement items for con-
structs in the model are reliable and valid before testing structural relationships based
on formulated hypotheses (H1-H16). Such evaluation is achieved by verifying that the
observed indicators accurately reflect the corresponding latent constructs. The meas-
urement model was evaluated separately for reflective and formative constructs. Re-
flective constructs were examined by analyzing indicator reliability, internal consist-
ency reliability, convergent validity, and discriminant validity. In the case of the forma-
tive construct in the model, the analysis focused on the significance and relevance of
indicator weights and the absence of multicollinearity. The following sections provide
a detailed assessment of reflective and formative constructs.

3.2.1. Assessment of reflective constructs

The assessment of the model’s reflective constructs starts with analyzing indicator
reliability based on outer loadings. The initial results showed that several indicators
did not reach the minimum threshold value (>0,708) for their outer loadings (see Ta-
ble 17). To improve indicator reliability, indicators with low loadings were removed,
while observing how each removal affected the remaining loadings within the con-
struct, and if the construct validity was not compromised. For constructs with multi-
ple low-loading indicators, each indicator was individually removed to test how each
of their removal affects the remaining loadings.

Table 17. Indicators with low outer loadings.

Indicator Associated construct Outer loadings
Eiﬁigii Behavioral Loyalty 3:2(7)411
CONV1 0,651
CONV2 . 0,668
CONVa4 Convenience 0,504
CONV5 0,691
SWC1 -0,363
SWC2 -0,126
SWC3 Switching Costs 0,077
SWC4 0,663
SWC5 0,475

PERCVAL2 Perceived Value 0,7

TRUST1 0,659
TRUST7?7 Trust 0,606
TRUST8 0,686
VIUPERI1 Personalization 0,661

Source: author’s own elaboration based on SmartPLS 4 output.
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For Behavioral Loyalty, removing the lowest-loading indicator BEHLOY2 im-
proved construct’s reliability, as well as resulting in acceptable loading for BEHLOY 1.
For Convenience, the removal of CONV1 and CONV 4 resulted in substantial im-
provement for both the remaining low-loading indicators, making them exceed the
recommended threshold. All indicators for Switching Costs demonstrated the low-
est reliability in the model, with some resulting in negative loadings, suggesting they
measure different constructs. SWC4 and SWC5 were removed, while SWC1, SWC2,
and SWC3 were retained. Although such step resulted in SWC1 and SWC2 exceeding
the recommended threshold, SWC3 outer loading was still slightly lower than recom-
mended (see Table 18). The decision was made to keep the SWC3 indicator to ensure
the validity of the construct Switching Costs, as SWC1, SWC2, and SWC3 respectively
relate to the financial, effort, and time costs, while SWC4 and SWC5 refers to per-
ceived risk and uncertainty. For Personalization and Perceived Value, although their
indicators (VIUPER1, and PERCVAL2, respectively) yielded a slightly lower outer
loadings than recommended threshold, the indicators were retained. The removal of
VIUPERI would have reduced the construct to only two items, which could under-
mine its reliability and theoretical coverage. For PERCVAL2, the decision to retain the
indicator was made based on an insignificant difference between the obtained loading
(0,700) and the recommended threshold (>0,708), which does not meaningfully affect
the construct’s reliability. For Trust, all low-loading indicators had to be removed, as
the removal of any single indicator did not result in improvement for the remaining
indicators.

Table 18. Final outer loadings of reflective constructs.

Indicator Associated construct Outer loadings
AFFCX1 0,864
AFFCX2 Affective Customer Experience 0,903
AFFCX3 0,864
AFFLOY1 0,873
AFFLOY2 Affective Loyalty 0,869
AFFLOY3 0,844
BEHLOY1 0,749
BEHLOY3 Behavioral Loyalty 0,786
BEHLOY4 0,736
BREQI 0,774
EEE?)? Brand Equity g::;g
BREQ4 0,852
CKS1 0,884
CKS2 Customer Knowledge Sharing 0,812
CKS3 0,713
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Indicator Associated construct Outer loadings
COGCX1 0,776
COGCX2 Cognitive Customer Experience 0,781
COGCX3 0,805
COGLOY1 0,847
COGLOY2 . 0,745
COGLOY3 Cognitive Loyalty 0.807
COGLOY4 0,88
CONLOY1 0,84
CONLOY2 . 0,861
CONLOY3 Conative Loyalty 0.856
CONLOY4 0,734
CONV2 0,719
CONV3 Convenience 0,823
CONV5 0,762
EMATBRI1 0,887
EMATBR2 0,889
EMATBR3 Emotional Attachment to a Brand 0,864
EMATBR4 0,846
EMATBR5 0,898
FOA1 0,861
FOA2 Firm’s Organizational Agility 0,903
FOA3 0,8
HAB1 0,832
HAB2 Habit 0,878
HAB3 0,881
PERCVALI1 0,813
PERCVAL2 Perceived Value 0,7
PERCVAL3 0,862
PERCVAL4 0,852
REP1 0,774
REP2 Repurchase 0,823
REP3 0,716
REPINT1 0,827
REPINT2 Repurchase Intentions 0,877
REPINT3 0,734
SAT1 0,89
SAT2 Customer Satisfaction 0,906
SAT3 0,766
SWC1 0,968
SWC2 Switching Costs 0,786
SWC3 0,617
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Indicator Associated construct Outer loadings
TRUST2 0,719
TRUST3 0,732
TRUST4 Trust 0,825
TRUSTS5 0,814
TRUST6 0,715
VIUEXP1 0,819
VIUEXP2 Experience 0,818
VIUEXP3 0,76
VIUPER1 0,661
VIUPER2 Personalization 0,776
VIUPER3 0,804
VIURELLI 0,798
VIUREL2 Relationship 0,886
VIUREL3 0,888
WOM1 0,91
WOM2 Word-of-Mouth 0.89
WOM3 0,906
WOM4 0,818

Source: author’s own elaboration based on SmartPLS 4 output.

Table 18 presents the final list of indicators and their outer loadings, confirming
indicators are reliable for further assessment of reflective constructs. Three indicators
with slightly lower loadings were retained to preserve the related constructs’ content
validity, as their removal would have reduced the conceptual completeness of the me-
asurement. Overall, indicator loadings exceeded 0,708, with most above 0,80, con-
firming that the items strongly represent their respective latent constructs. Three re-
tained indicators remained below this threshold: PERCVAL2 (0,700) and VIUPER1
(0,661) fall marginally below it, while SWC3 (0,617) is the lowest retained loading,
kept to preserve the effort-related dimension of the Switching Costs construct.

Internal consistency reliability was assessed using Cronbach’s alpha (a), composite
reliability (pC), Dijkstra-Henseler’s rho (pA), while convergent validity was evaluated
using the average variance extracted (AVE) (see Table 19).
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Table 19. Consistency reliability and convergent validity of constructs.

Construct a pA pC AVE
Affective Customer Experience 0,85 0,853 0,909 0,769
Affective Loyalty 0,827 0,829 0,897 0,743
Behavioral Loyalty 0,633 0,632 0,801 0,573
Brand Equity 0,872 0,884 0,912 0,723
Cognitive Customer Experience 0,696 0,7 0,83 0,62

Cognitive Loyalty 0,839 0,859 0,892 0,674
Conative Loyalty 0,842 0,848 0,894 0,68

Convenience 0,657 0,671 0,812 0,592
Customer Knowledge Sharing 0,763 0,925 0,847 0,65

Customer Satisfaction 0,817 0,839 0,891 0,733
Emotional Attachment to a Brand 0,925 0,929 0,943 0,769
Experience 0,718 0,719 0,842 0,64

Firm’s Organizational Agility 0,817 0,834 0,891 0,732
Habit 0,831 0,844 0,898 0,747
Perceived Value 0,826 0,852 0,883 0,655
Personalization 0,607 0,617 0,792 0,562
Relationship 0,82 0,824 0,893 0,737
Repurchase 0,66 0,665 0,816 0,597
Repurchase Intentions 0,747 0,777 0,855 0,664
Switching Costs 0,854 0,425 0,841 0,645
Trust 0,82 0,825 0,874 0,581
Word-of-Mouth 0,904 0,907 0,933 0,777

Note: a = Cronbach’s alpha; pC = composite reliability; pA = Dijkstra-Henseler’s rho; AVE = average variance

extracted. Source: author’s own elaboration based on SmartPLS 4 output.

The Cronbach’s alpha values ranged from 0,607 to 0,925, composite reliability val-
ues were well above the recommended threshold of 0,70, ranging from 0,792 to 0,943,
and all AVE values exceeded the minimum threshold of 0,50. In PLS-SEM research,
Cronbach’s alpha values above 0,70 indicate acceptable internal consistency reliability,
while values between 0.60 and 0.70 being acceptable when supported by sufficient
composite reliability and AVE (Hair et al., 2021), which provide additional evidence
of construct reliability and convergent validity. Therefore, since Behavioral Loyalty
(a=0,633), Cognitive Customer Experience (a = 0,696), Convenience (a = 0,657), Re-
purchase (a = 0,66), and Personalization (a = 0,607) showed Cronbach’s alpha values
above the minimum acceptable value of 0,60, and their composite reliability and aver-
age variance extracted (AVE > 0,50) were well within the acceptable range, they were
deemed having appropriate internal consistency and convergent validity.

Although the Dijkstra-Henseler’s rho for Switching Costs was below the rec-
ommended threshold of 0,70 (pA = 0,425), both Cronbach’s alpha (a = 0,854) and

111



composite reliability (pC = 0,841) exceeded the 0,70, with AVE exceeding 0,50. This
can be attributed to the multidimensional nature of the construct, capturing distinct
cost dimensions (financial, time, and effort). Given acceptable Cronbach’s alpha, com-
posite reliability, and AVE values, the construct was retained for further analysis.

Finally, discriminant validity of constructs was assessed through heterotrait-
monotrait ratio (HTMT). The HTMT ratio matrix for all construct pairs is provided in
Annex 2. All HTMT values were below the threshold of 0,90, confirming satisfactory
discriminant validity. Two construct pairs exhibited relatively higher HTMT value,
nearing the threshold of 0,90. The correlation between indicators for Trust and Con-
venience (HTMT = 0,85) lies near the HTMT ratio acceptable boundary. The highest
HTMT value was observed between Conative Loyalty and Word-of-Mouth (HTMT
= 0,881), indicating the closest empirical relationship among the examined construct
pairs while remaining below the established discriminant validity threshold. As none
of the HTMT values exceeded 0,90, discriminant validity was considered established
for all constructs in the measurement model.

In summary, the measurement model’s reflective indicators demonstrated satisfac-
tory reliability and validity. Most outer loadings of indicators were well above 0,70,
confirming strong representation of the latent constructs. Three indicators with outer
loading slightly below the threshold was retained to ensure their associated constructs’
content validity. A few constructs exhibited slightly lower Cronbach’s alpha values
than the recommended threshold but were deemed consistent and valid based on
composite reliability and AVE results. Low Dijkstra-Henseler’s rho value was observed
for the Switching Costs construct, which suggests the heterogeneity of its indicators,
capturing distinct types of switching costs (financial, time, and effort). Nevertheless,
all constructs met the recommended thresholds for composite reliability and AVE,
indicating satisfactory internal consistency and convergent validity. Furthermore, dis-
criminant validity was confirmed, as none of the HTMT ratios exceeded the threshold
of 0,90. The reflective measurement model thus demonstrated satisfactory reliability
and validity across all constructs. The following subsection presents the assessment of
the measurement model’s formative construct.

3.2.2. Assessment of formative constructs

The model of this empirical study includes a Type II reflective-formative higher-
order construct, Value-in-use. The assessment of the measurement model’s formative
constructs comprised the evaluation of convergent validity, indicator collinearity, and
the statistical significance and relevance of indicator weights. Redundancy analysis
was not deemed necessary in this context, as no single reflective item was available
to represent the higher-order construct. The formative higher-order construct Value-
in-use is formed by three reflective first-order dimensions (experience, personaliza-
tion, and relationship), each measured by three reflective indicators. The higher-order
formative construct demonstrated satisfactory convergent validity based on the sig-
nificance and relevance of formative weights, acceptable multicollinearity levels, and

112



theoretical coherence of its dimensions. The assessment of Value-in-use followed a
two-stage approach.

As part of the two-stage approach, the first stage is an assessment of first-order
constructs. As shown in Table 20, all indicators showed satisfactory outer loadings, ex-
ceeding the desired threshold of 0,708, with the exception of VIUPER1 with a slightly
lower outer loading of 0,661.

Table 20. Reliability and convergent validity of first-order constructs.

Indicator Associated Outer loadings a pA pC AVE
construct
VIUEXP1 0,819
VIUEXP2 Experience 0,818 0,718 0,719 0,842 0,64
VIUEXP3 0,76
VIUPERI1 0,661
VIUPER2 Personalization 0,776 0,607 0,617 0,792 0,562
VIUPER3 0,804
VIUREL1 0,798
VIUREL2 Relationship 0,886 0,82 0,824 | 0,893 | 0,737
VIUREL3 0,888

Note: a = Cronbach’s alpha; pC = composite reliability; pA = Dijkstra-Henseler’s rho; AVE = average variance

extracted. Source: author’s own elaboration based on SmartPLS 4 output.

The indicator VIUPER1 was retained for further analysis due to its theoretical rel-
evance and due to the Personalization construct’s overall acceptable reliability (a =
0,607; pC = 0,792) as well as convergent validity (AVE = 0,562). Although the Dijk-
stra-Henseler’s pA value of 0,617 was below the recommended threshold, the con-
struct’s overall reliability and validity were still deemed sufficient for inclusion in fur-
ther analysis.

Across the three constructs, the composite reliability values exceeded the recom-
mended 0,70 threshold, and AVE values were confirmed to be above 0,50. Addition-
ally, the HTMT ratios (see Annex 2) confirm the discriminant validity has been estab-
lished among the constructs. The results obtained in the evaluation of the first-order
constructs validated that all three constructs reliably measure their respective con-
cepts. The latent variable scores were extracted for use in the subsequent stage, serving
as formative indicators for Value-in-use construct.

The second stage of the two-stage approach involves extraction of latent variable
scores (LVS) from the first-order constructs to be used as indicators of the second-
order formative construct, the Value-in-use. Further, collinearity among the formative
indicators is assessed, along with relevance and significance.

The VIF values of the formative indicators were 1,645 (LVS - Experience), 1,527
(LVS - Personalization), and 1,513 (LVS - Relationship), all below the recommended
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threshold of 3,3, indicating absence of collinearity issues, and confirming that all in-
dicators capture distinct features of Value-in-use. Before the next step in the analy-
sis, a two-tailed bootstrapping procedure with 10 000 resamples was carried out. As
presented in Table 21, the LVS - Personalization indicator exhibited a high p-value
(>0,05) and a low t-value (<1,96; a = 0,05), suggesting non-significant contribution to
the Value-in-use construct. Both the LVS - Experience and LVS - Relationship indica-
tors showed significant outer weights, thereby establishing significant contribution to
the construct.

Table 21. Statistical significance of indicator weights of the Value-in-use construct’s
formative indicators.

Indicator Outer weights | STDEV | t-value | p-value | 2,5% | 97,5%
LVS - Experience 0,749 0,064 | 11,785 | <0,001 | 0,615 | 0,864
LVS - Personalization -0,007 0,07 0,106 0,916 | -0,143 | 0,135
LVS - Relationship 0,379 0,071 5,34 <0,001 | 0,238 | 0,514

Note: STDEV - standard deviation; 2,5% and 97,5% - lower and upper bounds of the 95% confidence interval.
Source: author’s own elaboration based on SmartPLS 4 output.

While LVS - Personalization indicator’s high p-value and low t-value indicate low
relative contribution to the construct, the deciding action before removing such in-

dicator is the assessment of its absolute contribution to the construct (see Table 22).

Table 22. Absolute significance of formative indicators.

Indicator Asociated construct Outer loadings p-value
LVS - Experience 0,948 <0,001
LVS - Personalization Value-in-use 0,581 <0,001
LVS - Relationship 0,777 <0,001

Source: author’s own elaboration based on SmartPLS 4 output.

Although the LVS - Personalization indicator exhibited a non-significant forma-
tive weight, its statistically significant loading (0,581, p < 0,05), indicated a meaningful
absolute contribution to the formation of the Value-in-use construct. Therefore, the
indicator was considered relevant and was retained.

In summary, the formative measurement model of Value-in-use showed acceptable
validity and consistency. The Experience and Relationship dimensions made strong
and statistically significant contributions to the construct. Meanwhile, Personalization
had a non-significant outer weight, but a sufficient and statistically significant outer
loading for a formative indicator. In turn, such results indicate that Personalization
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does not add much new information beyond what the other dimensions already ex-
plain, but it still represents an important part of the Value-in-use construct and there-
fore was kept in the model for theoretical completeness. As both reflective and forma-
tive measurement models’ assessments were completed and all necessary adjustments
were made, the following section proceeds with the evaluation of the structural model.

3.3. Structural model assessment

After reliability and validity of the measurement model was established, the sub-
sequent step included evaluation of structural model for the analysis of hypothesized
relationships among latent constructs. The structural model, otherwise described as
the inner model, contains a framework based on theoretical assumptions about causal
paths between exogenous (independent) and endogenous (dependent) constructs.
Structural model assessment reveals if proposed relationships between the constructs
are statistically significant, meaningful from theoretical perspective and can explain
variance in endogenous constructs. The assessment of the structural model was con-
ducted through several steps. Before the assessment of relationships between con-
structs, collinearity was tested to ensure that the predictor constructs were not exces-
sively correlated. Then, the significance and relevance of path coefficients were evalu-
ated using a bootstrapping procedure, which estimates the stability and reliability of
the model’s results by repeatedly resampling the data. Further, the model’s explanatory
power was examined through the coefficient of determination (R*) and effect sizes
(f*), which indicate how much variance each predictor explains in its corresponding
endogenous construct. Finally, the model’s predictive power was assessed using the
Q’predict statistic, which shows how well the model would predict outcomes if new
data was collected from a similar sample.

The structural model’s assessment for collinearity among predictor constructs
was carried out using the variance inflation factor, VIF (see Annex 3). All VIF values
ranged from 1,00 to 1,992, remaining well below the conservative threshold of 3,3 and
the commonly accepted upper limit of 5,0. These results confirm that multicollinearity
is not a concern in the structural model. Overall, the inner model demonstrates strong
statistical stability and meets the collinearity criteria required for valid interpretation
of the path coefficients.

3.3.1. Significance and relevance of direct effects
The significance and relevance of path coeflicients were estimated using a two-
tailed bootstrapping procedure with 10 000 resamples. Table 23 presents the signifi-

cance and relevance of structural model’s path coeflicients, indicating t- and p- statis-
tics, with lower and upper bounds of 95% confidence interval.
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Table 23. Significance and relevance of direct effects in structural model.

Structural path B | STDEV | t-value | p-value | 2,5% | 97,5%

Affective Customer Experience ->

. 0,458 | 0,046 | 9,975 | <0,001 | 0,368 | 0,549
Brand Equity

Affective Customer Experience ->

Emotional Attachment to a Brand 0,587/ 0,033 17,547 | <0,001 | 0,519 | 0,65

Affective Customer Experience ->

0,477 0,046 10,438 | <0,001 | 0,385 | 0,561
Trust

Affective Loyalty -> Conative Loyalty | 0,367 | 0,055 6,62 | <0,001 | 0,254 | 0,469

Behavioral Loyalty -> Repurchase 0,142 | 0,065 | 2,181 | 0,029 | 0,021 | 0,276

Behavioral Loyalty -> Word-of-

0,344 | 0,063 5,489 | <0,001 | 0,221 | 0,465
Mouth

Brand Equity -> Cognitive Loyalty 0,141 0,048 2,927 0,003 0,045 | 0,234

Cognitive Customer Experience ->

s 0,092 | 0,051 1,795 0,073 | -0,013 | 0,188
Cognitive Loyalty

Cognitive Customer Experience ->

. 0,142 | 0,046 3,113 0,002 | 0,053 | 0,232
Conative Loyalty

Cognitive Customer Experience ->

. 0,416 | 0,049 8,519 | <0,001 | 0,32 | 0,512
Convenience

Cognitive Customer Experience ->

. ] 0,201 | 0,043 4,657 | <0,001 | 0,116 | 0,285
Customer Satisfaction

Cognitive Customer Experience ->

Perceived Value 0,437 | 0,044 9,967 | <0,001 | 0,351 | 0,522

Cognitive Customer Experience ->

. 0,14 0,044 3,201 0,001 0,054 | 0,226
Repurchase Intentions

Cognitive Customer Experience ->

. 0,559 0,041 13,592 | <0,001 | 0,475 | 0,636
Value-in-use

Cognitive Loyalty -> Affective

0,236 | 0,049 4,79 <0,001 | 0,138 | 0,33
Loyalty

Conative Loyalty -> Behavioral

0,415 | 0,059 7,006 | <0,001 | 0,298 | 0,53
Loyalty

Conative Loyalty -> Repurchase 0,537 | 0,056 | 9,581 | <0,001 | 0,421 | 0,642

Intentions

Convenience -> Repurchase 0,049 0,061 0,815 0,415 | -0,069 | 0,167
Custor.ner Knowledge Sharing -> 0033|0038 0.864 0,388 01 | 0,051
Conative Loyalty

Customer Satisfaction -> Affective

0,286 | 0,054 5,309 | <0,001 | 0,182 | 0,393
Loyalty

Customer Satisfaction -> Conative

0,379 | 0,052 7,346 | <0,001 | 0,275 | 0,478
Loyalty

Emotional Attachment to a Brand ->

Affective Loyalty 0,402 | 0,042 9,59 <0,001 | 0,319 | 0,483
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Structural path f | STDEV | t-value | p-value | 2,5% | 97,5%
Emotional Attachment to a Brand ->
Habit
Firm’s Organizational Agility ->
Repurchase Intentions
Habit -> Repurchase 0,198 | 0,059 3,382 0,001 0,083 | 0,312
Perceived Value -> Cognitive Loyalty | 0,344 | 0,054 | 6,362 | <0,001 | 0,238 | 0,449
Repurchase Intentions -> Repurchase | 0,247 | 0,079 | 3,112 | 0,002 | 0,085 | 0,395
Switching Costs -> Cognitive Loyalty | -0,08 | 0,075 | 1,067 | 0,286 | -0,159 | 0,115
Trust -> Customer Satisfaction 0,575 | 0,036 15,788 | <0,001 | 0,503 | 0,645
Value-in-use -> Cognitive Loyalty 0,245 | 0,053 4,649 <0,001 | 0,139 | 0,346

0,374 | 0,049 7,648 | <0,001 | 0,276 | 0,469

0,049 | 0,046 1,066 0,286 | -0,039 | 0,143

Note: 8 - path coefficient; STDEV - standard deviation; 2,5% and 97,5% - lower and upper bounds of the 95%

confidence interval.
Source: author’s own elaboration based on SmartPLS 4 output.

Out of 30 estimated structural paths, 25 were statistically significant (p < 0,05).
The standardized path coefficients ranged from -0,08 to 0,587, indicating small to
large effects depending on the relationship. Additionally, the 95% confidence intervals
(CI) were examined to validate the significance results. Consistent with the p-values,
25 paths showed confidence intervals that did not include zero, confirming their sta-
tistical significance, while 5 paths had intervals crossing zero, indicating non-signif-
icance. This consistency between the p-values and Cls supports the reliability of the
model’s estimated relationships.

Among the strongest effects, Affective Customer Experience demonstrated a sub-
stantial effect on Emotional Attachment to a Brand (f = 0,587), highlighting the im-
portance of emotionally engaging experiences in fostering emotional bonds. It also
had medium effects on Trust (p = 0,477) and Brand Equity (p = 0,458), suggesting
that emotional experiences strengthen confidence in the service provider and enhance
perceived brand value.

The Cognitive Customer Experience also exhibited several significant relation-
ships, including a large effect on Value-in-use (B = 0,559) and medium effects on Per-
ceived Value ( = 0,437) and Convenience (B = 0,416), confirming that information-
rich and problem-solving experiences directly contribute to the perceived benefits of
using the particular service provider, and thus facilitates the entire service provision
process from the decision-making to post-service interactions. However, the effect of
Convenience on Repurchase was found statistically non-significant, with a minimal
effect size (B = 0,049), suggesting that a smooth service provision does not signifi-
cantly increase the likelihood of a repurchase behavior. Smaller yet statistically sig-
nificant effects of Cognitive Customer Experience were observed on Conative Loyalty
(B = 0,142) and Customer Satisfaction (B = 0,201), indicating that cognitive experi-
ences modestly influence customers” intentions of continuing or repeating business
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with a particular service provider and has limited influence on overall satisfaction with
the provided service since information-rich service does not always guarantee meet-
ing expectations. This is further supported by Cognitive Customer Experience’s small
effect on Repurchase Intentions (B = 0,14). Meanwhile, the limited and statistically
non-significant effect on Cognitive Loyalty (B = 0,092) suggests that informational,
problem-solving experiences with B2B digital services do not necessarily elevate the
service provider as a superior company in the eyes of the customer.

Trust exhibited a large effect on Customer Satisfaction (B = 0,575), indicating that
sincerely and honestly provided service strengthens the likelihood of meeting cus-
tomer expectations. Customer satisfaction, in turn, had a moderate direct effect on
Conative Loyalty (B = 0,379) and a moderate effect on Affective Loyalty (p = 0,286),
reinforcing the notion that meeting customers’ expectations is one of the key loyalty
drivers.

Behavioral loyalty demonstrated a medium effect on Word-of-Mouth (B = 0,344)
and a smaller effect on Repurchase ( = 0,142), indicating that customers who consist-
ently partner with a particular service provider are likely to engage in advocacy, but
only slightly increase the likelihood of repeated purchasing in the future.

Brand Equity showed a small effect on Cognitive Loyalty (B = 0,141), while Per-
ceived Value had a moderate effect on Cognitive Loyalty (B = 0,344), which suggests
that from a B2B customer’s perspective, perceived service provider excellence stems
primarily from rational evaluations of price-performance ratio rather than brand-
related preferences. However, Emotional Attachment to a Brand demonstrated a me-
dium effect on Affective Loyalty (B = 0,402) and Habit (p = 0,374), indicating that
customers who feel emotionally connected and derive joy or comfort from the brand
are more likely to develop genuine affection toward the service provider and use their
services automatically. Habit, in turn, showed a small but significant effect on Repur-
chase (B =0,198), while Repurchase Intentions had a slightly stronger effect (B = 0,247)
on Repurchase, implying that repeated purchasing results both from habitual use and
conscious intentions to maintain an ongoing relationship with the service provider.
Finally, Value-in-use had a small (yet close to moderate) and significant effect on Cog-
nitive Loyalty (B = 0,245), suggesting that customers’ recognition of service provider
superiority is also influenced by the perceived problem-solving capacity and adapt-
ability to the customer, as well as personalized benefits obtained through service use.

The path coefficients of the model’s three moderators were tested against the en-
dogenous variable as well to determine if a direct effect exists. Non-significant paths
were found between Firm’s Organizational Agility and Repurchase Intentions, be-
tween Customer Knowledge Sharing and Conative Loyalty, and between Switching
Costs and Cognitive Loyalty. Each of these relationships had path coefficients lower
than 0,10, which is below the threshold, indicating small effect sizes. These paths were
nevertheless retained in the model to allow a complete empirical assessment of the
proposed mediating and moderating relationships.

Finally, effect sizes (f°) were checked to assess how much a predictor construct con-
tributes to the explained variance (R*) of an endogenous construct when it is included
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or excluded from the model (see Annex 4). The comparison of f values and standard-
ized path coeflicients confirmed a consistent and coherent pattern across the model,
thus f* values do not provide substantial additional explanatory insight at this stage.
However, f* values will be discussed moderation analysis section, where effect sizes
are critical for assessing interaction effects. In addition, significance and relevance of
moderating effects were omitted from Table 23, as they will be reported in moderation
analysis section.

3.3.2. Explanatory and predictive power of the structural model

Explanatory power of the structural model. The explanatory power of the struc-
tural model was evaluated to assess the extent to which exogenous constructs account
for the variance in endogenous constructs. This assessment is conducted using the
coeflicient of determination (R?), which reflects the proportion of variance in each en-
dogenous variable attributable to its respective predictors (see Table 24). In particular,
elevated R? values indicate greater explanatory power, signifying that the model suc-
cessfully captures the interrelationships among constructs.

Table 24. Explained variance in model’s endogenous constructs.

Construct R? R? adjusted
Affective Loyalty 0,597 0,593
Behavioral Loyalty 0,172 0,17
Brand Equity 0,21 0,208
Cognitive Loyalty 0,45 0,441
Conative Loyalty 0,56 0,555
Convenience 0,173 0,171
Customer Satisfaction 0,471 0,468
Emotional Attachment to a Brand 0,345 0,343
Habit 0,14 0,138
Perceived Value 0,191 0,189
Repurchase 0,235 0,227
Repurchase Intentions 0,393 0,387
Trust 0,227 0,225
Value-in-use 0,312 0,31
Word-of-Mouth 0,118 0,116

Source: author’s own elaboration based on SmartPLS 4 output.

As presented in Table 24, the adjusted R? values were very close to the R* values,
suggesting that all predictors meaningfully contributed to the explanation of corre-
sponding endogenous constructs and the model is not overfitted to the data. There-
fore, model’s explanatory power was evaluated based on the values of R
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The R? values of the endogenous constructs ranged from 0,118 to 0,597. The di-
mensions of loyalty exhibited the highest explained variance — Affective (R* = 0,597),
Conative (R* = 0,56), and Cognitive Loyalty (R? = 0,45), along with Customer Satisfac-
tion (R? = 0,471). Value-in-use (R*> = 0,312), Repurchase Intentions (R* = 0,393) and
Emotional Attachment to a Brand (R? = 0,345) also showed meaningful, albeit weaker,
explanatory levels. Repurchase demonstrated comparatively lower level of explained
variance, indicating that its predictors included in the model explain only about 24%
of the variability of the construct. This suggests that other factors not captured in the
model or additional relationships between existing constructs in the model may also
play an important role in shaping the repurchase behavior.

Overall, the R? values indicate that the model achieves satisfactory explanatory
power, particularly related to loyalty dimensions and repurchase intentions, which are
central to this empirical study. The results suggest that the model effectively captures
the mechanisms through which customer experience drives loyalty in B2B digital
service relationships. Meanwhile, weaker explanatory level for repurchase behavior
implies that actual behavioral outcomes may be influenced by numerous other fac-
tors (contextual, organizational, contractual, etc.). Nevertheless, the models ability to
explain nearly one quarter of repurchasing behavior provides meaningful insights into
how customer experience contributes to sustaining an ongoing business partnership.

Predictive power of the structural model. The R? values presented above indi-
cate how much variance in each endogenous construct is explained by their predic-
tors within the sample. To assess whether the model has predictive power for out-of-
sample observations as well, the PLSpredict procedure was carried out, focusing on
key endogenous constructs — Cognitive Loyalty, Affective Loyalty, Conative Loyalty,
Behavioral Loyalty, Repurchase Intentions, and Repurchase.

Table 25 presents the PLSpredict summary at the indicator level, showing Q*pre-
dict values, PLS-SEM prediction errors (RMSE), the linear model (LM) benchmark
performance for all predicted indicators, and the resulting predictive power of a target
construct.
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Table 25. Results of PLSpredict procedure with predictive power outcomes.

Indicators Q’predict PLS-SEM RMSE LM RMSE Predictive power
AFFLOY1 0,443 0,622 0,62

AFFLOY2 0,427 0,663 0,672 Medium
AFFLOY3 0,431 0,65 0,65

BEHLOY1 0,131 0,735 0,735

BEHLOY3 0,07 0,83 0,833 Medium
BEHLOY4 0,065 0,801 0,805

COGLOY1 0,326 0,672 0,687

COGLOY2 0,133 0,947 0,936 Medium
COGLOY3 0,278 0,724 0,727

COGLOY4 0,374 0,638 0,655

CONLOY1 0,379 0,564 0,553

CONLOY2 0,378 0,701 0,673

CONLOY3 0,336 0,612 0,602 None
CONLOY4 0,373 0,737 0,721

REP1 0,1 0,735 0,747

REP2 0,141 0,641 0,657 Medium
REP3 0,116 0,834 0,796

REPINT1 0,237 0,699 0,694

REPINT2 0,368 0,653 0,651 Low
REPINT3 0,125 0,89 0,9

Source: author’s own elaboration based on SmartPLS 4 output.

Across most indicators of the key endogenous constructs, the PLS-SEM model
demonstrated lower RMSE values compared to the LM benchmark, resulting in me-
dium predictive power (see Table 25). The Q’predict values ranging from 0,1 to 0,443
indicate positive out-of-sample predictive ability across the endogenous constructs.
Relative to other constructs in the model, the highest predictive power was observed
for Affective Loyalty, exhibiting better PLS-SEM RMSE values compared to LM RMSE,
and highest Qpredict scores. Medium predictive power was established for Cognitive
Loyalty, Behavioral Loyalty, and Repurchase. While these constructs show satisfactory
Q?predict values, each construct had at least one indicator which had PLS-SEM RMSE
lower than LM benchmark. In contrast, Conative Loyalty demonstrated no predictive
power, as none of its indicators produced lower, albeit very close, prediction errors
than LM benchmark.

In summary, predictive power assessment shows that the model is capable of mod-
erately predicting key outcomes of B2B digital service customer experience, includ-
ing cognitive, affective, and behavioral dimensions of loyalty, along with repurchase
behavior. These findings reinforce the structural model’s applicability for subsequent
mediation and moderation analyses by exhibiting not only explanatory, but also pre-

dictive capability of key outcomes examined in this empirical investigation.
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3.4. Mediation and moderation analysis

Mediation analysis. All quality criteria of the measurement and structural models
were met prior to conducting the mediation analysis. The assessment of the measure-
ment model confirmed satisfactory indicator reliability, internal consistency reliabil-
ity, and convergent and discriminant validity across constructs. Several reflective indi-
cators with low factor loadings were removed to improve indicator reliability. The final
loadings exceeded the threshold of 0,708 for the retained items, with the exception of
three indicators that remained below the threshold (PERCVAL2 at 0,700; VIUPER1
at 0,661; and SWC3 at 0,617), but were retained due to their theoretical relevance to
their respective constructs. Cronbach’s alpha values ranged from 0,607 to 0,925, and
composite reliability values from 0,792 to 0,943, indicating satisfactory internal con-
sistency. Although some constructs exhibited slightly lower Cronbach’s alpha values,
their composite reliability and AVE values exceeded recommended thresholds, con-
firming adequate reliability and convergent validity. Discriminant validity, assessed
using the HTMT criterion, was satisfactory for all construct pairs, with values below
the 0,90 threshold.

The higher-order construct Value-in-Use was modelled as a Type II reflective-
formative construct and was assessed using a two-stage approach. The first stage con-
firmed that all three reflective first-order constructs demonstrated acceptable reliabil-
ity, convergent and discriminant validity. The second stage showed that the indicators
did not exhibit multicollinearity, and that two out of the three formative indicators
made significant contributions to the higher-order construct Value-in-use. Although
the weight of one indicator was not statistically significant, it was retained based on
its absolute contribution and preservation of the conceptual completeness of the con-
struct. Overall, the Value-in-use construct was validated as a reliable representation of
its formative indicators.

The evaluation of the structural model revealed no collinearity issues among pre-
dictor constructs (VIF < 3,3), and 25 out of 30 estimated structural paths were statis-
tically significant (p < 0,05). The remaining non-significant paths were retained due
to their theoretical relevance and potential mediating roles. The model’s explanatory
power ranged from low to moderate (R? values ranged 0,118-0,597), which is consid-
ered satisfactory given the high model complexity and the multidimensional nature of
customer experience in B2B digital services.

Overall, both measurement and structural models satisfy the quality criteria nec-
essary to proceed with mediation analysis, confirming that the estimated effects are
unbiased and suitable for testing indirect effects.

Following the establishment of the measurement and structural model quality cri-
teria, mediation analysis was conducted to examine the mechanisms linking customer
experience dimensions with loyalty-related outcomes. The analysis applied a boot-
strapping procedure with 10 000 resamples to estimate the significance and magnitude
of specific and total indirect effects. This approach ensures that the results are statisti-
cally reliable and not dependent on the assumption of normal data distribution, which
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is particularly important in complex PLS-SEM models. All indirect effects were evalu-
ated based on their path coefficients, standard deviations, t-values, and p-values, and
the 95% confidence intervals. Indirect effects were considered statistically significant
when p < 0,05 and confidence intervals did not include zero. Also, the path coefficient
thresholds in mediation analysis differ from the structural paths because indirect ef-
fects are considered to be smaller than their constituent direct paths. Thus, the magni-
tude of an indirect effect is evaluated within more conservative ranges.

Table 26 presents the results of the specific indirect effects, which provides a de-
tailed overview of hypothesized mediating mechanisms (see Section 1.3.2., hypotheses
H1-H8), the corresponding mediation type classification, and indicates whether the
indirect path through one or more constructs is statistically significant. The full Smart-
PLS 4 output of specific indirect effects, including non-hypothesized paths, is provided
in Annex 5.

Table 26. Specific indirect effects.

Mediationpath | DIt | g |stpEv| | P | 550 | 97,59 | Mediation
path value | value type
Affective Indirect-
Customer only
Experience -> - 0,065 | 0,024 |2,731| 0,006 | 0,02 | 0,113 | mediation
Brand Equity -> (no direct
Cognitive Loyalty path)
Affective
Customer Indirect-
Experience only
-> Emotional - 0,236| 0,03 |8,005|<0,001| 0,18 | 0,295 | mediation
Attachment (no direct
to a Brand -> path)
Affective Loyalty
Affective Indirect-
Customer
Experience only
P . - 0,22 | 0,031 |7,126|<0,001| 0,16 | 0,281 | mediation
-> Emotional .
(no direct
Attachment to a ath)
Brand -> Habit P
Affective Indirect-
Customer
Experience only
P - 0,274 | 0,034 | 8,034 |<0,001 | 0,209 | 0,342 | mediation
-> Trust -> .
(no direct
Customer ath)
Satisfaction P
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Di ) ) Mediati

Mediationpath | Dt | g |stpEv| © | P | 550 | 97,50 | Mediation
path value| value type

Cognitive

Customer No-effect

Experience -> - 0,021 | 0,026 |0,795| 0,427 |-0,029 | 0,074 non-

Convenience -> mediation

Repurchase

Cognitive Indirect-

Customer

Experience only

p - 0,057 | 0,017 |3,404| 0,001 | 0,028 | 0,094 | mediation
-> Customer .

. . (no direct
Satisfaction -> ath)
Affective Loyalty P
Cognitive Cognitive
Customer
Experience Customer Comple-

P Experience | 0,076 | 0,019 |4,013 | <0,001 | 0,041 | 0,115 mentary
-> Customer . ..

. . -> Conative mediation
Satisfaction -> Lovalt
Conative Loyalty yay
Cognitive Cognitive Indirect-
Customer Customer only
Experilence -> Experience 0.15 | 0,028 | 5428 <0001 0.1 | 0208 mednlatlon
Perceived Value -> (direct
-> Cognitive Cognitive path’s p >
Loyalty Loyalty 0,05)

o Cognitive Indirect-
Cognitive
Customer only
Customer Experience mediation
Experience -> P 0,137 0,03 |4,541|<0,001 | 0,079 | 0,198 .

. -> (direct
Value-in-use -> . ,
Coenitive Lovalt Cognitive path’s p >

& YAy Loyalty 0,05)

Indirect-
Trust ->
Customer only

. . - 0,164 | 0,034 |4,843|<0,001 | 0,102 | 0,234 | mediation
Satisfaction -> .
Affective Loyalt (no direct

YAy path)
Indi -
Conative Loyalty ni;rf;c t
-> Repurchase - 0,133 | 0,046 | 2,857 | 0,004 | 0,044 | 0,226 | mediation
Intentions -> .
(no direct
Repurchase
path)

Note: 8 - path coefficient; STDEV - standard deviation; 2,5% and 97,5% - lower and upper bounds of the 95%

confidence interval.

Source: author’s own elaboration based on SmartPLS 4 output.
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As presented in Table 26, all except one of the mediating paths are statistically
significant based on their p-values and 95% confidence intervals. Affective Custom-
er Experience showed several substantial positive indirect effects through Trust and
Emotional Attachment to a Brand, notably in the path Affective Customer Experience
> Emotional Attachment to a Brand > Affective Loyalty. This path demonstrates that
emotional attachment works as a relevant mechanism in leading customers’ affective
experiences towards affective loyalty. In addition, affective experiences are indirectly
linked to Habit through Emotional Attachment to a Brand, indicating that emotionally
engaging experiences may foster habitual use of particular provider’s services.

Mediation analysis also revealed that the relationship between Cognitive Customer
Experience and Cognitive Loyalty is positively mediated by Value-in-use and Perceived
Value (indirect-only mediation), meaning that the customers’ evaluation of the service
value serves as a mechanism that links positive cognitive experiences with service pro-
vider’s superiority compared to competitors. Also, cognitive experiences are indirectly
linked to both affective and conative dimensions of loyalty through Customer Satis-
faction, suggesting that fulfilled customer’s expectations foster emotional responses
towards the service provider and strengthen intentions to continue the relationship. In
contrast, Convenience did not exhibit a mediating role between Cognitive Customer
Experience and Repurchase, indicating that repurchasing behavior is based more on
rational evaluations rather than the perceived easiness of repurchasing process itself.

Several mediation types were identified across the model. The relationship Cogni-
tive Customer Experience > Customer Satisfaction > Conative Loyalty represents com-
plementary mediation, where both direct and indirect effects are significant and point
in the same direction. Several paths, such as Affective Customer Experience > Trust >
Customer Satisfaction represent indirect-only mediation, since only the indirect paths
are significant, and no corresponding direct paths are hypothesized in the model (or
the direct path is non-significant). The full range of specific indirect effects estimated
by the model, including the paths that were not hypothesized in this empirical in-
vestigation, is provided in Annex 5. Finally, non-significant indirect path, Cognitive
Customer Experience > Convenience > Repurchase, is categorized as no-effect non-
mediation, since indirect paths are non-significant and the direct path is not present
in the model.

Table 27 summarizes the total indirect effects, which aggregate all specific indi-
rect effects between each indirectly connected pair of exogenous and endogenous
constructs in the model. These results show the overall magnitude of the mediated
relationships when all indirect mechanisms are considered together, also known as
multiple mediation.
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Table 27. Total indirect effects.

Mediationpath | Dt | g lsrppv © | P | 550 | 97,5 | Mediation
path value | value type
éfjtcotgzr Indirect-
. - 0,33 | 0,029 | 11,44 | <0,001 | 0,273 | 0,386 only
Experience -> o
. mediation
Affective Loyalty
Affective
Customer Indirect-
Experience - 0,093 | 0,02 | 4,618 | <0,001 | 0,057 | 0,137 only
-> Behavioral mediation
Loyalty
éfsegrz; Indirect-
. - 0,065 | 0,024 | 2,731 | 0,006 | 0,02 | 0,113 only
Experience -> s
o\ mediation
Cognitive Loyalty
élffsetcotg::r Indirect-
. - 0,225 0,028 | 8,158 | <0,001 | 0,171 | 0,279 only
Experience -> e
. mediation
Conative Loyalty
égsetccf:]’zr Indirect-
. - 0,087 | 0,017 | 4,984 | <0,001 | 0,055 | 0,124 only
Experience -> s
mediation
Repurchase
Affective
Customer Indirect-
Experience -> - 0,121 | 0,022 | 5,543 | <0,001 | 0,079 | 0,165 only
Repurchase mediation
Intentions
Affective Loyalt Indirect-
yaty - 0,07 | 0,018 | 3,823 | <0,001 | 0,037 | 0,109 only
-> Repurchase Ll
mediation
Affective Loyalty Indirect-
-> Repurchase - 0,197 | 0,036 | 5,443 | <0,001 | 0,126 | 0,269 only
Intentions mediation
gﬁ;ﬁ‘; Indirect-
. - 0,147 | 0,026 | 5,637 | <0,001 | 0,096 | 0,199 only
Experience -> e
. mediation
Affective Loyalty
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Di ) ) Mediati
Mediationpath | DUt | g lstpEv & | P | 550 | 97,50 | Mediation
path value | value type
Cognitive
Customer Indirect-
Experience - 0,113 | 0,026 | 4,345 | <0,001 | 0,066 | 0,167 only
-> Behavioral mediation
Loyalty
Cognitive Indirect-
Cognitive Customer only
Customer Experience | a7 | 0,034 | 835 | <0,001 | 0,222 | 0358 | Mediation
Experience -> -> (direct
Cognitive Loyalty | Cognitive paths p >
Loyalty 0,05)
Cognitive Cognitive
Customer Customer Comple-
R Experience | 0,13 | 0,024 | 5,349 | <0,001 | 0,081 | 0,177 mentary
Experience -> . .
. -> Conative mediation
Conative Loyalty
Loyalty
ggf::gz Indirect-
. - 0,107 | 0,031 | 3,513 | <0,001 | 0,052 | 0,172 only
Experience -> L
mediation
Repurchase
Cognitive Cognitive
Customer
Customer . Comple-
. Experience
Experience -> N 0,146 | 0,031 | 4,676 | <0,001 | 0,088 | 0,21 mentary
Repurchase mediation
. Repurchase
Intentions .
Intentions
Cognitive Loyalt Indirect-
& yay - 0,017 | 0,006 | 2,765 | 0,006 | 0,007 | 0,03 only
-> Repurchase Lo
mediation
Cognitive Loyalty Indirect-
-> Repurchase - 0,046 | 0,014 | 3,36 | 0,001 | 0,022 | 0,076 only
Intentions mediation
Conative Loyalt Indirect-
Yoy - 0,192| 0,042 | 4,604 | <0,001| 0,112 | 0,275 | only
-> Repurchase L
mediation

Note: 8 - path coefficient; STDEV - standard deviation; 2,5% and 97,5% - lower and upper bounds of the 95%

confidence interval.

Source: author’s own elaboration based on SmartPLS 4 output.

The largest total indirect effect was found between Affective Customer Experience
and Affective Loyalty (B = 0,33, t = 11,44, p < 0,001), indicating that their relation-
ship (indirect-only type) is transmitted through mediators such as Trust, Customer
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Satisfaction, Brand Equity, Emotional Attachment to a Brand, and Cognitive Loyalty.
Other strong and statistically significant total indirect effects include Affective Custom-
er Experience > Conative Loyalty ( = 0,225, t = 8,158, p < 0,001) through Customer
Satisfaction and Trust, and Cognitive Customer Experience > Cognitive Loyalty (B =
0,287, t = 8,35, p < 0,001) through Perceived Value and Value-in-use, confirming the
importance of value-based evaluations in driving cognitive loyalty.

In addition, several meaningful total indirect effects link customer experience
dimensions to loyalty related outcomes. The total indirect effect Cognitive Customer
Experience > Repurchase (p = 0,107, t = 3,513, p < 0,001) was found to be of similar
strength and significance compared to Affective Customer Experience - Repurchase
(B = 0,087, t = 4,984, p < 0,001), suggesting that while both experience dimensions
contribute to repurchasing behavior, cognitive experiences play a slightly more impor-
tant role through loyalty related mechanisms and repurchase intentions. Moreover,
the indirect paths Cognitive Customer Experience > Repurchase Intentions (p = 0,146,
t = 4,676, p < 0,001) and Conative Loyalty > Repurchase (f = 0,192, t = 4,604, p <
0,001) further demonstrate that repurchasing behavior emerges as the outcome of ac-
cumulated experiential, intentional processes rather than a direct response to isolated
service encounters.

For the mediation type classifications, most of the total indirect effects were in-
direct-only, with two complementary mediations Cognitive Customer Experience >
Conative Loyalty and Cognitive Customer Experience > Repurchase Intentions where a
direct path between exogenous and endogenous constructs is significant.

The analysis of both specific and total indirect effects provides a comprehensive
understanding of how the proposed mediators function. The specific effects demon-
strate the role of each individual mediator, while the total indirect effects provide a
summary of the combined impact of all mediating paths between any two indirectly
linked constructs. These analyses confirm which indirect mechanisms are statistically
supported and which appear weaker or absent.

Another perspective on the same estimation results is provided by the total effects
estimation, which combines the direct and indirect pathways between each pair of
constructs and show the overall influence of a construct on a given outcome (Hair et
al., 2022). While the indirect effects isolate the mediated component of each relation-
ship, the estimation of total effects indicates the extent to which each loyalty dimen-
sion, as well as repurchase intentions and repurchase behavior, is associated with the
individual constructs of the model. Table 28 presents the largest total effects on these
outcomes. The complete total effects matrix covering all constructs is provided in An-
nex 6.
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Table 28. Largest total effects by outcome.

Outcome Rank Predictor B p-value
1 Cognitive customer experience 0,379 <0,001
. 2 Perceived value 0,344 <0,001
Cognitive loyalty -
3 Value-in-use 0,245 <0,001
4 Brand equity 0,141 0,003
1 Emotional attachment to a brand 0,402 <0,001
2 Affective customer experience 0,330 <0,001
Affective loyalty 3 Customer satisfaction 0,286 <0,001
4 Trust 0,164 <0,001
5 Cognitive customer experience 0,147 <0,001
1 Customer satisfaction 0,483 <0,001
2 Trust 0,278 <0,001
Conative loyalty 3 Cognitive customer experience 0,272 <0,001
4 Affective customer experience 0,225 <0,001
5 Emotional attachment to a brand 0,148 <0,001
1 Customer satisfaction 0,200 <0,001
Behavioral loyalty 2 Trust 0,115 <0,001
3 Cognitive customer experience 0,113 <0,001
1 Cognitive customer experience 0,287 <0,001
Repurchase 2 Customer satisfaction 0,260 <0,001
intentions 3 Trust 0,149 <0,001
4 Affective customer experience 0,121 <0,001
1 Habit 0,198 0,001
Repurchase 2 Cognitive customer experience 0,107 <0,001
3 Emotional attachment to a brand 0,103 <0,001

Note: B - standardized total effect combining the direct and indirect pathways between the two constructs.
Only total effects with § > 0,10 and p < 0,05 are reported. Total effects of the loyalty dimensions on subsequent
loyalty dimensions and on repurchase outcomes, as well as the confidence intervals of all estimates, are reported

in Annex 6.
Source: author’s own elaboration based on SmartPLS 4 output.

As shown in Table 28, several recurring priorities emerge across all the outcomes
examined. Cognitive customer experience is particularly important, since it is the
only construct that appears across all loyalty and repurchase outcomes, and among
the constructs listed in Table 28, it has the greatest overall impact on cognitive loyalty
and repurchase intentions. Customer satisfaction is the second most important area of
managerial focus, showing the largest effects on conative and behavioral loyalty, as well
as a significant effect on repurchase intentions. Trust also remains significant in nearly
all stages of loyalty (affective, conative, behavioral). Emotional attachment to a brand
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has the highest impact on affective loyalty, and it is also one of the few constructs that
retains a meaningful total effect on repurchase behavior. Thus, the results indicate that
in order to strengthen customer loyalty, a focus should be placed primarily on the cog-
nitive customer experience, satisfaction, and trust. Meanwhile, to convert that loyalty
into repeat purchases, additional attention should be given to fostering emotional at-
tachment to a brand and developing the customer’s habit of service use.

It is also worth noting that the magnitude of the total effect consistently decreases
as the sequence of constructs is examined. Starting with the dimensions of loyalty
and ending with actual repurchase behavior, the observed effect of one construct on
another is attenuated at each step throughout the sequence. Consequently, the more
mediating mechanisms separate a construct from the desired outcome, the more
these mediating mechanisms absorb the construct’s influence on that outcome. Con-
sequently, value-related constructs, which have the strongest influence on cognitive
loyalty, ultimately show a minor effect on repurchase behavior due to the length of the
construct chain, while those constructs closest to repurchase behavior, such as habit or
emotional attachment to the brand, retain the strongest influence on it.

In summary, the mediation analysis demonstrates that multiple theoretically pro-
posed indirect relationships are empirically supported and explain the mechanisms
through which connecting customer experience dimensions influence the dimensions
of loyalty, as well as repurchase intentions and behavior. The findings suggest that the
model provides a sound representation of the system of mediated relationships among
customer experience, value, satisfaction, and loyalty-related outcomes. The results also
indicate that the relative weight of these mechanisms is not uniform across the out-
comes, since the overall influence of a construct depends not only on the strength of its
individual paths, but also on its position in the mediation path sequence.

Moderation analysis. The final stage of the PLS model evaluation involved as-
sessing the moderating effects hypothesized in the research model. In this empirical
investigation, three continuous latent moderators were included, each measured re-
flectively using five-point Likert scale indicators. Specifically, Switching Costs was hy-
pothesized to moderate the relationship between Cognitive Customer Experience and
Cognitive Loyalty, Firms Organizational Agility was expected to moderate the link
between Cognitive Customer Experience and Repurchase Intentions, and Customer
Knowledge Sharing was hypothesized to moderate the relationship between Cognitive
Customer Experience and Conative Loyalty. The moderation analysis was conducted
using the two-stage approach based on latent variable scores from the main effects
model, which allows for precise estimation of the interaction terms while maintain-
ing the theoretical integrity of the structural relationships. Each moderating effect’s
significance and relevance was evaluated using the percentile bootstrapping procedure
with 10 000 resamples, providing percentile-based confidence intervals and p-values,
with path coefficients (B) and effect sizes (f°) for each moderating effect.

The moderation effect significance results, presented in Table 29, indicate that
none of the hypothesized moderating effects reached statistical significance. Although
the path coefficients of the interaction terms were not equal to zero, signaling some
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trace of significance, the t-values (path coefficient divided by standard deviation)
were lower than the marginal significance threshold of 1,65, and all p-values were well
above the 0,05 threshold. Also, all of the interaction terms’ 95% confidence intervals
included zero.

Table 29. Significance of moderation effects.

Interaction term f | STDEV E P 2,5% | 97,5%
value | value

Customer Knowledge Sharing x Cognitive

. . 0,005 | 0,033 | 0,161 | 0,872 | -0,063 | 0,065
Customer Experience -> Conative Loyalty

Firm’s Organizational Agility x Cognitive
Customer Experience -> Repurchase 0,051 | 0,032 1,596 | 0,111 | -0,014 | 0,113
Intentions

Switching Costs x Cognitive Customer

. o 0,02 | 0,045 | 0,437 | 0,662 | -0,077 | 0,102
Experience -> Cognitive Loyalty

Note: 3 - path coefficient; STDEV - standard deviation; 2,5% and 97,5% - lower and upper bounds of the 95%

confidence interval.
Source: author’s own elaboration based on SmartPLS 4 output.

The effect sizes f* (see Table 30), showed that none of the interaction terms demon-
strated even a small practical effect.

Table 30. Relevance of moderation effects.

Interaction term Ff | STDEV E P 2,5% | 97,5%
value | value

Customer Knowledge Sharing x Cognitive

Customer Experience -> Conative Loyalty 0 0,004 | 0,018 ) 0,986 | 0 0,014

Firm’s Organizational Agility x Cognitive
Customer Experience -> Repurchase 0,005 | 0,007 | 0,764 | 0,445 0 0,025
Intentions

Switching Costs x Cognitive Customer
Experience -> Cognitive Loyalty

0,001 | 0,006 | 0,127 | 0,899 0 0,022

Note: f* - effect size; STDEV - standard deviation; 2,5% and 97,5% - lower and upper bounds of the 95%

confidence interval.
Source: author’s own elaboration based on SmartPLS 4 output.

In summary, the results of moderation analysis show no evidence that the con-
textual factors alter the strength or direction of the corresponding relationships in

the model. All interaction terms were statistically non-significant, their confidence

131



intervals included zero, and the effect sizes were trivial. Together, these results sug-
gest that the relationships between cognitive customer experience and loyalty, as well
as repurchase-related outcomes are unaffected by tested moderators, i.e., Customer
Knowledge Sharing, Firm’s Organizational Agility, or Switching Costs.

3.5. Necessary condition analysis for repurchase

In addition to PLS-SEM results, which explain the mechanisms through which the
constructs in the model influence repurchase outcomes, a necessary condition analysis
(NCA) was conducted to determine which conditions must be present for high levels
of repeat purchase to occur. That is, while PLS-SEM results reveal which constructs
act as drivers of repurchase behavior, NCA complements these findings by identifying
minimum enabling conditions that need to be present for higher repurchase outcomes
to be achieved.

Three conditions, habit, trust, and behavioral loyalty, met the threshold for me-
dium effect sizes d > 0,10, and statistical significance p < 0,05. However, the effect
size of behavioral loyalty was exactly d = 0,10, with p = 0,037. Although the threshold
was reached, such effect is considered marginal and should be interpreted cautiously
as the effect is marginal and the constructs is conceptually close to repurchase, both
reflecting related manifestations of repeated customer behavior. In addition, while re-
purchase intentions, perceived value, and brand equity yielded statistically significant
permutation results, their effect sizes remained below the medium effect threshold (d
< 0,10), indicating weak necessity effects with limited practical relevance. Full NCA
results for repurchase, including weak necessity effects, are provided in Annex 7. Table
31 presents the necessary conditions for repurchase exhibiting medium necessity ef-
fects.

Table 31. Medium necessary conditions for repurchase.

Condition Effect size, d (CE-FDH) p-value Interpretation
Habit 0,132 0,031 Necessary (medium effect)
Trust 0,114 0,001 Necessary (medium effect)
Behavioral loyalty 0,100 0,037 Marginally necessary

Source: author’s own elaboration based on SmartPLS 4 output.

To further interpret the identified necessary conditions, a bottleneck analysis was
conducted to determine minimum levels of these conditions required to achieve dif-
ferent levels of repurchase. Bottleneck analysis shows that the necessary conditions
become more constraining at higher levels of repurchase. Detailed bottleneck analysis
results are provided in Annex 8.

Based on bottleneck analysis, trust functions as an enabling condition even at low-
er levels of repurchase construct, meaning that even modest repeat purchasing in B2B
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digital service relationships requires at least a minimal level of confidence in the ser-
vice provider. In contrast, habit and behavioral loyalty become constraining at higher
repurchase levels, indicating that higher repurchase outcomes are unlikely to occur
without at least minimum levels of habit and behavioral loyalty.

Such pattern suggests that trust may act as a foundational condition for maintain-
ing continued business relationships, while habit becomes more relevant when repeat-
ed purchasing manifests as an organizational buying routine. The overall influence
of trust on repurchase behavior is small (see Annex 6), yet its absence constrains the
possibility of repurchasing even at low levels. In turn, habit is both a necessary condi-
tion and, after repurchase intentions, the strongest predictor of repurchase behavior
(see Table 28). Behavioral loyalty, as a bottleneck, acts in a similar pattern to habit,
but given its conceptual proximity to repurchase, this insight should be interpreted
cautiously.

Overall, the NCA findings complement PLS-SEM results by adding a necessity
perspective to the analysis of repurchase. While PLS-SEM explains the sufficiency log-
ic underlying repurchase through structural relationships, NCA identifies conditions
whose absence constrains the achievement of higher repurchase levels, particularly
trust and habit, and to a lesser extent, behavioral loyalty. Together, these findings of-
fer both sufficiency and necessity perspectives for repeat purchasing behavior in B2B
digital service relationships.

3.6. Summary of hypothesis testing results and empirically validated
model

This section presents the results of the hypotheses HI-H16 (see Section 1.3.2.)
and the final empirically validated model. Each hypothesis corresponds to the rela-
tionships between the constructs in the conceptual model (see Figure 10). Table 32
describes which relationships proposed in the conceptual model are empirically sup-
ported, based on the results of the structural, mediation, and moderation analyses.
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Table 32. Hypotheses testing results.

. Empirical
Hypothesis P
support

Perceived value acts as a mediator between cognitive customer experience

H1 o Supported
and cognitive loyalty.
Brand equity acts as a mediator between affective customer experience

H2 qurty P Supported
and cognitive loyalty.
Value-in-use acts as a mediator between cognitive customer experience

H3 Supported

and cognitive loyalty.

Emotional attachment to a brand acts as a mediator between affective
H4a . . Supported
customer experience and habit.

Emotional attachment to a brand acts as a mediator between affective
H4b . . Supported
customer experience and affective loyalty.

Customer satisfaction acts as a mediator between cognitive customer

Hb5a . . Supported
experience and affective loyalty. PP
Customer satisfaction acts as a mediator between trust and affective

H5b Supported
loyalty.

Customer satisfaction acts as a mediator between cognitive customer

H5c¢ . . Supported
experience and conative loyalty.

Trust acts as a mediator between affective customer experience and

Hé6 . . Supported
customer satisfaction.

H7 Convenience acts as a mediator between cognitive customer experience Not
and repurchase. supported
Repurchase intentions act as a mediator between conative loyalty and

H38 b yalty Supported
repurchase.

Ho Customer’s switching costs moderate the relationship between cognitive Not
customer experience and cognitive loyalty. supported

H10 Firm’s organizational agility moderates the relationship between Not
cognitive customer experience and repurchase intentions. supported

HI1 Customer knowledge sharing moderates the relationship between Not
cognitive customer experience and conative loyalty. supported

HI12 | Cognitive loyalty significantly and positively influences affective loyalty. | Supported

H13 | Affective loyalty significantly and positively influences conative loyalty. | Supported

Conative loyalty significantly and positively influences behavioral

H14 loyalty. Supported
H15a | Behavioral loyalty significantly and positively influences word-of-mouth. | Supported
H15b | Behavioral loyalty significantly and positively influences repurchase. Supported
H16 | Habit significantly and positively influences repurchase. Supported

Source: created by the author.

Overall, the hypothesis testing results indicate that the majority of the proposed re-
lationships in the conceptual model are empirically supported. The findings highlight
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the importance of mediation mechanisms that enable customer experience dimen-
sions’ influence on loyalty dimensions and repurchase outcomes. In particular, many
hypothesized relationships were supported only through indirect mechanisms (e.g.,
H1-H5b, H6, H8). While the direct relationship of cognitive customer experience and
cognitive loyalty was found non-significant, their relationship was strengthened and
signified through value-focused mediators such as value-in-use and perceived value.
In contrast to mediators, none of the hypothesized moderating effects were empiri-
cally supported, suggesting that the strength of examined relationships does not vary
across different contextual conditions represented by the moderators in the conceptual
model.

Based on the results of hypothesis testing, Figure 12 presents the model which
includes only empirically supported hypothesized relationships.

Figure 12. Empirical model of B2B digital service customer experience outcomes.

Source: created by the author.

While the model illustrated in Figure 12 includes all empirically supported rela-
tionships, Figure 13 presents the final model that aligns with the aim of the dissertation
by explaining the mechanisms through which customer experience results in loyalty
and repeat purchase behavior. Although cognitive customer experience demonstrated
a significant influence on convenience, the subsequent path towards repurchase was
empirically unsupported, which eliminated convenience as a mediating mechanism
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in the final model. Similarly, while word-of-mouth was confirmed as an outcome of
behavioral loyalty, providing valuable insights for the empirical analysis, it has no con-
sequent relationships with other factors. This is because word-of-mouth represents an
outward-facing outcome, directed from the customer towards other customers rather
than back into the customer-provider relationship. Therefore, it was excluded from the
final model to maintain the focus on customer experience, loyalty, repurchase and the
linking mechanisms.

Figure 13. Final empirically validated model of customer experience effects on loyalty and
repurchase in B2B digital services.

Source: created by the author.

The final model is further discussed in the following section, highlighting how the
empirically supported relationships contribute to a more integrated understanding of
customer experience and their scientific and managerial relevance.

3.7. Discussion of empirical findings

The results of the study show that customer experience influences both loyalty and
repeat purchases through clearly distinct and different mechanisms. Loyalty behav-
ior was found to be better explained than repeat purchases, which is consistent with
expectations expressed in the literature in a B2B context, where decision-making pro-
cesses are more complex, more structured, and often collective compared to decisions
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made by individuals (Feike & Rosch, 2024; Homburg et al., 2017).

Repurchase in B2B contexts is challenging to predict due to complex, multi-stage
decision processes involving multiple stakeholders (Fehl et al., 2023; Mohan et al,,
2022). It is precisely this complexity that determines the value of research seeking to
explain the managerial and experiential factors that lead to repurchase, as repurchase
is directly related to one of the main goals of organizations — generating revenue to
ensure business growth, and profitability. However, the complex structure of decisions
means that even positive individual experiences do not necessarily translate directly
into actual repurchases (Molinari et al., 2008). The complementary NCA findings fur-
ther reinforce this observation by suggesting that repurchase in B2B digital service
relationships is also shaped by minimum enabling conditions. Specifically, trust and
habit emerged as necessary conditions for achieving higher repurchase outcomes,
indicating that stronger repeat purchasing may be constrained in the absence of at
least minimal confidence in the provider and routinized purchasing behavior. Trust
constrains repeat purchasing already at its lower levels and thus functions as a founda-
tional condition, while habit becomes constraining at higher levels of repeat purchas-
ing, where higher levels of repurchasing require a higher degree of routinized organi-
zational buying.

Moreover, repurchase intentions are predominantly examined in the scientific lit-
erature because, as Paulssen & Birk (2007) suggested, validating relationships with
actual repurchasing behavior may require longitudinal study designs, which are par-
ticularly complex and sometimes even infeasible in B2B contexts. A similar result to
the study of Paulssen & Birk (2007) of the explained variance of repurchase behavior
was observed in the empirical study of this dissertation, where repurchase variance
was explained up to about a quarter. However, this does not mean that the result is
inadequate or problematic when viewed from the perspective of the objective of this
dissertation, as the explained influence on the construct should be viewed from the
perspective of the study objectives. Methodological literature emphasizes that striving
to explain behavior to the maximum extent possible (approaching a hundred percent)
is neither realistic nor desirable, as it can lead to problems of multicollinearity, model
overfitting, and artificial explanatory power (Hair et al., 2019). Furthermore, human
behavior is essentially characterized by limited predictability, and in a B2B context,
this uncertainty is further reinforced by the fact that organizational buying behavior
is shaped by the decisions of multiple individuals within the buying center, as well as
by external factors such as economic conditions, existing contractual arrangements,
and technological constraints (Johnston & Lewin, 1996; Webster & Wind, 1972).
Therefore, repurchase in a B2B environment cannot be considered solely the result
of psychological or attitudinal factors. Furthermore, the magnitude of the explained
variance generally depends heavily on the context of the study, the scope of the mecha-
nisms analyzed, and the level of contextual embeddedness of the variables included.
Given that this study is complex, covers a broad system of interrelated constructs, and
is conducted in a highly dynamic B2B digital services’ environment, the level of ex-
planation of repurchase produced is considered an acceptable result. Although some
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influencing factors remain unaccounted for, the model sufficiently reveals the essential
mechanisms linking customer experience to behavioral outcomes. Finally, the results
of the study suggest that the impact of customer experience is not deterministic but
rather acts through a probability-increasing mechanism: a positive customer experi-
ence increases the probability that, given favorable internal and external conditions,
the client company will repeatedly choose the same service provider.

The results of the study also reveal that customer experience should not be con-
ceptualized and measured as a single, one-dimensional construct, but as a multidi-
mensional phenomenon that allows the impact of different dimensions of experience
on outcomes to be assessed separately. Aggregating customer experience into a single
construct, even when measured on a scale that encompasses both emotional and cog-
nitive aspects, results in significant granularity loss. Since customer experience is by
definition multidimensional and dynamic (L. Becker & Jaakkola, 2020; Lemon & Ver-
hoef, 2016), it should be analyzed in studies through separate dimensions rather than
being reduced to a single index.

Empirical findings show that the affective and cognitive dimensions of customer
experience activate different psychological, evaluation, and decision-making mecha-
nisms through which desired behavioral and attitudinal outcomes are achieved. These
differences become difficult to notice or disappear altogether when customer experi-
ence is viewed as a single construct. In such cases, more aggregated results are ob-
tained, which allow the existence of a link between customer experience and its out-
comes to be identified, but do not explain the nature of this link or the logic behind it.

Research shows that customer experience is often conceptualized and sometimes
measured through separate dimensions, which allows for the analysis of their dif-
ferentiated impact on outcomes (e.g., Cepeda-Carridn et al., 2023; Gounaris & Al-
moraish, 2024; Kuppelwieser & Klaus, 2021), but research also includes studies that
recognize the multidimensionality of customer experience but nevertheless aggregate
it into a single construct in their empirical analysis (e.g., Pires et al., 2025; Rejikumar
& Asokan-Ajitha, 2022). Although such aggregation, depending on the objectives of
the study, can provide generalized and theoretically valuable insights, it significantly
limits the practical applicability of the results when the aim is not only to prove the
existence of a certain relationship but also to answer the question of how customer
experience affects certain outcomes. In such cases, it becomes difficult to formulate
specific management guidelines, for example, to identify which aspects of service pro-
vision or interaction should be strengthened in order to achieve a certain behavioral
or attitudinal outcome.

The aggregation of customer experience into a single construct, as well as the
simplification of its measurement scales by reducing the number of items in order to
achieve methodological efficiency and reliability, most likely stems from the desire to
accelerate the breadth of specific empirical research and adapt the measurement scales
to broader contexts, as proposed by Kuppelwieser & Klaus (2021). Although such ar-
gument is reasonable, especially when discussing scientific productivity and broader
research in the context of B2B services, this approach is more focused on increasing
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scientific productivity rather than analytical accuracy. The results of the empirical
study show that analyzing customer experience through separate dimensions allows
for richer theoretical insights and more precise practical recommendations. Therefore,
although aggregated measurement solutions may be useful at certain stages or for cer-
tain purposes of research, in order to fully explain the impact mechanisms and their
managerial implications, examining customer experience through separate dimen-
sions remains methodologically and practically more advantageous.

In the context of B2B digital service customer experience literature, to the best of
the author’s knowledge, the empirical study presented in this dissertation is one of the
first in which customer experience is conceptualized as a multidimensional construct,
clearly divided into separate dimensions, and their impact on loyalty-repurchase out-
comes is empirically investigated. Due to the limited number of similar empirical
studies in the context of B2B digital services, it is appropriate to refer to studies of
non-digital services or the broader context of B2B services, in which customer experi-
ence is analyzed through separate dimensions, for comparison of results.

One of the works conceptually closest to the empirical research of this disserta-
tion is the study by Gounaris & Almoraish (2024), in which customer experience is
divided into cognitive and emotional dimensions, the latter being further detailed into
four types of experience: factual and sagacious (cognitive dimension) and emotional
and social (emotional dimension). The conceptual framework used in their study is
essentially consistent with the approach taken in this dissertation: dimensions of cus-
tomer experience influence relationship quality, which is operationalized as a set of
constructs of satisfaction, trust, and commitment. Such modelling allows Gounaris &
Almoraish (2024) to empirically test the impact of each of the experience dimension
on the elements that make up relationship quality.

The results of the study by Gounaris & Almoraish (2024) showed that all customer
experience dimensions have a statistically significant impact on relationship quality, so
no dimension was found to be non-significant. However, it was precisely the more de-
tailed breakdown of customer experience that made it possible to reveal which dimen-
sions of experience have a relatively stronger impact, which is particularly important
in a practical context when deciding on the allocation of resources and investments
for service development. It is important to note that Gounaris & Almoraish (2024)
analyze the impact of customer experience dimensions on satisfaction, trust, and com-
mitment as a single integrated set of consequences, whereas in the empirical study
of this dissertation, trust and satisfaction are conceptualized as separate constructs,
between which a direct causal relationship is modelled. To measure commitment,
Gounaris & Almoraish (2024) use the relationship scale proposed by (N. Sharma &
Patterson, 1999), which includes statements related to maintaining the relationship
in the future, feelings of loyalty, actions of loyalty, and lack of seeking alternatives. In
comparison, the constructs of customer experience consequences examined in this
dissertation - brand equity, emotional attachment, dimensions of loyalty, and repur-
chase intentions - not only cover but also elaborate and more accurately operationalize
customer commitment. This approach provides a more comprehensive understanding
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of customer’s commitment.

Due to the more detailed and granular operationalization of customer experience
and its consequences in the empirical study of this dissertation, a direct comparison
of the results with previous studies is limited, as the existing literature often aggregates
at least part of their model. Nevertheless, the overall trend of the results remains con-
sistent: both this dissertation and the study by Gounaris & Almoraish (2024) find that
different dimensions of customer experience have a differentiated impact on commit-
ment-related consequences, and no conflicting empirical evidence was found.

The empirical investigation demonstrated that the affective customer experience
exerts its influence through emotional and relational mediators. Through trust in the
service provider, satisfaction, and emotional attachment to a brand, affective experi-
ence encourages customers to form positive attitudes towards working with the ser-
vice provider, manifested in affective loyalty, and increases the likelihood that custom-
ers will continue their business relationship with the provider in the future, even if this
is only at the level of intention (conative loyalty). The hypotheses for these mediating
relationships were supported (H2, H4b, H5b, H6). The role of emotional attachment
corresponds closely to Iglesias et al. (2011), where brand experience reached brand
loyalty exclusively through affective commitment and its direct effect on loyalty was
not significant in any of the examined product categories. In addition, the findings
are consistent with Thomson et al. (2005), who established that emotional attach-
ment drives brand loyalty and remains empirically distinct from satisfaction, attitude
favorability and involvement. The mediating role of brand equity is consistent with
Kamath et al. (2020), who found brand equity to mediate the customer experience-
loyalty relationship, although in their model the mediation was partial and both cus-
tomer experience and loyalty were modelled as aggregated constructs. Further, the
influence of affective experience through trust into satisfaction corresponds to the di-
rection reported by Jeon et al. (2021).

In the classical B2B literature, purchasing decisions were often conceptualized as
the result of rational, objective, and multi-stage decision-making processes in which
the role of emotions was minimized or ignored (J. C. Anderson & Narus, 1990; Web-
ster & Wind, 1972). This approach was consistent with the dominant organizational
purchasing paradigm of the time, in which the organization was treated as a unified
decision-maker. Later B2B research increasingly acknowledges that even in organiza-
tional contexts, decisions are made not by organizations as abstract units, but by in-
dividuals, whose evaluations include emotional, experiential, and relational processes
(De Keyser et al., 2025; Zolkiewski et al., 2017). Contemporary B2B literature also
shows that emotions not only accompany decision-making, but also play an impor-
tant role in shaping trust, satisfaction, and long-term relationships between the service
recipient and the provider (Pandey & Mookerjee, 2018). Therefore, the results of this
study contribute to the B2B customer experience literature by empirically substantiat-
ing that emotions in the B2B context operate not directly or impulsively, but through
mechanisms of long-term relationship building. Affective customer experience con-
tributes to relationship strengthening through mediating constructs that gradually
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shape loyalty and the intention to continue cooperation. In this way, the study con-
firms that emotions are an integral and systemically operating part of the B2B cus-
tomer experience, rather than a secondary or episodic component of decision-making.

Regarding cognitive customer experience, the empirical study showed that it does
not have a direct effect on cognitive loyalty, while its direct effect on conative loyalty
and repurchase intentions is weak. The research results revealed that cognitive loyalty is
formed indirectly, through perceived value and value-in-use (H1, H3). The role of per-
ceived value is consistent with Yang & Peterson (2004), who found perceived value as
a strong driver of loyalty in online services, while the role of value-in-use corresponds
to the theoretical assumptions of Service-Dominant Logic (Grénroos & Voima, 2013;
Vargo & Lusch, 2004, 2008), where value-in-use is conceptualized as the customer’s
own evaluation of the actual benefits derived from a service (Sandstrom et al., 2008).
In this empirical study, cognitive customer experience is positioned as the initial point
of the value creation process, which continues throughout service provision and use.
According to Service-Dominant Logic, value is not embedded in the service itself or
its attributes but is co-created and achieved in the context of use (value-in-use). This
perspective helps explain why an informative, rational, or thought-provoking experi-
ence does not in itself create cognitive loyalty if it does not transform into value that
is relevant to and experienced by the customer. In this process, cognitive experience
functions as an enabling condition that, through value creation, transforms into long-
term loyalty, rather than as a direct determinant of loyalty.

At the same time, the conducted empirical study helps explain why customer sat-
isfaction is often identified in the B2B services literature as one of the most important
antecedents of loyalty (E. W. Anderson & Sullivan, 1993; Bolton et al., 2008; Homburg
et al., 2005; Oliver, 1999). The results of the study show that satisfaction has a signifi-
cant positive effect on both affective and conative loyalty, acting as a mediator through
which experience is transformed into those dimensions of loyalty (H5a, H5c), and cor-
responds to the mediating role of satisfaction established in service research, including
B2B service settings (Roy et al., 2019; Saputra et al., 2023). This finding once again
emphasizes the methodological and theoretical necessity of separating both customer
experience and loyalty into distinct dimensions, as their aggregation may mask dif-
ferent mechanisms of influence and lead to overly simplified conclusions about value
creation and the formation of loyalty. Aggregated constructs particularly limit the abil-
ity to explain how different aspects of experience contribute to the development of
long-term relationships in the context of B2B services. Therefore, the results of the
empirical study are consistent with earlier works in which satisfaction is treated as
a necessary but insufficient condition for the formation of loyalty (Lam et al., 2004;
Oliver, 1999; Palmatier et al., 2006), and with Service-Dominant Logic according to
which value-in-use is a central condition through which experience is transformed
into long-term commitment and loyalty (Vargo & Lusch, 2008).

As in the case of customer experience, modelling loyalty into separate dimensions
provided additional insights. The results confirmed that in B2B digital services, loyalty
develops sequentially from cognitive, to affective and conative loyalty (H12, H13), and
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further to behavioral loyalty (H14), as proposed by Oliver (1999), with the strength
of the relationships increasing along the sequence. However, behavioral loyalty was
in comparison explained weaker, indicating that loyalty dimensions do not always or
necessarily transform into observable behavioral outcomes. This suggests that cogni-
tive and affective loyalty may exist without direct behavioral manifestations, especially
in the context of B2B services, where behavior is often constrained by other (e.g., con-
tractual or organizational) factors. At the same time, loyal behavior may manifest in
different forms, for example, as positive recommendations to other customers (word-
of-mouth) or as repeat purchasing, which reflect different aspects of behavioral loyalty
and do not necessarily arise from the same psychological mechanisms (Dick & Basu,
1994; Gremler & Brown, 1996). Both of these manifestations of behavioral loyalty were
confirmed (H15a, H15b). Repurchase was also reached through repurchase intentions
(H8), in line with sequential view of loyalty, and through habit (H16), supporting the
argument that repeated behavior becomes more automatic over time (Verplanken &
Aarts, 1999). Habit formed through emotional attachment to a brand (H4a) and pro-
vided a parallel route from affective experience to behavior. It should be noted that
Limayem et al. (2007) modelled habit as a condition that weakens the predictive power
of intentions, while this dissertation’s empirical investigation specified it as a direct
antecedent of repurchase. Nevertheless, consistent with their research, it can be argued
that the intention-based explanations alone are insufficient for predicting routinized
behavior.

Although the multidimensionality of loyalty is widely acknowledged in the aca-
demic literature, empirical studies still frequently reduce loyalty to a single aggregated
construct, likely due to convenience, time constraints, and the management of model
complexity. A similar logic can be observed in customer experience research, where
customer experience is sometimes aggregated into a single construct. Such a decision
is not necessarily inferior, especially in cases where the aim of the study is to establish
the existence of the relationship itself rather than its underlying mechanisms. This
is illustrated, for example, by the study of Padilla et al. (2017), who analyze the rela-
tionship between service value and loyalty, or by the work of Jang et al. (2022), who
examine the relationship between customer experience and a conative outcome of loy-
alty, repurchase intentions. In the empirical study of this dissertation, the relationships
between both cognitive and affective customer experience and repurchase intentions
were also confirmed. Moreover, although not formally tested through hypotheses, the
full results of specific indirect effects presented in Annex 5 allow an observation that
both perceived value and value-in-use also have a weak but statistically significant
relationship with repurchase intentions.

Nevertheless, the results of this empirical study allow for considerably deeper
insights than merely establishing the existence of a relationship. A differentiated ap-
proach to customer experience and loyalty makes it possible to identify alternative
mechanisms of influence and to explain through which processes some relationships
are stronger while others are weaker. In this way, the study contributes to an under-
standing of more precise processes of value creation and loyalty formation in the
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context of B2B services.

Significant insights also emerge from the analysis of the mechanisms that were not
supported in the model between customer experience, loyalty, and repurchase. The
results of the empirical study showed that convenience did not function as a mediator
(H7), and the hypothesized moderators (H9-H11) did not demonstrate statistically
significant moderating effects, although prior research provided theoretical and, in
part, empirical grounds to expect the effect of these factors. It should be noted that
the earlier studies did not test identical relationship structures, as these constructs
were positioned differently and examined in different service contexts. In the case of
convenience, Saini & Singh (2020), for example, associated convenience-driven re-
purchasing with situational rather than genuinely loyal patronage, which is consist-
ent with this dissertation’s empirical finding that convenience did not carry the influ-
ence of cognitive customer experience towards repurchase in a B2B context which is
primarily relationship-based. Such results suggest that in the context of B2B digital
services, the logic of how these factors operate may differ from that in other types of
services. When discussing specifically about digital services, aspects such as conveni-
ence, speed, security, or accessibility are often integrated in advance into the service
design and managed at the technological level. Due to the very nature of digital ser-
vices, these elements often become part of basic requirements, hygiene factors, rather
than differentiating factors (Parasuraman et al., 2005; Voss et al., 2008). In such cases,
their variation across service providers or across user experiences may be too small to
allow the identification of a significant mediating or moderating effect in respondents’
evaluations. In addition, while convenience and trust were treated as conceptually
distinct constructs in the model, the empirical results revealed a strong relationship
between them. One possible explanation is that in B2B digital services, convenient
and effortless service interactions may contribute directly to perceptions of service
provider trustworthiness, making these evaluations closely intertwined from the cus-
tomer perspective (Wuyts et al., 2009). In B2B digital service context, where reliability
and operational continuity are critically important, convenience may emerge as a less
separate evaluative factor and more a contributor to the formation of trust. Moreover,
the importance of these aspects may be strongly dependent on the specific type of
service and the context of use, which further complicates empirically capturing them
in structural models.

Similarly, in the context of B2B digital services, switching costs are often less visible
than in the case of more tangible B2B services (e.g., logistics, facilities, etc.), where ser-
vice delivery processes are often tied to physical resources, equipment, or infrastruc-
ture. In such situations, changing a service provider may incur immediate financial
and operational costs associated with the replacement or loss of physical assets (Blut
et al., 2016; Huo et al,, 2018). Nevertheless, this does not mean that switching costs
are not relevant at all in digital B2B services. Especially in the context of software-as-
a-service, switching costs may become significant due to investments that accumulate
over time in system customization, integrations, employee training, and process align-
ment (Xiao et al., 2020). In such cases, customers may face a choice between already
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incurred sunk costs and future switching costs, particularly if certain aspects of the
software no longer meet changing needs. However, in the context of this investigation,
it is also important to consider the position of switching costs in the conceptual model
(H9) - affecting the link between cognitive customer experience and cognitive loyalty.
The empirical results showed that the direct relationship between cognitive experience
and cognitive loyalty was not supported, as cognitive experience affects loyalty indi-
rectly, through perceived value and value-in-use. Therefore, the findings are more con-
sistent with the view that switching costs operate as a direct antecedent of loyalty, as
identified by Aydin & Ozer (2005), rather than as a condition shaping the strength of
other relationships. The findings are also consistent with the study of Yang & Peterson
(2004), who tested switching costs as a moderator and likewise found no significant
interaction. Thus, the unsupported mediating and moderating mechanisms should be
interpreted as a contextual insight, indicating that in the environment of B2B digital
services, the formation of loyalty and repurchase is more dependent on value creation
and relational mechanisms than on operational or service-structure factors.

When discussing the role of moderators, it is also important to note that not all
theoretically grounded relationships operate simultaneously within the same empiri-
cal model. Moderation effects are considered among the most sensitive elements of
structural models, as they are highly dependent on measurement accuracy, construct
operationalization, sample characteristics, and research context. For this reason, un-
supported moderation effects are not uncommon in the academic literature on B2B
services, even in studies that employ strong theoretical foundations and advanced ana-
Iytical methods (Heredia et al., 2022; Piwowar-Sulej et al., 2024; Steinhoft et al., 2025).
Such results indicate that unsupported moderation effects should be regarded as a
typical and informative part of similar studies, providing meaningful scientific and
practical insights. They demonstrate not only the model’s ability to identify statisti-
cally significant relationships, but also the critical testing of theoretical assumptions,
revealing where and under what conditions certain explanations proposed in the lit-
erature do not add additional explanatory power. For example, the results of this study
show that mechanisms such as customer knowledge sharing, although theoretically
grounded, do not have a significant impact on customer intentions in the examined
context of B2B digital services (H11). Building on the ideas of Cepeda-Carrion et al.
(2023), the model thus becomes theoretically more accurate, reflecting what actually
works in digital service transactions. In addition, the findings do not contradict prior
research. As noted when developing the hypotheses, Jang et al. (2022) modelled or-
ganizational agility as a mediator and customer knowledge sharing as a moderator
of the experience-agility relationship, while Chiou et al. (2002) examined customer
knowledge as customer’s expertise regarding a service rather than sharing it with the
provider, and found moderation to hold for the paths originating from trust but not
for the remaining ones. The empirical investigation shows that these constructs did
not moderate the specific relationships tested in H10 and H11.

It is also important to discuss the logic behind the structure of the final model.
The constructs word-of-mouth (WOM) and convenience were included in the initial
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theoretical model based on the literature on services and customer experience, where
these factors are treated as important outcomes of customer experience or behavioral
responses. However, empirical results showed that convenience does not act as a me-
diating mechanism between customer experience and repurchase. For this reason,
this construct was not included in the final model. Its inclusion would mean treating
convenience as a result of a positive experience rather than as an intermediate mecha-
nism influencing loyalty or repurchase. Such a decision would not be consistent with
the aim of the dissertation research to find and explain the mediating mechanisms
through which customer experience influences loyalty and repeat purchases. Similarly,
the present investigation interprets WOM as an external behavioral outcome rather
than as a mechanism operating within the model. WOM manifests itself through rec-
ommendations passed on to other potential customers, whose customer journey may
begin from such recommendations (Marder et al., 2022). Therefore, although WOM
is a beneficial outcome for the service provider, it operates outside the CX-loyalty-
repurchase chain under investigation, acting as a behavioral outcome that is relevant
in a broader market context.

Since behavioral loyalty can manifest itself both through actual purchases and
through recommendations, WOM was empirically investigated in this study in order
not to lose important insights into the behavioral manifestations of loyalty. This is also
supported by the empirical findings, which showed a comparatively strong relation-
ship between behavioral loyalty and WOM (H15a). Such a relationship is theoretically
plausible, as loyalty-related intentions are often closely associated with customers’ will-
ingness to recommend the service provider to others (Dick & Basu, 1994; Fullerton,
2005; Zeithaml et al., 1996). The main behavioral outcomes of loyalty in the context of
B2B services are repeat purchases and recommendations, and removing one of them
would limit the ability to accurately assess the impact of customer experience dimen-
sions and mediating mechanisms on behavior. For this reason, although the impact
of loyalty on WOM was measured and discussed as a significant result of loyalty, the
final model is deliberately focused on the research objective of examining the chain of
customer experience, loyalty, and repeat purchases. This decision enables the model to
maintain theoretical consistency, clearly define causal relationships, and avoid exces-
sive model complexity. Examining WOM as an antecedent for the customer journey
of organizations that are not yet customers presents a promising direction for future
research.

The key scientific contribution of the investigation presented in this dissertation
is the systematic integration of customer experience, emotional, value, and loyalty
mechanisms into a single empirically validated model. Although previous studies have
examined individual relationships between customer experience, trust, satisfaction,
value, loyalty, or repurchase, these relationships have mostly been analyzed in a frag-
mented manner, in isolated theoretical or empirical contexts, using limited operation-
alizations of loyalty and, in some cases, customer experience itself. This study con-
tributes to the literature by showing not only which mechanisms proposed in theory
prove to be significant, but also which of them remain and which lose their explained
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variance when tested in an integrated model. This allows the study to empirically dis-
tinguish structurally stable customer experience-loyalty pathways from the mecha-
nisms whose impact is contextual, circumstantial, or potentially overestimated in the
literature. Therefore, the contribution of the dissertation to the customer experience
literature is not the declaration of new connections, but the refinement of theoretical
boundaries and the validation of mechanisms, allowing for a more accurate under-
standing of how and under what conditions customer experience is transformed into
loyalty and its behavioral consequences. Specifically, the presented holistic yet ana-
Iytically detailed perspective addresses the issue of fragmented customer experience
research by offering a more consistent, causal approach to loyalty formation and its
consequences in the context of digital B2B services.

As with any empirical investigation, the discussed findings are bounded by the
design of the study. These boundaries indicate potential directions for future research.
First, the collected data was cross-sectional, therefore the causal direction of the mod-
elled relationships rests on theory and the logic of construct sequence rather than on
temporal change in respondent behavior. This is particularly relevant for repurchase,
which in B2B digital services unfolds across contract renewal cycles rather than at a
single moment, and for this reason it is often examined through repurchase intentions
rather than actual behavior (Paulssen & Birk, 2007). Performing a longitudinal study
would allow establishing whether the identified mediating mechanisms hold across
the customer relationship cycle. Second, the empirical research subject is deliberately
narrowed, covering digital B2B services and examined through purposively selected
decision-makers within the European Economic Area. The results are therefore ana-
lytically informative rather than statistically representative of all B2B decision-makers.
The transferability of insights to non-digital B2B services, B2C settings, or other geo-
graphical regions could be addressed through replication and multi-group analysis in
future research.

The scope of the model also has some limitations. Since the structure of the model
was developed based on extant empirical literature analyzing antecedents, compo-
nents, consequences, mediators, and moderators of customer experience in B2B ser-
vices, other contextual factors, such as contractual arrangements and buying center
dynamics, were not modelled, which may partly explain the lower explained variance
in repurchase behavior (R? = 0,235). Incorporating such contextual factors could pro-
vide a meaningful extension of the model in future research. Moreover, the effects
transmitted through long mediation paths become progressively smaller and depend
on the model’s structure. In comparison to narrowly defined empirical models in ex-
tant research, comprehensiveness of the model developed in this dissertation is con-
sidered a contribution to the research field. However, because of the attenuation of
effects through long mediation paths, more parsimonious model alternatives could
be tested for even better understanding of relationship effects between model’s con-
structs.

Three additional methodological considerations should be acknowledged. First, the
constructs were assessed using self-reports from a single respondent per organization.
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Although the collinearity diagnostics did not indicate CMB, a marker variable or full
collinearity assessment was not feasible with the collected data, and future research
could benefit from collecting responses from multiple informants within one organi-
zation and additionally cross-referencing transaction and contract renewal records.
Second, the data for PLS-SEM were collected using Likert scales, and the analysis
treated the scale points as positioned at approximately equal intervals. This practice
is common in survey research, particularly when multiple items are combined to
measure latent constructs (Harpe, 2015). Prior methodological research indicates that
analyses based on correlation and regression are generally not substantially affected by
the ordinal nature of Likert data (Norman, 2010). Nevertheless, future research could
examine the findings using methods specifically designed for ordinal data. Finally, the
NCA bottleneck thresholds are specific to the studied context and should be validated
across other B2B digital service settings. Table 33 presents the key findings of the em-
pirical investigation with their interpretation, the corresponding limitations, and the
resulting directions for future research.

Table 33. Key findings, their interpretation, limitations, and future research directions.

Future
Key findings Interpretations Limitations research
directions
Research
Customer experience . designs with
. .. Experience .
is empirically . . . multiple
- . . Customer experience dimensions, along .
differentiated into . informants
. should be modelled through | with other constructs, | " _".
cognitive and . . . within one
o . separate dimensions, as were measured using -
affective dimensions, . organization;
. aggregation may mask self-reports from a . .
which operate - . . . integration of
. differentiated mechanisms | single respondent per .
through different L transaction
. organization
mechanisms or contract

renewal data

The influence of
customer experience
on loyalty and
repurchase is
realized mainly
through indirect,
value creation

and relational
mechanisms

Customer experience acts
as an enabling condition

rather than as a direct
determinant of loyalty.
Positive experience

increases the probability,

rather than determines,

repeated service provider

patronage

Mediation was
inferred from cross-
sectional data

Longitudinal
research designs
establishing
whether the
identified
mechanisms
hold across

the customer
relationship
cycle
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Future

Key findings Interpretations Limitations research
directions
Loyalty develops Contractual
sequentially from arrangements
cognitive to affective and buying center Incorporating

and conative loyalty,
while behavioral
loyalty and
repurchase behavior
show comparatively
lower explained

Loyalty dimensions do

not always or necessarily
transform into observable
behavioral outcomes in B2B
digital services

dynamics were not
modelled, which may
partly explain the
comparatively lower
explained variance of
repurchase behavior

contractual and
buying center
factors as an
extension of the
model

variance (R?=0,235)
Each condition sets a ceiling
on attainable repurchasing.
crep & Validation of
Trust functions as a the necessar
Trust and habit foundational condition conditions Y
emerged as and is required already at | NCA bottleneck
. . .. | and bottleneck
necessary conditions | lower levels of repurchasing. | thresholds are specific
L . - . thresholds
for achieving higher | Habit becomes constraining | to the studied context
repurchase outcomes | at higher levels, where across other
P 5 : B2B digital

repurchasing requires a
routinized organizational
buying

service settings

Neither the
hypothesized
moderating effects
nor convenience
as a mediating
mechanism were

The examined moderators
and convenience did

not provide additional
explanatory power,
indicating that the
formation of loyalty and
repurchase depends more
on value creation and

Moderation effects
are sensitive to
measurement,
operationalization,
and sample
characteristics, and
the variation of the
examined conditions
across service

Replication and
multi-group
analysis within
digital and
non-digital B2B
service contexts

supported relational mechanisms than .
. . providers may have
on operational or service-
been too small for
structure factors . o

their identification

The integrated .
D Testing more
model distinguishes . . .
. Effects transmitted parsimonious
structurally The comprehensiveness of
. o through long model
stable customer the model is a contribution Lo, .
. .| mediation paths alternatives

experience-loyalty | to the research field, relative .

attenuate and depend | to clarify the
pathways from to narrowly defined models . .

. . on the structure of relationships
mechanisms whose | in extant research
. . the model between
impact is contextual
constructs

or circumstantial

Source: created by the author.
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Summarizing the discussion above and based on the final empirical model, the
study in this dissertation reveals how customer experience works in the context of
digital B2B services by revealing the mechanisms through which the impact on loyalty
and repurchases is realized. Within the boundaries outlined above, the findings show
not only which mechanisms strengthen loyalty and repeat purchasing, but also which
conditions have to be present for higher repurchase behavior to be attainable at all.
Further sections present conclusions as well as summarized and structured scientific
and practical recommendations.
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CONCLUSIONS

Based on the analysis of scientific literature, customer experience is conceptualized
as an individual-level, subjective, and multidimensional phenomenon, encompass-
ing cognitive, affective, and physical responses to service-related stimuli. The expe-
rience forms for each individual, and thus the personal level is the smallest unit at
which it manifests and can be examined. In the context of B2B digital services, it
is shaped through ongoing interactions within a digitally mediated service ecosys-
tem involving multiple actors and touchpoints. The B2B context does not alter the
nature of the customer experience construct, but combines specific circumstances,
such as collective decision-making, long-term contractual relationships, and an
emphasis on utilitarian evaluation, which together justify investigating customer
experience in B2B in its own right, rather than transferring insights from B2C re-
search. Adopting an interaction-based perspective grounded in Service-Dominant
Logic, customer experience in B2B digital services is defined as customer’s subjec-
tive interpretation of verbal and nonverbal, direct, and indirect interactions with
people, objects, and the environment, within a network of service actors, through-
out the entire length of service provision, inducing customer’s cognitive, affective,
and physical responses.

The experience dimensions distinguished in extant literature tend to conceptu-

ally overlap, as intellectual aspects might fall within the cognitive dimension, and
social and relational aspects might fall within the affective dimension of customer
experience. Therefore, cognitive and affective dimensions are adopted as key di-
mensions of customer experience in B2B digital services, while physical responses
remain part of the broader conceptual field but are not operationalized as a sepa-
rate dimension in empirical investigation. This conceptual distinction provides the
foundation for the first defended statement.
The literature analysis shows that customer experience research in B2B service
contexts remains underdeveloped and fragmented. The scarcity of research was
established empirically. The scientific publications’ database search that was lim-
ited to customer experience in B2B digital services returned only 14 records in
Scopus and 27 records in Web of Science databases. A broader search, covering
customer experience within the broader context of B2B services, returned only
111 records in Scopus and 80 records in Web of Science databases. These numbers
represent all identified records before screening for duplicates between identified
records. Such numbers remain below the dataset sizes indicated in the literature
as an analytical minimum for bibliometric mapping and highlight the scarcity of
research on the topic. Therefore, final bibliometric analysis was conducted on a
dataset of 3682 unique records, covering both B2B and B2C service settings, while
the B2B-specific research was examined through a systematic literature review, in
which 431 identified articles translated into final number of 21 articles meeting the
review’s inclusion criteria.

The field-level bibliometric mapping shows accelerated growth of customer



experience research, particularly pronounced after 2020, when the annual pub-
lication count rose from 239 in 2020 to 645 in 2025. The conceptual structure of
the field positions customer experience consistently as an antecedent of loyalty
and behavioral intentions. This research is grounded in an established, multidisci-
plinary literature, combining psychology, service quality, relationship marketing,
Service-Dominant Logic, and experiential marketing, and often relies on validated
measurement methods and structural equation modelling techniques, showing
the methodological maturity of the field. However, a tension is observed between
the phenomenological understanding of customer experience and the positivist
testing approaches that are often applied. This tension stems from the positivist
requirement to operationalize the construct, without phenomenologically over-
simplifying it through standardized measurement scales. In this dissertation, the
tension is addressed by measuring customer experience through separate dimen-
sions and multiple item measurement scales rather than a single aggregated index.

Extant studies in B2B settings tend to focus on narrow, specific aspects of cus-

tomer experience, and there is a noticeable absence of systematic literature reviews
that actively develop the construct rather than provide a limited overview of the
research field. Very few studies empirically test differentiated dimensions of cus-
tomer experience together with mediating and moderating pathways. Based on
the results of the systematic literature review, mediating factors were addressed in
9 and moderating factors only in 6 of the 21 reviewed studies. Conceptually, the
customer experience construct remains fragmented and its positioning in relation
to mediating mechanisms and outcomes is inconsistent. Empirically, the mecha-
nisms through which customer experience translates into customer outcomes in
B2B digital services remain largely uninvestigated, and no study covers the set of
constructs and relationships proposed in this dissertation. These conceptual and
empirical research gaps substantiate the fourth defended statement.
The theoretical synthesis identifies customer experience in B2B services as a con-
struct structured through three interrelated elements: antecedents, experience
components, and consequences. Antecedents represent conditions enabling expe-
rience formation, components define the internal structure of the construct, and
consequences capture relational and value-based outcomes such as engagement,
satisfaction, and loyalty. This synthesis positions customer experience as a central
mechanism linking service inputs with customer-related outcomes.

These three elements are addressed unevenly in extant research. Out of 21 re-
viewed studies, antecedents were identified in 9, components in 15, and conse-
quences in 14 studies. Antecedents are modelled either as external factors preced-
ing the formation of customer experience, or as proxies representing the precondi-
tions to the formation of positive customer experience. Components are grouped
into layer-based, dimension-based, scale-based, model-based, and standalone fac-
tors, most frequently derived from the experience quality scale EXQ. In some cases,
components are derived from service quality instruments, which measure a related
but distinct construct. Such components were included in the final integrative map
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of B2B service customer experience construct only in the modified form found
within the studies. Consequences form four areas, ranging from the most to least
represented: engagement and relationships, satisfaction and value, loyalty, and or-
ganizational benefits. Specific behavioral outcomes of customer experience, such
as loyalty behavior and repurchase, are consistently positioned among the conse-
quences, rather than among the components of customer experience, which sub-
stantiates the first defended statement.

Within the systematic literature review, the integration of the reviewed studies
was structured using an adapted antecedents-decisions-outcomes (ADO) frame-
work, where the central stage represents the components of customer experience,
while mediators and moderators refine the antecedent-outcome pathways. This
modelling logic was found to be a leading approach in customer experience mod-
elling research. However, the integrative map developed through systematic litera-
ture review shows that the reviewed literature does not fully fulfill this modelling
logic. Not all factors are linked across the stages, and the relationships between
them are specified at different granularity levels. Moreover, mediating factors
mostly belong to the group of consequences, and one such factor is found among
the antecedents, instead of forming a distinct mediating layer between antecedents
and consequences. Only one mediator, value-in-use, was found to be a standalone
mediator and did not belong to any other main ADO group. In addition, the entire
subgroup of experience value factors within the consequences group also performs
a mediating role. Layer-based components appear in the reviewed studies, but a
structuring in which the individual, dyadic relationship, and institutional environ-
ment layers would contain the experience dimensions with their underlying con-
structs was not found, presenting an avenue for future research. Overall, the syn-
thesis revealed a fragmented modelling of B2B customer experience, particularly
in the integration of the construct across the ADO stages and experience layers,
which substantiates the fourth defended statement.

An empirical research framework was developed to examine the relationships be-
tween customer experience, customer loyalty, and repeat purchase behavior and
intentions in B2B digital services. The framework structure contains latent con-
structs and enables the analysis of direct, mediating, and moderating relationships.
Modelling customer experience requires specifying both the internal structure of
the construct and its relationships within the system of constructs in which it oper-
ates. The internal structure was specified by distinguishing between the cognitive
and affective experience dimensions, and by modelling value-in-use as a reflective-
formative higher-order construct formed by the first-order dimensions (experi-
ence, personalization, and relationship). Customer experience is positioned as the
starting point of the model, and customer loyalty and repurchase were selected
as the key outcomes for assessing the effects of customer experience dimensions
based on the theoretical prominence of loyalty and the consistent representation
of both outcomes among the consequences identified in the systematic literature
review, with repurchase representing the point at which loyalty translates into



observable action directly linked to business revenue.

The research framework operationalizes 20 hypotheses, formulated as H1-H16,
including sub-hypotheses. For the analytical method, structural equation model-
ling was selected, since the tested model features unobservable, latent constructs
that are inferred from observed, measured indicators. In addition, the hypoth-
esized relationships form a system that must be estimated as a whole, for which
single equation techniques such as regression or correlation analysis are not suita-
ble. This choice corresponds to the established practice of the research field, where
structural equation modelling is the dominant analytical method for modelling
customer experience. The partial least squares technique of structural equation
modelling (PLS-SEM) was selected over the covariance-based technique based on
the complexity of the tested model, its prediction-oriented objectives, and the in-
clusion of a formative higher-order construct, whose estimation in PLS-SEM does
not require the additional specification and identification conditions applied in
covariance-based modelling. In addition to PLS-SEM, necessary condition analy-
sis was performed as a complementary testing. While the sufficiency logic of PLS-
SEM explains which constructs affect the outcomes, the necessity logic identifies
which conditions must be present for the outcomes to be fulfilled. This combina-
tion of analyses allows examining the mechanisms that increase repeat purchasing
and the conditions required for it within a single empirical investigation.

The sample size was determined by statistical power calculation, using the
inverse square root method. For the statistical power calculation, the minimum
meaningful effect size was set as f = 0,15 and statistical power of 0,80. The result-
ing required sample was approximately 350 observations, and the actual data was
gathered from 386 respondents, which provided sufficient power to detect even
relatively weak structural relationships.

Respondent selection was based on purposive, role-based sampling. Eligibility
was verified through the survey’s screening questions, confirming the respondents’
involvement in service-related decision-making and the digital nature of the ser-
vices they make decisions about. Such sampling method is established in B2B re-
search, where access to organizational decision-makers is limited. However, while
it ensures the relevance of the collected data, statistical generalization is limited.
The research instrument consisted of 83 Likert scale items, and its measurement
items were revised through expert review prior to data collection. Overall, the de-
signed empirical framework provides a modelling logic in which the dimensions of
customer experience are separated from their mediating and moderating mecha-
nisms, and outcomes, and substantiates the fourth defended statement.

The empirical findings show that customer experience influences customer loyalty
and repurchase behavior and intentions in B2B digital services primarily through
indirect mechanisms rather than direct effects. Out of 30 estimated relationships,
25 were statistically significant, and 4 out of 20 hypotheses were not supported.
The path coefficients ranged from -0,080 to 0,587, indicating small to large effects,
depending on the relationship. In addition, the measurement model confirmed
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that the cognitive and affective dimensions of customer experience are empirically
distinct, as all HTMT ratios remained below the 0,90 threshold.

The cognitive and affective dimensions of customer experience operate through
distinct mediation pathways, highlighting their differentiated impact on outcomes.
Cognitive customer experience has no significant direct effect on cognitive loyalty
(B = 0,092; p = 0,073). It notably influences cognitive loyalty through customer’s
evaluation of the service value, particularly through perceived value ( = 0,150)
and value-in-use (B = 0,137). Cognitive customer experience also shows a mod-
est effect on affective loyalty (B = 0,057) and conative loyalty (B = 0,076) through
customer satisfaction. In total, the indirect effect of cognitive customer experience
on cognitive loyalty is substantial (p = 0,287), while the direct effect remains non-
significant. In a similar way, the affective customer experience influences loyalty
dimensions only indirectly, by substantially influencing affective loyalty through
emotional attachment to a brand (B = 0,236), and customer satisfaction through
trust (B = 0,274). Meanwhile, the indirect effect of affective customer experience
on cognitive loyalty through brand equity is weak (B = 0,065), but the total indi-
rect effect of affective customer experience on affective loyalty is the largest among
the hypothesized mediating paths (p = 0,330). The obtained results indicate that
both dimensions of customer experience influence loyalty predominantly through
indirect pathways, where cognitive experience translates into loyalty through cus-
tomer’s evaluation of the service value, and affective experience first converts into
emotional bonds and trust in the service provider. The only significant direct path
from a customer experience dimension to a loyalty dimension is the small effect of
cognitive customer experience on conative loyalty (p = 0,142).

The direct effects of cognitive and affective dimensions of customer experience
on the loyalty dimensions and repurchase outcomes were found to be weak. Cog-
nitive customer experience was found to have small direct effects on conative loy-
alty (p = 0,142) and repurchase intentions (f = 0,140). However, its strongest direct
effects were on the mediating constructs, namely a large effect on value-in-use (B
=0,559) and moderate effects on perceived value (B = 0,437) and convenience (p =
0,416). Affective customer experience followed the same pattern, where it showed
a large direct effect on emotional attachment to a brand (p = 0,587) and moderate
effects on trust (p = 0,477) and brand equity (p = 0,458). This shows the effect of
customer experience on the mediating mechanisms rather than a direct effect on
the outcomes themselves.

Loyalty was found to develop sequentially from cognitive to behavioral loyalty,
and the effects to strengthen further down its sequence. Starting from a small effect
from cognitive to affective loyalty (p = 0,236), it becomes moderate towards cona-
tive loyalty (P = 0,367) and reaches its strongest point in the step towards behav-
ioral loyalty (B = 0,415). Yet the step from behavioral loyalty to actual repurchase is
small (§ = 0,142), indicating that consistent partnering with a service provider only
slightly increases the likelihood of repurchasing in the future. Repurchase is more
strongly driven by repurchase intentions (f = 0,247) and habit (§ = 0,198), which



shows that repeated purchasing results both from conscious intentions and routi-
nized use of the provider’s services. Accordingly, the model explains the highest
variance in affective loyalty (59,7%), conative loyalty (56%), customer satisfaction
(47,1%), and cognitive loyalty (45%), and a meaningful, albeit weaker, variance of
repurchase intentions (39,3%). Meanwhile, lower levels of explained variance were
found for behavioral loyalty (17,2%) and repurchase behavior (23,5%). In other
words, the model explains substantially more variance in the attitudinal loyalty
dimensions than in the behavioral outcomes. This suggests that actual repurchas-
ing is also shaped by other contextual, organizational, and contractual factors that
were not captured in the model.

Finally, the model showed no statistically significant moderating effects on the

relationships between cognitive customer experience and the downstream con-
structs. The interaction effects of customer knowledge sharing (p = 0,872), firm’s
organizational agility (p = 0,111), and switching costs (p = 0,662) were all statisti-
cally non-significant, and their interaction effect sizes were below f = 0,006, which
is well under the threshold of a small effect. In addition to these three unsupported
hypotheses, convenience also did not act as a mediating mechanism between cog-
nitive customer experience and repurchase (p = 0,021; p = 0,427). Therefore, no
evidence was found that the examined contextual conditions moderate the identi-
fied relationships. These findings substantiate the second and third defended state-
ments.
Empirically validated model of B2B digital service customer experience retains
the empirically supported relationships that belong to the customer experience-
loyalty-repurchase sequence. Convenience and word-of-mouth, therefore, were
excluded from the final model. Convenience did not act as a mediator and word-
of-mouth operates outside the customer experience-loyalty-repurchase sequence.
Thus, while word-of-mouth was included in the conceptual model, the aim of the
empirical investigation was focused on the mediators between the customer ex-
perience dimensions and loyalty, as well as repurchase outcomes. The empirically
validated model shows that customer experience affects the loyalty and repurchase
outcomes through value-based, emotional, and relational mechanisms.

The assessment of total effects, the sum of effect paths from source to target
constructs, showed that cognitive customer experience was the only construct with
a total effect of at least = 0,10 on all of the loyalty dimensions and repurchase
outcomes (see Table 28). Affective customer experience showed statistically sig-
nificant total effects on all of these outcomes, but on cognitive loyalty (B = 0,065),
behavioral loyalty (B = 0,093), and repurchase (f = 0,087) they remained below this
level. Among the customer experience and mediating constructs, that is, excluding
the loyalty dimensions themselves, cognitive customer experience had the largest
total effect on repurchase intentions (p = 0,287). Meanwhile, customer satisfaction
had the largest total effects on conative loyalty (8 = 0,483) and behavioral loyalty
(B = 0,200). Finally, trust remains significant throughout affective, conative, and
behavioral dimensions of loyalty.
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Meanwhile, the total effects on repurchase behavior were smallest in the mod-
el. The largest effects belong to the constructs modelled closest to the repurchase
behavior construct, namely repurchase intentions (B = 0,247), habit (f = 0,198),
conative loyalty ( = 0,192), and behavioral loyalty (B = 0,142). Among the ante-
cedents positioned further upstream in the model, the largest total effects on re-
purchase were found for cognitive customer experience (f = 0,107) and emotional
attachment to a brand ( = 0,103). It was found that while the mediating mecha-
nisms carry the effect of the originating construct towards the target construct,
the effect generally diminished along the pathway. That is, the further a construct
is positioned in the model from repurchase, the smaller tends to be its total effect
on the actual repurchasing behavior. However, constructs transmitting their effect
through several downstream pathways, such as conative loyalty, can retain a larger
total effect than some constructs positioned closer to repurchase.

The necessary condition analysis (NCA) complements these findings. Total ef-
fects show which constructs increase the outcomes, and NCA shows which condi-
tions must be present for higher outcomes to be attained at all. After conducting
the NCA, trust (d = 0,114; p = 0,001) and habit (d = 0,132; p = 0,031) were found
to be necessary conditions for higher repurchase outcomes, both with a medium
effect size, while behavioral loyalty was found to be only marginally necessary (d =
0,100; p = 0,037). Trust is required already at lower levels of repurchase and acts as
a foundational condition, while habit becomes a constraining condition at higher
levels of repurchase, where the higher repurchase requires a higher degree of rou-
tinized organizational buying.

The two logics, PLS-SEM and NCA, provide complementary insights. Trust has
a comparatively small total effect on repurchase behavior (p = 0,053), while habit
is among its strongest predictors (P = 0,198), yet both were identified as necessary
conditions, without which higher repurchasing levels do not occur. Thus, a con-
struct can be a weak driver for a particular outcome, as in the case of trust, while
still being a necessary condition for it. Neither analytical method reveals such find-
ings on its own.

From a theoretical point of view, the results show that customer experience
should be modelled through separate dimensions and through separate mediat-
ing mechanisms. Aggregation of experience or loyalty dimensions would mask
the pathways identified in this dissertation. From a practical management point
of view, in order to strengthen loyalty and foster repurchasing, it is crucial to
strengthen the mediators in addition to the customer experience itself. As the NCA
showed, minimum levels of trust and habit are necessary for attaining higher levels
of repurchase in the examined context. These conditions should therefore be con-
sidered alongside the mechanisms identified through PLS-SEM when interpreting
and managing repurchase outcomes. These findings substantiate the fifth defended
statement.

The validated model is bounded by the design of the empirical investiga-
tion. It was estimated on cross-sectional data obtained from purposively sampled



decision-makers in digital B2B services within the European Economic Area, and
the model examines value-based, emotional and relational mechanisms. Thus, the
model describes how customer experience operates within this context, rather
than establishing effects that hold universally across contexts or over time.

Further research could extend the empirical model in several directions. Longi-
tudinal research designs would establish whether the identified mediating mecha-
nisms and necessary conditions hold across the customer relationship cycle. Incor-
porating contextual factors, such as contractual arrangements and buying center
dynamics, as well as testing more parsimonious model alternatives, would clarify
how the estimated effects depend on the structure of the model. Finally, replication
in other service, geographical and organizational contexts would reveal to what
extent the findings depend on the context analyzed in this dissertation.
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RECOMMENDATIONS

Drawing on the theoretical and empirical findings of this dissertation, recommen-
dations are presented for two groups - the academic community examining customer
experience and the practitioners operating within the B2B digital service industry.

Recommendations for researchers

The following recommendations are intended for researchers examining customer
experience in B2B and digital service contexts, particularly those modelling its rela-
tionships with loyalty and repurchase outcomes.

1. Position customer experience as a multidimensional construct encompassing
cognitive and affective dimensions in research on customer experience in B2B digi-
tal services. Behavioral outcomes, such as customer loyalty and repurchase behav-
ior, should be analytically separated from customer experience itself, as experiential
responses reflect customers’ internal cognitive and affective states that precede and
enable subsequent value creation and relationship building processes. Treating be-
havioral outcomes as part of the customer experience may risk blending experiential
processes with their consequences and contributes to further conceptual fragmenta-
tion. In the empirical investigation presented in this dissertation, the two dimensions
were confirmed as empirically distinct and were found to reach the outcomes through
different mediating pathways, which supports separating them instead of aggregating
them into a single index. To increase the clarity of the concept and the comparability
of research, future studies are encouraged to consistently apply cognitive and affective
dimensions as the core of customer experience in B2B digital service contexts.

2. Conceptually separate mediation mechanisms from the structure of customer
experience when modelling customer experience in B2B digital services. Clear con-
ceptual boundaries should be established between the dimensions of customer experi-
ence, the processes through which positive customer experience is formed and oper-
ates, and the outcomes it influences. The systematic literature review conducted in this
dissertation showed that mediating factors are most often placed within the group of
consequences instead of forming a distinct mediating layer, which blurs the boundary
between a mechanism and an outcome. Stating explicitly which constructs represent
the components of customer experience, which represent the mechanisms, and which
represent the outcomes would reduce this ambiguity. This separation improves model
interpretation and facilitates the development of cumulative knowledge in customer
experience research.

3. Model customer experience outcomes in B2B digital services such as custom-
er loyalty and repurchase behavior as indirect consequences of customer experience
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through mediating mechanisms rather than through direct effects. This approach em-
phasizes how these outcomes arise through mediating processes. The results of this
dissertation demonstrate the possible consequences of disregarding such a modelling
approach, as the direct effect of cognitive customer experience on cognitive loyalty
was not statistically significant, while its indirect effect through value-related mecha-
nisms was substantial. Reporting total effects in addition to direct and indirect ones
would additionally show how much of a construct’s influence is retained once it passes
through the mediating mechanisms. Accordingly, a mechanism-based modelling ap-
proach helps more accurately theorize the pathways through which customer experi-
ence translates into relevant outcomes.

4. Only include moderating variables in research on customer experience in B2B
digital services when there is a clear theoretical rationale explaining why such factors
are important and how they affect specific relationships in the model. The use of the-
ory-based and structurally informed moderating variables helps reduce unnecessary
model complexity and improve the comparability of customer experience research
results. In this dissertation, three theoretically grounded moderators produced no sta-
tistically significant interaction effects, with effect sizes below the threshold of a small
effect. Such results are still informative, as reporting them contributes to establishing
the conditions under which the explanations proposed in the literature do not add
explanatory power.

5. Apply consistent modelling logic that clearly defines the role of customer expe-
rience in B2B digital services. Researchers may benefit from distinguishing whether
customer experience is treated as the primary construct or as an explanatory com-
ponent within a broader model. When treated as the primary construct, its multifac-
eted nature should be preserved. When used as a supporting explanatory construct,
it should retain its cognitive and affective content without absorbing conceptually re-
lated concepts such as user experience or service quality. When the goal of modelling
relates to behavioral outcomes, the logic of sufficiency in structural modelling can also
be supplemented by the logic of necessity, since a construct may have a relatively weak
influence on an outcome while simultaneously limiting the levels of that outcome that
can be achieved at all. Neither of these analytical logics, taken separately, reveals such
conclusion.

Recommendations for practitioners

The following recommendations are intended for B2B digital service providers,
particularly the roles in an organization which manage customer experience: prod-
uct and service owners, customer success managers, marketing and communication
managers, service operations managers, and senior managers responsible for retaining
customers.

1. For customer success managers and account management teams to secure at least
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a minimum level of trust and routinized service use from the customer before invest-
ing in other mechanisms of customer experience management. Both trust and habit
are necessary conditions for higher levels of repurchase, where trust constrains repeat
purchasing already at its lower levels, while habit becomes the binding condition at
higher levels of repurchasing (i.e., when a customer keeps buying consistently instead
of sporadically). Investing in emotional bonding and perfecting the communication
might not necessarily convert into a repeated purchase if the customer does not have
trust in the organization and its services. Meanwhile, routinized service use makes
the customer more bound to the service, increasing the likelihood of repurchasing in
the future. In practice, trust is built through predictable service delivery, transparent
pricing and contract terms, honesty and sincerity, and showing interest in supporting
the customer by responding to their needs. Habit is built through routinization of
the service, for instance, embedding an information system’s use into the customer’s
daily routines through integration with the customer’s existing I'T systems, recurring
reporting on service performance or benefits, such as system downtime reports or
costs saved compared to not using the service, and other recurring interactions with
the purchased service that would position it as an obvious choice for future purchases.

2. For product and service owners to improve cognitive customer experience by
focusing on the value that the customer obtains from using the service instead of fo-
cusing on loyalty as such. Customer experience design should be treated as an enabler
for loyalty building and not as a direct goal on its own. The design choices should be
evaluated by the value creation and relational mechanisms they enable. Out of the
customer experience and mediating constructs, cognitive customer experience has the
largest overall influence on cognitive loyalty and repurchase intentions, but it does not
directly affect cognitive loyalty, since this effect manifests through mediators it strong-
ly influences in between, namely the perceived value and value-in-use. Therefore, the
return on customer experience improvements depends on increasing the customer’s
perception of attained value rather than on evaluating the customer’s experience with
a service on its own. In practice, it means that in order to drive a customer with posi-
tive customer experience towards loyalty and future repurchasing, the service should
be reasonably priced and have a decent price to performance ratio, be seen as a better
alternative in terms of quality compared to other providers’ offerings, help the cus-
tomer solve their operational problems and build their own knowledge and capabili-
ties through using the service, and include the customer in the co-creation of a service
for it to better respond to the customer’s needs.

3. For marketing and communication managers to direct the affective customer
experience towards emotional attachment and trust rather than towards the brand
image alone. Affective customer experience has the biggest influence on emotional at-
tachment to a brand, trust, and brand equity, and through these mediators, it reaches
loyalty, especially its affective aspects. Emotional attachment, meanwhile, has the larg-
est overall influence on affective loyalty and is one of the few constructs retaining a
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significant influence on repurchase behavior. The overall influence of brand equity
on loyalty is comparatively modest, which indicates that for existing customers the
communication resources provide more value when they are directed towards true
relationship building rather than staying on the brand communication level. In prac-
tice, this means fostering a sense of connection with the service provider itself, which
makes purchasing from a particular provider feel more natural to the customer even
when competitors offer similar service features. This might be achieved by the con-
tinuity of an assigned contact person throughout the contract cycle, notification of
service issues before the customer identifies them themselves, and consistent recogni-
tion of the results the customer achieves due to partnering with the service provider.

4. For service operations managers to treat customer satisfaction as a KPI which
needs to be managed on individual account and separate interaction levels. Among
the mediating constructs, customer satisfaction has the largest overall influence on
conative and behavioral loyalty, with significant influence on repurchase intentions,
thus making it the strongest single construct connecting customer experience and be-
havioral outcomes. In practice, customer satisfaction should be measured at defined
points of the customer journey, such as at the completion of onboarding, the resolu-
tion of a support request or during a renewal of a contract, rather than in a single point
in time, such as during a yearly review. Each measurement point should be connected
to a defined response from the provider’s side, in order to capture a decline in satisfac-
tion early on and mitigate it at the account or service level instead of evaluating it as
an aggregate statistic.

5. For senior managers responsible for retaining customers to plan the develop-
ment of loyalty in stages and match the expected outcome to the stage of the relation-
ship. Customer experience works as a strategic loyalty development starting point, and
its role in this process should be clearly defined. Loyalty develops in stages, and the
effects grow stronger along the sequence from cognitive loyalty to affective loyalty, to
conative and, finally, to behavioral loyalty. The likelihood of loyal behavior converting
to actual repurchase remains comparatively small, as it is driven more directly by re-
purchase intentions and habit. Because the effects attenuate along the mediation chain,
the constructs positioned further from repurchase are more likely to shape the attitude
towards the service provider rather than to drive repurchase. Thus, depending on the
customer’s loyalty stage, the customer experience should target the customer’s attitude
in early stages of a relationship, while repurchase should be supported additionally by
mechanisms operating closer to a purchase decision, such as contract renewal plan-
ning, forming a habit of service use, and continuity of the relationship.

6. For managers responsible for customer feedback and reporting systems to
measure the cognitive and affective dimensions of customer experience separately
from loyalty and repurchase KPIs. Aggregating experience indicators with loyalty or
repurchase KPIs into a single metric may obscure the mechanisms through which
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experience operates, as the two dimensions are empirically distinct and reach the out-
comes through different pathways. In practice, cognitive customer experience should
be evaluated based on the usefulness of information, learning and idea generation
during service provision, and affective experience through optimism, enthusiasm and
other positive emotional responses from the customer. In addition, trust and habit
should be monitored as separate account-level indicators due to their role as neces-
sary conditions for higher levels of repurchase. Such measurement allows identifying
which mechanisms are strengthening or weakening loyalty or repurchase metrics, in-
stead of simply recording the fact of a decline or an increase in loyalty or repurchasing.

These recommendations should be considered as guidance rather than a fixed set
of actions and should be applied in an organization by adapting to the specific service
structure and business context. The implementation of these recommendations in an
organization should also be considered within the boundaries and limitations of the
empirical study discussed in this dissertation.
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ANNEXES

Annex 1. Research instrument used in the empirical investigation.

The questionnaire was administered online through the Qualtrics survey platform
and is reproduced below. During data collection, consent was obtained through the
introductory statement, where proceeding to the questionnaire indicated agreement
to participate. Following the assessment by the Research Ethics Compliance Com-
mittee, an explicit confirmation question (Q1) was added to the instrument, and it is
included below. The company name placeholder “XYZ” denoted the company name
entered by the respondent in Question 4, which the platform dynamically inserted
into subsequent statements. Item codes are given for reference purposes only and were
not shown to the respondents. The theoretical sources of the measurement items are
presented in Table 16.

Part A. Introductory statement, informed consent and screening questions

Thank you for considering participation in this academic survey conducted by Si-
monas Juozapas Raisys, researcher at the Faculty of Public Governance and Business,
Mykolas Romeris University, examining how B2B customer experience influences
loyalty and repeat purchases.

The survey will take approximately 10 minutes to complete and participation
is entirely voluntary — you may withdraw at any time without any negative conse-
quences.

No personally identifiable information such as your name, email address, or IP
address is collected. Because no personally identifiable information is collected and
your responses cannot be linked back to you, once submitted, your answers cannot
be withdrawn individually.

The collected responses will be used solely for scientific research purposes in the
context of a doctoral dissertation.

For questions or concerns, you may contact the researcher at: simonas.raisys@
mruni.eu

Q1.1 confirm that I have read and understood the information above, that my
participation is voluntary, and that I may withdraw from the survey at any time with-
out any negative consequences. I agree to take part in this research study.

Yes, I agree to participate / No, I do not agree to participate
Q2. Are you involved in making decisions regarding a particular service in your
organization? E.g., evaluating, purchasing, or repurchasing of a service?
Yes / No
Q3. Regarding what kind of a service(s) are you involved in making decisions?
Digital / Mixed
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Q4. Please enter the name of one company whose services your organization uses
and for which you are involved in evaluating, purchasing, or repurchasing decisions.
By your choice, this name can be real or made up. It will be used only in this specific
survey and will not be included in the analysis of the study results. This is required so
that in the following questions, the company name can replace “XYZ” placeholder,
helping you better relate to the context.

(Open-ended text entry)

Note: Respondents who did not confirm involvement in decision-making in regard
to services in Q2 did not proceed to Part B of the survey.

Part B. Measurement items

All statements listed below were measured on a five-point Likert scale (1 =
Strongly disagree; 2 = Disagree; 3 = Neutral; 4 = Agree; 5 = Strongly agree). The state-
ments were presented in six thematic blocks in the order shown below, with each
construct presented as a separate matrix question.

Construct Item code | Item

Questionnaire block 1

Affective AFFCX1 | Using XYZ makes me feel good

Customer AFFCX2 | Using XYZ makes me feel optimistic

Experience | AFFCX3 | Using XYZ makes me feel enthusiastic
COGCX1 | The information obtained from XYZ is useful
COGCX2 |Ilearned alot from using XYZ

The information obtained from XYZ brings interesting ideas to
mind

Cognitive
Customer
Experience COGCX3

Questionnaire block 2

The XYZ provides superior service quality as compared to other
firms

COGLOY?2 |No other company provides better services than XYZ

COGLOY1

Cognitive - . .
Loyalty COGLOY3 I beh.eve XYZ provides more benefits than other service
providers in the same category
COGLOYA Over.all, service quality of XYZ was excellent compared to other
providers
AFFLOY1 |Ilove doing business with XYZ
Affective ; ;
Lovalt AFFLOY2 |I feel better when I do business with XYZ
ey AFFLOY3 |Ilike XYZ more than other similar service providers
CONLOY1 |Iintend to continue doing business with XYZ
Conative CONLOY?2 |I consider the XYZ as my first choice
Loyalty CONLOY3 |Iam strongly willing to purchase again from the XYZ

CONLOY4 | I would like to recommend the XYZ to my close friends
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BEHLOY1 Whe.n my company reguires this specific service, we
consistently partner with XYZ
Compared with other providers, we spent more money with
Behavioral BEHLOY2 XYZ ’
Loyalt Compared with other providers in this service category, we
Y BEHLOY3 have Ic)lone business m(I))stly with XYZ o
Compared with other providers in this category, we used a
BEHLOY4 largef number of the sSrVices offered by XYgZ ’
Questionnaire block 3
REPINT1 |Iwill do more business with this provider in the next few years
Repurchase | REPINT2 |Iexpect the relationship with this provider to last a long time
Intentions I would continue doing business with this provider even if
REPINT3 prices increased somevgvhat k
PERCVALLI | Compared to other firms, XYZ provides the best value
Perceived PERCVAL?2 | XYZ charges a reasonable price
Value PERCVAL3 | XYZ provides better services at a competitive price
PERCVAL4 | XYZ provides better quality for the price
SAT1 Services of XYZ is of superior quality
Cu.stome:*r SAT2 Services of XYZ are excellent
Satisfaction
SAT3 Services of XYZ are done right the first time
WOMI1 I will highly recommend XYZ to others
Word-of- WOM2 I will say positive things about XYZ to others
Mouth WOM3 I will encourage others to use services of XYZ
WOM4 I will refer other companies to XYZ
Questionnaire block 4
TRUST1 XYZ’s services give me security
TRUST2 | Itrust the quality of XYZ’s services
TRUST3 | XYZ is committed to providing services on agreed conditions
TRUST4 XYZ is sincere with its customers
Trust TRUST5 XYZ is honest with its customers
TRUST6 XYZ shows interest in its customers
TRUST? I think XYZ renews its services to take into account advances in
research
TRUSTS I believe that XYZ is continually seeking to improve its
responses to customer needs
REP1 I did business with this provider more than once in the last few
years
Repurchase | REP2 The relationship with this provider lasts for some time now
REP3 I repeatedly do business with this provider regardless of service
price fluctuations
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It makes sense to buy XYZ instead of any other brand, even if
BREQI
they are the same
Even if another brand has the same features as XYZ, I would
_ |BREQ2
Brand Equity prefer to buy XYZ
BREQ3 If there is another brand as good as XYZ, I prefer to buy XYZ
If another brand is not different from XYZ in any way;, it seems
BREQ4
smarter to purchase XYZ
Questionnaire block 5
VIUEXP1 |XYZ provides a memorable experience for me
VIUEXP2 | XYZ’s services stimulate my ability to solve problems
VIUEXP3 It was.poss@le fora cu.stomer to improve the process by
experimenting and trying new things
The benefit, value or fun from the service provisioning process
VIUPER1 .
depended on the user and the usage scenario
. VIUPER2 | XYZ tries to serve the individual needs of each of its customers
Value-in-use - - - -
Different customers, depending on their taste, choice or
VIUPER3 . . .
knowledge, can involve themselves differently in the process
VIURELI | By using the XYZ’s services, I feel connected to XYZ
VIUREL2 By using the XYZ’s services, XYZ offers even greater benefits to
me
VIUREL3 By using the XYZ’s services, XYZ provides higher quality
services to me
EMATBRI |Ihave alot of affection for this brand
Emotional EMATBR?2 | The purchase of this brand gives me a lot of joy, pleasure
Attachment | EMATBR3 | I find some comfort in buying or owning this brand
to a Brand EMATBR4 |Iam very related to this brand
EMATBR5 |Iam very attracted to this brand
HABI1 Using the XYZ services has become automatic for me
Habit HAB2 Using the XYZ services is natural to me
When faced with a particular task, using the XYZ services is an
HAB3 . .
obvious choice for me
Questionnaire block 6
CONV1 XYZ. provides clear information, simplifying our decision-
making process
CONV2 XYZ provides service support when needed
Our company can quickly see intended benefits from using
. CONV3 .
Convenience XYZ services
It is convenient for our company to continue (repurchase),
CONV4 .
change or cancel the service as needed
After the service is purchased, XYZ allows for arranging the
CONV5 . o . )
service modifications quickly and simply
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CKS1
Customer other customers

I share my experiences with the services with XYZ and with

SK}?;viﬁzdge CKS2 I provide feedback to XYZ about their new services
CKS3 I provide suggestions to XYZ for developing new services
o, FOA1 XYZ is able to rapidly respond to market/customers’ needs
Firms . FOA2 XYZ is quick to make and implement appropriate decisions
Organiza-

tional Agility | FOA3

XYZ treats market-related changes and apparent chaos as

service provider

opportunities
It would cost my company a lot of money to switch from XYZ
SWC1 ; .
to another service provider
It would take my company a lot of effort to switch from XYZ to
SwWeC2 . .
another service provider
Switching SWC3 It would take my company a lot of time to switch from XYZ to
Costs another service provider
If my company changed from XYZ to another company, some
SWC4 . .
new technological problems would arise
SWC5 My company will feel uncertain if we have to choose a new

Source: compiled by the author.

Annex 2. Measurement model’s discriminant validity assessment using

heterotrait-monotrait ratio.

Heterotrait-
monotrait
ratio (HTMT)

Affective Loyalty <-> Affective Customer Experience 0,798
Behavioral Loyalty <-> Affective Customer Experience 0,278
Behavioral Loyalty <-> Affective Loyalty 0,388
Brand Equity <-> Affective Customer Experience 0,526
Brand Equity <-> Affective Loyalty 0,672
Brand Equity <-> Behavioral Loyalty 0,41

Cognitive Customer Experience <-> Affective Customer Experience 0,603
Cognitive Customer Experience <-> Affective Loyalty 0,618
Cognitive Customer Experience <-> Behavioral Loyalty 0,413
Cognitive Customer Experience <-> Brand Equity 0,521
Cognitive Loyalty <-> Affective Customer Experience 0,597
Cognitive Loyalty <-> Affective Loyalty 0,724
Cognitive Loyalty <-> Behavioral Loyalty 0,357
Cognitive Loyalty <-> Brand Equity 0,554
Cognitive Loyalty <-> Cognitive Customer Experience 0,558
Conative Loyalty <-> Affective Customer Experience 0,639

193




Conative Loyalty <-> Affective Loyalty 0,799
Conative Loyalty <-> Behavioral Loyalty 0,549
Conative Loyalty <-> Brand Equity 0,66
Conative Loyalty <-> Cognitive Customer Experience 0,615
Conative Loyalty <-> Cognitive Loyalty 0,729
Convenience <-> Affective Customer Experience 0,523
Convenience <-> Affective Loyalty 0,614
Convenience <-> Behavioral Loyalty 0,543
Convenience <-> Brand Equity 0,644
Convenience <-> Cognitive Customer Experience 0,597
Convenience <-> Cognitive Loyalty 0,563
Convenience <-> Conative Loyalty 0,698
Customer Knowledge Sharing <-> Affective Customer Experience 0,294
Customer Knowledge Sharing <-> Affective Loyalty 0,388
Customer Knowledge Sharing <-> Behavioral Loyalty 0,143
Customer Knowledge Sharing <-> Brand Equity 0,256
Customer Knowledge Sharing <-> Cognitive Customer Experience 0,454
Customer Knowledge Sharing <-> Cognitive Loyalty 0,195
Customer Knowledge Sharing <-> Conative Loyalty 0,244
Customer Knowledge Sharing <-> Convenience 0,374
Customer Satisfaction <-> Affective Customer Experience 0,676
Customer Satisfaction <-> Affective Loyalty 0,782
Customer Satisfaction <-> Behavioral Loyalty 0,417
Customer Satisfaction <-> Brand Equity 0,638
Customer Satisfaction <-> Cognitive Customer Experience 0,575
Customer Satisfaction <-> Cognitive Loyalty 0,783
Customer Satisfaction <-> Conative Loyalty 0,807
Customer Satisfaction <-> Convenience 0,722
Customer Satisfaction <-> Customer Knowledge Sharing 0,274
Emotional Attachment to a Brand <-> Affective Customer Experience 0,656
Emotional Attachment to a Brand <-> Affective Loyalty 0,752
Emotional Attachment to a Brand <-> Behavioral Loyalty 0,269
Emotional Attachment to a Brand <-> Brand Equity 0,621
Emotional Attachment to a Brand <-> Cognitive Customer Experience 0,593
Emotional Attachment to a Brand <-> Cognitive Loyalty 0,522
Emotional Attachment to a Brand <-> Conative Loyalty 0,587
Emotional Attachment to a Brand <-> Convenience 0,512
Emotional Attachment to a Brand <-> Customer Knowledge Sharing 0,413
Emotional Attachment to a Brand <-> Customer Satisfaction 0,582
Experience <-> Affective Customer Experience 0,741
Experience <-> Affective Loyalty 0,704
Experience <-> Behavioral Loyalty 0,318
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Experience <-> Brand Equity 0,546
Experience <-> Cognitive Customer Experience 0,77
Experience <-> Cognitive Loyalty 0,64
Experience <-> Conative Loyalty 0,592
Experience <-> Convenience 0,615
Experience <-> Customer Knowledge Sharing 0,427
Experience <-> Customer Satisfaction 0,613
Experience <-> Emotional Attachment to a Brand 0,735
Firm’s Organizational Agility <-> Affective Customer Experience 0,471
Firm’s Organizational Agility <-> Affective Loyalty 0,495
Firm’s Organizational Agility <-> Behavioral Loyalty 0,264
Firm’s Organizational Agility <-> Brand Equity 0,458
Firm’s Organizational Agility <-> Cognitive Customer Experience 0,445
Firm’s Organizational Agility <-> Cognitive Loyalty 0,496
Firm’s Organizational Agility <-> Conative Loyalty 0,424
Firm’s Organizational Agility <-> Convenience 0,668
Firm’s Organizational Agility <-> Customer Knowledge Sharing 0,423
Firm’s Organizational Agility <-> Customer Satisfaction 0,545
Firm’s Organizational Agility <-> Emotional Attachment to a Brand 0,496
Firm’s Organizational Agility <-> Experience 0,634
Habit <-> Affective Customer Experience 0,29
Habit <-> Affective Loyalty 0,396
Habit <-> Behavioral Loyalty 0,572
Habit <-> Brand Equity 0,474
Habit <-> Cognitive Customer Experience 0,416
Habit <-> Cognitive Loyalty 0,378
Habit <-> Conative Loyalty 0,519
Habit <-> Convenience 0,448
Habit <-> Customer Knowledge Sharing 0,149
Habit <-> Customer Satisfaction 0,347
Habit <-> Emotional Attachment to a Brand 0,421
Habit <-> Experience 0,372
Habit <-> Firm’s Organizational Agility 0,281
Perceived Value <-> Affective Customer Experience 0,581
Perceived Value <-> Affective Loyalty 0,675
Perceived Value <-> Behavioral Loyalty 0,362
Perceived Value <-> Brand Equity 0,588
Perceived Value <-> Cognitive Customer Experience 0,551
Perceived Value <-> Cognitive Loyalty 0,663
Perceived Value <-> Conative Loyalty 0,737
Perceived Value <-> Convenience 0,681
Perceived Value <-> Customer Knowledge Sharing 0,201
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Perceived Value <-> Customer Satisfaction 0,811
Perceived Value <-> Emotional Attachment to a Brand 0,558
Perceived Value <-> Experience 0,555
Perceived Value <-> Firm’s Organizational Agility 0,43

Perceived Value <-> Habit 0,351
Personalization <-> Affective Customer Experience 0,548
Personalization <-> Affective Loyalty 0,52

Personalization <-> Behavioral Loyalty 0,31

Personalization <-> Brand Equity 0,438
Personalization <-> Cognitive Customer Experience 0,502
Personalization <-> Cognitive Loyalty 0,446
Personalization <-> Conative Loyalty 0,446
Personalization <-> Convenience 0,703
Personalization <-> Customer Knowledge Sharing 0,52

Personalization <-> Customer Satisfaction 0,517
Personalization <-> Emotional Attachment to a Brand 0,448
Personalization <-> Experience 0,827
Personalization <-> Firm’s Organizational Agility 0,585
Personalization <-> Habit 0,371
Personalization <-> Perceived Value 0,433
Relationship <-> Affective Customer Experience 0,629
Relationship <-> Affective Loyalty 0,701
Relationship <-> Behavioral Loyalty 0,397
Relationship <-> Brand Equity 0,635
Relationship <-> Cognitive Customer Experience 0,532
Relationship <-> Cognitive Loyalty 0,53

Relationship <-> Conative Loyalty 0,541
Relationship <-> Convenience 0,675
Relationship <-> Customer Knowledge Sharing 0,434
Relationship <-> Customer Satisfaction 0,643
Relationship <-> Emotional Attachment to a Brand 0,724
Relationship <-> Experience 0,697
Relationship <-> Firm’s Organizational Agility 0,63
Relationship <-> Habit 0,383
Relationship <-> Perceived Value 0,586
Relationship <-> Personalization 0,671
Repurchase <-> Affective Customer Experience 0,211
Repurchase <-> Affective Loyalty 0,335
Repurchase <-> Behavioral Loyalty 0,519
Repurchase <-> Brand Equity 0,422
Repurchase <-> Cognitive Customer Experience 0,355
Repurchase <-> Cognitive Loyalty 0,239

196




Repurchase <-> Conative Loyalty 0,431
Repurchase <-> Convenience 0,41
Repurchase <-> Customer Knowledge Sharing 0,15
Repurchase <-> Customer Satisfaction 0,347
Repurchase <-> Emotional Attachment to a Brand 0,29
Repurchase <-> Experience 0,204
Repurchase <-> Firm’s Organizational Agility 0,206
Repurchase <-> Habit 0,499
Repurchase <-> Perceived Value 0,317
Repurchase <-> Personalization 0,218
Repurchase <-> Relationship 0,239
Repurchase Intentions <-> Affective Customer Experience 0,444
Repurchase Intentions <-> Affective Loyalty 0,592
Repurchase Intentions <-> Behavioral Loyalty 0,539
Repurchase Intentions <-> Brand Equity 0,592
Repurchase Intentions <-> Cognitive Customer Experience 0,533
Repurchase Intentions <-> Cognitive Loyalty 0,496
Repurchase Intentions <-> Conative Loyalty 0,749
Repurchase Intentions <-> Convenience 0,59
Repurchase Intentions <-> Customer Knowledge Sharing 0,168
Repurchase Intentions <-> Customer Satisfaction 0,622
Repurchase Intentions <-> Emotional Attachment to a Brand 0,527
Repurchase Intentions <-> Experience 0,493
Repurchase Intentions <-> Firm’s Organizational Agility 0,34
Repurchase Intentions <-> Habit 0,477
Repurchase Intentions <-> Perceived Value 0,545
Repurchase Intentions <-> Personalization 0,408
Repurchase Intentions <-> Relationship 0,558
Repurchase Intentions <-> Repurchase 0,573
Switching Costs <-> Affective Customer Experience 0,074
Switching Costs <-> Affective Loyalty 0,066
Switching Costs <-> Behavioral Loyalty 0,254
Switching Costs <-> Brand Equity 0,074
Switching Costs <-> Cognitive Customer Experience 0,113
Switching Costs <-> Cognitive Loyalty 0,064
Switching Costs <-> Conative Loyalty 0,075
Switching Costs <-> Convenience 0,072
Switching Costs <-> Customer Knowledge Sharing 0,087
Switching Costs <-> Customer Satisfaction 0,097
Switching Costs <-> Emotional Attachment to a Brand 0,035
Switching Costs <-> Experience 0,116
Switching Costs <-> Firm’s Organizational Agility 0,086
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Switching Costs <-> Habit 0,145
Switching Costs <-> Perceived Value 0,07

Switching Costs <-> Personalization 0,18

Switching Costs <-> Relationship 0,044
Switching Costs <-> Repurchase 0,296
Switching Costs <-> Repurchase Intentions 0,159
Trust <-> Affective Customer Experience 0,554
Trust <-> Affective Loyalty 0,694
Trust <-> Behavioral Loyalty 0,387
Trust <-> Brand Equity 0,659
Trust <-> Cognitive Customer Experience 0,546
Trust <-> Cognitive Loyalty 0,546
Trust <-> Conative Loyalty 0,71

Trust <-> Convenience 0,85

Trust <-> Customer Knowledge Sharing 0,425
Trust <-> Customer Satisfaction 0,788
Trust <-> Emotional Attachment to a Brand 0,569
Trust <-> Experience 0,592
Trust <-> Firm’s Organizational Agility 0,58

Trust <-> Habit 0,41

Trust <-> Perceived Value 0,667
Trust <-> Personalization 0,617
Trust <-> Relationship 0,646
Trust <-> Repurchase 0,413
Trust <-> Repurchase Intentions 0,613
Trust <-> Switching Costs 0,072
Word-of-Mouth <-> Affective Customer Experience 0,695
Word-of-Mouth <-> Affective Loyalty 0,801
Word-of-Mouth <-> Behavioral Loyalty 0,441
Word-of-Mouth <-> Brand Equity 0,595
Word-of-Mouth <-> Cognitive Customer Experience 0,574
Word-of-Mouth <-> Cognitive Loyalty 0,689
Word-of-Mouth <-> Conative Loyalty 0,881
Word-of-Mouth <-> Convenience 0,622
Word-of-Mouth <-> Customer Knowledge Sharing 0,339
Word-of-Mouth <-> Customer Satisfaction 0,824
Word-of-Mouth <-> Emotional Attachment to a Brand 0,632
Word-of-Mouth <-> Experience 0,649
Word-of-Mouth <-> Firm’s Organizational Agility 0,485
Word-of-Mouth <-> Habit 0,459
Word-of-Mouth <-> Perceived Value 0,715
Word-of-Mouth <-> Personalization 0,506
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Word-of-Mouth <-> Relationship 0,625
Word-of-Mouth <-> Repurchase 0,314
Word-of-Mouth <-> Repurchase Intentions 0,655
Word-of-Mouth <-> Switching Costs 0,068
Word-of-Mouth <-> Trust 0,714
Word-of-Mouth <-> Value-in-use 0,672

Source: SmartPLS 4 output based on author’s calculations.

Annex 3. Collinearity assessment of structural model using variance inf-

lation factor.

VIF
Affective Customer Experience -> Brand Equity 1
Affective Customer Experience -> Emotional Attachment to a Brand 1
Affective Customer Experience -> Trust 1
Affective Loyalty -> Conative Loyalty 1,929
Behavioral Loyalty -> Repurchase 1,345
Behavioral Loyalty -> Word-of-Mouth 1
Brand Equity -> Cognitive Loyalty 1,57
Cognitive Customer Experience -> Cognitive Loyalty 1,54
Cognitive Customer Experience -> Conative Loyalty 1,453
Cognitive Customer Experience -> Convenience 1
Cognitive Customer Experience -> Customer Satisfaction 1,231
Cognitive Customer Experience -> Perceived Value 1
Cognitive Customer Experience -> Repurchase Intentions 1,389
Cognitive Customer Experience -> Value-in-use 1
Cognitive Loyalty -> Affective Loyalty 1,883
Conative Loyalty -> Behavioral Loyalty 1
Conative Loyalty -> Repurchase Intentions 1,363
Convenience -> Repurchase 1,325
Customer Knowledge Sharing -> Conative Loyalty 1,166
Customer Knowledge Sharing x Cognitive Customer Experience -> Conative 1042
Loyalty ’
Customer Satisfaction -> Affective Loyalty 1,992
Customer Satisfaction -> Conative Loyalty 1,818
Emotional Attachment to a Brand -> Affective Loyalty 1,416
Emotional Attachment to a Brand -> Habit 1
Firm’s Organizational Agility -> Repurchase Intentions 1,198
Firm’s Organizational Agility x Cognitive Customer Experience -> Repurchase 1078
Intentions ’
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Habit -> Repurchase 1,341
Perceived Value -> Cognitive Loyalty 1,582
Repurchase Intentions -> Repurchase 1,39

Switching Costs -> Cognitive Loyalty 1,018
Switching Costs x Cognitive Customer Experience -> Cognitive Loyalty 1,01

Trust -> Customer Satisfaction 1,231
Value-in-use -> Cognitive Loyalty 1,838

Source: SmartPLS 4 output based on author’s calculations.

Annex 4. Effect sizes (f°) for structural model paths.

Affective Customer Experience -> Brand Equity 0,266
Affective Customer Experience -> Emotional Attachment to a Brand 0,526
Affective Customer Experience -> Trust 0,294
Affective Loyalty -> Conative Loyalty 0,159
Behavioral Loyalty -> Repurchase 0,02

Behavioral Loyalty -> Word-of-Mouth 0,134
Brand Equity -> Cognitive Loyalty 0,023
Cognitive Customer Experience -> Cognitive Loyalty 0,01

Cognitive Customer Experience -> Conative Loyalty 0,032
Cognitive Customer Experience -> Convenience 0,209
Cognitive Customer Experience -> Customer Satisfaction 0,062
Cognitive Customer Experience -> Perceived Value 0,236
Cognitive Customer Experience -> Repurchase Intentions 0,023
Cognitive Customer Experience -> Value-in-use 0,453
Cognitive Loyalty -> Affective Loyalty 0,073
Conative Loyalty -> Behavioral Loyalty 0,208
Conative Loyalty -> Repurchase Intentions 0,349
Convenience -> Repurchase 0,002
Customer Knowledge Sharing -> Conative Loyalty 0,002
Customer Satisfaction -> Affective Loyalty 0,102
Customer Satisfaction -> Conative Loyalty 0,179
Emotional Attachment to a Brand -> Affective Loyalty 0,283
Emotional Attachment to a Brand -> Habit 0,163
Firm’s Organizational Agility -> Repurchase Intentions 0,003
Habit -> Repurchase 0,038
Perceived Value -> Cognitive Loyalty 0,136
Repurchase Intentions -> Repurchase 0,057
Switching Costs -> Cognitive Loyalty 0,011
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Trust -> Customer Satisfaction

0,507

Value-in-use -> Cognitive Loyalty

0,059

Source: SmartPLS 4 output based on author’s calculations.

Annex 5. Full range of SmartPLS 4 output of specific indirect effects, in-
cluding non-hypothesized paths in the study.

Original
sample
(0)

Sample
mean
(M)

Standard
deviation
(STDEYV)

T statis-
tics (|O/
STDEV)|)

value

Affective Customer Experience -> Brand
Equity -> Cognitive Loyalty

0,065

0,064

0,024

2,731

0,006

Affective Customer Experience -> Brand
Equity -> Cognitive Loyalty -> Affective
Loyalty

0,015

0,015

0,007

2,346

0,019

Affective Customer Experience -> Brand
Equity -> Cognitive Loyalty -> Affective
Loyalty -> Conative Loyalty

0,006

0,006

0,003

2,106

0,035

Affective Customer Experience ->
Brand Equity -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty

0,002

0,002

0,001

1,9

0,057

Affective Customer Experience ->
Brand Equity -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Repurchase

1,329

0,184

Affective Customer Experience ->
Brand Equity -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Word-of-Mouth

0,001

0,001

0,001

1,534

0,125

Affective Customer Experience ->
Brand Equity -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions

0,003

0,003

0,001

2,062

0,039

Affective Customer Experience ->
Brand Equity -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions -> Repurchase

0,001

0,001

1,662

0,096

Affective Customer Experience ->
Emotional Attachment to a Brand ->
Affective Loyalty

0,236

0,236

0,03

8,005

<0,001
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Affective Customer Experience ->
Emotional Attachment to a Brand ->
Affective Loyalty -> Conative Loyalty

0,087

0,086

0,017

5,027

<0,001

Affective Customer Experience ->
Emotional Attachment to a Brand ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty

0,036

0,036

0,009

3,892

<0,001

Affective Customer Experience ->
Emotional Attachment to a Brand ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Repurchase

0,005

0,005

0,003

1,854

0,064

Affective Customer Experience ->
Emotional Attachment to a Brand ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Word-of-Mouth

0,012

0,013

0,005

2,546

0,011

Affective Customer Experience ->
Emotional Attachment to a Brand ->
Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions

0,047

0,046

0,011

4,33

<0,001

Affective Customer Experience ->
Emotional Attachment to a Brand ->
Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions -> Repurchase

0,012

0,011

0,005

2,509

0,012

Affective Customer Experience ->
Emotional Attachment to a Brand ->
Habit

0,22

0,22

0,031

7,126

<0,001

Affective Customer Experience ->
Emotional Attachment to a Brand ->
Habit -> Repurchase

0,044

0,044

0,015

2,999

0,003

Affective Customer Experience -> Trust
-> Customer Satisfaction

0,274

0,276

0,034

8,034

<0,001

Affective Customer Experience -> Trust
-> Customer Satisfaction -> Affective
Loyalty

0,078

0,079

0,019

4,19

<0,001

Affective Customer Experience -> Trust
-> Customer Satisfaction -> Affective
Loyalty -> Conative Loyalty

0,029

0,029

0,008

3,557

<0,001

Affective Customer Experience ->

Trust -> Customer Satisfaction ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty

0,012

0,012

0,004

2,774

0,006

Affective Customer Experience ->
Trust -> Customer Satisfaction ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Repurchase

0,002

0,002

0,001

1,65

0,099
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Affective Customer Experience ->

Trust -> Customer Satisfaction ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Word-of-Mouth

0,004

0,004

0,002

1,958

0,05

Affective Customer Experience ->

Trust -> Customer Satisfaction ->
Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions

0,015

0,015

0,005

3,231

0,001

Affective Customer Experience ->

Trust -> Customer Satisfaction ->
Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions -> Repurchase

0,004

0,004

0,002

2,242

0,025

Affective Customer Experience -> Trust
-> Customer Satisfaction -> Conative
Loyalty

0,104

0,104

0,02

5,109

<0,001

Affective Customer Experience -> Trust
-> Customer Satisfaction -> Conative
Loyalty -> Behavioral Loyalty

0,043

0,044

0,012

3,733

<0,001

Affective Customer Experience -> Trust
-> Customer Satisfaction -> Conative
Loyalty -> Behavioral Loyalty ->
Repurchase

0,006

0,006

0,003

1,915

0,056

Affective Customer Experience -> Trust
-> Customer Satisfaction -> Conative
Loyalty -> Behavioral Loyalty -> Word-
of-Mouth

0,015

0,016

0,006

2,405

0,016

Affective Customer Experience -> Trust
-> Customer Satisfaction -> Conative
Loyalty -> Repurchase Intentions

0,056

0,056

0,014

4,056

<0,001

Affective Customer Experience -> Trust
-> Customer Satisfaction -> Conative
Loyalty -> Repurchase Intentions ->
Repurchase

0,014

0,014

0,006

2,303

0,021

Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty

0,152

0,152

0,034

4,48

<0,001

Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Repurchase

0,022

0,022

0,011

1,956

0,05

Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Word-of-Mouth

0,052

0,054

0,019

2,692

0,007

Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions

0,197

0,196

0,036

5,443

<0,001

Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions -> Repurchase

0,049

0,048

0,018

2,704

0,007

Brand Equity -> Cognitive Loyalty ->
Affective Loyalty

0,033

0,033

0,013

2,517

0,012

203




Brand Equity -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty

0,012

0,012

0,005

2,24

0,025

Brand Equity -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty

0,005

0,005

0,002

2,048

0,041

Brand Equity -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Repurchase

0,001

0,001

0,001

1,41

0,159

Brand Equity -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Word-of-Mouth

0,002

0,002

0,001

1,658

0,097

Brand Equity -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions

0,007

0,006

0,003

2,202

0,028

Brand Equity -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions -> Repurchase

0,002

0,002

0,001

1,738

0,082

Cognitive Customer Experience ->
Cognitive Loyalty -> Affective Loyalty

0,022

0,021

0,013

1,643

0,1

Cognitive Customer Experience ->
Cognitive Loyalty -> Affective Loyalty ->
Conative Loyalty

0,008

0,008

0,005

1,587

0,112

Cognitive Customer Experience ->
Cognitive Loyalty -> Affective Loyalty ->
Conative Loyalty -> Behavioral Loyalty

0,003

0,003

0,002

1,515

0,13

Cognitive Customer Experience ->
Cognitive Loyalty -> Affective Loyalty ->
Conative Loyalty -> Behavioral Loyalty
-> Repurchase

1,152

0,249

Cognitive Customer Experience ->
Cognitive Loyalty -> Affective Loyalty ->
Conative Loyalty -> Behavioral Loyalty
-> Word-of-Mouth

0,001

0,001

0,001

1,311

0,19

Cognitive Customer Experience ->
Cognitive Loyalty -> Affective Loyalty
-> Conative Loyalty -> Repurchase
Intentions

0,004

0,004

0,003

1,534

0,125

Cognitive Customer Experience ->
Cognitive Loyalty -> Affective Loyalty
-> Conative Loyalty -> Repurchase
Intentions -> Repurchase

0,001

0,001

0,001

1,363

0,173

Cognitive Customer Experience ->
Conative Loyalty -> Behavioral Loyalty

0,059

0,059

0,021

2,862

0,004
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Cognitive Customer Experience ->
Conative Loyalty -> Behavioral Loyalty
-> Repurchase

0,008

0,009

0,005

1,586

0,113

Cognitive Customer Experience ->
Conative Loyalty -> Behavioral Loyalty
-> Word-of-Mouth

0,02

0,021

0,009

2,206

0,027

Cognitive Customer Experience
-> Conative Loyalty -> Repurchase
Intentions

0,076

0,077

0,026

2,965

0,003

Cognitive Customer Experience
-> Conative Loyalty -> Repurchase
Intentions -> Repurchase

0,019

0,019

0,009

2,125

0,034

Cognitive Customer Experience ->
Convenience -> Repurchase

0,021

0,022

0,026

0,795

0,427

Cognitive Customer Experience ->
Customer Satisfaction -> Affective
Loyalty

0,057

0,058

0,017

3,404

0,001

Cognitive Customer Experience ->
Customer Satisfaction -> Affective
Loyalty -> Conative Loyalty

0,021

0,021

0,007

3,172

0,002

Cognitive Customer Experience ->
Customer Satisfaction -> Affective
Loyalty -> Conative Loyalty ->
Behavioral Loyalty

0,009

0,009

0,003

2,706

0,007

Cognitive Customer Experience ->
Customer Satisfaction -> Affective
Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Repurchase

0,001

0,001

0,001

1,702

0,089

Cognitive Customer Experience ->
Customer Satisfaction -> Affective
Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Word-of-Mouth

0,003

0,003

0,002

1,982

0,047

Cognitive Customer Experience ->
Customer Satisfaction -> Affective
Loyalty -> Conative Loyalty ->
Repurchase Intentions

0,011

0,011

0,004

2,977

0,003

Cognitive Customer Experience ->
Customer Satisfaction -> Affective
Loyalty -> Conative Loyalty ->
Repurchase Intentions -> Repurchase

0,003

0,003

0,001

2,133

0,033

Cognitive Customer Experience ->
Customer Satisfaction -> Conative
Loyalty

0,076

0,076

0,019

4,013

<0,001
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Cognitive Customer Experience ->
Customer Satisfaction -> Conative 0,032 0,031 0,009 3,465 0,001
Loyalty -> Behavioral Loyalty

Cognitive Customer Experience ->
Customer Satisfaction -> Conative
Loyalty -> Behavioral Loyalty ->
Repurchase

0,004 0,004 0,002 1,943 0,052

Cognitive Customer Experience ->
Customer Satisfaction -> Conative
Loyalty -> Behavioral Loyalty -> Word-
of-Mouth

0,011 0,011 0,005 2,399 0,016

Cognitive Customer Experience ->
Customer Satisfaction -> Conative 0,041 0,041 0,012 3,494 <0,001
Loyalty -> Repurchase Intentions

Cognitive Customer Experience ->
Customer Satisfaction -> Conative
Loyalty -> Repurchase Intentions ->
Repurchase

0,01 0,01 0,005 2,182 0,029

Cognitive Customer Experience ->

,001
Perceived Value -> Cognitive Loyalty 0.15 0.152 0,028 >A428 1 <0.00

Cognitive Customer Experience ->
Perceived Value -> Cognitive Loyalty -> 0,035 0,036 0,011 3,307 | 0,001
Affective Loyalty

Cognitive Customer Experience ->
Perceived Value -> Cognitive Loyalty -> 0,013 0,013 0,004 2,92 0,004
Affective Loyalty -> Conative Loyalty

Cognitive Customer Experience ->
Perceived Value -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty

0,005 0,006 0,002 2,513 0,012

Cognitive Customer Experience ->
Perceived Value -> Cognitive Loyalty ->

122
Affective Loyalty -> Conative Loyalty -> 0,001 0,001 0 L3471 0.
Behavioral Loyalty -> Repurchase
Cognitive Customer Experience ->
Perceived Value -> Cognitive Loyalty -> 0,002 0,002 0,001 1871 | 0.061

Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Word-of-Mouth

Cognitive Customer Experience ->
Perceived Value -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions

0,007 0,007 0,003 2,665 0,008
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Cognitive Customer Experience ->
Perceived Value -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions -> Repurchase

0,002

0,002

0,001

1,906

0,057

Cognitive Customer Experience ->
Repurchase Intentions -> Repurchase

0,035

0,034

0,016

2,161

0,031

Cognitive Customer Experience ->
Value-in-use -> Cognitive Loyalty

0,137

0,137

0,03

4,541

<0,001

Cognitive Customer Experience ->
Value-in-use -> Cognitive Loyalty ->
Affective Loyalty

0,032

0,032

0,01

3,215

0,001

Cognitive Customer Experience ->
Value-in-use -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty

0,012

0,012

0,004

2,733

0,006

Cognitive Customer Experience ->
Value-in-use -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty

0,005

0,005

0,002

2,398

0,016

Cognitive Customer Experience ->
Value-in-use -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Repurchase

0,001

0,001

1,469

0,142

Cognitive Customer Experience ->
Value-in-use -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Word-of-Mouth

0,002

0,002

0,001

1,852

0,064

Cognitive Customer Experience ->
Value-in-use -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions

0,006

0,006

0,002

2,573

0,01

Cognitive Customer Experience ->
Value-in-use -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions -> Repurchase

0,002

0,002

0,001

2,01

0,044

Cognitive Loyalty -> Affective Loyalty ->
Conative Loyalty

0,086

0,086

0,024

3,673

<0,001

Cognitive Loyalty -> Affective Loyalty ->
Conative Loyalty -> Behavioral Loyalty

0,036

0,036

0,012

3,09

0,002

Cognitive Loyalty -> Affective Loyalty ->
Conative Loyalty -> Behavioral Loyalty
-> Repurchase

0,005

0,005

0,003

1,695

0,09

Cognitive Loyalty -> Affective Loyalty ->
Conative Loyalty -> Behavioral Loyalty
-> Word-of-Mouth

0,012

0,013

0,006

2,209

0,027
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Cognitive Loyalty -> Affective Loyalty
-> Conative Loyalty -> Repurchase
Intentions

0,046

0,046

0,014

3,36

0,001

Cognitive Loyalty -> Affective Loyalty
-> Conative Loyalty -> Repurchase
Intentions -> Repurchase

0,011

0,011

0,005

2,246

0,025

Conative Loyalty -> Behavioral Loyalty
-> Repurchase

0,059

0,06

0,028

2,143

0,032

Conative Loyalty -> Behavioral Loyalty
-> Word-of-Mouth

0,143

0,147

0,044

3,206

0,001

Conative Loyalty -> Repurchase
Intentions -> Repurchase

0,133

0,132

0,046

2,857

0,004

Customer Knowledge Sharing ->
Conative Loyalty -> Behavioral Loyalty

-0,014

-0,011

0,016

0,848

0,397

Customer Knowledge Sharing ->
Conative Loyalty -> Behavioral Loyalty
-> Repurchase

-0,002

-0,002

0,003

0,714

0,476

Customer Knowledge Sharing ->
Conative Loyalty -> Behavioral Loyalty
-> Word-of-Mouth

-0,005

-0,004

0,006

0,784

0,433

Customer Knowledge Sharing ->
Conative Loyalty -> Repurchase
Intentions

-0,018

-0,014

0,021

0,853

0,394

Customer Knowledge Sharing ->
Conative Loyalty -> Repurchase
Intentions -> Repurchase

-0,004

-0,003

0,005

0,812

0,417

Customer Knowledge Sharing x
Cognitive Customer Experience ->
Conative Loyalty -> Behavioral Loyalty

0,002

0,001

0,014

0,16

0,873

Customer Knowledge Sharing x
Cognitive Customer Experience ->
Conative Loyalty -> Behavioral Loyalty
-> Repurchase

0,002

0,144

0,886

Customer Knowledge Sharing x
Cognitive Customer Experience ->
Conative Loyalty -> Behavioral Loyalty
-> Word-of-Mouth

0,001

0,005

0,151

0,88

Customer Knowledge Sharing x
Cognitive Customer Experience

-> Conative Loyalty -> Repurchase
Intentions

0,003

0,001

0,018

0,161

0,872

Customer Knowledge Sharing x
Cognitive Customer Experience

-> Conative Loyalty -> Repurchase
Intentions -> Repurchase

0,001

0,005

0,154

0,878
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Customer Satisfaction -> Affective
Loyalty -> Conative Loyalty

0,105

0,104

0,024

4,326

<0,001

Customer Satisfaction -> Affective
Loyalty -> Conative Loyalty ->
Behavioral Loyalty

0,043

0,044

0,013

3,329

0,001

Customer Satisfaction -> Affective
Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Repurchase

0,006

0,006

0,003

1,85

0,064

Customer Satisfaction -> Affective
Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Word-of-Mouth

0,015

0,016

0,007

2,258

0,024

Customer Satisfaction -> Affective
Loyalty -> Conative Loyalty ->
Repurchase Intentions

0,056

0,056

0,014

3,94

<0,001

Customer Satisfaction -> Affective
Loyalty -> Conative Loyalty ->
Repurchase Intentions -> Repurchase

0,014

0,014

0,006

2,438

0,015

Customer Satisfaction -> Conative
Loyalty -> Behavioral Loyalty

0,157

0,157

0,032

4,98

<0,001

Customer Satisfaction -> Conative
Loyalty -> Behavioral Loyalty ->
Repurchase

0,022

0,022

0,01

2,157

0,031

Customer Satisfaction -> Conative
Loyalty -> Behavioral Loyalty -> Word-
of-Mouth

0,054

0,056

0,019

2,872

0,004

Customer Satisfaction -> Conative
Loyalty -> Repurchase Intentions

0,203

0,203

0,038

5,339

<0,001

Customer Satisfaction -> Conative
Loyalty -> Repurchase Intentions ->
Repurchase

0,05

0,05

0,02

2,493

0,013

Emotional Attachment to a Brand ->
Affective Loyalty -> Conative Loyalty

0,148

0,147

0,028

5,307

<0,001

Emotional Attachment to a Brand ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty

0,061

0,061

0,015

4,112

<0,001

Emotional Attachment to a Brand ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Repurchase

0,009

0,009

0,005

1,9

0,057

Emotional Attachment to a Brand ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Word-of-Mouth

0,021

0,022

0,008

2,652

0,008

Emotional Attachment to a Brand ->
Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions

0,079

0,079

0,017

4,598

<0,001
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Emotional Attachment to a Brand ->
Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions -> Repurchase

0,02

0,019

0,008

2,537

0,011

Emotional Attachment to a Brand ->
Habit -> Repurchase

0,074

0,075

0,024

3,042

0,002

Firm’s Organizational Agility ->
Repurchase Intentions -> Repurchase

0,012

0,012

0,013

0,969

0,332

Firm’s Organizational Agility x Cognitive
Customer Experience -> Repurchase
Intentions -> Repurchase

0,013

0,013

0,01

1,291

0,197

Perceived Value -> Cognitive Loyalty ->
Affective Loyalty

0,081

0,082

0,022

3,606

<0,001

Perceived Value -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty

0,03

0,03

0,01

3,076

0,002

Perceived Value -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty

0,012

0,013

0,005

2,664

0,008

Perceived Value -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Repurchase

0,002

0,002

0,001

1,606

0,108

Perceived Value -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Word-of-Mouth

0,004

0,004

0,002

1,986

0,047

Perceived Value -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions

0,016

0,016

0,006

2,829

0,005

Perceived Value -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions -> Repurchase

0,004

0,004

0,002

1,995

0,046

Switching Costs -> Cognitive Loyalty ->
Affective Loyalty

-0,019

-0,013

0,018

1,045

0,296

Switching Costs -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty

-0,007

-0,005

0,007

1,03

0,303

Switching Costs -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty

-0,003

-0,002

0,003

1,015

0,31

Switching Costs -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Repurchase

0,874

0,382

Switching Costs -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Word-of-Mouth

-0,001

-0,001

0,001

0,942

0,346

Switching Costs -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions

-0,004

-0,003

0,004

1,031

0,303
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Switching Costs -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions -> Repurchase

-0,001

-0,001

0,001

0,942

0,346

Switching Costs x Cognitive Customer
Experience -> Cognitive Loyalty ->
Affective Loyalty

0,005

0,003

0,011

0,431

0,666

Switching Costs x Cognitive Customer
Experience -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty

0,002

0,001

0,004

0,428

0,668

Switching Costs x Cognitive Customer
Experience -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty

0,001

0,002

0,423

0,672

Switching Costs x Cognitive Customer
Experience -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Repurchase

0,375

0,708

Switching Costs x Cognitive Customer
Experience -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Word-of-Mouth

0,001

0,395

0,693

Switching Costs x Cognitive Customer
Experience -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions

0,001

0,001

0,002

0,427

0,669

Switching Costs x Cognitive Customer
Experience -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions -> Repurchase

0,001

0,411

0,681

Trust -> Customer Satisfaction ->
Affective Loyalty

0,164

0,165

0,034

4,843

<0,001

Trust -> Customer Satisfaction ->
Affective Loyalty -> Conative Loyalty

0,06

0,06

0,015

4,02

<0,001

Trust -> Customer Satisfaction ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty

0,025

0,025

0,008

3,126

0,002

Trust -> Customer Satisfaction ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Repurchase

0,004

0,004

0,002

1,803

0,071

Trust -> Customer Satisfaction ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Word-of-Mouth

0,009

0,009

0,004

2,157

0,031

Trust -> Customer Satisfaction ->
Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions

0,032

0,032

0,009

3,618

<0,001
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Trust -> Customer Satisfaction ->
Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions -> Repurchase

0,008

0,008

0,003

2,31

0,021

Trust -> Customer Satisfaction ->
Conative Loyalty

0,218

0,217

0,035

6,278

<0,001

Trust -> Customer Satisfaction ->
Conative Loyalty -> Behavioral Loyalty

0,09

0,091

0,02

4,472

<0,001

Trust -> Customer Satisfaction ->
Conative Loyalty -> Behavioral Loyalty
-> Repurchase

0,013

0,013

0,006

2,103

0,035

Trust -> Customer Satisfaction ->
Conative Loyalty -> Behavioral Loyalty
-> Word-of-Mouth

0,031

0,032

0,011

2,71

0,007

Trust -> Customer Satisfaction ->
Conative Loyalty -> Repurchase
Intentions

0,117

0,117

0,025

4,69

<0,001

Trust -> Customer Satisfaction ->
Conative Loyalty -> Repurchase
Intentions -> Repurchase

0,029

0,029

0,012

2,363

0,018

Value-in-use -> Cognitive Loyalty ->
Affective Loyalty

0,058

0,058

0,017

3,326

0,001

Value-in-use -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty

0,021

0,021

0,008

2,803

0,005

Value-in-use -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty

0,009

0,009

0,004

2,446

0,014

Value-in-use -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Repurchase

0,001

0,001

0,001

1,506

0,132

Value-in-use -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Behavioral Loyalty -> Word-of-Mouth

0,003

0,003

0,002

1,879

0,06

Value-in-use -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions

0,011

0,011

0,004

2,627

0,009

Value-in-use -> Cognitive Loyalty ->
Affective Loyalty -> Conative Loyalty ->
Repurchase Intentions -> Repurchase

0,003

0,003

0,001

2,024

0,043

Source: SmartPLS 4 output based on author’s calculations.
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Annex 6. Full range of SmartPLS 4 output of total effects estimation.

B pvalue | 2.5% | 97.5%
Affective Customer Experience -> Affective Loyalty 0,33 | <0,001 | 0,273 | 0,386
Affective Customer Experience -> Behavioral Loyalty 0,093 | <0,001 | 0,057 | 0,137
Affective Customer Experience -> Brand Equity 0,458 | <0,001 | 0,368 | 0,549
Affective Customer Experience -> Cognitive Loyalty 0,065 | 0,006 0,02 0,113
Affective Customer Experience -> Conative Loyalty 0,225 | <0,001 | 0,171 | 0,279
Affective Customer Experience -> Customer Satisfaction | 0,274 | <0,001 | 0,209 | 0,342
iﬁ?c};t;;i ;Zustomer Experience -> Emotional Attachment 0.587 | <0.001 | 0519 | 0.65
Affective Customer Experience -> Habit 0,22 | <0,001 0,16 0,281
Affective Customer Experience -> Repurchase 0,087 | <0,001 | 0,055 | 0,124
Affective Customer Experience -> Repurchase Intentions | 0,121 | <0,001 | 0,079 | 0,165
Affective Customer Experience -> Trust 0,477 | <0,001 | 0,385 | 0,561
Affective Customer Experience -> Word-of-Mouth 0,032 | 0,008 0,014 | 0,061
Affective Loyalty -> Behavioral Loyalty 0,152 | <0,001 | 0,09 | 0,223
Affective Loyalty -> Conative Loyalty 0,367 | <0,001 | 0,254 | 0,469
Affective Loyalty -> Repurchase 0,07 | <0,001 | 0,037 | 0,109
Affective Loyalty -> Repurchase Intentions 0,197 | <0,001 | 0,126 | 0,269
Affective Loyalty -> Word-of-Mouth 0,052 | 0,007 0,022 | 0,096
Behavioral Loyalty -> Repurchase 0,142 | 0,029 0,021 | 0,276
Behavioral Loyalty -> Word-of-Mouth 0,344 | <0,001 | 0,221 | 0,465
Brand Equity -> Affective Loyalty 0,033 | 0,012 0,009 | 0,061
Brand Equity -> Behavioral Loyalty 0,005 | 0,041 | 0,001 | 0,011
Brand Equity -> Cognitive Loyalty 0,141 | 0,003 | 0,045 | 0,234
Brand Equity -> Conative Loyalty 0,012 | 0,025 | 0,003 | 0,024
Brand Equity -> Repurchase 0,002 | 0,049 | 0,001 | 0,005
Brand Equity -> Repurchase Intentions 0,007 | 0,028 0,002 | 0,013
Brand Equity -> Word-of-Mouth 0,002 | 0,097 0 0,004
Cognitive Customer Experience -> Affective Loyalty 0,147 | <0,001 | 0,096 | 0,199
Cognitive Customer Experience -> Behavioral Loyalty 0,113 | <0,001 | 0,066 | 0,167
Cognitive Customer Experience -> Cognitive Loyalty 0,379 | <0,001 | 0,277 | 0,47
Cognitive Customer Experience -> Conative Loyalty 0,272 | <0,001 | 0,175 | 0,365
Cognitive Customer Experience -> Convenience 0,416 | <0,001 | 0,32 | 0,512
Cognitive Customer Experience -> Customer Satisfaction | 0,201 | <0,001 | 0,116 | 0,285
Cognitive Customer Experience -> Perceived Value 0,437 | <0,001 | 0,351 | 0,522
Cognitive Customer Experience -> Repurchase 0,107 | <0,001 | 0,052 | 0,172
Eﬁg:ﬁ::s Customer Experience -> Repurchase 0287 | <0.001 0.2 0,372
Cognitive Customer Experience -> Value-in-use 0,559 | <0,001 | 0,475 | 0,636
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Cognitive Customer Experience -> Word-of-Mouth 0,039 | 0,007 | 0,016 | 0,072
Cognitive Loyalty -> Affective Loyalty 0,236 | <0,001 | 0,138 | 0,33

Cognitive Loyalty -> Behavioral Loyalty 0,036 | 0,002 | 0,017 | 0,062
Cognitive Loyalty -> Conative Loyalty 0,086 | <0,001 | 0,044 | 0,136
Cognitive Loyalty -> Repurchase 0,017 | 0,006 0,007 | 0,03

Cognitive Loyalty -> Repurchase Intentions 0,046 | 0,001 0,022 | 0,076
Cognitive Loyalty -> Word-of-Mouth 0,012 | 0,027 0,004 | 0,026
Conative Loyalty -> Behavioral Loyalty 0,415 | <0,001 | 0,298 | 0,53

Conative Loyalty -> Repurchase 0,192 | <0,001 | 0,112 | 0,275
Conative Loyalty -> Repurchase Intentions 0,537 | <0,001 | 0,421 | 0,642
Conative Loyalty -> Word-of-Mouth 0,143 | 0,001 | 0,069 | 0,24

Convenience -> Repurchase 0,049 | 0415 | -0,069 | 0,167
Customer Knowledge Sharing -> Behavioral Loyalty -0,014| 0,397 | -0,043 | 0,021
Customer Knowledge Sharing -> Conative Loyalty -0,033 | 0,388 -0,1 0,051
Customer Knowledge Sharing -> Repurchase -0,006| 0,406 | -0,021 | 0,01

Customer Knowledge Sharing -> Repurchase Intentions |-0,018| 0,394 | -0,056 | 0,026
Customer Knowledge Sharing -> Word-of-Mouth -0,005| 0,433 | -0,017 | 0,007
Customer Satisfaction -> Affective Loyalty 0,286 | <0,001 | 0,182 | 0,393
Customer Satisfaction -> Behavioral Loyalty 0,2 | <0,001 | 0,131 | 0,277
Customer Satisfaction -> Conative Loyalty 0,483 | <0,001 | 0,383 | 0,578
Customer Satisfaction -> Repurchase 0,093 | <0,001 | 0,051 0,14

Customer Satisfaction -> Repurchase Intentions 0,26 | <0,001 | 0,179 | 0,343
Customer Satisfaction -> Word-of-Mouth 0,069 | 0,004 0,031 | 0,123
Emotional Attachment to a Brand -> Affective Loyalty 0,402 | <0,001 | 0,319 | 0,483
Emotional Attachment to a Brand -> Behavioral Loyalty | 0,061 | <0,001 | 0,035 | 0,093
Emotional Attachment to a Brand -> Conative Loyalty 0,148 | <0,001 | 0,094 | 0,204
Emotional Attachment to a Brand -> Habit 0,374 | <0,001 | 0,276 | 0,469
Emotional Attachment to a Brand -> Repurchase 0,103 | <0,001 | 0,058 | 0,154
iﬂﬁlttlﬁ)rzl Attachment to a Brand -> Repurchase 0079 | <0.001 | 0,048 | 0,115
Emotional Attachment to a Brand -> Word-of-Mouth 0,021 | 0,008 0,009 | 0,04

Firm’s Organizational Agility -> Repurchase 0,012 | 0,332 | -0,009 | 0,04

Firm’s Organizational Agility -> Repurchase Intentions 0,049 | 0,286 | -0,039 | 0,143
Habit -> Repurchase 0,198 | 0,001 0,083 | 0,312
Perceived Value -> Affective Loyalty 0,081 | <0,001 | 0,042 | 0,129
Perceived Value -> Behavioral Loyalty 0,012 | 0,008 | 0,005 | 0,023
Perceived Value -> Cognitive Loyalty 0,344 | <0,001 | 0,238 | 0,449
Perceived Value -> Conative Loyalty 0,03 0,002 0,014 | 0,051
Perceived Value -> Repurchase 0,006 | 0,017 0,002 | 0,011
Perceived Value -> Repurchase Intentions 0,016 | 0,005 0,007 | 0,029
Perceived Value -> Word-of-Mouth 0,004 | 0,047 0,001 0,01

Repurchase Intentions -> Repurchase 0,247 | 0,002 0,085 | 0,395
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Switching Costs -> Affective Loyalty -0,019| 0,296 | -0,04 | 0,028
Switching Costs -> Behavioral Loyalty -0,003| 0,31 | -0,007 | 0,004
Switching Costs -> Cognitive Loyalty -0,08 | 0,286 | -0,159 | 0,115
Switching Costs -> Conative Loyalty -0,007 | 0,303 | -0,016 | 0,01

Switching Costs -> Repurchase -0,001| 0,326 | -0,003 | 0,002
Switching Costs -> Repurchase Intentions -0,004| 0,303 | -0,008 | 0,005
Switching Costs -> Word-of-Mouth -0,001| 0,346 | -0,003 | 0,002
Trust -> Affective Loyalty 0,164 | <0,001 | 0,102 | 0,234
Trust -> Behavioral Loyalty 0,115 | <0,001 | 0,072 | 0,167
Trust -> Conative Loyalty 0,278 | <0,001 | 0,207 | 0,352
Trust -> Customer Satisfaction 0,575 | <0,001 | 0,503 | 0,645
Trust -> Repurchase 0,053 | <0,001 | 0,028 | 0,085
Trust -> Repurchase Intentions 0,149 | <0,001 | 0,097 | 0,209
Trust -> Word-of-Mouth 0,04 0,006 0,017 | 0,074
Value-in-use -> Affective Loyalty 0,058 | 0,001 0,027 | 0,095
Value-in-use -> Behavioral Loyalty 0,009 | 0,014 0,003 | 0,017
Value-in-use -> Cognitive Loyalty 0,245 | <0,001 | 0,139 | 0,346
Value-in-use -> Conative Loyalty 0,021 | 0,005 | 0,009 | 0,038
Value-in-use -> Repurchase 0,004 | 0,019 | 0,001 | 0,008
Value-in-use -> Repurchase Intentions 0,011 | 0,009 | 0,004 | 0,021
Value-in-use -> Word-of-Mouth 0,003 0,06 0,001 | 0,007

Note: 3 - standardized total effect combining the direct and indirect pathways between the two constructs; 2,5%
and 97,5% - lower and upper bounds of the 95% confidence interval. Standard deviations and t-values are not
reported, as statistical significance is assessed through the p-values and bootstrap confidence intervals. Interac-
tion terms used to estimate the moderating effects are not reported, as they do not represent constructs of the

model. The corresponding moderation results are presented in Tables 29 and 30.

Source: SmartPLS 4 output based on author’s calculations.
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Annex 7. Full necessary condition analysis results for repurchase con-
struct with ceiling line effect sizes and permutation results.

Original Permutation

effecgt size 95.0% p value
Habit 0,132 0,123 0,031
Trust 0,114 0,072 0,001
Behavioral Loyalty 0,100 0,095 0,037
Repurchase Intentions 0,085 0,068 0,012
Cognitive Customer Experience 0,069 0,078 0,100
Perceived Value 0,068 0,067 0,045
Conative Loyalty 0,066 0,072 0,078
Brand Equity 0,054 0,048 0,028
Value-in-use 0,049 0,069 0,200
Cognitive Loyalty 0,041 0,060 0,242
Convenience 0,041 0,075 0,320
Affective Customer Experience 0,036 0,075 0,495
Affective Loyalty 0,036 0,062 0,294
Word-of-Mouth 0,034 0,043 0,138
Firm’s Organizational Agility 0,033 0,058 0,364
ISE\)/(vllDtecr}zIrllgC eCosts x Cognitive Customer 0,030 0.053 0,352
Switching Costs 0,023 0,025 0,068
Customer Satisfaction 0,020 0,049 0,483
Firm’s Organizational Agility x Cognitive
Customerg Experience i ¢ 0,020 0,040 0,410
Customer Knowledge Sharing x Cognitive
Customer Experienfc;e ¢ ’ 0,000 0,048 n/a
Customer Knowledge Sharing -0,000 0,018 n/a
Emotional Attachment to a Brand -0,000 0,008 n/a

Source: SmartPLS 4 output based on author’s calculations.
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Annex 8. Bottleneck analysis results for repurchase construct.

LV scores - Behavioral Loyalty

LV scores - Habit

LV scores - Trust

0,00% NN NN NN
10,00% NN NN -3,685
20,00% NN NN -3,685
30,00% NN NN -3,685
40,00% NN NN -3,685
50,00% NN NN -3,685
60,00% -4,276 -2,979 -3,685
70,00% -4,276 -2,979 -3,685
80,00% -3,784 -2,802 -3,027
90,00% -1,814 -2,802 -3,027
100,00% -1,706 -2,802 -1,943

Source: SmartPLS 4 output based on author’s calculations.
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SUMMARY

INTRODUCTION

Relevance of the topic. Since the introduction of the experience economy con-
cept (Pine & Gilmore, 1998), customer experience has been regarded as an important
antecedent of customer attitudes and behavior, associated with firms’ financial perfor-
mance. A positive customer experience is associated with higher customer satisfac-
tion, which contributes to customer retention and encourages repurchase intentions,
as well as with fostering attitudinal and behavioral loyalty. Businesses are increasingly
shifting focus from goods to services and delivering them digitally, and business-to-
business (B2B) services occupy a particularly important place in this area. The Euro-
pean Commissions Digital Decade policy programme sets the target that by 2030, 75%
of enterprises use cloud computing, artificial intelligence or big data technologies. All
of these technologies belong to the domain of B2B digital services. Managing business
customer experience is more complex than in business-to-consumer (B2C) services
due to multiple decision-makers, the long-term nature of relationships between the
service provider and the customer, and more intensive resource integration by both
parties to the transaction (Witell et al., 2020). Customer experience management is
considered one of the most promising strategies for improving business performance,
yet customer experience in B2B services remains under researched, as most studies
have been conducted in the B2C domain, even though most organizations operate in
B2B markets (Kuppelwieser & Klaus, 2021a). The limited research on customer expe-
rience in B2B digital services is not only a scientific gap. For businesses, it may hinder
service design and differentiation, customer retention, business growth and digital
transformation.

Novelty of the topic. Customer experience in B2B digital services is a new and
rapidly expanding research area. The growth of digital services has been accelerated by
the spread of cloud computing technologies, the COVID-19 pandemic and the devel-
opment of artificial intelligence, and the number of publications on customer experi-
ence in the service context has grown particularly since 2020 (from 239 publications
in 2020 to 645 publications in 2025). Nevertheless, studies dedicated specifically to
customer experience in digital services in the B2B market remain very scarce (only 14
such records were found in the Elsevier Scopus database and 27 in Clarivate Web of
Science).

State of research. Early customer experience research shifted attention away from
purely functional value and emphasized that the consumption of a product or ser-
vice creates an experience encompassing the consumer’s cognition, emotions, senses
and actions (Schmitt, 1999; Gentile et al., 2007). Later, a multidimensional concep-
tualization of customer experience grounded in the customer journey concept was
developed (Verhoef et al., 2009; Lemon & Verhoef, 2016), and it was described how
organizations can create and manage customer experience (Homburg et al,, 2017).
The research field was subsequently complemented by process- and stimulus-based
approaches (L. Becker & Jaakkola, 2020) and by measurement scales such as EXQ
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(customer experience quality scale) and SJQ (service journey quality scale) (Klaus &
Maklan, 2012; Jaakkola & Terho, 2021). In B2B service research, the application of
these ideas to an organizational, multi-actor context is so far found in a relatively small
but growing body of research (Zolkiewski et al., 2017; Witell et al., 2020; Cepeda-Car-
rién et al,, 2023; Gounaris & Almoraish, 2024). The systematic literature review con-
ducted in the dissertation, whose final sample after the PRISMA (Preferred Reporting
Items for Systematic reviews and Meta-Analyses) screening stages comprised 21 stud-
ies on customer experience in B2B services, revealed that most studies examine only
individual aspects of customer experience, while mediating and moderating factors
receive considerably less attention. Mediating factors were examined in 9 studies and
moderating factors in only 6. In the Lithuanian research context, customer experience
has mostly been examined indirectly, by analyzing closely related constructs such as
service quality, perceived value, satisfaction, trust, commitment, switching costs and
loyalty (e.g., Skackauskiené et al., 2015; Dik¢ius et al., 2019; Meiduté-Kavaliauskiené et
al., 2020; Zikiené et al., 2024). Research on customer experience itself is less common
(e.g., Davidaviciené et al., 2020; Zikiené & Gagiskyté, 2021; Kaunaité & Liorancaité-
Sukiené, 2023), and studies directly addressing B2B customer experience are lacking.

Research problem. Services differ considerably in terms of delivery, which is why
customer experience needs to be modelled with regard to the service category, such as
B2B digital services. Although customer experience research has advanced consider-
ably since the introduction of the experience economy concept, its conceptual and
empirical contribution remains largely confined to the B2C context. This knowledge
gap stems from the limitations of existing models. First, customer experience is often
modelled as an aggregated construct, which obscures the contribution of each of its di-
mensions to customer attitudes and behavior. Second, the links between customer ex-
perience and customer behavior are mostly examined assuming a direct relationship,
while the mediating mechanisms remain under-researched. Third, the consequences
of customer experience are addressed in a fragmented manner, often limited to ser-
vice-specific outcomes, with attitudinal and behavioral consequences underexplored.
Most customer experience models were developed for the B2C context, therefore their
applicability to B2B digital services remains uncertain. In addition, customer expe-
rience dimensions, mediating mechanisms, and repurchase intentions and behavior
are rarely examined within a single model. Moreover, in a B2B context, organizations
themselves do not possess customer experience. It is experienced by the individuals
who accept the service, co-create it with the provider and evaluate their experience
throughout the entire service provision (Witell et al., 2020). Therefore, the research
problem addressed in this dissertation is how business customer experience in B2B
digital services can be modelled to explain its effects on customer loyalty and repeat
purchase outcomes.

Research subject — customer experience in B2B digital services and its effects on
customer loyalty and repeat purchase outcomes.

Research aim - to develop and empirically validate a model explaining how
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customer experience in B2B digital services affects loyalty and repeat purchase out-
comes.

222

Research objectives:
To conceptualize the phenomenon of customer experience in B2B digital service
context based on scientific literature analysis.
To critically analyze and synthesize the literature on customer experience in B2B
services and identify conceptual and empirical research gaps.
To identify and theoretically synthesize the antecedents, components, and conse-
quences of customer experience in B2B services.
To design an empirical research framework for examining relationships between
customer experience, customer loyalty, and repeat purchase behavior and inten-
tions in B2B digital services.
To empirically assess the relationships between customer experience dimensions
and customer loyalty dimensions, as well as repeat purchase behavior and inten-
tions, through underlying mediating and moderating mechanisms in B2B digital
services.
To prepare an empirically validated model of customer experience in B2B digi-
tal services and present theoretical and managerial insights for modelling and
managing customer experience in pursuit of strengthening customer loyalty and
fostering repeat purchase outcomes.

Defended statements:

In the context of B2B digital services, where customer-provider interactions are
predominantly technologically mediated, customer experience is empirically and
conceptually distinguishable into cognitive and affective dimensions. These di-
mensions conceptually encompass the intellectual, emotional, social, and rela-
tional aspects through which customer experience is formed, while behavioral
responses are empirically positioned as consequences of these experiential di-
mensions rather than as constituent elements of customer experience itself. It is
argued that other experience dimensions frequently discussed in the literature
tend to conceptually overlap with these core dimensions and treating them as
separate masks the differentiated mechanisms through which customer experi-
ence influences customer loyalty and repurchase.

In the tested model, the influence of customer experience on customer loyalty
and repurchase outcomes operates primarily through value-based, emotional,
and relationship-oriented mechanisms. This positions customer experience as an
upstream driver rather than an isolated determinant of loyalty and repurchase
outcomes and emphasizes the processual nature of the impact of customer experi-
ence in a B2B digital service context.

The relationships of cognitive customer experience with loyalty and repurchase
intentions were not significantly moderated by the examined contextual condi-
tions (switching costs, firm’s organizational agility, and customer knowledge shar-
ing).



4. The rapid growth of customer experience research has led to conceptual over-
lap and fragmented modelling practices. This has generated uncertainty regard-
ing how customer experience should be positioned and modelled, particularly
in relation to its mediating mechanisms and outcomes in B2B digital services.
By separating customer experience dimensions from mediating mechanisms and
outcomes and integrating them into a coherent structure, this dissertation pro-
vides a structured modelling logic that supports consistent theorizing and em-
pirical research on customer experience and offers a basis for its integration into
future explanatory models.

5. Trust and habit act as necessary conditions for achieving a higher level of repeat
purchases. Without at least minimal levels of trust and habit, higher levels of re-
purchase were not observed, regardless of the strength or existence of the other
mechanisms in the model. Thus, a construct may have a relatively small impact on
purchasing behavior, as in the case of trust, but at the same time remain a neces-
sary condition for achieving higher levels of repurchase.

Research methods. In the theoretical part, analysis, comparison, generalization
and synthesis of scientific literature were applied. To reveal the structure of the re-
search field, a bibliometric analysis of research on service customer experience was
conducted (the Web of Science and Scopus databases were examined, and 3682 unique
records were collected), and to systematize research on customer experience in B2B
services, a systematic literature review following the PRISMA guidelines was per-
formed (final reviewed sample — 21 scientific works). Its results were integrated using
an adapted antecedents-decisions-outcomes (ADO) framework. In the empirical part,
based on post-positivist philosophy and deductive logic, a quantitative cross-sectional
study was conducted, namely a questionnaire survey of decision-makers in B2B digi-
tal services (sample n = 386 respondents). The data were analyzed using partial least
squares structural equation modelling (PLS-SEM), including mediation, moderation
and predictive power (PLSpredict) analysis. Additionally, a necessary condition analy-
sis (NCA) with bottleneck analysis was performed.

Scientific novelty and theoretical significance. The dissertation develops and
empirically validates an integrated model of customer experience in B2B digital ser-
vices. From a theoretical perspective, it systematizes fragmented knowledge on the
antecedents, components and consequences of customer experience, and identifies
underexplored relationships and conceptual overlaps between constructs related to
customer experience. The final model, built on a mechanism-based approach, reveals
how customer experience relates to customer behavior through key mediating con-
structs. This makes it possible to move beyond the direct-effect models prevailing in
the literature and to explain more accurately how customer loyalty and repurchase
behavior are formed. The methodological novelty of the dissertation lies in combin-
ing the PLS-SEM and NCA methods. This methodological choice complements the
analysis of relationships and indirect effects with the assessment of necessary condi-
tions and allows the results to be interpreted from the perspective of both sufficiency

223



(additive) and necessity logic. Applying this combination of methods revealed that
trust is a necessary condition for higher levels of repurchase, although its total effect
on repurchase behavior is weak. Neither of these methods applied separately would
have allowed such conclusion. In addition, the dissertation contributes to the empiri-
cal knowledge base of management science with data from the underexplored context
of B2B digital services.

Practical significance. The research results provide B2B digital service providers
with empirically grounded guidelines that help identify priority areas for customer
retention. First, a good customer experience does not in itself ensure loyalty and re-
purchase. Its effect manifests indirectly, through the customer’s perceived value and
value-in-use, emotional attachment, trust and satisfaction, therefore these factors that
should be consistently strengthened and monitored. Second, trust and the habit of
using the service are necessary conditions for higher levels of repurchase. Without at
least a minimum level of these, investments in emotional bonding or communication
may not translate into repurchase. Third, loyalty develops in stages, and loyal behavior
does not always translate into actual repurchase, therefore contract renewals should
additionally be encouraged by factors operating closer to the purchase decision, i.e.,
contract renewal planning, forming a habit of service use and ensuring relationship
continuity. The empirically validated model (see Figure 13) can be applied as a di-
agnostic and planning tool. It can help identify which factors strengthen or weaken
customer loyalty, make resource allocation decisions, improve services and manage
customer relationships more effectively. Specific recommendations for managers are
presented at the end of the summary.

Structure and scope of the dissertation. The dissertation consists of an introduc-
tion, three parts, conclusions, recommendations, a bibliography and annexes. The first
part presents the theoretical foundations of research on customer experience in B2B
digital services (conceptualization, bibliometric analysis, systematic literature review,
conceptual model and hypotheses), the second part presents the empirical research
methodology, and the third part presents the empirical research results and their dis-
cussion. The text of the dissertation with the bibliography comprises 188 pages, and
the annexes begin on page 189. The dissertation contains 33 tables, 13 figures and 8
annexes, and the bibliography comprises 343 sources.
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OVERVIEW OF PART 1
THEORETICAL FOUNDATIONS OF CUSTOMER EXPERIENCE IN
B2B DIGITAL SERVICE RESEARCH

The first part conceptualizes customer experience in B2B services. Although cus-
tomer experience has been studied for several decades, it is a complex concept, exam-
ined mostly in the B2C domain, while in the B2B domain the phenomenon is more
heterogeneous (Lipkin, 2016). Having analyzed the stimulus-based, interaction-based
and meaning-making perspectives (Lipkin, 2016), the dissertation adopts the inter-
action-based perspective grounded in Service-Dominant Logic, according to which
market actors bound by mutual relationships form service ecosystems. Customer ex-
perience in B2B digital services is defined in the dissertation as customer’s subjective
interpretation of verbal and nonverbal, direct, and indirect interactions with people,
objects, and the environment, within a network of service actors, throughout the en-
tire length of service provision, inducing customer’s cognitive, affective, and physical
responses. Compared to B2C, the B2B context does not alter the nature of the cus-
tomer experience construct, but it is characterized by specific circumstances, such as
collective decision-making, long-term contractual relationships and the importance of
utilitarian evaluation. These justify the need to investigate B2B customer experience in
its own right, separately from other market contexts.

In digital service provision, most interactions take place through technological
interfaces and self-service functions. Such services are intangible, often scalable and
standardized, and many of them (especially software delivered as a service) are used
continuously. When physical touchpoints are few, the customer’s cognitive and af-
fective responses to service use become particularly important (Godovykh & Tasci,
2020). Therefore, the theoretical position is taken that customer experience in B2B
digital services is mainly reflected in cognitive and affective responses. Operational
service attributes (e.g., convenience, speed, security, accessibility) are often embed-
ded in the service interface itself in the digital environment and can be regarded as
hygiene factors, while potential switching costs accumulate through investments in
service customization, integrations and employee training. The scientific literature is
dominated by an antecedents-components-consequences modelling scheme, consist-
ent with the ADO modelling logic. Although the business-relevant consequences of
positive customer experience remain similar, the antecedents and components depend
on the domain under study. Thus, the results of studies conducted in the B2C context
cannot be directly transferred to the B2B domain.

The bibliometric analysis of the customer experience phenomenon was based on
3682 scientific works covering both B2B and B2C contexts, since a search restricted
to the B2B context yields too few works for bibliometric mapping. Three stages in
the development of the customer experience research field were identified, with the
fastest growth of scientific publications observed since 2020. The keyword analysis
showed that customer experience is consistently regarded as an antecedent of loyalty
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and behavioral intentions. The author co-citation analysis revealed a multidisciplinary
research foundation and methodological maturity. A certain tension was also ob-
served between the phenomenological roots of customer experience and the positivist
approaches to its research.

The systematic literature review was conducted following the PRISMA guidelines:
of the 431 identified scientific articles, 21 articles were selected for the final analysis (2
conceptual, 4 qualitative, 11 quantitative and 4 mixed-methods studies). The results of
the systematic literature review were published in the author’s scientific article (Raigys,
2026). Based on the review, an integrative map of customer experience in B2B services
was developed, consisting of the antecedents, components and consequences of cus-
tomer experience. The consequences cover four areas — engagement and relationships,
satisfaction and value, loyalty, and organizational benefits. Loyalty behavior and re-
purchase are consistently classified as consequences. The integrative map showed that
the ADO logic is often only partially implemented in the scientific literature. Not all
factors within the groups of antecedents, components and consequences are linked by
relationships, and the existing relationships are specified at different levels of granu-
larity. In addition, mediating factors are mostly classified as consequences instead of
forming a separate layer of mediators, and the only standalone mediating factor is
value-in-use. Thus, B2B customer experience modelling is fragmented, and the medi-
ating mechanisms through which customer experience in B2B digital services relates
to customer behavior are underexplored in the empirical literature.

The systematic literature review showed that customer experience can lead to many
different outcomes of the interaction between the service provider and the customer.
Modelling customer experience specifies both its internal structure and its relation-
ships with other constructs. Therefore, the empirical model needs to define the out-
comes against which the associations of customer experience dimensions are assessed.
Of the identified consequences, two were selected for the empirical research, namely
customer loyalty and repurchase. This choice was driven by three reasons. First, from
a theoretical perspective, loyalty is one of the most important consequences of posi-
tive customer experience and is considered one of the main goals of customer-centric
management (Mascarenhas et al., 2006; Oliver, 1999; Khan et al., 2022). Second, both
consequences consistently recur in the studies of the systematic review. Loyalty forms
one of the four consequence areas, while outcomes related to purchase, repurchase and
customer retention belong to the most frequently studied area of engagement and re-
lationships. Third, repurchase is a behavioral outcome directly linked to firm revenue
and the final stage of the loyalty chain, where cognitive, affective and conative loyalty
translate into observable action (Dick & Basu, 1994; Oliver, 1999).

Customer loyalty is defined as the customer’s cognitive, affective and conative com-
mitment to a brand, service or firm. It manifests in repeated use of services, positive
recommendations and resistance to competitors’ offers (Morgan & Hunt, 1994; Oliver,
1999). According to the widely recognized conceptualization of Oliver (1999), loyalty
develops in stages. Cognitive loyalty is based on an analytical comparison of costs and
benefits, affective loyalty on an emotional bond with the firm or service, and conative
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loyalty on a deliberate intention to behave favorably towards a particular firm. Behav-
ioral loyalty manifests in customer actions, such as recommendations or repeat pur-
chases. However, repeat purchases do not necessarily indicate loyalty, as they may also
be driven by convenience or habit (Liu-Thompkins & Tam, 2013). Loyalty as a psy-
chological commitment can also exist without repeat purchases (H. Han et al,, 2011).
Therefore, the loyalty stages and repurchase behavior are examined as separate but
interrelated constructs. The literature identifies mediators of the customer experience-
loyalty relationship, namely satisfaction, value-in-use, perceived value, brand equity,
emotional attachment to a brand and trust. Moderators that may change the strength
of this relationship were also identified, namely firm’s organizational agility, customer
knowledge sharing and switching costs.

On this basis, a conceptual model comprising 20 hypotheses (H1-H16 with sub-
hypotheses) was formulated, in which each relationship is assigned to either the cogni-
tive or the affective dimension of customer experience. The mediation hypotheses cov-
er perceived value (H1), brand equity (H2), value-in-use (H3), emotional attachment
to a brand (H4a, H4b), satisfaction (H5a-H5c) and trust (H6). Convenience mediates
between cognitive customer experience and repurchase (H7), and repurchase inten-
tions mediate between conative loyalty and repurchase (H8). Switching costs (H9),
firm’s organizational agility (H10) and customer knowledge sharing (H11) are mod-
elled as moderators. The model also includes the relationships of sequential loyalty
development (H12-H14), the effect of behavioral loyalty on word-of-mouth (H15a)
and repurchase (H15b), and the effect of habit on repurchase (H16).
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OVERVIEW OF PART II
EMPIRICAL RESEARCH METHODOLOGY OF CUSTOMER
EXPERIENCE MODELLING IN B2B DIGITAL SERVICES

The object of the empirical research is the direct and indirect effect of customer
experience on loyalty dimensions and repurchase intentions and behavior, analyzing
mediating and moderating factors. The aim of the empirical research is to empirically
test the hypothesized direct, mediation and moderation effects between customer ex-
perience dimensions, mediating constructs, loyalty dimensions, and repurchase inten-
tions and behavior. Customer experience is treated in the model as the starting point of
the examined sequence. Its antecedents are not included in the model, as the research
seeks to reveal the mechanisms through which customer experience relates to loyalty
and repurchase, rather than the conditions under which it is formed. The research is
grounded in post-positivist philosophy. The complex phenomenon of customer expe-
rience is operationalized in the model as two separate latent constructs (dimensions).
All constructs are treated as latent and measured indirectly, i.e., through observed
indicators, and the research design allows the hypotheses to be rejected. Complete
objectivity is not considered attainable, therefore its obstacles are reduced through
dedicated procedures, such as expert evaluation of measurement items. A quantita-
tive approach was chosen, as the aim is to simultaneously test the hypothesized rela-
tionships, including mediation and moderation effects, and to compare their strength.
Cross-sectional data allow the relationships to be tested but do not reveal their change
over time, which is acknowledged as a limitation of the research.

Structural equation modelling was chosen because the model constructs are latent,
and their relationships, including several mediation and moderation relationships,
form a system that must be estimated as a whole. Single-equation methods (correla-
tion or regression analysis) do not allow this. The PLS-SEM variant was chosen due to
the complexity of the model, the formative higher-order construct, whose estimation
in PLS-SEM does not require additional specification and identification conditions,
and its resilience to deviations from normal distribution. The measurement model of
reflective constructs was assessed based on indicator loadings, internal consistency,
convergent validity (AVE) and discriminant validity (HTMT), and that of formative
constructs based on indicator weights, their significance and multicollinearity (VIF).
The structural model was assessed based on construct VIF values, path coeflicients
(B) and their statistical significance (using bootstrapping), coefficients of determina-
tion R?, effect sizes £ and predictive power (Q?predict using PLSpredict procedure). In
the mediation analysis, specific and total indirect effects were assessed, and mediation
types were classified according to Zhao et al. (2010). The sufficiency logic of PLS-SEM
was complemented by necessary condition analysis (NCA), which identified the con-
structs that are necessary conditions for higher levels of repurchase. The latent variable
scores of the final PLS-SEM model were used for the analysis. Necessity effects were
estimated using the CE-FDH method and their significance using a permutation test,
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and effect sizes d were interpreted as small (< 0,10), medium (0,10-0,30) and large
(> 0,30). For statistically significant necessary conditions, a bottleneck analysis was
performed, determining the minimum level of the condition required to achieve dif-
ferent levels of repurchase.

The research instrument was developed based on measurement scales validated in
the literature and adapted to the context of B2B digital services. For constructs lacking
measurement scales, new items were developed. The reflective or formative measure-
ment of constructs was determined according to the criteria of Jarvis et al. (2003). Val-
ue-in-use was modelled as a reflective-formative higher-order construct consisting of
first-order dimensions (experience, personalization and relationship). The measure-
ment items were verified through expert evaluation by purposively selected business
management experts with 20 to 33 years of professional experience, holding strategic
and managerial positions in B2B organizations and participating in decision-making
related to digital services. The experts evaluated whether the items accurately reflect
the respective constructs, and the wording of the items was refined based on their
suggestions.

The target population of the empirical research consists of representatives of or-
ganizations in the European Economic Area who make (or influence) decisions on
purchasing digital or digitally delivered B2B services. Since this population is defined
by professional criteria and its size cannot be determined, the sample size was calcu-
lated using the statistical power method. The required sample was calculated using the
inverse square root method of Kock and Hadaya (2018). A required sample of approxi-
mately 350 respondents was determined. Data were collected from 386 respondents
between 14 April and 28 September 2025 through Prolific research platform, with the
questionnaire administered via the Qualtrics survey platform. Purposive, role-based
sampling was applied. Respondents had to reside in the European Economic Area, be
fluent in English, work in for-profit organizations with B2B or mixed (B2B and B2C)
operations and be responsible for decisions in at least one functional area of the com-
pany. Their eligibility was verified with screening questions, and to ensure data quality,
only respondents with a 99-100% approval rate of previous submissions on the Prolific
platform were allowed to participate. Since purposive sampling limits the possibilities
for statistical generalization, the results should be considered analytically informa-
tive for the examined context but not representative of all B2B decision-makers. The
questionnaire consisted of 83 five-point Likert scale items grouped into six thematic
blocks, and the median completion time was 7 min 39 s. The research methodology
was evaluated by the Research Ethics Compliance Committee of Mykolas Romeris
University, which confirmed that it complies with research ethics principles (decision
No. 10-563). Participation was voluntary and anonymous, and no data allowing the
identification of respondents were collected.
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OVERVIEW OF PART III
EMPIRICAL RESULTS OF CUSTOMER EXPERIENCE MODELLING
IN B2B DIGITAL SERVICES

The preliminary analysis showed good data quality: no signs of common method
bias were found, and there were no missing responses. In assessing the measurement
model, low-loading indicators were removed while monitoring how this changed the
loadings of the remaining indicators and construct validity. Three indicators with
loadings slightly below the threshold were retained to preserve the content validity of
the constructs. Most of the final indicator loadings exceeded 0,708, and the internal
consistency and convergent validity indicators were acceptable. ALl HTMT values were
below 0,90 and confirmed discriminant validity, including the empirical distinctness
of the cognitive and affective dimensions of customer experience.

Of the 30 estimated structural model relationships, 25 were statistically signifi-
cant, with path coeflicients ranging from —0.080 to 0,587. The strongest direct relation-
ships of customer experience dimensions were found with the mediating constructs.
Cognitive customer experience was most strongly related to value-in-use (B = 0,559),
perceived value (p = 0,437) and convenience (P = 0,416), and affective customer ex-
perience to emotional attachment to a brand (B = 0,587), trust (} = 0,477) and brand
equity (B = 0,458). The direct relationships of customer experience dimensions with
loyalty dimensions and repurchase intentions and behavior were weak. The direct re-
lationship between cognitive customer experience and cognitive loyalty was non-sig-
nificant. Only the relationships of cognitive customer experience with conative loyalty
(B =0,142) and repurchase intentions (f = 0,140) were significant, but not strong. Loy-
alty developed sequentially from cognitive to behavioral loyalty, with the relationships
strengthening along the sequence (p from 0,236 to 0,415). Conative loyalty was strong-
ly related to repurchase intentions (B = 0,537). The relationship between behavioral
loyalty and actual repurchase was weak (B = 0,142). Repurchase was more strongly
related to repurchase intentions (B = 0,247) and habit (p = 0,198). The model explained
the largest share of variance in affective loyalty (59,7%), conative loyalty (56%), satis-
faction (47,1%) and cognitive loyalty (45%). The share of explained variance was lower
for repurchase intentions (39,3%), repurchase behavior (23,5%) and behavioral loyalty
(17,2%). The PLSpredict procedure showed moderate predictive power of the model
(Q%predict from 0,1 to 0,443).

The mediation analysis revealed that the cognitive and affective dimensions of cus-
tomer experience relate to loyalty through different mediation paths. The relationship
between cognitive customer experience and cognitive loyalty is mediated by perceived
value ( = 0,150) and value-in-use (B = 0,137), with a total indirect effect of p = 0,287.
Cognitive customer experience is weakly related to affective (B = 0,057) and cona-
tive (P = 0,076) loyalty through satisfaction. Affective customer experience is related
to the loyalty dimensions only indirectly. Its relationships with affective loyalty ( =
0,236) and habit (B = 0,220) are mediated by emotional attachment to a brand, and its
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relationship with satisfaction by trust ( = 0,274). It is weakly related to cognitive loy-
alty through brand equity (p = 0,065). Satisfaction also mediates between trust and af-
fective loyalty (P = 0,164), and repurchase intentions mediate between conative loyalty
and repurchase (B = 0,133). The total indirect effect of affective customer experience
on affective loyalty (f = 0,330) is the largest among the hypothesized mediation paths.
Convenience did not mediate between cognitive customer experience and repurchase.
The moderation analysis revealed no significant effects, as customer knowledge shar-
ing, firm’s organizational agility and switching costs did not statistically significantly
moderate the examined relationships, and the interaction effect sizes were below f =
0,006, i.e., well below the threshold of a small effect.

The necessary condition analysis showed that trust (d = 0,114, p = 0,001) and habit
(d=0,132, p = 0,031) are necessary conditions of medium size for higher levels of re-
purchase. Behavioral loyalty only reached the threshold of a medium effect (d = 0,100,
p = 0,037). Considering its conceptual proximity to repurchase, this condition should
be interpreted with caution. The bottleneck analysis revealed that trust is required al-
ready at lower levels of repurchase, while habit becomes a constraining condition at
higher levels. In summary, 16 of the 20 hypotheses were supported, while H7, H9,
H10 and H11 were not supported. The final empirically validated model (see Figure
13) retains the supported relationships forming the customer experience-loyalty-re-
purchase sequence. The convenience and word-of-mouth constructs were removed
from the final model. Convenience did not mediate between customer experience and
repurchase. Word-of-mouth was confirmed as a consequence of behavioral loyalty, but
since it is an outcome directed at other customers rather than at the customer-provider
relationship, it did not belong to the final examined sequence.

Figure 13. Empirically validated model of customer experience effects on loyalty and
repurchase in B2B digital services.

Source: created by the author.
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The discussion of the results notes that loyalty behavior was explained better than
repurchase. This is consistent with the expectations raised in the literature for the B2B
context, where decision-making is more complex, structured and often collective. In
addition to individual experiences, organizational purchasing behavior is also deter-
mined by buying center decisions, contractual commitments and economic condi-
tions. Therefore, even a positive customer experience does not necessarily translate
directly into actual repurchase. The explained variance of repurchase is similar to the
result obtained by Paulssen and Birk (2007). To the author’s knowledge, the empirical
study presented in the dissertation is one of the first studies of B2B digital services in
which customer experience is separated into its cognitive and affective dimensions and
their relationships with loyalty and repurchase are empirically examined. The pattern
of the results is consistent with the conceptually closest study by Gounaris and Almo-
raish (2024), and no contradictory empirical evidence was found. The study provides
empirical support that emotions in B2B relationships manifest through mechanisms
of long-term relationship building. Affective experience is related to loyalty through
trust, satisfaction and emotional attachment. Cognitive experience is related to cogni-
tive loyalty only when it translates into value that is relevant to and experienced by the
customer, i.e., perceived value and value-in-use.

The unsupported mechanisms are interpreted as a contextual insight. In digital
service provision, convenience, speed, security or accessibility are often built into the
architecture of the digital service in advance and become basic requirements (hygiene
factors) rather than differentiating factors. The results are more consistent with the
view that switching costs are a direct antecedent of loyalty rather than a condition that
changes the strength of other relationships. Moderation effects are considered among
the most sensitive elements of structural models. Thus, in B2B digital services, loyalty
and repurchase depend more on value creation and relationship mechanisms than on
operational or service structure factors. The limitations of the research (cross-sectional
data, purposive sampling of respondents, unmodelled contractual and buying center
factors, a single respondent per organization) define directions for further research.
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CONCLUSIONS

Based on the analysis of scientific literature, customer experience is conceptualized
as an individual-level, subjective, and multidimensional phenomenon, encompass-
ing cognitive, affective, and physical responses to service-related stimuli. The expe-
rience forms for each individual, and thus the personal level is the smallest unit at
which it manifests and can be examined. In the context of B2B digital services, it
is shaped through ongoing interactions within a digitally mediated service ecosys-
tem involving multiple actors and touchpoints. The B2B context does not alter the
nature of the customer experience construct, but combines specific circumstances,
such as collective decision-making, long-term contractual relationships, and an
emphasis on utilitarian evaluation, which together justify investigating customer
experience in B2B in its own right, rather than transferring insights from B2C re-
search. Adopting an interaction-based perspective grounded in Service-Dominant
Logic, customer experience in B2B digital services is defined as customer’s subjec-
tive interpretation of verbal and nonverbal, direct, and indirect interactions with
people, objects, and the environment, within a network of service actors, through-
out the entire length of service provision, inducing customer’s cognitive, affective,
and physical responses.

The experience dimensions distinguished in extant literature tend to conceptu-
ally overlap, as intellectual aspects might fall within the cognitive dimension, and
social and relational aspects might fall within the affective dimension of customer
experience. Therefore, cognitive and affective dimensions are adopted as key di-
mensions of customer experience in B2B digital services, while physical responses
remain part of the broader conceptual field but are not operationalized as a sepa-
rate dimension in empirical investigation. This conceptual distinction provides the
foundation for the first defended statement.

The literature analysis shows that customer experience research in B2B service
contexts remains underdeveloped and fragmented. The scarcity of research was
established empirically. The scientific publications’ database search that was lim-
ited to customer experience in B2B digital services returned only 14 records in
Scopus and 27 records in Web of Science databases. A broader search, covering
customer experience within the broader context of B2B services, returned only
111 records in Scopus and 80 records in Web of Science databases. These numbers
represent all identified records before screening for duplicates between identified
records. Such numbers remain below the dataset sizes indicated in the literature
as an analytical minimum for bibliometric mapping and highlight the scarcity of
research on the topic. Therefore, final bibliometric analysis was conducted on a
dataset of 3682 unique records, covering both B2B and B2C service settings, while
the B2B-specific research was examined through a systematic literature review, in
which 431 identified articles translated into final number of 21 articles meeting the
review’s inclusion criteria.
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The field-level bibliometric mapping shows accelerated growth of customer
experience research, particularly pronounced after 2020, when the annual pub-
lication count rose from 239 in 2020 to 645 in 2025. The conceptual structure of
the field positions customer experience consistently as an antecedent of loyalty
and behavioral intentions. This research is grounded in an established, multidisci-
plinary literature, combining psychology, service quality, relationship marketing,
Service-Dominant Logic, and experiential marketing, and often relies on validated
measurement methods and structural equation modelling techniques, showing
the methodological maturity of the field. However, a tension is observed between
the phenomenological understanding of customer experience and the positivist
testing approaches that are often applied. This tension stems from the positivist
requirement to operationalize the construct, without phenomenologically over-
simplifying it through standardized measurement scales. In this dissertation, the
tension is addressed by measuring customer experience through separate dimen-
sions and multiple item measurement scales rather than a single aggregated index.

Extant studies in B2B settings tend to focus on narrow, specific aspects of cus-
tomer experience, and there is a noticeable absence of systematic literature reviews
that actively develop the construct rather than provide a limited overview of the
research field. Very few studies empirically test differentiated dimensions of cus-
tomer experience together with mediating and moderating pathways. Based on
the results of the systematic literature review, mediating factors were addressed in
9 and moderating factors only in 6 of the 21 reviewed studies. Conceptually, the
customer experience construct remains fragmented and its positioning in relation
to mediating mechanisms and outcomes is inconsistent. Empirically, the mecha-
nisms through which customer experience translates into customer outcomes in
B2B digital services remain largely uninvestigated, and no study covers the set of
constructs and relationships proposed in this dissertation. These conceptual and
empirical research gaps substantiate the fourth defended statement.

The theoretical synthesis identifies customer experience in B2B services as a con-
struct structured through three interrelated elements: antecedents, experience
components, and consequences. Antecedents represent conditions enabling expe-
rience formation, components define the internal structure of the construct, and
consequences capture relational and value-based outcomes such as engagement,
satisfaction, and loyalty. This synthesis positions customer experience as a central
mechanism linking service inputs with customer-related outcomes.

These three elements are addressed unevenly in extant research. Out of 21 re-
viewed studies, antecedents were identified in 9, components in 15, and conse-
quences in 14 studies. Antecedents are modelled either as external factors preced-
ing the formation of customer experience, or as proxies representing the precondi-
tions to the formation of positive customer experience. Components are grouped
into layer-based, dimension-based, scale-based, model-based, and standalone
factors, most frequently derived from the experience quality scale EXQ. In some



cases, components are derived from service quality instruments, which measure a
related but distinct construct. Such components were included in the final integra-
tive map of B2B service customer experience construct only in the modified form
found within the studies. Consequences form four areas, ranging from the most
to least represented: engagement and relationships, satisfaction and value, loyalty,
and organizational benefits. Specific behavioral outcomes of customer experience,
such as loyalty behavior and repurchase, are consistently positioned among the
consequences, rather than among the components of customer experience, which
substantiates the first defended statement.

Within the systematic literature review, the integration of the reviewed studies
was structured using an adapted antecedents-decisions-outcomes (ADO) frame-
work, where the central stage represents the components of customer experience,
while mediators and moderators refine the antecedent-outcome pathways. This
modelling logic was found to be a leading approach in customer experience mod-
elling research. However, the integrative map developed through systematic litera-
ture review shows that the reviewed literature does not fully fulfill this modelling
logic. Not all factors are linked across the stages, and the relationships between
them are specified at different granularity levels. Moreover, mediating factors
mostly belong to the group of consequences, and one such factor is found among
the antecedents, instead of forming a distinct mediating layer between antecedents
and consequences. Only one mediator, value-in-use, was found to be a standalone
mediator and did not belong to any other main ADO group. In addition, the entire
subgroup of experience value factors within the consequences group also performs
a mediating role. Layer-based components appear in the reviewed studies, but a
structuring in which the individual, dyadic relationship, and institutional environ-
ment layers would contain the experience dimensions with their underlying con-
structs was not found, presenting an avenue for future research. Overall, the syn-
thesis revealed a fragmented modelling of B2B customer experience, particularly
in the integration of the construct across the ADO stages and experience layers,
which substantiates the fourth defended statement.

An empirical research framework was developed to examine the relationships be-
tween customer experience, customer loyalty, and repeat purchase behavior and
intentions in B2B digital services. The framework structure contains latent con-
structs and enables the analysis of direct, mediating, and moderating relationships.
Modelling customer experience requires specifying both the internal structure of
the construct and its relationships within the system of constructs in which it oper-
ates. The internal structure was specified by distinguishing between the cognitive
and affective experience dimensions, and by modelling value-in-use as a reflective-
formative higher-order construct formed by the first-order dimensions (experi-
ence, personalization, and relationship). Customer experience is positioned as the
starting point of the model, and customer loyalty and repurchase were selected
as the key outcomes for assessing the effects of customer experience dimensions
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based on the theoretical prominence of loyalty and the consistent representation
of both outcomes among the consequences identified in the systematic literature
review, with repurchase representing the point at which loyalty translates into ob-
servable action directly linked to business revenue.

The research framework operationalizes 20 hypotheses, formulated as H1-H16,
including sub-hypotheses. For the analytical method, structural equation model-
ling was selected, since the tested model features unobservable, latent constructs
that are inferred from observed, measured indicators. In addition, the hypoth-
esized relationships form a system that must be estimated as a whole, for which
single equation techniques such as regression or correlation analysis are not suita-
ble. This choice corresponds to the established practice of the research field, where
structural equation modelling is the dominant analytical method for modelling
customer experience. The partial least squares technique of structural equation
modelling (PLS-SEM) was selected over the covariance-based technique based on
the complexity of the tested model, its prediction-oriented objectives, and the in-
clusion of a formative higher-order construct, whose estimation in PLS-SEM does
not require the additional specification and identification conditions applied in
covariance-based modelling. In addition to PLS-SEM, necessary condition analy-
sis was performed as a complementary testing. While the sufficiency logic of PLS-
SEM explains which constructs affect the outcomes, the necessity logic identifies
which conditions must be present for the outcomes to be fulfilled. This combina-
tion of analyses allows examining the mechanisms that increase repeat purchasing
and the conditions required for it within a single empirical investigation.

The sample size was determined by statistical power calculation, using the
inverse square root method. For the statistical power calculation, the minimum
meaningful effect size was set as p = 0,15 and statistical power of 0,80. The result-
ing required sample was approximately 350 observations, and the actual data was
gathered from 386 respondents, which provided sufficient power to detect even
relatively weak structural relationships.

Respondent selection was based on purposive, role-based sampling. Eligibility
was verified through the survey’s screening questions, confirming the respondents’
involvement in service-related decision-making and the digital nature of the ser-
vices they make decisions about. Such sampling method is established in B2B re-
search, where access to organizational decision-makers is limited. However, while
it ensures the relevance of the collected data, statistical generalization is limited.
The research instrument consisted of 83 Likert scale items, and its measurement
items were revised through expert review prior to data collection. Overall, the de-
signed empirical framework provides a modelling logic in which the dimensions of
customer experience are separated from their mediating and moderating mecha-
nisms, and outcomes, and substantiates the fourth defended statement.

The empirical findings show that customer experience influences customer loyalty
and repurchase behavior and intentions in B2B digital services primarily through



indirect mechanisms rather than direct effects. Out of 30 estimated relationships,
25 were statistically significant, and 4 out of 20 hypotheses were not supported.
The path coefficients ranged from -0,080 to 0,587, indicating small to large effects,
depending on the relationship. In addition, the measurement model confirmed
that the cognitive and affective dimensions of customer experience are empirically
distinct, as all HTMT ratios remained below the 0,90 threshold.

The cognitive and affective dimensions of customer experience operate through
distinct mediation pathways, highlighting their differentiated impact on outcomes.
Cognitive customer experience has no significant direct effect on cognitive loyalty
(B = 0,092; p = 0,073). It notably influences cognitive loyalty through customer’s
evaluation of the service value, particularly through perceived value (B = 0,150)
and value-in-use ( = 0,137). Cognitive customer experience also shows a mod-
est effect on affective loyalty (f = 0,057) and conative loyalty (f = 0,076) through
customer satisfaction. In total, the indirect effect of cognitive customer experience
on cognitive loyalty is substantial (p = 0,287), while the direct effect remains non-
significant. In a similar way, the affective customer experience influences loyalty
dimensions only indirectly, by substantially influencing affective loyalty through
emotional attachment to a brand (B = 0,236), and customer satisfaction through
trust (B = 0,274). Meanwhile, the indirect effect of affective customer experience
on cognitive loyalty through brand equity is weak ( = 0,065), but the total indi-
rect effect of affective customer experience on affective loyalty is the largest among
the hypothesized mediating paths (f = 0,330). The obtained results indicate that
both dimensions of customer experience influence loyalty predominantly through
indirect pathways, where cognitive experience translates into loyalty through cus-
tomer’s evaluation of the service value, and affective experience first converts into
emotional bonds and trust in the service provider. The only significant direct path
from a customer experience dimension to a loyalty dimension is the small effect of
cognitive customer experience on conative loyalty (f = 0,142).

The direct effects of cognitive and affective dimensions of customer experience
on the loyalty dimensions and repurchase outcomes were found to be weak. Cog-
nitive customer experience was found to have small direct effects on conative loy-
alty (P = 0,142) and repurchase intentions (p = 0,140). However, its strongest direct
effects were on the mediating constructs, namely a large effect on value-in-use (
=0,559) and moderate effects on perceived value (B = 0,437) and convenience (p =
0,416). Affective customer experience followed the same pattern, where it showed
a large direct effect on emotional attachment to a brand (p = 0,587) and moderate
effects on trust (B = 0,477) and brand equity (p = 0,458). This shows the effect of
customer experience on the mediating mechanisms rather than a direct effect on
the outcomes themselves.

Loyalty was found to develop sequentially from cognitive to behavioral loyalty,
and the effects to strengthen further down its sequence. Starting from a small ef-
fect from cognitive to affective loyalty (B = 0,236), it becomes moderate towards
conative loyalty (B = 0,367) and reaches its strongest point in the step towards
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behavioral loyalty (p = 0,415). Yet the step from behavioral loyalty to actual re-
purchase is small (f = 0,142), indicating that consistent partnering with a service
provider only slightly increases the likelihood of repurchasing in the future. Re-
purchase is more strongly driven by repurchase intentions (p = 0,247) and habit
(B = 0,198), which shows that repeated purchasing results both from conscious
intentions and routinized use of the provider’s services. Accordingly, the model
explains the highest variance in affective loyalty (59,7%), conative loyalty (56%),
customer satisfaction (47,1%), and cognitive loyalty (45%), and a meaningful, al-
beit weaker, variance of repurchase intentions (39,3%). Meanwhile, lower levels of
explained variance were found for behavioral loyalty (17,2%) and repurchase be-
havior (23,5%). In other words, the model explains substantially more variance in
the attitudinal loyalty dimensions than in the behavioral outcomes. This suggests
that actual repurchasing is also shaped by other contextual, organizational, and
contractual factors that were not captured in the model.

Finally, the model showed no statistically significant moderating effects on the
relationships between cognitive customer experience and the downstream con-
structs. The interaction effects of customer knowledge sharing (p = 0,872), firm’s
organizational agility (p = 0,111), and switching costs (p = 0,662) were all statisti-
cally non-significant, and their interaction effect sizes were below f* = 0,006, which
is well under the threshold of a small effect. In addition to these three unsupported
hypotheses, convenience also did not act as a mediating mechanism between cog-
nitive customer experience and repurchase (p = 0,021; p = 0,427). Therefore, no
evidence was found that the examined contextual conditions moderate the identi-
fied relationships. These findings substantiate the second and third defended state-
ments.

Empirically validated model of B2B digital service customer experience retains
the empirically supported relationships that belong to the customer experience-
loyalty-repurchase sequence. Convenience and word-of-mouth, therefore, were
excluded from the final model. Convenience did not act as a mediator and word-
of-mouth operates outside the customer experience-loyalty-repurchase sequence.
Thus, while word-of-mouth was included in the conceptual model, the aim of the
empirical investigation was focused on the mediators between the customer ex-
perience dimensions and loyalty, as well as repurchase outcomes. The empirically
validated model shows that customer experience affects the loyalty and repurchase
outcomes through value-based, emotional, and relational mechanisms.

The assessment of total effects, the sum of effect paths from source to target
constructs, showed that cognitive customer experience was the only construct with
a total effect of at least p = 0,10 on all of the loyalty dimensions and repurchase out-
comes. Affective customer experience showed statistically significant total effects
on all of these outcomes, but on cognitive loyalty (f = 0,065), behavioral loyalty
(B = 0,093), and repurchase (p = 0,087) they remained below this level. Among
the customer experience and mediating constructs, that is, excluding the loyalty



dimensions themselves, cognitive customer experience had the largest total ef-
fect on repurchase intentions ( = 0,287). Meanwhile, customer satisfaction had
the largest total effects on conative loyalty (8 = 0,483) and behavioral loyalty ( =
0,200). Finally, trust remains significant throughout affective, conative, and behav-
ioral dimensions of loyalty.

Meanwhile, the total effects on repurchase behavior were smallest in the mod-
el. The largest effects belong to the constructs modelled closest to the repurchase
behavior construct, namely repurchase intentions ( = 0,247), habit (B = 0,198),
conative loyalty (B = 0,192), and behavioral loyalty (B = 0,142). Among the ante-
cedents positioned further upstream in the model, the largest total effects on re-
purchase were found for cognitive customer experience (f = 0,107) and emotional
attachment to a brand (f = 0,103). It was found that while the mediating mecha-
nisms carry the effect of the originating construct towards the target construct,
the effect generally diminished along the pathway. That is, the further a construct
is positioned in the model from repurchase, the smaller tends to be its total effect
on the actual repurchasing behavior. However, constructs transmitting their effect
through several downstream pathways, such as conative loyalty, can retain a larger
total effect than some constructs positioned closer to repurchase.

The necessary condition analysis (NCA) complements these findings. Total ef-
fects show which constructs increase the outcomes, and NCA shows which condi-
tions must be present for higher outcomes to be attained at all. After conducting
the NCA, trust (d = 0,114; p = 0,001) and habit (d = 0,132; p = 0,031) were found
to be necessary conditions for higher repurchase outcomes, both with a medium
effect size, while behavioral loyalty was found to be only marginally necessary (d =
0,100; p = 0,037). Trust is required already at lower levels of repurchase and acts as
a foundational condition, while habit becomes a constraining condition at higher
levels of repurchase, where the higher repurchase requires a higher degree of rou-
tinized organizational buying.

The two logics, PLS-SEM and NCA, provide complementary insights. Trust has
a comparatively small total effect on repurchase behavior (f = 0,053), while habit
is among its strongest predictors (p = 0,198), yet both were identified as necessary
conditions, without which higher repurchasing levels do not occur. Thus, a con-
struct can be a weak driver for a particular outcome, as in the case of trust, while
still being a necessary condition for it. Neither analytical method reveals such find-
ings on its own.

From a theoretical point of view, the results show that customer experience
should be modelled through separate dimensions and through separate mediat-
ing mechanisms. Aggregation of experience or loyalty dimensions would mask
the pathways identified in this dissertation. From a practical management point
of view, in order to strengthen loyalty and foster repurchasing, it is crucial to
strengthen the mediators in addition to the customer experience itself. As the NCA
showed, minimum levels of trust and habit are necessary for attaining higher lev-
els of repurchase in the examined context. These conditions should therefore be
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considered alongside the mechanisms identified through PLS-SEM when inter-
preting and managing repurchase outcomes. These findings substantiate the fifth
defended statement.

The validated model is bounded by the design of the empirical investigation.
It was estimated on cross-sectional data obtained from purposively sampled de-
cision-makers in digital B2B services within the European Economic Area, and
the model examines value-based, emotional and relational mechanisms. Thus, the
model describes how customer experience operates within this context, rather
than establishing effects that hold universally across contexts or over time.

Further research could extend the empirical model in several directions. Longi-
tudinal research designs would establish whether the identified mediating mecha-
nisms and necessary conditions hold across the customer relationship cycle. Incor-
porating contextual factors, such as contractual arrangements and buying center
dynamics, as well as testing more parsimonious model alternatives, would clarify
how the estimated effects depend on the structure of the model. Finally, replication
in other service, geographical and organizational contexts would reveal to what
extent the findings depend on the context analyzed in this dissertation.



RECOMMENDATIONS

Drawing on the theoretical and empirical findings of this dissertation, recommen-
dations are presented for two groups — the academic community examining customer
experience and the practitioners operating within the B2B digital service industry.

Recommendations for researchers

The following recommendations are intended for researchers examining customer
experience in B2B and digital service contexts, particularly those modelling its rela-
tionships with loyalty and repurchase outcomes.

1. Position customer experience as a multidimensional construct encompassing
cognitive and affective dimensions in research on customer experience in B2B digital
services. Behavioral outcomes, such as customer loyalty and repurchase behavior, should
be analytically separated from customer experience itself, as experiential responses re-
flect customers’ internal cognitive and affective states that precede and enable subse-
quent value creation and relationship building processes. Treating behavioral outcomes
as part of the customer experience may risk blending experiential processes with their
consequences and contributes to further conceptual fragmentation. In the empirical in-
vestigation presented in this dissertation, the two dimensions were confirmed as empiri-
cally distinct and were found to reach the outcomes through different mediating path-
ways, which supports separating them instead of aggregating them into a single index.
To increase the clarity of the concept and the comparability of research, future studies
are encouraged to consistently apply cognitive and affective dimensions as the core of
customer experience in B2B digital service contexts.

2. Conceptually separate mediation mechanisms from the structure of customer
experience when modelling customer experience in B2B digital services. Clear con-
ceptual boundaries should be established between the dimensions of customer experi-
ence, the processes through which positive customer experience is formed and oper-
ates, and the outcomes it influences. The systematic literature review conducted in this
dissertation showed that mediating factors are most often placed within the group of
consequences instead of forming a distinct mediating layer, which blurs the boundary
between a mechanism and an outcome. Stating explicitly which constructs represent
the components of customer experience, which represent the mechanisms, and which
represent the outcomes would reduce this ambiguity. This separation improves model
interpretation and facilitates the development of cumulative knowledge in customer ex-
perience research.

3. Model customer experience outcomes in B2B digital services such as cus-
tomer loyalty and repurchase behavior as indirect consequences of customer experi-
ence through mediating mechanisms rather than through direct effects. This approach
emphasizes how these outcomes arise through mediating processes. The results of this
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dissertation demonstrate the possible consequences of disregarding such a modelling
approach, as the direct effect of cognitive customer experience on cognitive loyalty was
not statistically significant, while its indirect effect through value-related mechanisms
was substantial. Reporting total effects in addition to direct and indirect ones would ad-
ditionally show how much of a construct’s influence is retained once it passes through
the mediating mechanisms. Accordingly, a mechanism-based modelling approach helps
more accurately theorize the pathways through which customer experience translates
into relevant outcomes.

4. Only include moderating variables in research on customer experience in B2B
digital services when there is a clear theoretical rationale explaining why such factors
are important and how they affect specific relationships in the model. The use of theory-
based and structurally informed moderating variables helps reduce unnecessary model
complexity and improve the comparability of customer experience research results. In
this dissertation, three theoretically grounded moderators produced no statistically sig-
nificant interaction effects, with effect sizes below the threshold of a small effect. Such
results are still informative, as reporting them contributes to establishing the conditions
under which the explanations proposed in the literature do not add explanatory power.

5. Apply consistent modelling logic that clearly defines the role of customer ex-
perience in B2B digital services. Researchers may benefit from distinguishing whether
customer experience is treated as the primary construct or as an explanatory component
within a broader model. When treated as the primary construct, its multifaceted nature
should be preserved. When used as a supporting explanatory construct, it should retain
its cognitive and affective content without absorbing conceptually related concepts such
as user experience or service quality. When the goal of modelling relates to behavioral
outcomes, the logic of sufliciency in structural modelling can also be supplemented by
the logic of necessity, since a construct may have a relatively weak influence on an out-
come while simultaneously limiting the levels of that outcome that can be achieved at all.
Neither of these analytical logics, taken separately, reveals such conclusion.

Recommendations for practitioners

The following recommendations are intended for B2B digital service providers,
particularly the roles in an organization which manage customer experience: prod-
uct and service owners, customer success managers, marketing and communication
managers, service operations managers, and senior managers responsible for retaining
customers.

1. For customer success managers and account management teams to secure at
least a minimum level of trust and routinized service use from the customer before in-
vesting in other mechanisms of customer experience management. Both trust and habit
are necessary conditions for higher levels of repurchase, where trust constrains repeat
purchasing already at its lower levels, while habit becomes the binding condition at
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higher levels of repurchasing (i.e., when a customer keeps buying consistently instead
of sporadically). Investing in emotional bonding and perfecting the communication
might not necessarily convert into a repeated purchase if the customer does not have
trust in the organization and its services. Meanwhile, routinized service use makes the
customer more bound to the service, increasing the likelihood of repurchasing in the
future. In practice, trust is built through predictable service delivery, transparent pricing
and contract terms, honesty and sincerity, and showing interest in supporting the cus-
tomer by responding to their needs. Habit is built through routinization of the service,
for instance, embedding an information system’s use into the customer’s daily routines
through integration with the customer’s existing IT systems, recurring reporting on ser-
vice performance or benefits, such as system downtime reports or costs saved compared
to not using the service, and other recurring interactions with the purchased service that
would position it as an obvious choice for future purchases.

2. For product and service owners to improve cognitive customer experience by
focusing on the value that the customer obtains from using the service instead of focus-
ing on loyalty as such. Customer experience design should be treated as an enabler for
loyalty building and not as a direct goal on its own. The design choices should be evalu-
ated by the value creation and relational mechanisms they enable. Out of the customer
experience and mediating constructs, cognitive customer experience has the largest
overall influence on cognitive loyalty and repurchase intentions, but it does not directly
affect cognitive loyalty, since this effect manifests through mediators it strongly influ-
ences in between, namely the perceived value and value-in-use. Therefore, the return on
customer experience improvements depends on increasing the customer’s perception of
attained value rather than on evaluating the customer’s experience with a service on its
own. In practice, it means that in order to drive a customer with positive customer expe-
rience towards loyalty and future repurchasing, the service should be reasonably priced
and have a decent price to performance ratio, be seen as a better alternative in terms of
quality compared to other providers’ offerings, help the customer solve their operational
problems and build their own knowledge and capabilities through using the service,
and include the customer in the co-creation of a service for it to better respond to the
customer’s needs.

3. For marketing and communication managers to direct the affective customer
experience towards emotional attachment and trust rather than towards the brand im-
age alone. Affective customer experience has the biggest influence on emotional attach-
ment to a brand, trust, and brand equity, and through these mediators, it reaches loyalty,
especially its affective aspects. Emotional attachment, meanwhile, has the largest over-
all influence on affective loyalty and is one of the few constructs retaining a significant
influence on repurchase behavior. The overall influence of brand equity on loyalty is
comparatively modest, which indicates that for existing customers the communication
resources provide more value when they are directed towards true relationship building
rather than staying on the brand communication level. In practice, this means fostering a
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sense of connection with the service provider itself, which makes purchasing from a par-
ticular provider feel more natural to the customer even when competitors offer similar
service features. This might be achieved by the continuity of an assigned contact person
throughout the contract cycle, notification of service issues before the customer identi-
fies them themselves, and consistent recognition of the results the customer achieves due
to partnering with the service provider.

4.  For service operations managers to treat customer satisfaction as a KPI which
needs to be managed on individual account and separate interaction levels. Among the
mediating constructs, customer satisfaction has the largest overall influence on conative
and behavioral loyalty, with significant influence on repurchase intentions, thus making
it the strongest single construct connecting customer experience and behavioral out-
comes. In practice, customer satisfaction should be measured at defined points of the
customer journey, such as at the completion of onboarding, the resolution of a support
request or during a renewal of a contract, rather than in a single point in time, such as
during a yearly review. Each measurement point should be connected to a defined re-
sponse from the provider side, in order to capture a decline in satisfaction early on and
mitigate it at the account or service level instead of evaluating it as an aggregate statistic.

5. For senior managers responsible for retaining customers to plan the develop-
ment of loyalty in stages and match the expected outcome to the stage of the relationship.
Customer experience works as a strategic loyalty development starting point, and its role
in this process should be clearly defined. Loyalty develops in stages, and the effects grow
stronger along the sequence from cognitive loyalty to affective loyalty, to conative and,
finally, to behavioral loyalty. The likelihood of loyal behavior converting to actual repur-
chase remains comparatively small, as it is driven more directly by repurchase intentions
and habit. Because the effects attenuate along the mediation chain, the constructs po-
sitioned further from repurchase are more likely to shape the attitude towards the ser-
vice provider rather than to drive repurchase. Thus, depending on the customer’s loyalty
stage, the customer experience should target the customer’s attitude in early stages of a
relationship, while repurchase should be supported additionally by mechanisms operat-
ing closer to a purchase decision, such as contract renewal planning, forming a habit of
service use, and continuity of the relationship.

6.  For managers responsible for customer feedback and reporting systems to
measure the cognitive and affective dimensions of customer experience separately from
loyalty and repurchase KPIs. Aggregating experience indicators with loyalty or repur-
chase KPIs into a single metric may obscure the mechanisms through which experience
operates, as the two dimensions are empirically distinct and reach the outcomes through
different pathways. In practice, cognitive customer experience should be evaluated based
on the usefulness of information, learning and idea generation during service provision,
and affective experience through optimism, enthusiasm and other positive emotional re-
sponses from the customer. In addition, trust and habit should be monitored as separate
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account-level indicators due to their role as necessary conditions for higher levels of re-
purchase. Such measurement allows identifying which mechanisms are strengthening or
weakening loyalty or repurchase metrics, instead of simply recording the fact of a decline
or an increase in loyalty or repurchasing.

These recommendations should be considered as guidance rather than a fixed set
of actions and should be applied in an organization by adapting to the specific service
structure and business context. The implementation of these recommendations in an
organization should also be considered within the boundaries and limitations of the em-
pirical study discussed in this dissertation.
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DISERTACIJOS SANTRAUKA

JVADAS

Temos aktualumas. Nuo patirties ekonomikos idéjos pristatymo (Pine ir Gilmore,
1998) klienty patirtis laikyta svarbia kliento nuostaty ir elgsenos prielaida, susijusia su
jmonés finansiniais rezultatais. Teigiama klienty patirtis siejama su didesniu klienty
pasitenkinimu, kuris prisideda prie klienty islaikymo ir skatina pakartotinio pirkimo
ketinimus, o taip pat su nuostaty ir elgsenos lojalumo skatinimu. Verslai vis dazniau
pereina nuo prekiy prie paslaugy pasitlos ir jy skaitmeninio teikimo, o verslas-verslui
(angl. business-to-business, toliau - B2B) tipo paslaugos $ioje srityje uzima ypac svarbia
vietg. Europos Komisijos Skaitmeninio de$imtmecio politikos programoje numaty-
tas siekis, kad iki 2030 m. 75 proc. jmoniy naudotysi debesijos, dirbtinio intelekto ar
didZiyjy duomeny technologijomis. Visos $ios technologijos priklauso skaitmeniniy
B2B paslaugy sric¢iai. Verslo klienty patirtj valdyti sudétingiau nei verslo-vartotojui
(angl. business-to-consumer, toliau — B2C) paslaugy tipo srityje dél keliy sprendimy
priéméjy, ilgalaikio pobudzio santykiy tarp paslaugos teikéjo ir kliento, ir intensyves-
nio abiejy sandorio $aliy iStekliy integravimo (Witell ir kt., 2020). Klienty patirties
valdymas laikomas vienu perspektyviausiy verslo rezultaty gerinimo strategijy, taciau
B2B paslaugy klienty patirtis iStirta nepakankamai, nes dauguma tyrimy atlikta B2C
srityje, nors dauguma organizacijy veikia B2B rinkose (Kuppelwieser ir Klaus, 2021a).
Ribotas skaitmeniniy B2B paslaugy klienty patirties istirtumas yra ne tik moksliné
spraga. Verslams jis gali apsunkinti paslaugy karimg ir diferencijavima, klienty islai-
kyma, veiklos plétra ir skaitmenine transformacija.

Temos naujumas. Skaitmeniniy B2B paslaugy klienty patirtis yra nauja ir sparciai
besiple¢ianti tyrimy sritis. Skaitmeniniy paslaugy plétra paspartino debesijos kom-
piuterijos technologijy paplitimas, covid-19 pandemija ir dirbtinio intelekto raida, o
klienty patirties publikacijy paslaugy kontekste skaic¢ius ypac iSaugo po 2020 m. (nuo
239 publikacijy 2020 m. iki 645 publikacijy 2025 m.). Vis délto darby, skirty butent
B2B rinkos skaitmeniniy paslaugy klienty patir¢iai, tebéra labai nedaug (Elsevier Sco-
pus duomeny bazéje rasta tik 14, o Clarivate Web of Science - 27 tokie jrasai).

Temos iStirtumo lygis. Ankstyvieji klienty patirties darbai perkélé démesj nuo
grynai funkcinés vertés ir pabrézé, kad produkto ar paslaugos vartojimas sukuria pa-
tirtj, apimancia vartotojo kognicija, emocijas, pojucius ir veiksmus (Schmitt, 1999;
Gentile ir kt., 2007). Véliau suformuota daugiamaté, kliento kelionés koncepcija grjsta
klienty patirties samprata (Verhoef ir kt., 2009; Lemon ir Verhoef, 2016), aprasyta kaip
organizacijos gali kurti ir valdyti klienty patirtj (Homburg ir kt., 2017), o véliau tyri-
my laukg papildé procesais ir stimulais grjstos prieigos (L. Becker ir Jaakkola, 2020)
bei matavimo skalés, pavyzdziui, EXQ (angl. customer experience quality scale) ir SJQ
(angl. service journey quality scale) (Klaus ir Maklan, 2012; Jaakkola ir Terho, 2021).
B2B paslaugy tyrimuose $iy idéjy pritaikymas organizaciniam, daugelio veikéjy kon-
tekstui kol kas aptinkamas palyginti nedideléje, taciau augancioje moksliniy tyrimy
visumoje (Zolkiewski ir kt., 2017; Witell ir kt., 2020; Cepeda-Carrién ir kt., 2023; Gou-
naris ir Almoraish, 2024). Disertacijoje atlikta sisteminé literatiiros apzvalga, kurios
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galuting imtj po PRISMA (angl. Preferred Reporting Items for Systematic reviews and
Meta-Analyses) atrankos etapy sudaré 21 B2B paslaugy klienty patirties tyrimas, at-
skleidé, kad dauguma tyrimy nagrinéja tik pavienius klienty patirties aspektus, o tar-
pininkaujantys ir moderuojantys veiksniai sulaukia gerokai maziau démesio. Tarpi-
ninkaujantys veiksniai buvo tirti 9, o moderuojantys tik 6 tyrimuose. Lietuvos mokslo
kontekste klienty patirtis daugiausia tiriama netiesiogiai, analizuojant artimus kons-
truktus, tokius kaip paslaugy kokybe, suvokiamg verte, pasitenkinima, pasitikéjima,
jsipareigojima, keitimo kastus ir lojaluma (pvz., Skackauskiené ir kt., 2015; Dik¢ius ir
kt., 2019; Meiduté-Kavaliauskiené ir kt., 2020; Zikiené ir kt., 2024). Pacios klienty pa-
tirties tyrimy aptinkama maziau (pvz., Davidavic¢iené ir kt., 2020; Zikiené ir Gagiskyteé,
2021; Kaunaité ir Lioranéaite-Sukiené, 2023), o tyrimuy, tiesiogiai nagrinéjanciy B2B
klienty patirtj, traksta.

Tyrimo problema. Paslaugos tarpusavyje Zenkliai skiriasi savo forma ir teikimo
budais, todél klienty patirtj butina modeliuoti atsizvelgiant i paslaugy kategorija, pa-
vyzdziui, skaitmenines B2B paslaugas. Nors nuo patirties ekonomikos idéjos pristaty-
mo klienty patirties tyrimai gerokai pazengg, ju konceptualus ir empirinis indélis dau-
giausia lieka B2C konteksto ribose. Sig Ziniy spraga lemia esamy modeliy ribotumai.
Pirma, klienty patirtis daznai modeliuojama kaip agreguotas konstruktas, todél lieka
nematomas kiekvienos atskiros jos dimensijos indélis j kliento nuostatas ir elgsena.
Antra, klienty patirties ir klienty elgsenos sgsajos dazniausiai nagrinéjamos darant
prielaida apie tiesioginj jy ry$j, o tarpininkaujantys mechanizmai iki Siol yra itirti
nepakankamai. Tredia, klienty patirties lemiamos pasekmés nagrinéjamos fragmen-
tiskai, daznai apsiribojant konkrecios paslaugos rezultatais ir nepakankamai nagriné-
jant nuostaty ir elgsenos pasekmes. Dauguma klienty patirties modeliy sukurti B2C
kontekstui, todél neaisku, ar jie tinka skaitmeninéms B2B paslaugoms. Be to, klienty
patirties dimensijos, tarpininkaujantys veiksniai ir pakartotinio pirkimo ketinimai bei
elgsena retai nagrinéjami viename modelyje. Taip pat, B2B kontekste organizacijos
pacios neturi klienty patirties. Ja patiria asmenys, kurie priima paslauga, kartu su tei-
kéju ja kuria ir vertina savo patirtj viso paslaugos teikimo metu (Witell ir kt., 2020).
Todél disertacijoje sprendziama moksliné problema formuluojama klausimu: kaip
modeliuojama skaitmeniniy B2B paslaugy klienty patirtis veikia klienty lojalumg ir
pakartotinio pirkimo ketinimus bei elgseng?

Tyrimo objektas — skaitmeniniy B2B paslaugy klienty patirtis ir jos poveikis kli-
enty lojalumui ir pakartotinio pirkimo ketinimams bei elgsenai.

Tyrimo tikslas — sukurti ir empiriskai validuoti modelj, paaiSkinantj skaitmeniniy
B2B paslaugy klienty patirties poveikj klienty lojalumui ir pakartotinio pirkimo keti-
nimams bei elgsenai.

Tyrimo uzdaviniai:
1. Remiantis mokslinés literataros analize, konceptualizuoti klienty patirties reiski-
nj skaitmeniniy B2B paslaugy kontekste.
2. Kritiskai iSanalizuoti ir apibendrinti B2B paslaugy klienty patirties moksline lite-
ratara ir nustatyti konceptualias bei empirines tyrimy spragas.
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Nustatyti ir teorinés sintezés budu i$skirti B2B paslaugy klienty patirties prielai-
das, komponentus ir pasekmes.

Parengti empirinio tyrimo struktarg klienty patirties, klienty lojalumo ir pakarto-
tinio pirkimo elgsenos bei ketinimy ry$iams skaitmeninése B2B paslaugose tirti.
Empiriskai jvertinti klienty patirties dimensijy rysius su klienty lojalumo dimen-
sijomis bei pakartotinio pirkimo elgsena ir ketinimais, atsizvelgiant j juos lemian-
¢ius tarpininkaujancius ir moderuojancius veiksnius skaitmeninése B2B paslau-
gose.

Parengti empiriskai validuotg skaitmeniniy B2B paslaugy klienty patirties modelj
ir pateikti teorines bei praktines jzvalgas, kaip modeliuoti ir valdyti klienty patirtj
siekiant stiprinti klienty lojalumg ir skatinti pakartotinio pirkimo ketinimus bei
elgsena.

Ginamieji teiginiai:
Skaitmeniniy B2B paslaugy kontekste, kur klienty ir paslaugy teikéjy saveika
daugiausia vyksta technologijy pagalba, klienty patirtj empiriskai ir konceptualiai
galima suskirstyti j kognityvine ir afekting dimensijas. Sios dimensijos konceptu-
aliai apima intelektinius, emocinius, socialinius ir santykiy aspektus, per kuriuos
formuojasi klienty patirtis, o elgesio reakcijos empiriskai vertinamos kaip $iy di-
mensijy pasekmeés, o ne kaip pacios klienty patirties sudedamosios dalys. Galima
teigti, kad kitos patirties dimensijos, daznai aptariamos literatiiroje, konceptualiai
daznai sutampa su $iomis pagrindinémis dimensijomis. Todél laikant jas savaran-
kiskomis lieka nematomi skirtingi tarpininkaujantys veiksniai, per kuriuos klien-
ty patirtis daro jtakg klienty lojalumui ir pakartotiniams pirkimams.
Tirtame modelyje klienty patirties jtaka klienty lojalumui ir pakartotinio pirkimo
ketinimams bei elgsenai pasireiskia visy pirma per verte, emocijomis ir santykiu
grindziamus tarpininkaujancius veiksnius. Todél klienty patirtis laikytina ne sa-
varankisku lojalumo ir pakartotinio pirkimo veiksniu, bet ankstesnéje sekos gran-
dyje veikiancia jy varomaja jéga, o jos poveikis skaitmeninése B2B paslaugose yra
procesinio pobudzio.
Tirtos kontekstinés salygos (keitimo kastai, ijmonés organizacinis lankstumas ir
klienty dalijimasis Ziniomis) statistiSkai reik§mingai nemoderavo kognityvinés
klienty patirties ir lojalumo bei pakartotinio pirkimo ketinimy ry$iy.
Spardiai gauséjant klienty patirties tyrimams, atsirado konceptualiy persidengi-
my ir fragmentisky modeliavimo praktiky. Dél to neaisku, kokia vieta klienty
patirtis turéty uzimti modeliuose ir kaip ja modeliuoti, ypa¢ tarpininkaujanciy
veiksniy ir pasekmiy atzvilgiu skaitmeninése B2B paslaugose. Atskirdama klienty
patirties dimensijas nuo tarpininkaujanciy veiksniy ir pasekmiy bei sujungdama
jas j darnig struktara, disertacija pateikia modeliavimo logika, kuri padeda nuo-
sekliai teoriskai pagristi ir empirigkai tirti klienty patirtj bei suteikia pagrinda ja
integruoti j basimus aiskinamuosius modelius.
Pasitikéjimas ir jprotis yra batinosios salygos, leidziancios pasiekti aukstesnj pa-
kartotiniy pirkimy lygj. Nesant bent minimalaus pasitikéjimo ir jprocio lygio,



aukstesnio pakartotiniy pirkimy lygis nebuvo stebimas, nepriklausomai nuo kity
modelyje esanciy veiksniy stiprumo ar buvimo. Taigi, tam tikras konstruktas gali
turéti santykinai nedidelj poveikj pirkimo elgsenai, kaip pasitikéjimo atveju, ta-
¢iau tuo paciu metu islikti batingja salyga, leidZiancia pasiekti aukstesnj pakarto-
tiniy pirkimy lygj.

Tyrimo metodai. Teorinéje dalyje taikyta mokslinés literatiros analizé, palygi-
nimas, apibendrinimas ir sintezé. Tyrimy lauko struktarai atskleisti atlikta paslaugy
klienty patirties tyrimy bibliometriné analizé (nagrinétos Web of Science ir Scopus
duomeny bazés, surinkti 3682 unikalas jrasai), o B2B paslaugy klienty patirties ty-
rimams susisteminti pasitelkta sisteminé literattiros apzvalga pagal PRISMA gaires
(galutiné apZzvelgta imtis — 21 mokslinis darbas). Jos rezultatai integruoti taikant adap-
tuota prielaidy-sprendimy-rezultaty struktarg (angl. antecedents-decisions-outcomes
framework, toliau - ADO). Empirinéje tyrimo dalyje, remiantis postpozityvistine filo-
sofija ir dedukcine logika, atliktas kiekybinis skerspjtivio tyrimas - skaitmeniniy B2B
paslaugy sprendimy priéméjy anketiné apklausa (tyrimo imtis # = 386 respondentai).
Duomenys analizuoti daliniy maziausiy kvadraty struktariniy lygé¢iy modeliavimu
(angl. partial least squares structural equation modelling, toliau — PLS-SEM), apiman-
¢iu mediacijos, moderacijos ir prognostinés galios (PLSpredict) analize. Papildomai
atlikta batinyjy salygy analizé (angl. necessary condition analysis, toliau - NCA) su
klia¢iy (angl. bottleneck) analize.

Mokslinis naujumas ir teoriné reik§mé. Disertacijoje sukurtas ir empiriskai pa-
tikrintas integruotas skaitmeniniy B2B paslaugy klienty patirties modelis. Teoriniu
pozitriu joje susistemintos fragmentiskos Zinios apie klienty patirties prielaidas, kom-
ponentus ir pasekmes, nustatyti mazai tirti rysiai ir konceptualts persidengimai tarp
su klienty patirtimi susijusiy konstrukty. Galutinis modelis, grindziamas mechaniz-
my perspektyva, atskleidzia, kaip klienty patirtis per pagrindinius tarpininkaujancius
konstruktus siejasi su klienty elgsena. Tai leidzia perzengti literatiroje vyraujancius
tiesioginiy ry$iy modelius ir tiksliau paaiskinti, kaip formuojasi klienty lojalumas ir
pakartotinio pirkimo elgsena. Metodologinj disertacijos naujumg lemia PLS-SEM ir
NCA metody derinimas. Toks metodinis sprendimas papildo rysiy ir netiesioginiy
efekty analize batinyjy salygy vertinimu bei leidZia rezultatus interpretuoti tiek pa-
kankamumo (adityviosios), tiek butinumo logikos pozitriu. Taikant $iy metody derinj
nustatyta, kad pasitikéjimas yra butinoji aukstesnio pakartotinio pirkimo lygio saly-
ga, nors jo bendrasis efektas pakartotinio pirkimo elgsenai yra silpnas. Tokios isvados
nebuty leides padaryti né vienas i§ $iy metody, taikomas atskirai. Be to, disertacija
papildo vadybos mokslo empiriniy ziniy baze¢ mazai tirto skaitmeniniy B2B paslaugy
konteksto duomenimis.

Praktiné reik§mé. Tyrimo rezultatai skaitmeniniy B2B paslaugy teikéjams sutei-
kia empiriskai pagrjstas gaires, padedancias nustatyti prioritetines klienty ilaikymo
kryptis. Pirma, gera klienty patirtis savaime neuztikrina lojalumo ir pakartotiniy pir-
kimy. Jos poveikis pasirei$kia netiesiogiai, per kliento suvokiama verte ir naudojimosi
verte, emocinj prierai§umag, pasitikéjima ir pasitenkinima, todél butent $iuos veiksnius
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tikslinga nuosekliai stiprinti ir stebéti. Antra, pasitikéjimas ir paslaugos naudojimo
jprotis yra butinosios aukstesnio pakartotiniy pirkimy lygio salygos. Jei néra bent mi-
nimalaus jy lygio, investicijos j emocinj ry$j ar komunikacija gali ir nevirsti pakarto-
tiniu pirkimu. Trecia, lojalumas formuojasi etapais, o lojali elgsena ne visada virsta
faktiniu pakartotiniu pirkimu, todél sutar¢iy atnaujinimg tikslinga papildomai skatinti
veiksniais, veikianciais arciau pirkimo sprendimo, t. y. planuojant sutarties atnaujini-
ma, formuojant paslaugos naudojimo jprotj ir uztikrinant santykiy testinuma. Empi-
riskai patikrintas modelis (Zr. 13 pav.) gali buti taikomas kaip diagnostiné ir planavimo
priemoneé. Jis gali padéti nustatyti, kurie veiksniai stiprina arba silpnina klienty lo-
jalumg, priimti i$tekliy paskirstymo sprendimus, tobulinti paslaugas ir veiksmingiau
valdyti santykius su klientais. Konkrecios rekomendacijos vadovams pateikiamos san-
traukos pabaigoje.

Darbo struktira ir apimtis. Disertacijg sudaro jvadas, trys dalys, i$vados, reko-
mendacijos, literatiros sarasas ir priedai. Pirmojoje dalyje pateikiami skaitmeniniy
B2B paslaugy klienty patirties tyrimy teoriniai pagrindai (konceptualizavimas, biblio-
metriné analizé, sisteminé literatiiros apZvalga, konceptualus modelis ir hipotezés),
antrojoje — empirinio tyrimo metodologija, treciojoje — empirinio tyrimo rezultatai
ir jy aptarimas. Disertacijos tekstas su literatiros sarasu uzima 188 puslapius, priedai
pateikti nuo 189 puslapio. Darbe yra 33 lentelés, 13 paveiksly ir 8 priedai, literataros
sara$a sudaro 343 $altiniai.
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PIRMOSIOS DALIES APZVALGA
SKAITMENINIU B2B PASLAUGU KLIENTU PATIRTIES TYRIMU
TEORINIAI PAGRINDAI

Pirmojoje dalyje konceptualizuojama B2B paslaugy klienty patirtis. Nors klienty
patirtis tiriama kelis deSimtmecius, ji yra kompleksiné sgvoka, daugiausia nagrinéja-
ma B2C srityje, o B2B srityje $is reiskinys labiau nevienalytis (Lipkin, 2016). Isanali-
zavus stimuly, sgveikos ir prasmés karimo perspektyvas (Lipkin, 2016), disertacijoje
pasirinkta sgveikos perspektyva, grindziama j paslaugas orientuota logika (angl. Ser-
vice-Dominant Logic), pagal kurig tarpusavio ry$iais saistomi rinkos veikéjai sudaro
paslaugy ekosistemas. Skaitmeniniy B2B paslaugy klienty patirtis disertacijoje api-
bréziama kaip subjektyvus kliento Zodiniy ir nezodiniy, tiesioginiy ir netiesioginiy
sgveiky su zmonémis, objektais ir aplinka paslaugy veikéjy tinkle interpretavimas per
visg paslaugos teikimo laikotarpj, sukeliantis kliento kognityvines, afektines ir fizines
reakcijas. Lyginant su B2C, B2B kontekstas nekeicia klienty patirties konstrukto pobii-
dZio, ta¢iau jam budingos specifinés aplinkybés — kolektyvinis sprendimy priémimas,
ilgalaikiai sutartiniai santykiai ir utilitarinio vertinimo svarba. Jos pagrindzia butinybe
B2B klienty patirtj tirti savarankiskai nuo kity rinkos konteksty.

Teikiant skaitmenines paslaugas, dauguma saveiky vyksta per technologines sasa-
jas ir savitarnos funkcijas. Tokios paslaugos yra nematerialios, daznu atveju gali bati
pleciamos teikimo apimtimi (angl. scalable) ir yra standartizuotos, o daugelis ju (ypac
programiné jranga, teikiama paslaugos forma) yra naudojamos nuolat. Kai fiziniy sg-
ly¢io tasky mazai, ypa¢ svarbios tampa kliento kognityvinés ir afektinés reakcijos j pa-
slaugos naudojima (Godovykh ir Tasci, 2020). Todél laikomasi teorinés pozicijos, kad
skaitmeniniy B2B paslaugy klienty patirtj daugiausia atspindi kognityvinés ir afek-
tinés reakcijos. Operaciniai paslaugos atributai (pvz., patogumas, greitis, saugumas,
prieinamumas) skaitmeninéje aplinkoje daznai jdiegti pacioje paslaugos naudojimo
sasajoje ir gali bati laikomi higieniniais veiksniais, o galimi paslaugos teikéjo keitimo
kastai kaupiasi investuojant j teikiamy paslaugy pritaikyma, integracijas ir darbuotojy
mokyma. Mokslinéje literaturoje vyrauja prielaidy-komponenty-pasekmiy modelia-
vimo schema, atitinkanti ADO modeliavimo logika. Nors verslui aktualios pasekmés,
kurias lemia teigiama klienty patirtis, iSlieka panasios, vis délto prielaidos ir kompo-
nentai priklauso nuo tiriamos srities. Taigi B2C kontekste atlikty tyrimy rezultaty ne-
galima tiesiogiai perkelti j B2B sritj.

Klienty patirties rei$kinio bibliometriné analizé atlikta remiantis 3682 moksliniais
darbais, apimanciais B2B ir B2C kontekstus, kadangi specifi$kai B2B konteksto ribose
apibréZta paieska lemia per mazg moksliniy darby kiekj bibliometriniam kartografa-
vimui atlikti. Nustatyti trys klienty patirties tyrimy lauko raidos etapai, o spar¢iausias
mobksliniy publikacijy augimas stebimas nuo 2020 m. Raktazodziy analizé parodé, kad
klienty patirtis nuosekliai laikoma lojalumo ir elgsenos ketinimy prielaida. Autoriy
bendro citavimo analizé atskleidé tarpdisciplininj tyrimy pagrindg ir metodologine
brandg. Taip pat pastebéta tam tikra prie$priesa tarp klienty patirties fenomenologiniy
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$akny ir pozityvistiniy jos tyrimo prieigy.

Sisteminé literatiiros apzvalga atlikta pagal PRISMA gaires: i§ 431 identifikuoto
mobkslinio straipsnio galutinei analizei atrinktas 21 straipsnis (2 konceptualas, 4 ko-
kybiniai, 11 kiekybiniy ir 4 misriy metody tyrimai). Sisteminés literatiiros apzvalgos
rezultatai paskelbti autoriaus moksliniame straipsnyje (Raisys, 2026). Apzvalgos pa-
grindu parengtas B2B paslaugy klienty patirties integracinis zemélapis, sudarytas i§
klienty patirties prielaidy, komponenty ir pasekmiy. Pasekmés apima keturias sritis —
jsitraukimg ir santykius, pasitenkinimg ir verte, lojalumg bei organizacine naudg. Pas-
tebima, kad lojali elgsena ir pakartotinis pirkimas nuosekliai priskiriami pasekméms.
Integracinis Zemélapis parodé, kad mokslinéje literatiroje ADO logika daznu atveju
igyvendinama nepilnai. Ne visi veiksniai prielaidy, komponenty ir pasekmiy grupése
susieti ry$iais, o esami rysiai apradyti skirtingu detalumu. Taip pat tarpininkaujantys
veiksniai daugiausia priskiriami pasekméms, uzuot sudare atskirg mediatoriy sluoks-
nj, o vienintelis savaranki$kas tarpininkaujantis veiksnys yra naudojimosi verté (angl.
value-in-use). Taigi B2B klienty patirties modeliavimas yra fragmentiskas, o tarpinin-
kaujantys veiksniai, kuriais skaitmeniniy B2B paslaugy klienty patirtis siejasi su klien-
ty elgsena, empirinéje literatiroje mazai tirti.

Sisteminé literataros apzvalga parodé, kad klienty patirtis gali lemti daug skirtingy
paslaugos teikéjo ir kliento sgveikos rezultaty. Modeliuojant klienty patirtj, apibre-
Ziama ir jos vidiné struktiira, ir jos rysiai su kitais konstruktais. Todél empiriniam
modeliui butina apibréZti rezultatus, pagal kuriuos baty vertinamos klienty patirties
dimensijy sasajos. I§ nustatyty pasekmiy empiriniam tyrimui pasirinktos dvi - klienty
lojalumas ir pakartotinis pirkimas. Sj pasirinkima lémé trys priezastys. Pirma, loja-
lumas teoriniu pozitiriu yra viena svarbiausiy teigiamos klienty patirties pasekmiy ir
laikomas vienu pagrindiniy j klientg orientuotos vadybos tiksly (Mascarenhas ir kt.,
2006; Oliver, 1999; Khan ir kt., 2022). Antra, abi pasekmés nuosekliai kartojasi siste-
minés apzvalgos tyrimuose. Lojalumas sudaro vieng i§ keturiy pasekmiy sriciy, o su
pirkimu, pakartotiniu pirkimu ir klienty i$laikymu susij¢ rezultatai priklauso dazniau-
siai tirtai jsitraukimo ir santykiy sri¢iai. Tre¢ia, pakartotinis pirkimas yra tiesiogiai su
imonés pajamomis susijes elgsenos rezultatas ir galutiné lojalumo grandinés pakopa,
kurioje kognityvinis, afektinis ir konatyvinis lojalumas virsta stebimu veiksmu (Dick
ir Basu, 1994; Oliver, 1999).

Klienty lojalumas apibréziamas kaip kognityvinis, afektinis ir konatyvinis kliento
jsipareigojimas prekeés zenklui, paslaugai ar imonei. Jis pasireiskia pakartotiniu naudo-
jimusi paslaugomis, teigiamomis rekomendacijomis ir atsparumu konkurenty pasit-
lymams (Morgan ir Hunt, 1994; Oliver, 1999). Pagal placiai pripazintg Oliver (1999)
sampratg, lojalumas vystosi etapais. Kognityvinis lojalumas grindziamas analitiniu
kasty ir naudos palyginimu, afektinis — emociniu ry$iu su jmone ar paslauga, o kona-
tyvinis — samoningu ketinimu elgtis palankiu badu konkreciai jmonei. Elgsenos loja-
lumas reiskiasi kliento veiksmais — rekomendacijomis ar pakartotiniais pirkimais. Vis
délto pakartotiniai pirkimai nebutinai reiskia lojaluma, nes juos gali lemti ir patogu-
mas ar jprotis (Liu-Thompkins ir Tam, 2013). Lojalumas, kaip psichologinis jsiparei-
gojimas, gali egzistuoti ir be pakartotiniy pirkimy (H. Han ir kt., 2011). Todél lojalumo
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etapai ir pakartotinio pirkimo elgsena tiriami kaip atskiri, ta¢iau tarpusavyje susije
konstruktai. Literataroje nustatyti klienty patirties ir lojalumo rysio tarpininkai - pa-
sitenkinimas, naudojimosi verté, suvokiama verté, prekés zenklo verté, emocinis prie-
rai$umas prie prekés zenklo ir pasitikéjimas. Taip pat nustatyti moderatoriai, galintys
keisti $io rysio stipruma — jmonés organizacinis lankstumas, klienty dalijimasis Zinio-
mis ir paslaugos teikéjy keitimo kastai.

Siuo pagrindu suformuluotas konceptualus modelis, apimantis 20 hipoteziy
(H1-H16 su subhipotezémis), kuriose kiekvienas ry$ys priskirtas kognityvinei arba
afektinei klienty patirties dimensijai. Tarpininkavimo hipotezés apima suvokiama ver-
te (H1), prekeés zenklo verte (H2), naudojimosi verte (H3), emocinj prieraiSumg prie
prekes zenklo (H4a, H4b), pasitenkinima (H5a-H5c) ir pasitikéjimg (H6). Patogu-
mas tarpininkauja tarp kognityvinés klienty patirties ir pakartotinio pirkimo (H7), o
pakartotinio pirkimo ketinimai - tarp konatyvinio lojalumo ir pakartotinio pirkimo
(H8). Keitimo kastai (H9), jmonés organizacinis lankstumas (H10) ir klienty dalijima-
sis ziniomis (H11) modeliuojami kaip moderatoriai. Modelis taip pat apima nuosek-
laus lojalumo vystymosi rysius (H12-H14), elgsenos lojalumo jtaka rekomendavimui
(H15a) ir pakartotiniam pirkimui (H15b) bei jprocio jtaka pakartotiniam pirkimui
(H1e6).
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ANTROSIOS DALIES APZVALGA
SKAITMENINIU B2B PASLAUGU KLIENTU PATIRTIES
MODELIAVIMO EMPIRINIO TYRIMO METODOLOGIJA

Empirinio tyrimo objektas - tiesioginis ir netiesioginis klienty patirties poveikis
lojalumo dimensijoms ir pakartotinio pirkimo ketinimams bei elgsenai, analizuojant
tarpininkaujancius ir moderuojancius veiksnius. Tyrimo tikslas — empiriskai patikrin-
ti hipotetinius tiesioginius, mediacijos ir moderacijos efektus tarp klienty patirties
dimensijy, tarpininkaujanciy konstrukty, lojalumo dimensijy ir pakartotinio pirki-
mo ketinimy bei elgsenos. Klienty patirtis modelyje laikoma tiriamos sekos pradzios
tasku. Jos prielaidos j modelj nejtrauktos, nes tyrimu siekiama atskleisti mechaniz-
mus, kuriais klienty patirtis siejasi su lojalumu ir pakartotiniu pirkimu, o ne salygas,
kuriomis ji formuojasi. Tyrimas grindziamas postpozityvistine filosofija. Sudétingas
klienty patirties reiSkinys modelyje redukuojamas j atskirus kintamuosius. Visi kons-
truktai laikomi latentiniais ir matuojami netiesiogiai, t. y., stebimais rodikliais, o tyri-
mo dizainas leidZia hipotezes atmesti. Visiskas objektyvumas nelaikomas pasiekiamu,
todél klititys jam mazinamos tam skirtomis proceduromis, pavyzdziui, ekspertiniu
matavimo teiginiy vertinimu. Pasirinkta kiekybiné prieiga, nes siekiama vienu metu
patikrinti hipotetinius rysius, jskaitant mediacijos ir moderacijos efektus, ir palyginti
ju stiprumg. Skerspjuvio tipo duomenys leidzia patikrinti rysius, bet neatskleidzia jy
kaitos laike, todél tai pripazjstama tyrimo ribotumu.

Struktariniy lyg¢iy modeliavimas pasirinktas, nes modelio konstruktai yra latenti-
niai, o jy ry$iai, jskaitant kelis mediacijos ir moderacijos rysius, sudaro sistema, kuria
batina vertinti kaip visuma. Vienos lygties metodai (koreliaciné ar regresiné analizé)
to neleidzia. PLS-SEM variantas pasirinktas dél modelio kompleksi$kumo, forma-
tyvaus aukstesnés eilés konstrukto, kurio vertinimui PLS-SEM nereikia papildomy
specifikavimo ir identifikavimo salygy, ir atsparumo nukrypimams nuo normaliojo
skirstinio. Refleksyviy konstrukty matavimo modelis vertintas pagal rodikliy kra-
vius, vidinj nuoseklumg, konvergentinj (AVE) ir diskriminantinj (HTMT) validuma,
formatyviy - pagal rodikliy svorius, jy reik§minguma ir multikolinearumag (VIF).
Struktarinis modelis vertintas pagal konstrukty VIF reik$mes, kelio koeficientus ({3)
ir jy statistinj reikSminguma (saviranka, angl. bootstrapping), determinacijos koefi-
cientus R? efekto dydzius f ir prognostine galia (PLSpredict procedura, Q?predict).
Mediacijos analizéje vertinti specifiniai ir bendrieji netiesioginiai efektai, o mediacijos
tipai klasifikuoti pagal Zhao ir kt. (2010). PLS-SEM pakankamumo logika papildy-
ta butinyjy salygy analize (NCA), kuria nustatyta, kurie konstruktai yra batinosios
aukstesnio pakartotinio pirkimo lygio salygos. Analizei naudoti galutinio PLS-SEM
modelio latentiniy kintamuyjy jverciai. Batinumo efektai vertinti CE-FDH metodu, jy
reik$§mingumas - permutaciniu testu, o efekto dydziai d interpretuoti kaip silpni (<
0,10), vidutiniai (0,10-0,30) ir stipras (> 0,30). Statistiskai reikémingoms butinosioms
salygoms atlikta kliti¢iy analizé, nustatanti minimaly salygos lygj, reikalingg skirtin-
giems pakartotinio pirkimo lygiams pasiekti.
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Tyrimo instrumentas parengtas remiantis literatfiroje validuotomis matavimo
skalémis, pritaikytomis skaitmeniniy B2B paslaugy kontekstui. Konstruktams, kuriy
matavimo skaliy triiko, sukurti nauji teiginiai. Refleksyvus ar formatyvus konstrukty
matavimo budas parinktas pagal Jarvis ir kt. (2003) kriterijus. Kognityviné ir afektiné
klienty patirtis matuota Barbu ir kt. (2021) teiginiais. Elgsenos lojalumas matuotas
adaptuotais X. Han ir kt. (2008) teiginiais, kurie vertina ne tik lojalaus elgesio ketini-
mus, bet ir faktinj elgesj. Naudojimosi verté modeliuota kaip refleksyvus-formatyvus
aukstesnés eilés konstruktas, kurj sudaro pirmos eilés dimensijos (naudojimosi pa-
tirtis, personalizavimas ir santykiai). Matavimo teiginiai patikrinti ekspertiniu verti-
nimu, atliktu tiksline atranka parinkty verslo vadybos eksperty, turin¢iy 20-33 mety
profesing patirtj, einanciy strategines ir valdymo pareigas B2B organizacijose ir daly-
vaujanciy priimant su skaitmeninémis paslaugomis susijusius sprendimus. Ekspertai
vertino, ar teiginiai tiksliai atspindi atitinkamus konstruktus ir pagal jy pasitlymus
teiginiy formuluotés buvo patikslintos.

Empirinio tyrimo tiksline populiacija sudaro Europos ekonominés erdvés orga-
nizacijy atstovai, kurie priima sprendimus (arba daro jtaka) dél skaitmeniniy ar skai-
tmeniniu badu teikiamy B2B paslaugy pirkimo. Tokia populiacija apibrézta profesi-
niais kriterijais, todél jos dydzio nustatyti nejmanoma, o imties dydis apskai¢iuotas
statistinés galios metodu. Reikalingai respondenty im¢iai apskaic¢iuoti taikytas Kock ir
Hadaya (2018) atvirkstinés kvadratinés $aknies metodas. Esant minimaliam teoriskai
reik§mingam efekto dydziui B = 0,15, reik§mingumo lygmeniui a = 0,05 ir statistinei
galiai 0,80, nustatyta reikalinga mazdaug 350 respondenty imtis. Duomenys surinkti
i$ 386 respondenty 2025 m. balandzio 14 - rugséjo 28 d. Prolific tyrimy platformoje,
anketa pateikiant Qualtrics apklausy platformoje. Taikyta tiksliné, pagal pareigas grijs-
ta atranka. Respondentai turéjo gyventi Europos ekonominéje erdvéje, laisvai kalbéti
angliskai, dirbti pelno siekianciose B2B ar misrios (B2B ir B2C) veiklos organizacijose
ir buti atsakingi uz sprendimus bent vienoje jmonés funkcinéje srityje. Jy tinkamumas
patikrintas iSankstinés atrankos (angl. screening) klausimais, o duomeny kokybei uz-
tikrinti buvo leista dalyvauti tik respondentams, kuriy ankstesniy atsakymy patvirti-
nimo rodiklis Prolific platformoje sieké 99-100 proc. Tiksliné atranka riboja statistinio
apibendrinimo galimybes, todél rezultatai laikytini analitiskai informatyviais tirtam
kontekstui, bet ne reprezentatyviais visiems B2B sprendimy priéméjams. Anketa suda-
ré 83 penkiabalés Likerto skalés teiginiai, suskirstyti j $e$is teminius blokus, o anketos
pildymo laiko mediana buvo 7 min. 39 s. Tyrimo metodikg jvertino Mykolo Romerio
universiteto Atitikties moksliniy tyrimy etikai komitetas ir patvirtino, kad ji atitinka
tyrimy etikos principus (sprendimas Nr. 10-563). Dalyvavimas buvo savanoriskas ir
anonimiskas, nerinkta jokiy duomeny, leidzian¢iy identifikuoti respondenta.
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TRECIOSIOS DALIES APZVALGA
SKAITMENINIU B2B PASLAUGU KLIENTU PATIRTIES
MODELIAVIMO EMPIRINIO TYRIMO REZULTATAI

Parengiamoji analizé parodé gera duomeny kokybe: bendrojo metodo paklaidos
(angl. common method bias) pozymiy nenustatyta, trukstamy atsakymy nebuvo. Ver-
tinant matavimo modelj, mazy kraviy rodikliai $alinti, stebint, kaip tai keicia likusiy
rodikliy kravius ir konstrukto validuma. Trys rodikliai, kuriy kraviai buvo nezymiai
mazesni uz ribine reik§me, islaikyti konstrukty turinio validumui i§saugoti. Daugu-
ma galutiniy rodikliy kraviy virsijo 0,708, o vidinio nuoseklumo ir konvergentinio
validumo rodikliai buvo priimtini. Visos HTMT reik§més buvo mazesnés uz 0,90 ir
patvirtino diskriminantinj validuma, taip pat ir kognityvinés bei afektinés klienty pa-
tirties dimensijy empirinj atskiruma.

I§ 30 jvertinty struktarinio modelio rysiy 25 buvo statistiskai reik§mingi, o kelio
koeficientai svyravo nuo -0,080 iki 0,587. Stipriausi tiesioginiai klienty patirties di-
mensijy rysiai nustatyti su tarpininkaujanciais konstruktais. Kognityviné klienty pa-
tirtis stipriausiai susijusi su naudojimosi verte (§ = 0,559), suvokiama verte (f = 0,437)
ir patogumu (B = 0,416), afektiné — su emociniu prieraiSumu prie prekés zenklo (f =
0,587), pasitikéjimu (P = 0,477) ir prekés zenklo verte (p = 0,458). Tiesioginiai klienty
patirties dimensijy rysiai su lojalumo dimensijomis ir pakartotinio pirkimo ketini-
mais bei elgsena buvo silpni. Kognityvinés klienty patirties ir kognityvinio lojalumo
tiesioginis rySys buvo nereik§mingas. Reik$mingi, bet nestiprus buvo tik kognityvinés
klienty patirties rysiai su konatyviniu lojalumu (p = 0,142) ir pakartotinio pirkimo ke-
tinimais (B = 0,140). Lojalumas vystési nuosekliai nuo kognityvinio iki elgsenos loja-
lumo, o rysiai sekos eigoje stipréjo (p nuo 0,236 iki 0,415). Konatyvinis lojalumas buvo
stipriai susijgs su pakartotinio pirkimo ketinimais (f = 0,537). Elgsenos lojalumo ir
faktinio pakartotinio pirkimo rysys buvo silpnas (p = 0,142). Su pakartotiniu pirkimu
stipriau buvo susije¢ pakartotinio pirkimo ketinimai (f = 0,247) ir jprotis (f = 0,198).
Modelis paaiskino didziausig afektinio lojalumo (59,7 proc.), konatyvinio lojalumo
(56 proc.), pasitenkinimo (47,1 proc.) ir kognityvinio lojalumo (45 proc.) dispersijos
dalj. Pakartotinio pirkimo ketinimy (39,3 proc.), pakartotinio pirkimo elgsenos (23,5
proc.) ir elgsenos lojalumo (17,2 proc.) dispersijos dalis buvo mazesné. PLSpredict
procedira parodé viduting modelio prognostine galig (Q?*predict nuo 0,1 iki 0,443).

Mediacijos analizé atskleidé, kad kognityviné ir afektiné klienty patirties dimen-
sijos su lojalumu susijusios skirtingais tarpininkavimo keliais. Kognityvinés klienty
patirties ir kognityvinio lojalumo rysiui tarpininkauja suvokiama verté (f = 0,150) ir
naudojimosi verté (p = 0,137), o bendrasis netiesioginis efektas siekia p = 0,287. Su
afektiniu (f = 0,057) ir konatyviniu (p = 0,076) lojalumu kognityviné klienty patirtis
nestipriai susijusi tarpininkaujant pasitenkinimui. Afektiné klienty patirtis su lojalu-
mo dimensijomis susijusi tik netiesiogiai. Jos rysiui su afektiniu lojalumu (f = 0,236)
ir jproc¢iu (B = 0,220) tarpininkauja emocinis prierai$umas prie prekés zenklo, rysiui su
pasitenkinimu - pasitikéjimas (f = 0,274). Su kognityviniu lojalumu, tarpininkaujant
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prekes zenklo vertei, ji susijusi silpnai (B = 0,065). Pasitenkinimas taip pat tarpinin-
kauja tarp pasitikéjimo ir afektinio lojalumo (B = 0,164), o pakartotinio pirkimo ke-
tinimai - tarp konatyvinio lojalumo ir pakartotinio pirkimo (B = 0,133). Afektinés
klienty patirties bendrasis netiesioginis efektas afektiniam lojalumui (f = 0,330) yra
didZiausias i$ hipotetiniy tarpininkavimo keliy. Patogumas netarpininkavo tarp ko-
gnityvinés klienty patirties ir pakartotinio pirkimo. Moderacijos analizé reik§mingy
efekty neatskleidé - klienty dalijimasis ziniomis, jmonés organizacinis lankstumas ir
keitimo kastai statisti$kai reikémingai nemoderavo nagrinéty rysiy, o saveikos efekty
dydziai buvo mazesni uz f* = 0,006, t. y. gerokai mazesni uz mazo efekto riba.
Buatinyjy salygy analizé parodé, kad pasitikéjimas (d = 0,114, p = 0,001) ir jprotis
(d = 0,132, p = 0,031) yra vidutinio dydzio butinosios aukstesnio pakartotinio pir-
kimo lygio salygos. Elgsenos lojalumas tik pasieké vidutinio efekto ribg (d = 0,100,
p = 0,037), todél, atsizvelgiant ir i jo konceptualy artuma pakartotiniam pirkimui, $i
salyga interpretuotina atsargiai. Kliti¢iy analizé atskleidé, kad pasitikéjimas reikalingas
jau zemesniuose pakartotinio pirkimo lygiuose, o jprotis tampa ribojancia saglyga auks-
tesniuose lygiuose. Apibendrinant, patvirtintos 16 i§ 20 hipoteziy, nepatvirtintos - H7,
H9, H10 ir H11. Galutiniame empiriskai patikrintame modelyje (Zr. 13 pav.) ilaikyti
patvirtinti rysiai, sudarantys klienty patirties, lojalumo ir pakartotinio pirkimo seka.
Patogumo ir rekomendavimo konstruktai i§ galutinio modelio pasalinti. Patogumas
netarpininkavo tarp klienty patirties ir pakartotinio pirkimo. Rekomendavimas pa-
tvirtintas kaip elgsenos lojalumo pasekmé, tadiau tai i kitus klientus, o ne j kliento ir
teikéjo santykj nukreiptas rezultatas, todél jis nepriklausé galutinei tiriamai sekai.

13 pav. Empiriskai validuotas skaitmeniniy B2B paslaugy klienty patirties poveikio lojalumui
ir pakartotiniam pirkimui modelis.

Saltinis: sudaryta autoriaus.
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Rezultaty aptarime pazymima, kad lojalumo elgsena paaiskinta geriau nei pakarto-
tiniai pirkimai. Tai atitinka literataroje keliamus lukes¢ius B2B kontekstui, kur spren-
dimy priémimas yra sudétingesnis, struktaruotas ir daznai kolektyvinis. Organizacijy
pirkimo elgseng lemia ne tik individualios patirtys, bet ir pirkimo grupés sprendimai,
sutartiniai jsipareigojimai bei ekonominés salygos, todél net teigiama klienty patir-
tis nebatinai tiesiogiai virsta faktiniais pakartotiniais pirkimais. Pakartotinio pirkimo
dispersijos paai$kinimas (mazdaug ketvirtadalis) panasus j Paulssen ir Birk (2007)
gautg rezultatg. Autoriaus Ziniomis, disertacijoje pristatytas empirinis tyrimas yra vie-
nas pirmyjy skaitmeniniy B2B paslaugy tyrimy, kuriame klienty patirtis i$skaidyta i
atskiras dimensijas ir empiriskai tirti jy rysiai su lojalumu bei pakartotiniu pirkimu.
Rezultaty tendencija dera su konceptualiai artimiausiu Gounaris ir Almoraish (2024)
tyrimu, o priestaraujan¢iy empiriniy jrodymy nerasta. Tyrimas empiri$kai pagrindzia,
kad emocijos B2B santykiuose reiskiasi ne tiesiogiai ar impulsyviai, bet per ilgalaikiy
santykiy kirimo mechanizmus. Afektiné patirtis su lojalumu susijusi tarpininkaujant
pasitikéjimui, pasitenkinimui ir emociniam prieraiSumui. Kognityviné patirtis su ko-
gnityviniu lojalumu susijusi tik tada, kai virsta klientui aktualia ir jo patiriama verte
- suvokiama ir naudojimosi verte.

Nepatvirtinti mechanizmai interpretuojami kaip kontekstiné jzvalga. Teikiant
skaitmenines paslaugas, patogumas, greitis, saugumas ar prieinamumas daznai i§
anksto numatomi skaitmeninés paslaugos architektiiroje ir tampa baziniais reikala-
vimais (higieniniais veiksniais), o ne diferencijuojanciais veiksniais. Rezultatai labiau
atitinka pozitrj, kad paslaugy teikéjo keitimo kastai yra tiesioginé lojalumo prielaida,
o ne kity rysiy stipruma keicianti salyga. Moderacijos efektai laikomi vienais jautriau-
siy struktriniy modeliy elementy. Taigi skaitmeninése B2B paslaugose lojalumas ir
pakartotinis pirkimas labiau priklauso nuo vertés kiirimo ir santykiy mechanizmy nei
nuo operaciniy ar paslaugos struktaros veiksniy. Tyrimo ribotumai (skerspjtvio tipo
duomenys, tiksliné respondenty atranka, nemodeliuoti sutartiniai ir pirkimo grupiy
veiksniai, vienas respondentas i§ organizacijos) apibrézia tolesniy tyrimy kryptis.

262



ISVADOS

Remiantis mokslinés literataros analize, klienty patirtis konceptualizuojama
kaip individualaus lygmens, subjektyvus ir daugiamatis reiskinys, apimantis
kognityvines, afektines ir fizines reakcijas j su paslauga susijusius stimulus.
Patirtis formuojasi kiekvienam asmeniui, todél asmens lygmuo yra maziausias
vienetas, kuriame ji pasireiskia ir gali bati tiriama. Skaitmeniniy B2B paslaugy
kontekste ji formuojasi nuolat sagveikaujant skaitmeniniy technologijy tarpi-
ninkaujamoje paslaugy ekosistemoje, kurioje dalyvauja ne vienas veikéjas ir
yra daug klienty kelionés saly¢io tasky. B2B kontekstas nekeicia klienty patir-
ties konstrukto prigimties, taciau jame susijungia specifinés aplinkybés — ko-
lektyvinis sprendimy priémimas, ilgalaikiai sutartiniai santykiai ir utilitarinio
vertinimo akcentas. Kartu jos pagrindzia, kad B2B klienty patirtj batina tirti
savarankigkai, o ne tiesiogiai perkelti B2C tyrimy jzvalgas. Remiantis saveika
grista perspektyva, kurios pagrindas yra j paslaugas orientuota logika (angl.
Service-Dominant Logic), skaitmeniniy B2B paslaugy klienty patirtis apibré-
Ziama kaip: kliento subjektyvus verbaliniy ir neverbaliniy, tiesioginiy ir netie-
sioginiy sgveiky su Zmonémis, objektais ir aplinka paslaugy veikéjy tinkle in-
terpretavimas per visa paslaugos teikimo laikotarpj, sukeliantis kognityvines,
afektines ir fizines kliento reakcijas.

Mokslinéje literatiiroje isskiriamos patirties dimensijos konceptualiai per-
sidengia - intelektiniai aspektai gali bati priskirti kognityvinei, o socialiniai
ir santykiy aspektai — afektinei klienty patirties dimensijai. Todél kognityviné
ir afektiné dimensijos laikytinos pagrindinémis skaitmeniniy B2B paslaugy
klienty patirties dimensijomis. Fizinés reakcijos lieka platesnio konceptualaus
lauko dalimi, ta¢iau empiriniame tyrime kaip atskira dimensija neoperaciona-
lizuojamos. Si konceptuali skirtis sudaro pirmojo ginamojo teiginio pagrinda.

Literataros analizé rodo, kad B2B paslaugy klienty patirties tyrimai yra nepa-
kankamai i$plétoti ir fragmentigki. Tyrimy stoka nustatyta empiriskai. Moks-
liniy publikacijy duomeny bazése atlikta paieska, apribota skaitmeniniy B2B
paslaugy klienty patirtimi, davé tik 14 jrasy Scopus ir 27 jragus Web of Science
duomeny bazése. Platesné paieska, apimanti klienty patirtj B2B paslaugy kon-
tekste, davé tik 111 jrasy Scopus ir 80 jra§y Web of Science duomeny bazése.
Sie skaiciai apima visus, jskaitant ir besidubliuojanéius jrasus. Tokie publika-
cijy kiekiai nesiekia literatiiroje nurodomo analitinio minimumo, reikalingo
bibliometriniam kartografavimui, ir rodo, kad tyrimy $ia tema stinga. Todél
galutiné bibliometriné analizeé atlikta su 3682 unikaliy jrasy rinkiniu, apiman-
¢iu ir B2B, ir B2C paslaugy kontekstus. B2B tyrimai i$nagrinéti sisteminés
literataros apzvalgos budu, kur i§ 431 nustatyto straipsnio pilnus apzvalgos
jtraukimo kriterijus atitiko 21 straipsnis.

Tyrimy lauko bibliometrinis kartografavimas rodo spartéjantj klienty pa-
tirties tyrimy augima, ypac ryskiai stebima nuo 2020 m. Tuomet kasmetinis
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publikacijy skai¢ius iSaugo nuo 239 (2020 m.) iki 645 (2025 m.). Tyrimy lau-
ko konceptualioje struktairoje klienty patirtis nuosekliai laikoma lojalumo ir
elgsenos ketinimy prielaida. Sie tyrimai remiasi nusistovéjusia tarpdiscipli-
nine literatiira, jungiancia psichologija, paslaugy kokybés tyrimus, santykiy
rinkodarg, i paslaugas orientuotg logika ir patirtine rinkodarg. Juose daznai
taikomi validuoti matavimo metodai ir struktiiriniy lyg¢iy modeliavimas, o
tai rodo metodologine tyrimy lauko brandg. Vis délto pastebima jtampa tarp
fenomenologinés klienty patirties sampratos ir daznai taikomy pozityvistiniy
tikrinimo prieigy. Si jtampa kyla i§ pozityvistinio reikalavimo operaciona-
lizuoti konstrukty, fenomenologiniu pozitriu per daug jo nesupaprastinant
standartizuotomis matavimo skalémis. Disertacijoje $i jtampa sprendziama
klienty patirtj matuojant atskiromis dimensijomis ir keliy teiginiy skalémis, o
ne vienu agreguotu indeksu.

Dazniausiai B2B tyrimai fokusuojasi j siaurus, specifinius klienty patir-
ties aspektus. Pastebimai truksta sisteminiy literataros apzvalgy, kurios plé-
toty konstrukta, o ne tik ribotai apzvelgty tyrimy lauka. Labai nedaug tyrimy
empiriskai tikrina diferencijuotas klienty patirties dimensijas kartu su tarpi-
ninkavimo ir moderavimo keliais. Sisteminés literatiiros apzvalgos rezultatai
rodo, kad i§ 21 apzvelgto tyrimo tarpininkaujantys veiksniai nagrinéti 9-iuose,
o moderuojantys tik 6-iuose tyrimuose. Konceptualiu poziariu klienty patir-
ties konstruktas tebéra fragmentiskas, o jo vieta tarpininkavimo mechanizmy
ir rezultaty atzvilgiu nenuosekli. Empiriniu poziariu mechanizmai, kuriais
skaitmeniniy B2B paslaugy klienty patirtis virsta klienty elgsenos ar nuostaty
rezultatais, i§ esmés neistirti ir né vienas tyrimas neapima konstrukty ir jy ry-
$iy rinkinio, koks pasitlytas Sioje disertacijoje. Sios konceptualios ir empirinés
tyrimy spragos pagrindzia ketvirtajj ginamajj teiginj.

Teoriné sintezé atskleidzia, kad B2B paslaugy klienty patirtis yra konstruktas,
sudarytas i$ trijy tarpusavyje susijusiy elementy, t. y. prielaidy, patirties kom-
ponenty ir pasekmiy. Prielaidos yra salygos, jgalinancios patirties formavi-
masi, komponentai apibrézia vidine konstrukto struktiirg, o pasekmés apima
santykiy ir vertés rezultatus, tokius kaip jsitraukimas, pasitenkinimas ir loja-
lumas. Remiantis $ia sinteze, klienty patirtis laikoma centriniu mechanizmu,
siejanciu paslaugas su klienty elgsena ir nuostatomis.

Moksliniuose $altiniuose Sie trys elementai nagrinéjami netolygiai. I§ 21
apzvelgto tyrimo prielaidos nustatytos 9-iuose, komponentai 15-oje, o pasek-
més 14-oje tyrimy. Prielaidos modeliuojamos kaip iSoriniai veiksniai, einan-
tys pries klienty patirties formavimasi, arba kaip pakaitiniai rodikliai (angl.
proxies), atspindintys teigiamos klienty patirties formavimosi prielaidas.
Komponentai grupuojami j sluoksniy, dimensijy, skaliy ir modeliy pagrin-
du isskirtus bei savarankiskus veiksnius. 21 apzvelgto tyrimo apimtyje, kom-
ponentai dazniausiai kildinami i§ patirties kokybés skalés EXQ. Kai kuriais
atvejais komponentai kildinami i§ paslaugy kokybés matavimo instrumenty,



kurie matuoja susijusj, tac¢iau kita konstrukty. Tokie komponentai j galutinj
integracinj B2B paslaugy klienty patirties konstrukto zemélapj jtraukti tik ta
modifikuota forma, kuria jie pateikiami tyrimuose. Pasekmés sudaro ketu-
rias sritis. Nuo dazniausiai iki reciausiai tirty tai yra jsitraukimas ir santykiai,
pasitenkinimas ir verté, lojalumas bei organizaciné nauda. Konkreti klienty
patirties elgsena, kaip lojalumo i$raiskos ir pakartotinis pirkimas, nuosekliai
priskiriama pasekméms, o ne klienty patirties komponentams, o tai pagrin-
dzia pirmajj ginamajj teigini.

Sisteminéje literatiiros apzvalgoje tyrimai integruoti taikant adaptuota
prielaidy, sprendimy ir rezultaty (ADO) struktara. Joje centrine pakopa su-
daro klienty patirties komponentai, o tarpininkai ir moderatoriai patikslina
kelius nuo prielaidy iki rezultaty. Nustatyta, kad tokia modeliavimo logika
klienty patirties modeliavimo tyrimuose yra pasitelkiama daZniausiai. Ta¢iau
sisteminés apzvalgos pagrindu parengtas integracinis Zemélapis rodo, kad ap-
zvelgtoje literatiiroje $ilogika jgyvendinama ne iki galo. Ne visi veiksniai susieti
tarp pakopuy, o rysiai tarp jy apibrézti skirtingu detalumu. Be to, uzuot sudare
atskirg tarpininkavimo sluoksnj tarp prielaidy ir pasekmiy, tarpininkaujantys
veiksniai daugiausia priskiriami pasekmiy grupei, o vienas tarpininkaujantis
veiksnys identifikuotas kaip klienty patirties prielaida. Tik vienas tarpinin-
kaujantis veiksnys, naudojimosi verte, yra savarankiskas ir nepriklauso jokiai
kitai pagrindinei ADO grupei. Taip pat visas pasekmiy grupei priklausantis
patirties vertés veiksniy pogrupis atlieka tarpininkaujantj vaidmenj. Apzvelg-
tuose tyrimuose pasitaiko sluoksniy pagrindu i$skirty komponenty. Vis délto
nerasta struktaros, kurioje individo, diadiniy santykiy ir institucinés aplinkos
sluoksniai apimty patirties dimensijas su joms priklausanciais konstruktais, ir
tai atveria kryptj tolesniems tyrimams. Apibendrinant, sintezé atskleidé fra-
gmentiska B2B klienty patirties modeliavima, ypac integruojant konstrukta
tarp ADO pakopy ir patirties sluoksniy, kas pagrindzia ketvirtajj ginamajj
teiginj.

Parengta empirinio tyrimo strukttra skaitmeniniy B2B paslaugy klienty pa-
tirties, klienty lojalumo ir pakartotinio pirkimo elgsenos bei ketinimy rysiams
tirti. Struktarg sudaro latentiniai konstruktai, kuri leidZia analizuoti tiesiogi-
nius, tarpininkaujancius ir moderuojancius rysius. Modeliuojant klienty pa-
tirtj, butina apibrézti ir vidine konstrukto struktars, ir jo ry$ius konstrukty
sistemoje, kurioje jis veikia. Vidiné struktira apibrézta i§skiriant kognityvine
ir afektine patirties dimensijas. Naudojimosi verté modeliuota kaip refleksy-
vus-formatyvus aukstesnés eilés konstruktas, kurj formuoja pirmos eilés di-
mensijos (naudojimosi patirtis, personalizavimas ir santykiai). Klienty patirtis
modelyje laikoma ry$iy sekos pradzios tasku. Pagrindiniais rezultatais, pagal
kuriuos vertinami klienty patirties dimensijy efektai, pasirinkti klienty loja-
lumas ir pakartotinis pirkimas. Tai lémé teoriné lojalumo svarba ir tai, kad
abu rezultatai nuosekliai pasikartoja tarp sisteminéje literatiros apzvalgoje
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nustatyty pasekmiy. Pakartotinis pirkimas yra ta vieta, kurioje lojalumas virs-
ta stebimu, tiesiogiai su jmonés pajamomis susijusiu veiksmu.

Tyrimo struktara operacionalizuoja 20 hipoteziy, suformuluoty kaip H1-
H16 kartu su subhipotezémis. Analizés metodu pasirinktas struktariniy lyg-
¢iy modeliavimas, nes tikrinamame modelyje yra nestebimuy, latentiniy kons-
trukty, kurie vertinami stebimais, matuojamais rodikliais. Be to, hipotetiniai
ry$iai sudaro sistemg, kurig batina vertinti kaip visuma, o vienos lygties me-
todai, tokie kaip regresiné ar koreliaciné analizé, tam netinka. Toks pasirin-
kimas atitinka nusistovéjusia tyrimy lauko praktika, nes struktariniy lygciy
modeliavimas yra vyraujantis klienty patirties modeliavimo metodas. Vietoje
kovariacija gristo strukturiniy lyg¢iy modeliavimo pasirinktas daliniy ma-
Ziausiy kvadraty metodas (PLS-SEM). Pasirinkimg lémé tikrinamo modelio
sudétingumas, prognostiné tyrimo orientacija ir formatyvus aukstesnés eilés
konstruktas, kurio vertinimui PLS-SEM metodu nereikia papildomy speci-
fikavimo ir identifikavimo salygy, taikomy kovariacija gristame modeliavi-
me. Be PLS-SEM, papildomai atlikta batinyjy salygy analizé NCA. PLS-SEM
pakankamumo logika paaiskina, kurie konstruktai daro jtakg rezultatams, o
NCA batinumo logika nustato, kurios salygos turi buti, kad rezultatai bty
pasiekti. Sis analiziy derinys leidZia viename empiriniame tyrime nagrinéti ir
pakartotinj pirkimg didinan¢ius mechanizmus, ir jam batinas salygas.

Imties dydis nustatytas statistinés galios skai¢iavimu, taikant atvirkstinés
kvadratinés $aknies metoda. Skaiciuojant statisting galia, minimalus reiks-
mingas efekto dydis nustatytas p = 0,15, o statistiné galia 0,80. Reikalinga res-
pondenty imtis buvo mazdaug 350, o duomenys surinkti i§ 386 respondenty.
Tokios imties pakako aptikti net santykinai silpnus struktarinius rysius.

Respondentai atrinkti taikant tiksline, pagal pareigas grjsta atranka. Jy tin-
kamumas patikrintas anketos atrankos klausimais, kurie patvirtino respon-
denty dalyvavimg priimant su paslaugomis susijusius sprendimus ir skaitme-
ninj paslaugy, dél kuriy jie priima sprendimus, pobudj. Toks atrankos badas
yra jprastas B2B tyrimuose, kuriuose prieiga prie organizacijy sprendimy pri-
éméjy ribota. Jis uztikrina surinkty duomeny aktualuma, tadiau riboja statis-
tinio apibendrinimo galimybes. Tyrimo instrumenta sudaré 83 Likerto skalés
teiginiai, kurie prie§ duomeny rinkimg patikslinti atlikus ekspertinj vertini-
ma. Apibendrinant, parengta empirinio tyrimo struktira suteikia modeliavi-
mo logika, kurioje klienty patirties dimensijos atskirtos nuo tarpininkaujan-
¢iy ir moderuojanéiy veiksniy bei galutiniy rezultaty, ir pagrindzia ketvirtajj
ginamagjj teiginj.

Empiriniai rezultatai rodo, kad skaitmeniniy B2B paslaugy klienty patirtis su
klienty lojalumu ir pakartotinio pirkimo elgsena bei ketinimais siejasi dau-
giausia per mediatorius, o ne tiesioginiais efektais. I§ 30 jvertinty rysiy 25
buvo statisti$kai reik$mingi, o 4 i§ 20-ies hipoteziy buvo nepatvirtintos. Kelio
koeficientai svyravo nuo -0,080 iki 0,587, t. y., priklausomai nuo rysio, efekty



dydziai buvo nuo mazy iki dideliy. Be to, matavimo modelis patvirtino, kad
kognityviné ir afektiné klienty patirties dimensijos yra empiriskai atskiros, nes
visi HTMT santykiai buvo maZzesni uz ribine 0,90 reik§me.

Kognityviné ir afektiné klienty patirties dimensijos su rezultatais siejasi
skirtingais tarpininkavimo keliais, o tai rodo jy diferencijuotg jtaka rezulta-
tams. Kognityvinés klienty patirties tiesioginis efektas kognityviniam lojalu-
mui néra reik§émingas (f = 0,092; p = 0,073). Su kognityviniu lojalumu ji reiks-
mingai susijusi per kliento atliekamg paslaugos vertés vertinimg, ypa¢ tarpi-
ninkaujant suvokiamai vertei (f = 0,150) ir naudojimosi vertei (f = 0,137).
Tarpininkaujant pasitenkinimui, kognityviné klienty patirtis taip pat turi ne-
didelj efektg afektiniam (P = 0,057) ir konatyviniam (p = 0,076) lojalumui.
Bendrasis kognityvinés klienty patirties netiesioginis efektas kognityviniam
lojalumui yra reik§mingas (f = 0,287), o tiesioginis efektas lieka nereik§min-
gas. Panasiai ir afektiné klienty patirtis su lojalumo dimensijomis siejasi tik
netiesiogiai. Ji reik$émingai veikia afektinj lojaluma per emocinj prieraiSuma
prie prekés zenklo (f = 0,236), o pasitenkinimg per pasitikéjima (p = 0,274).
Afektinés klienty patirties netiesioginis efektas kognityviniam lojalumui, tar-
pininkaujant prekés Zenklo vertei, yra silpnas (p = 0,065). Vis délto jos bendra-
sis netiesioginis efektas afektiniam lojalumui yra didZiausias i§ hipotetiniy tar-
pininkavimo keliy (B = 0,330). Gauti rezultatai rodo, kad abi klienty patirties
dimensijos su lojalumu siejasi daugiausia netiesioginiais keliais. Kognityviné
patirtis su lojalumu siejasi per kliento atliekamg paslaugos vertés vertinimg, o
afektiné patirtis pirmiausia virsta emociniu rysiu ir pasitikéjimu paslaugos tei-
kéju. Vienintelis reik§mingas tiesioginis kelias nuo klienty patirties dimensijos
iki lojalumo dimensijos yra nedidelis kognityvinés klienty patirties efektas ko-
natyviniam lojalumui (B = 0,142).

Nustatyta, kad kognityvinés ir afektinés klienty patirties dimensijy tiesio-
giniai efektai lojalumo dimensijoms ir pakartotinio pirkimo ketinimams bei
elgsenai yra silpni. Kognityvinés klienty patirties tiesioginiai efektai konaty-
viniam lojalumui (f = 0,142) ir pakartotinio pirkimo ketinimams (f = 0,140)
buvo nedideli. Stipriausi jos tiesioginiai efektai nustatyti tarpininkaujantiems
konstruktams, t. y., didelis efektas naudojimosi vertei (f = 0,559) ir vidutiniai
efektai suvokiamai vertei (p = 0,437) ir patogumui (p = 0,416). Afektiné klien-
ty patirtis pasizyméjo tokiu paciu désningumu. Jos tiesioginis efektas emoci-
niam prierai$umui prie prekés Zenklo buvo didelis (p = 0,587), o pasitikéjimui
(B =0,477) ir prekeés Zenklo vertei (B = 0,458) vidutinis. Tai rodo, kad klienty
patirtis pirmiausia susijusi su tarpininkaujanciais veiksniais, o ne tiesiogiai su
paciais rezultatais.

Nustatyta, kad lojalumas vystosi nuosekliai nuo kognityvinio iki elgsenos
lojalumo, o efektai sekos eigoje stipréja. Nuo nedidelio efekto tarp kognityvi-
nio ir afektinio lojalumo (P = 0,236) jis tampa vidutinis konatyvinio lojalu-
mo link (B = 0,367) ir stipriausias yra pereinant prie elgsenos lojalumo (p =
0,415). Taciau elgsenos lojalumo efektas faktiniam pakartotiniam pirkimui yra
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nedidelis (B = 0,142). Vadinasi, nuoseklus bendradarbiavimas su paslaugos
teikéju tik nezymiai didina pakartotinio pirkimo ateityje tikimybe. Pakartoti-
nis pirkimas stipriau susijes su pakartotinio pirkimo ketinimais ( = 0,247) ir
jpro¢iu (B = 0,198). Tai rodo, kad pakartotiniai pirkimai kyla ir i§ sgmoningy
ketinimy, ir i§ rutininio naudojimosi teikéjo paslaugomis. Atitinkamai mode-
lis paaiskina didziausig afektinio lojalumo (59,7 proc.), konatyvinio lojalumo
(56 proc.), klienty pasitenkinimo (47,1 proc.) ir kognityvinio lojalumo (45
proc.) dispersijos dalj, taip pat reik§minga, nors mazesne, pakartotinio pirki-
mo ketinimy (39,3 proc.) dispersijos dalj. Elgsenos lojalumo (17,2 proc.) ir pa-
kartotinio pirkimo elgsenos (23,5 proc.) paaiskintos dispersijos dalis mazesné.
Kitaip tariant, modelis paaiskina gerokai didesne nuostaty lojalumo dimensijy
nei elgsenos rezultaty dispersijos dalj. Tai leidzia manyti, kad faktinj pakarto-
tinj pirkimg lemia ir kiti kontekstiniai, organizaciniai bei sutartiniai veiksniai,
kurie modelyje nejvertinti.

Galiausiai, modelyje nenustatyta statistiSkai reikmingy kognityvinés kli-
enty patirties ir tolesniy konstrukty ry$iy moderavimo efekty. Klienty dali-
jimosi ziniomis (p = 0,872), ijmonés organizacinio lankstumo (p = 0,111) ir
paslaugos teikéjo keitimo kasty (p = 0,662) saveikos efektai buvo statistiskai
nereik§mingi, o jy dydziai mazesni uz f = 0,006, t. y. gerokai mazesni uz mazo
efekto ribg. Be $iy trijy nepatvirtinty hipoteziy, patogumas taip pat netarpi-
ninkavo tarp kognityvinés klienty patirties ir pakartotinio pirkimo (p = 0,021;
p = 0,427). Taigi jrodymuy, kad tirtos kontekstinés salygos moderuoja nusta-
tytus rysius, nerasta. Sie rezultatai pagrindzia antrgjj ir tre¢iaji ginamuosius
teiginius.

Empirigkai patikrintame skaitmeniniy B2B paslaugy klienty patirties modelyje
(13 pav.) i8laikyti empiriskai patvirtinti rysiai, priklausantys klienty patirties,
lojalumo ir pakartotinio pirkimo sekai. Todél patogumo ir rekomendavimo
konstruktai i§ galutinio modelio pasalinti. Patogumas neturéjo tarpininkau-
jancio efekto, o rekomendavimas yra uz klienty patirties, lojalumo ir pakarto-
tinio pirkimo sekos riby. Nors rekomendavimas buvo jtrauktas j konceptualy
modelj, empirinis tyrimas buvo sutelktas j tarpininkus tarp klienty patirties
dimensijy ir lojalumo bei pakartotinio pirkimo ketinimy ir elgsenos. Empiris-
kai patikrintas modelis rodo, kad klienty patirtis su lojalumu ir pakartotinio
pirkimo ketinimais bei elgsena siejasi per verte, emocijomis ir santykiu grjstus
tarpininkaujancius konstruktus.

Vertinant bendruosius efektus, t. y., visy efekty keliy nuo pradinio iki tiks-
linio konstrukto suma, nustatyta, kad kognityviné klienty patirtis buvo vie-
nintelis konstruktas, kurio bendrasis efektas visoms lojalumo dimensijoms ir
pakartotinio pirkimo ketinimams bei elgsenai sieké bent p = 0,10. Afektinés
klienty patirties bendrieji efektai visiems Siems rezultatams buvo statistiskai
reik§mingi, ta¢iau kognityviniam lojalumui (f = 0,065), elgsenos lojalumui
(B = 0,093) ir pakartotiniam pirkimui (B = 0,087) jie nesieké $io lygio. I§



klienty patirties ir tarpininkaujanciy konstrukty (nejskaitant paciy lojalumo
dimensijy) didZiausig bendrajj efekta pakartotinio pirkimo ketinimams turéjo
kognityviné klienty patirtis (B = 0,287). Tuo tarpu klienty pasitenkinimo ben-
drieji efektai buvo didZiausi konatyviniam (B = 0,483) ir elgsenos (p = 0,200)
lojalumui. Galiausiai, pasitikéjimo efektai isliko reik§mingi afektiniam, kona-
tyviniam ir elgsenos lojalumui.

Bendrieji efektai pakartotinio pirkimo elgsenai buvo maziausi modelyje.
Didziausi efektai budingi konstruktams, kurie modelyje yra arciausiai pakar-
totinio pirkimo elgsenos konstrukto, t. y., pakartotinio pirkimo ketinimams
(B = 0,247), jprociui (p = 0,198), konatyviniam lojalumui ( = 0,192) ir elgse-
nos lojalumui (B = 0,142). I§ toliau modelyje esanciy prielaidy didziausi ben-
drieji efektai pakartotiniam pirkimui nustatyti kognityvinei klienty patirc¢iai
(B =0,107) ir emociniam prieraiSumui prie prekés zenklo (p = 0,103). Nusta-
tyta, kad tarpininkaujantys mechanizmai perduoda pradinio konstrukto efek-
ta tiksliniam konstruktui, ta¢iau kelio eigoje efektas paprastai silpnéja. Kitaip
tariant, kuo toliau nuo pakartotinio pirkimo konstruktas yra modelyje, tuo
mazesnis paprastai bana jo bendrasis efektas faktinei pakartotinio pirkimo
elgsenai. Vis délto konstruktai, kuriy efektas perduodamas keliais tolesniais
keliais, pavyzdziui, konatyvinis lojalumas, gali i§laikyti didesnj bendrajj efekta
nei kai kurie arc¢iau pakartotinio pirkimo esantys konstruktai.

Butinyjy salygy analizé papildo Siuos rezultatus. Bendrieji efektai rodo,
kurie konstruktai didina rezultatus, o NCA rodo, kurios sglygos turi bati, kad
aukstesnis rezultaty lygis apskritai baty pasiektas. Atlikus NCA nustatyta, kad
pasitikéjimas (d = 0,114; p = 0,001) ir jprotis (d = 0,132; p = 0,031) yra buati-
nosios aukstesnio pakartotinio pirkimo lygio salygos, abi su vidutinio dydzio
efektu, o elgsenos lojalumas yra tik ribiné butinoji salyga (d = 0,100; p = 0,037).
Pasitikéjimas reikalingas jau Zemesniuose pakartotinio pirkimo lygiuose ir yra
pamatiné salyga. Jprotis tampa ribojancia sglyga aukstesniuose pakartotinio
pirkimo lygiuose, kur didesniam pakartotiniy pirkimy lygiui reikia labiau ru-
tinizuoto organizacinio pirkimo.

Abi logikos, pakankamumo (PLS-SEM) ir batinumo (NCA), suteikia vie-
na kitg papildanéiy jzvalgy. Pasitikéjimo bendrasis efektas pakartotinio pirki-
mo elgsenai yra santykinai mazas (p = 0,053), o jprotis yra vienas stipriausiy
jos prediktoriy (P = 0,198). Vis délto abu buvo identifikuoti kaip butinosios
salygos, be kuriy aukstesnis pakartotiniy pirkimy lygis nepasiekiamas. Taigi
konstruktas gali bati silpnas tam tikro rezultato veiksnys, kaip pasitikéjimo
atveju, ir kartu islikti jo batinaja salyga. Né vienas analizés metodas atskirai
tokiy rezultaty neatskleidzia.

Teoriniu pozitriu rezultatai rodo, kad klienty patirtj reikia modeliuoti
atskiromis dimensijomis ir atskirais tarpininkaujanciais konstruktais. Agre-
guojant patirties ar lojalumo dimensijas disertacijoje nustatyti keliai likty
nematomi. Praktiniu vadybiniu pozitriu, siekiant stiprinti lojalumg ir skatin-
ti pakartotinius pirkimus butina stiprinti ne tik pacig klienty patirtj, bet ir
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tarpininkaujancius veiksnius. Kaip parodé NCA, tirtame kontekste minima-
lus pasitikéjimo ir jprocio lygis yra batinas aukstesniam pakartotinio pirkimo
lygiui pasiekti. Todél analizuojant ir valdant pakartotinj pirkima, $ias salygas
reikia vertinti kartu su PLS-SEM nustatytais mechanizmais. Sie rezultatai pa-
grindzia penktajj ginamajj teiginj.

Patikrinta modelj riboja empirinio tyrimo dizainas. Modelis jvertintas re-
miantis skerspjivio tipo duomenimis, gautais i$ tikslingai atrinkty skaitmeni-
niy B2B paslaugy sprendimy priéméjy Europos ekonominéje erdvéje, o jame
nagrinéjami vertés, emociniai ir santykiy mechanizmai. Taigi modelis apiba-
dina, kaip klienty patirtis veikia Siame kontekste, bet nenustato efekty, galio-
janciy visuose kontekstuose ar bégant laikui.

Tolesniuose tyrimuose empirinj modelj galima plétoti keliomis kryptimis.
Longitudiniai tyrimai leisty nustatyti, ar jvardinti tarpininkaujantys veiksniai
ir batinosios salygos islieka viso kliento santykiy ciklo metu. Kontekstiniy
veiksniy, tokiy kaip sutartiniai susitarimai ir pirkimo grupés dinamika, jtrau-
kimas ir paprastesniy modelio alternatyvy tikrinimas padéty i$siaiskinti, kiek
jvertinti efektai priklauso nuo modelio struktaros. Galiausiai, replikavus tyri-
ma kitose paslaugy, geografinése ir organizacinése aplinkose, paaiskéty, kiek
rezultatai priklauso nuo disertacijoje analizuoto konteksto.



REKOMENDACIJOS

Remiantis teorinio ir empirinio tyrimo rezultatais, rekomendacijos formuluoja-
mos klienty patirtj tiriantiems mokslininkams ir skaitmeniniy B2B paslaugy srities
praktikams.

Rekomendacijos tyréjams

Sios rekomendacijos skirtos tyréjams, nagrinéjantiems klienty patirtj B2B ir skai-
tmeniniy paslaugy kontekstuose, ypa¢ tiems, kurie modeliuoja jos rysius su lojalumu
ir pakartotinio pirkimo ketinimais bei elgsena.

1. Skaitmeniniy B2B paslaugy klienty patirties tyrimuose klienty patirtj trak-
tuoti kaip daugiamatj konstrukta, apimantj kognityvine ir afekting dimensijas. Elgse-
nos pasekmes, tokias kaip klienty lojalumas ir pakartotinio pirkimo elgsena, tikslinga
analiti$kai atskirti nuo pacios klienty patirties, nes patirtinés reakcijos atspindi vidines
kliento kognityvines ir afektines buisenas, kurios yra ankstesnés uz vélesnius vertés
karimo ir santykiy formavimo procesus ir juos jgalina. Elgsenos pasekmes laikant kli-
enty patirties dalimi, kyla rizika supainioti patirties procesus su jy pasekmémis ir dar
labiau fragmentuoti samprata. Disertacijoje atliktas empirinis tyrimas patvirtino, kad
abi dimensijos yra empirigkai atskiros ir su pasekmémis siejasi skirtingais tarpinin-
kavimo keliais. Tai pagrindzia jy atskyrima, o ne sujungimg j vieng indeksa. Siekiant
didesnio sgvokos aiskumo ir tyrimy palyginamumo, tolesniuose tyrimuose rekomen-
duojama nuosekliai taikyti kognityvine ir afektine dimensijas kaip skaitmeniniy B2B
paslaugy klienty patirties pagrinda.

2. Modeliuojant skaitmeniniy B2B paslaugy klienty patirtj, tarpininkaujancius
veiksnius konceptualiai atskirti nuo klienty patirties struktaros. Butina aiskiai api-
brézti konceptualias ribas tarp klienty patirties dimensijy, procesy, kuriais teigiama
klienty patirtis formuojasi ir veikia, bei pasekmiy, kurioms ji daro jtaka. Disertacijoje
atlikta sisteminé literatros apzvalga parodé, kad tarpininkaujantys veiksniai dazniau-
siai priskiriami pasekmiy grupei, uzuot sudare atskirg tarpininkavimo sluoksnj, todél
riba tarp tarpininkaujancio veiksnio ir pasekmés tampa neaiski. Sj neapibréztuma ga-
lima sumazinti tyrimuose aiSkiai nurodant, kurie konstruktai laikomi klienty patirties
komponentais, kurie tarpininkaujandiais veiksniais, o kurie pasekmémis. Toks atsky-
rimas palengvina modeliy interpretavimg ir sudaro salygas kaupti nuoseklias Zinias
klienty patirties tyrimy srityje.

3. Skaitmeniniy B2B paslaugy klienty patirties pasekmes, tokias kaip klienty
lojalumas ir pakartotinio pirkimo elgsena, modeliuoti kaip netiesiogines klienty patir-
ties pasekmes, atsirandancias per tarpininkaujancius veiksnius, o ne per tiesioginius
efektus. Tokia prieiga leidZia atskleisti, kaip $ios pasekmés formuojasi tarpininkavi-
mo procesy metu. Disertacijos rezultatai parodo, kokiy pasekmiy gali turéti tokios
modeliavimo prieigos nepaisymas. Kognityvinés klienty patirties tiesioginis efektas
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kognityviniam lojalumui nebuvo statistiskai reik§mingas, o netiesioginis efektas per
su verte susijusius veiksnius buvo reik§mingas. Kartu su tiesioginiais ir netiesioginiais
efektais pateikiami bendrieji efektai papildomai parodyty, kokia konstrukto jtakos
dalis ilieka, kai ji perduodama per tarpininkaujancius veiksnius. Taigi tarpininkau-
janciais veiksniais grista modeliavimo prieiga padeda tiksliau teoriskai pagristi kelius,
kuriais klienty patirtis virsta atitinkamomis pasekmeémis.

4.  Skaitmeniniy B2B paslaugy klienty patirties tyrimuose moderuojancius kin-
tamuosius jtraukti tik tada, kai yra aiskus teorinis pagrindimas, paaiskinantis, kodél
$ie veiksniai svarbis ir kaip jie veikia konkrec¢ius modelio rysius. Teoriskai pagrjsti
ir su modelio struktiira suderinti moderuojantys kintamieji padeda i$vengti nereika-
lingo modelio sudétingumo ir didina klienty patirties tyrimy rezultaty palyginamu-
ma. Disertacijoje trys teori$kai pagristi moderatoriai statisti$kai reik§mingy saveikos
efekty neatskleidé, o jy efekty dydziai nesieké mazo efekto ribos. Tokie rezultatai vis
tiek yra informatyvis, nes jais galima nustatyti salygas, kuriomis literataroje sittlomi
paaiskinimai nesuteikia papildomos ai$kinamosios galios.

5.  Taikyti nuoseklia modeliavimo logika, aiskiai apibréziancia klienty patirties
vaidmenj skaitmeniniy B2B paslaugy tyrimuose. Tyréjams naudinga atskirti ar klienty
patirtis modelyje yra pagrindinis konstruktas, ar vienas i§ platesnio modelio aiskina-
muyjy komponenty. Kai klienty patirtis yra pagrindinis konstruktas, buatina i$saugoti
jos daugialypiskuma. Kai ji naudojama kaip pagalbinis aiSkinamasis konstruktas, jos
turinys turéty islikti kognityvinis ir afektinis, nejtraukiant konceptualiai artimy savo-
ky, tokiy kaip naudotojo patirtis ar paslaugy kokybé. Kai modeliavimo tikslas susijes
su elgsenos pasekmémis, strukttrinio modeliavimo pakankamumo logika galima pa-
pildyti batinumo logika. Konstruktas gali daryti santykinai silpng jtaka tam tikrai pa-
sekmei ir kartu riboti, kokj jos lygj apskritai jmanoma pasiekti. Né viena i$ $iy analizés
logiky atskirai tokios i$vados neatskleidzia.

Rekomendacijos praktikams

Toliau pateikiamos rekomendacijos skirtos skaitmeniniy B2B paslaugy teikéjams,
ypac organizacijy darbuotojams, atsakingiems uz klienty patirties valdyma: produk-
ty ir paslaugy savininkams, klienty santykiy vadovams, rinkodaros ir komunikacijos
vadovams, paslaugy teikimo vadovams bei auksciausio lygio vadovams, atsakingiems
uz klienty i$laikyma.

1. Klienty santykiy vadovams ir klienty portfelio valdymo komandoms prie§
investuojant j kitas klienty patirties valdymo priemones rekomenduojama uzsitikrinti
bent minimaly kliento pasitikéjimo lygj ir rutininj naudojimasi paslauga. Pasitikeéji-
mas ir jprotis yra batinosios aukstesnio pakartotinio pirkimo lygio salygos. Pasitikéji-
mas pakartotinius pirkimus riboja jau Zemesniuose jy lygiuose, o jprotis tampa lemia-
ma salyga aukstesniuose lygiuose, t. y. kai klientas perka nuosekliai, o ne epizodiskai.
Investicijos | emocinj ry$j ir komunikacijos tobulinimg nebutinai virs pakartotiniu
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pirkimu, jei klientas nepasitiki organizacija ir jos paslaugomis. Tuo tarpu rutininis
naudojimasis paslauga labiau susieja klienta su ja ir didina pakartotinio pirkimo tiki-
mybe ateityje. Praktikoje pasitikéjimas kuriamas nuspéjamu paslaugos teikimu, skai-
dria kainodara ir sutarciy salygomis, saziningumu bei nuosirdumu ir démesiu kliento
poreikiams, pasirengimu jam padéti. Jprotis formuojamas rutinizuojant paslaugos
naudojimg. Pavyzdziui, informacinés sistemos naudojimg galima jtraukti i kasdiene
kliento veiklg, integruojant jg su esamomis kliento IT sistemomis. Taip pat galima re-
guliariai teikti ataskaitas apie paslaugos veikimg ar nauda, pavyzdziui, sistemos prasto-
vy ataskaitas ar sutaupyty sanaudy, palyginti su situacija be paslaugos, apskaiciavimus.
Iprotj stiprina ir kitos pasikartojancios saveikos su jsigyta paslauga, dél kuriy ji tampa
savaime suprantamu pasirinkimu ateities pirkimuose.

2. Produkty ir paslaugy savininkams rekomenduojama gerinti kognityvine kli-
enty patirtj, daugiausia démesio skiriant vertei, kuria klientas gauna naudodamasis
paslauga, o ne paciam lojalumui. Klienty patirties karimas turéty buti laikomas lo-
jalumo formavimg jgalinancia priemone, o ne savaime siektinu tikslu. Sprendimus,
susijusius su klienty patirties kiirimu, tikslinga vertinti pagal tai, kokius vertés karimo
ir santykiy veiksnius jie jgalina. I§ klienty patirties ir tarpininkaujanciy konstrukty
kognityviné klienty patirtis turi didZiausig bendraja jtaka kognityviniam lojalumui ir
pakartotinio pirkimo ketinimams. Ta¢iau kognityvinio lojalumo ji neveikia tiesiogiai,
nes §is poveikis reiskiasi per tarpininkaujancius veiksnius, su kuriais ji stipriai susijusi,
t. y. suvokiama verte ir naudojimosi verte. Todél investicijy j klienty patirties gerinima
graza priklauso nuo to, ar didéja kliento suvokiama gaunama verté, o ne nuo to, kaip
klientas vertina pacia patirtj su paslauga. Praktikoje tai rei$kia, kad norint teigiama
patirtj turintj klienta paskatinti tapti lojaliu ir pirkti pakartotinai, paslaugos kaina tu-
réty bati pagrjsta, o kainos ir naudos santykis tinkamas. Paslauga kliento turéty buti
vertinama kaip kokybiSkesné alternatyva, lyginant su kity teikéjy pasialymais, padéti
klientui spresti jo veiklos problemas ir, ja naudojantis, ugdyti jo Zinias bei gebéjimus.
Be to, klientg verta jtraukti j bendrg paslaugos karima, kad paslauga geriau atitikty jo
poreikius.

3. Rinkodaros ir komunikacijos vadovams rekomenduojama afekting klienty
patirtj kreipti j emocinio prierai§umo ir pasitikéjimo stiprinima, o ne vien j prekés
zenklo jvaizdj. Afektiné klienty patirtis labiausiai susijusi su emociniu prieraiSumu
prie prekés zenklo, pasitikéjimu ir prekés Zenklo verte, o per $iuos tarpininkaujancius
veiksnius ji siejasi su lojalumu, ypa¢ afektiniu aspektu. Emocinis prierai$umas turi
didZiausig bendraja jtaka afektiniam lojalumui ir yra vienas i§ nedaugelio konstruk-
ty, i8laikanciy reik$émingg jtaka pakartotinio pirkimo elgsenai. Prekés Zenklo vertés
bendroji jtaka lojalumui yra santykinai nedidelé. Tai rodo, kad esamy klienty atveju
komunikacijos istekliai sukuria daugiau vertés, kai jie nukreipiami j tikry santykiy
karima, o ne apsiriboja prekés Zenklo komunikacija. Praktikoje tai reiskia, kad reikia
stiprinti kliento rysio su paciu paslaugos teikéju jausma. Dél jo pirkimas i§ konkretaus
teikéjo klientui atrodo natiralesnis net tada, kai konkurentai sitilo panasias paslaugos
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savybes. To galima siekti uztikrinant paskirto kontaktinio asmens testinumg visg su-
tarties laikotarpj, informuojant klientg apie paslaugos sutrikimus anksciau, nei jis pats
juos pastebi, ir nuosekliai atkreipiant démesj j rezultatus, kuriuos klientas pasiekia
bendradarbiaudamas su paslaugos teikéju.

4.  Paslaugy teikimo vadovams rekomenduojama klienty pasitenkinimg laikyti
pagrindiniu veiklos na§umo rodikliu, kurj batina valdyti atskiro kliento ir atskiry sa-
veiky lygmeniu. I§ tarpininkaujanciy konstrukty klienty pasitenkinimas turi didziau-
sig bendrajg jtakg konatyviniam ir elgsenos lojalumui bei reik§mingg jtakg pakartoti-
nio pirkimo ketinimams. Todél jis yra stipriausias atskiras konstruktas, siejantis klien-
ty patirtj su elgsena. Praktikoje klienty pasitenkinimg tikslinga matuoti apibréztuose
kliento kelionés taskuose, pavyzdziui, uzbaigus paslaugos diegima, i$sprendus pagal-
bos uzklausg ar atnaujinant sutartj, o ne vieng karta per metus, pavyzdziui, metinés
perziaros metu. Kiekvienas matavimo taskas turéty bati susietas su aiskiai apibréztu
paslaugos teikéjo veiksmu. Taip pasitenkinimo mazéjimg galima pastebéti laiku ir jj
su$velninti konkretaus kliento ar paslaugos lygmeniu, uzuot vertinus jj kaip suvestinj
statistinj rodiklj.

5. Auksciausio lygio vadovams, atsakingiems uz klienty iSlaikymga, rekomen-
duojama klienty lojalumo ugdyma planuoti etapais ir laukiamus rezultatus derinti su
santykiy etapu. Klienty patirtis yra strateginis lojalumo ugdymo atspirties taskas, todél
jos vaidmuo $iame procese turéty buti aiskiai apibréztas. Lojalumas vystosi etapais, o
efektai stipréja pereinant nuo kognityvinio prie afektinio, véliau konatyvinio ir galiau-
siai elgsenos lojalumo. Tikimybé, kad lojali elgsena virs faktiniu pakartotiniu pirkimu
iSlieka santykinai nedidelé, nes pakartotinj pirkimg labiau tiesiogiai lemia pakarto-
tinio pirkimo ketinimai ir jprotis. Tarpininkavimo grandinéje efektai silpnéja, todél
disertacijoje pristatytame skaitmeniniy B2B paslaugy klienty patirties modelyje toliau
nuo pakartotinio pirkimo esantys konstruktai labiau formuoja kliento nuostata pa-
slaugos teikéjo atzvilgiu, o ne skatina pakartotinj pirkima. Taigi, atsizvelgiant j kliento
lojalumo etapg, ankstyvuose santykiy etapuose klienty patirtis turéty buti nukreipta
i kliento nuostatas. Pakartotinj pirkima tikslinga papildomai skatinti veiksniais, vei-
kianciais arc¢iau pirkimo sprendimo, pavyzdziui, planuojant sutarties atnaujinima, for-
muojant paslaugos naudojimo jprotj ir uztikrinant santykiy testinuma.

6.  Vadovams, atsakingiems uz klienty griztamojo rysio ir ataskaity sistemas,
rekomenduojama kognityvine ir afektine klienty patirties dimensijas matuoti atskirai
nuo lojalumo ir pakartotinio pirkimo veiklos nagumo rodikliy. Sujungus patirties ro-
diklius su lojalumo ar pakartotinio pirkimo rodikliais j vieng mata, gali likti nematomi
veiksniai, per kuriuos patirtis veikia, nes abi dimensijos yra empiriskai atskiros ir su
pasekmeémis siejasi skirtingais keliais. Praktikoje kognityvine klienty patirtj tikslinga
vertinti pagal informacijos naudinguma, mokymasi ir idéjy kilima paslaugos teikimo
metu, o afektine patirtj pagal kliento optimizmg, entuziazmag ir kitas teigiamas emo-
cines reakcijas. Be to, pasitikéjima ir jprotj verta stebéti kaip atskirus kliento lygmens
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rodiklius, nes jie yra batinosios aukstesnio pakartotinio pirkimo lygio salygos. Toks
matavimas leidzia nustatyti, kurie veiksniai stiprina ar silpnina lojalumo ir pakartoti-
nio pirkimo rodiklius, o ne tik uzfiksuoti lojalumo ar pakartotiniy pirkimy sumazéji-
mo ar padidéjimo fakta.

Sios rekomendacijos laikytinos gairémis, o ne privalomy veiksmy rinkiniu. Orga-
nizacijose $ios rekomendacijos turéty buti taikomos atsizvelgiant j konkreéig paslaugy
struktirg bei verslo konteksta. Jas jgyvendinant taip pat butina atsizvelgti j disertacijo-
je aptartas empirinio tyrimo ribas ir ribotumus.
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MODELLING CUSTOMER EXPERIENCE IN BUSINESS-TO-BUSINESS DIGI-
TAL SERVICE INDUSTRY: doctoral dissertation. — Vilnius: Mykolas Romeris Uni-
versity, 2026. P. 280.
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The dissertation examines customer experience in B2B digital services and its effects on cus-
tomer loyalty and repurchase intentions and behavior. Based on bibliometric analysis and a sys-
tematic literature review, the antecedents, components, and consequences of customer experience
are systematized, and customer experience is defined from the perspective of Service-Dominant
Logic. A conceptual model was developed in which cognitive and affective customer experiences
are linked to loyalty and repeat purchases through value-based, emotional, and relational factors.
The model was tested through a survey of decision-makers in B2B digital services, and the data
were analyzed using partial least squares structural equation modelling (PLS-SEM) and necessary
condition analysis (NCA). Customer experience was found to influence loyalty and repurchase
intentions and behavior primarily indirectly, through value-in-use, perceived value, satisfaction,
trust, and emotional attachment. Trust and habit were also found to be necessary conditions for
higher levels of repurchase, while loyalty develops sequentially from cognitive to behavioral loyalty.
Based on the results, a final customer experience model for B2B digital services was developed,
along with recommendations for researchers and practitioners focusing on distinguishing customer
experience dimensions from mediating factors and consequences, strengthening value creation and
relationship factors, and ensuring trust and habit formation.

Disertacijoje nagrinéjama skaitmeniniy B2B paslaugy klienty patirtis ir jos poveikis klienty
lojalumui bei pakartotinio pirkimo ketinimams ir elgsenai. Bibliometrinés analizés ir sistemines li-
teratiiros apZvalgos pagrindu susistemintos klienty patirties prielaidos, komponentai ir pasekmés, o
klienty patirtis apibréZta remiantis j paslaugas orientuota logika. Sukurtas konceptualus modelis,
kuriame kognityviné ir afektiné klienty patirtis su lojalumu ir pakartotiniu pirkimu siejama per
vertés, emocinius ir santykiy veiksnius. Modelis empiriskai patikrintas atlikus skaitmeniniy B2B
paslaugy sprendimy priéméjy apklausg, o duomenys analizuoti struktiriniy lygciy modeliavimo
(PLS-SEM) ir butinyjy sglygy analizés (NCA) metodais. Nustatyta, kad klienty patirtis lojalumg
ir pakartotinio pirkimo ketinimus bei elgseng daugiausia veikia netiesiogiai, per naudojimosi ver-
te, suvokiamgq verte, pasitenkinimg, pasitikéjimq ir emocinj prieraiSumq. Taip pat nustatyta, kad
pasitikéjimas ir jprotis yra bitinosios aukstesnio pakartotinio pirkimo lygio sglygos, o lojalumas
vystosi nuosekliai nuo kognityvinio iki elgsenos lojalumo. Tyrimo rezultaty pagrindu paruostas
galutinis skaitmeniniy B2B paslaugy klienty patirties modelis ir rekomendacijos tyréjams bei
praktikams, orientuotos j klienty patirties dimensijy atskyrimg nuo tarpininkaujanciy veiksniy
ir pasekmiy, vertés kiirimo ir santykiy veiksniy stiprinimg bei pasitikéjimo ir jprocio uZtikrinimg.
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